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ABSTRACT

A water distribution network analysis method known as the
gradient method, due to Todini (1979), has been generalised and
subjected to an extensive program of testing and evaluation. The
method has been extended to include pumps and some pressure
redulating valves, and an original physically-based method has
been proposed for modelling the latter devices. Also, a
generalised version of the algorithm which considers the nodal
demands as a linear function of the pressures has been
introduced. The gradient method has been tested with numerous
examples, showing remarkable robustness and convergence speed

when compared with the most efficient traditional methods. The

gradient algorithm does not break down with disconnected

networks.

The performance of the gradient algorithm when using seven
different linear solvers, including direct and iterative methods,
has been investigated. A multifrontal linear solver has been
identified as the most efficient method when enough computer
memory is available (routine MA27 of the Harwell Library); if
storage is limited, a preconditioned (modified) con jugate
gradient method 1is the recommended linear solver. A  good

compromise between memory and speed is represented by the one-way

dissection method of George and Liu (1981).

An automatic calibration aldorithm has been proposed which
estimates the true pipe resistance parameters, based on the
estimation of the unmeasured piezometric heads and unmeasured

flows. For the piezometric head estimation, +three different



methods have been proposed and compared: one based on Kriging,
another based on bi-cubic splines and a third based on an
original deterministic one-dimensional interpolation procedure.
The latter producing the closest estimates with respect to the
true values. For the estimation of the unmeasured flows, the raw
(un-calibrated) network model itself is used, based on initial
estimates of the pipe roughnesses, leading to an iterative
procedure, The results of wusing the proposed calibration
algorithm with a set of test examples show that the unmeasured
flow estimation needs further work and an alternative approach
has been sugdested, which, hopefully, would lead to improvements

both in the flow estimation and in the estimation of the true

roughnesses.
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CHAPTER ONE

INTRODUCTION
1.1, Computer modelling of water distribution systems.

The increasing complexity of water supply distribution systems
on the one hand, and the pressing need for the efficient
management of the resources involved in those systems on the
other hand, have led to the need for simplified representations
of the real systems, which can makeiteasier to take adequate
decisions on the operation and design of such systems. The answer
to this need 1is a model, which although being a simplified
representation of a more complex reality, encapsulates its main
features and reproduces the response of the reality to a certain
stimulus, within a certain degree of accuracy. A model enables
the predicted behaviour of the real system to be assessed
beforehand, in a simpler, cheaper and quicker way, without having
to 1involve the real system in that process. Thus, different
alternative operating policies, or different alternative designs
can be evaluated with the help of a model, and only the most

efficient alternative can be implemented in the real system.

Future conditions can be anticipated and simulated in the
model, in order to assess the performance of +the real system
under a different scenario. This is typically the design case,
vhere increased consumptions are fed into the model to study the

need for future reinforcements in the system, or to improve the



quality of the service. Clearly this 1is something that is

impossible to do in the real system itself.

In general, the process of building and operating a model helps
us to get a better understanding of the reality, something which
is beneficial in itself, apart from the benefits deriving to

design and operation.

Different kinds of models have been used to represent water
supply distribution systems. In the past, analogue models,
exploiting the known analogy between ,electric and hydraulic
networks, have been used for that purpose. The advent of digital
computers, and the availability of powerful numerical methods to
solve complex mathematical problems, has allowed the development
of more versatile, cheaper and easier-to-use computer-based
models, constituting nowadays the main field for model

development.

Even though a model is meant to be a simplified representation
of a reality, this does not mean that the model itself is simple.
A computer-based model of a water supply distribution system
involves a number of separate components, which only when linked
together can be used effectively for practical purposes; some of

these components are described below:
a) Physical component.

Any real water distribution network is made up of a number of
physical devices, Jjoined together in some particular way:
reservoirs, pipes, pumps, valves, etc. are some of the typical

devices which can be found in any distribution network. Each

2



device has some physical characteristics which must be explicitly
considered: dimensions (pipe lengths, diameters), characteristic
parameters (pipe roughness, pump and valve characteristic
curves), etc. Any network model has to includé some or all of
these devices as the basic components of the network, with their
corresponding physical characteristics. Additionally, the
topography, geometry and connectivity of the water distribution

system are also important parts of the physical component.

Depending on the model objectives, existing physical devices
(for operational purposes for example) or future ones (new pipes
or pumps in a design-oriented model) may be represented within

the model.
b) Demand component.

The purpose of any real distribution network is to satisfy the
water consumption requirements of the population being served by
it, at a pre-specified minimum service level. In fact, the
demands can be seen as the driving force in the behaviour of a
wvater supply distribution system; in general, unless there is
some transfer of water between reservoirs or 1leakage, the
absence of demands will imply no flows in the network, while

higher demands will produce higher flows.

Due to the fact that the demands are spatially distributed
alongside the pipes, a simplifying assumption is made in order to
render the problem mathematically tractable by concentrating the

demands in the nodes.



Furthermore, depending on the model objectives, interest may be
focused on the consumptions either at a particular time (for
design purposes we are normally interested in the demands at peak
time), or during a certain period of time (for operational
purposes we may be interested in the demands throughout a day, a

week, etc.).

c) Operational component.

Each model, according to its particular objectives, will have a
set of operating rules, establishing the way the system is to be
managded. These rules follow closely the real operation of the
system: pumps switched on and off, valve movements, reservoir

levels, pressure reducing valve settings (P.R.V.’s), etc.

In design applications the operating rules are assumed to be
known, although in optimum operation modelling the set of rules

itself is the main unknown.

d) Measurement component.

Real water distribution networks have data measurement systems
with varying degree of sophistication, ranging from manually

operated systems to fully automated telemetry systems.

As far as the network model is concerned, measurements are a
key factor, since they enable us to determine how close our model
is representing the real network., This information can be fed
back into the model, in order to improve its predictions. The

measurements are then the bridge between the model and reality.



Typical field network measurements are: pressures, water
levels, and flows, whereas the characteristic parameters of pumps

and valves are normally the subject of laboratory measurements.

Together with the basic data gathering system, bad-data
detection and missing data replacement mechanisms (both normally
computer programs), and parameter estimation routines to estimate

unmeasured data are needed.
e) Hydraulic component.

The hydraulic component in the model is mainly related to the
kind of hydraulic regime in which the real network is operating.
We may be interested either in the steady state behaviour of the
network, or in the unsteady state (slow or fast transient); in
each case different physical processes are involved, and a

different approach is needed for modelling purposes.

Another aspect of the influence of the hydraulic component on
the overall modelling deals with the head loss/flow relationship
for each physical device in the network. In this sense we have to
decide, based on our hydraulics knowledge, on the formula which
best represents the real behaviour of a pipe, or which values
should be assigned to initial estimates of roughness, minor
losses coefficients, maximum/minimum pressures and velocities,

etc.
f) Mathematical component.

Depending on whether the network is under steady state or

unsteady state regimes, the problem of representing



mathematically the behaviour of the real system leads either to a
set of non-linear equations, or to a set of hyperbolic partial
differential equations, respectively; each case demands
completely different numerical techniques to be applied to find a

solution to the problem.

Additionally, different ways of setting up the prhysical
conditions for the solution lead to different ways of assembling
the sets of equations and, indeed, to different analysis methods.
Each method has its advantages and disadvantages, which should be
_recognised by the modeller, since the amount of work demanded by
:their solution, or their stability properties, might be quite

different.

Since the systems of equations, either in the steady or
unsteady state case, cannot be solved analytically, we need to
find a suitable numerical scheme to solve the mathematical
problem. Because the amount of computation involved in most of
the solution schemes is generally high, except for relatively
small and simple problems, this leads to the need for a digital

computer.
g€) Computational component.

In a computer-based model there are +two computer-related

components: hardware and software.

On the hardware side we have the machine itself, with its
central processing unit and a vast variety of peripherals, which
handle the input/output of information: video display units,

printers, plotters, digitizers, etc. It is indeed the
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availability of powerful and cheaper hardware, which has made it
possible to expand the use of computer-based water distribution
models, into the operation and design of medium and small
networks. In particular, the availability of microcomputers and
personal computers is revolutionising this and, indeed, other

sectors of the water industry.

On the software side, apart from the system-related software
(operating system, wutilities, compilers, etc.), there are a
number of items of specially dedicated software which work in
connection with the different components already mentioned, for
example:
¥ Network analysis programs: for solving the steady (or unsteady)

state of the networks. They incorporate the hydraulic and the
mathematical components of the model.

¥ Dema orecasti o) : for the efficient storage,
retrieval and prediction of consumption data.

¥ Data manadement prodrams: providing input/output facilities
for data and results, data updating, etc.

* Data measurement wmanagement prodrams: including bad data
detection, missing data replacement routines, storage and
retrieval of measurement data.

¥ Unmeasured data estimation programs: estimation of unmeasured
nodal piezometric heads and pipe flows.

* Auto j d i ti ro : responsible for
guaranteeing agreement between model and reality.

¥ Extended erio imulati ogr : for studying the

behaviour of the water distribution system during a certain



period of time and under particular operating conditions.

¥ Optimum desidgn programs: to determine the best physical
configuration of the system in order to meet certain
objectives (cost, reliability, service level, etc.)

x Optimum operation programs: for determining the operational

rules which optimise the performance of the system.

Hence, the computational component interacts with many of the
other components of the model, and it might be better seen as
playing a support role, perhaps at a different level in
comparison with the rest of the components. Figure 1.1 shows
schematically the interaction of the different model components,
where we distinguish between a raw model and a calibrated model;
the latter incorporates the measurement information, thus
resulting in a better representation of +the reality. In
principle, only calibrated models should be used for practical
purposes, though there are some cases where a calibrated model is
not possible, for example when studying the behaviour of a system

in meeting future demands.

Another important point illustrated in Fig. 1.1, is that a
computer-based water distribution model incorporates not only
computer-related elements, but alsoc physical, operational,
mathematical, hydraulic and customer-related aspects. The network
analysis program 1is only one component of +the whole model,
although it may be used a posteriori in tandem with simulation

and optimisation programs.
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The work presented in this thesis, contributes to some key
aspects of the computational component of water distribution

systems modelling. Specifically, we shall concentrate on the

following problems:

* Network analysis for the steady state condition.
¥ Automatic calibration of the network and estimation of
unmeasured variables.

% Extended period simulation.

2. twork analysis: ne o liable algorithm for design

and operational purposes.

It is a well-known fact that most of the traditional methods
for water distribution network analysis do have stability
problems [Wood (1981a)]. Indeed, problems related to slow
convergence, or lack of convergence, have been documented since

the earliest stages of the development of network analysis

algorithms.

Because the network analysis program is used intensively in
many simulation and optimisation applications (design and
operation), it becomes clear that an efficient and reliable
network solver is highly desirable. Traditionally, the solution
to many convergence problems has been via manual intervention and
via the application of problem-dependent relaxation coefficients,
tuned in each case to produce a stable trajectory towards the
solution. Since, in simulation and optimisation applications,

convergence problems would certainly lead to the break-down of
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the main algorithm, an unreliable network analysis routine is not
acceptable. Finally, the possibility of using a network analysis
program in a real-time application is simply unthinkable, without

having a priori a fully reliable and stable method of analysis.

On the other hand, the increasing availability and use of
micro and personal computers in the water industry, has made it
highly desirable that any network analysis program should be able
to be implemented on such machines. This adds storage and speed
as important requirements for the development of network solvers,

apart from the stability problem already mentioned.

Here, a non-traditional method of network analysis has been
used as a starting point, which, in theory should not present
most of the convergence problems reported in the application of
traditional methods. This method of analysis is known as the

gradient method and was introduced by Todini (1879).

Todini’s gradient method [Todini (1979), Pilati and Todini
(1984)] was initially formulated to incorporate pipes only, and
the 1initial aim of this work has been to expand the method to

incorporate pumps, valves and pressure regulating valves.

From the numerical point of view, Todini’s original gradient
method was implemented with a standard conjugate gradient scheme
for the solution of the linear systems of equations generated in
the network analysis problem. A further aim of this work has been
to investigate the feasibility of alternative numerical schemes
for the solution of the linear systems of equations, since the

performance of the overall analysis program (and consequently
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that of its simulation and optimisation applications) relies
heavily on the efficient solution of the linear systems. In
investigating these numerical schemes the need for microcomputer

implementation has been kept in mind.

d or ti calibration ith f e

network model.

As already noted, if a model is to be used for operational
purposes, it is a necessary condition for this model to represent
the reality as closely as possible. To ease this task an
automatic calibration algorithm 1is highly desirable. At the
present time, no satisfactory explicit automatic model
calibration algorithm is available, and many users are still
calibrating network models by hand, on a trial-and-error basis,
and with considerable manpower expenditure. Some existing
calibration algorithms just automate the trial-and-error
approach, without a proper understanding of the underlying
problem. On +top of that, calibration techniques based on non-
linear programming techniques lead to solutions which are

extremely expensive from the computational standpoint.

In this work, a further aim has been to produce a calibration
algorithm which can use the raw model (see Fig. 1.1.), the
limited amount of measurements normally available in water
distribution networks to solve the problem of matching reality

and model in an automatic and computationally efficient way.
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4 i mu j of w distributi e r

Most practical applications of the calibrated network model can
be regarded as simulations of the water distribution system,

carried out at different time horizons. Thus, for operational

purposes we shall be especially interested in short term
simulations, say 24 or 48 hours in advance, in order to

anticipate the expected behaviour of the system, and take

adequate measures to cope with the forecasted demands in an

efficient way, guaranteeing minimum service levels. Medium term

simulations can be carried out, for example one week in advance,

prior to predicted extreme weather conditions. Short and medium

term simulations basically deal with a fixed physical

system and aiming at the efficient management of the storage

within the system in order to satisfy customers demands.

Design optimisation problems can be considered as 1long term

simulations (say a few years in advance), and they are geared

towards the determination of major changes in the physical

structure of the system, to comply with predicted future demands

and different operating conditions.

The gradient method for network analysis has been used in the

development of an extended period simulation program, which can

handle short term simulations. The basic structure of the

extended period simulation program is shown in Fig. 1.2.
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Calibrated model

Data Base

Reservoir levels

+ Consumptions
Network analysis| Extended period
program - simulation
Piezom. heads program
+ Flows
Results

‘Fig. 1.2. Structure of the extended period simulation program.

1.5. Thesi uct .

In Chapter Two a review of the existing network analysis
algorithms is presented, identifying their advantages and

disadvantages, particularly from the convergence point of view.

In Chapter Three Todini’s gradient network analysis algorithm
is extended to include pumps. Also a comparison with other

similar techniques is included in this chapter.

Chapter Four deals with the modelling of pressure regulating

devices introducing a new physically-based algorithm.

In Chapter Five some aspects related to the efficient computer
implementation of the gradient method are dealt with,

particularly, the efficient solution of the symmetric positive
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definite linear systems of equations generated by the gradient

method.

Chapter Six deals with the development of an automatic
calibration algorithm. A review of the existing calibration
methods is presented and a new computer-based explicit
calibration algorithm is introduced. Because the calibration
algorithm relies on estimates of the piezometric heads, three

alternative methods for estimating unmeasured piezometric heads

are proposed and compared.

In Chapter Seven further extensions of the gradient method are
introduced. An extended period simulation version of the gradient
method 1is presented. Also, a generalised version of the network
analysis algorithm is introduced, able to handle explicitly the

influence of the pressures in the nodal demands.

Finally, in Chapter Eight some conclusions are drawn and

areas of further work are identified.

Four appendices are also included. Appendix A presents a
complete review of the existing direct and iterative methods for
solving the linear systems of eqQuations generated in the gradient
network analysis method. Appendix B summarises the theory and

derivation of the equations used in the application of Kriging as

an unmeasured piezometric head estimator, while Appendix C serves

the same purpose for the case of the estimation wusing bi-cubic
splines. Finally, Appendix D presents the numerical results of

using the proposed calibration algorithm for solving some test

examples.
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In pursuing the extension of the ¢gradient method for the
analysis of water distribution systems, and in looking for an
automatic algorithm for the calibration of a network model, the

following original contributions have been made:

a) Todini’s original formulation of the gradient method has
been extended using a general head loss/flow model which allows
the inclusion of pumps and valves into the algorithm, and which
provides a general framework for the future incorporation of
additional devices. The corresponding algorithm equations have
been modified accordingly. The implemented computer program has
demonstrated that the extended formulation does work, and that
jt s stable and computationally efficient when compared with some

of the best traditional algorithms available.

b) An exhaustive investigation has been carried out, covering
the widest possible range of sparse linear solvers, and the most
efficient methods have been 1identified and implemented at

microcomputer level, in the context of the gradient method.

c) An original method for modelling pressure reducing and
sustaining valves has been proposed, implemented and tested. The
method follows closely the physical behaviour of these devices,
and has proved to be robust and able to detect problems in the
solutions given by alternative methods. Due to 1its ©physically-
based characteristics, the method can be used as an adequate

framework for the modelling of other regulating devices 1in the

future.
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d) A new algorithm for the automatic calibration of network
models has been proposed and tested with synthetic data. The

results show that the algorithm is able to replicate piezometric

head and flow measurements.

e} In the context of the measurement component of a network

model, three alternative nodal piezometric head estimators have

been proposed, implemented and compared. The methods are based on

the application of Kriging, bi-cubic splines and a one-
dimensional deterministic interpolation method. The results of

the tested examples indicate that the deterministic interpolation

method performs best.

f) An extended period simulation program based on the gradient

method has been implemented.

g) Finally, a generalised version of the gradient method, able

to consider explicitly the variation of nodal consumptions with

the pressures has been proposed.
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CHAPTER TWO

REVIEW OF THE MAIN EXISTING METHODS OF NETWORK ANALYSIS

2.1. Introduction.

Given the network deometry, its physical properties and the
demands to be satisfied, the network analysis problem consists in
finding the flow in each pipe and the piezometric head 1in each

node correspondind to the steady-state conditions.

Some assumptions are usually made in order to simplify the

solution to the analysis problem:

a) the kinetic heads (velocity component of the total head) are
much smaller than the friction heed losses, and they can be

neglected without loss of accuracy;

b) minor head losses at the junctions of pipes and fittings are

smaller than the friction losses, and they can also be neglected;

c) the consumptions derived from the use of water by the
customers are assumed to be concentrated in the nodes of the

network, and not along the pipes, as happens in the real world;

d) the demands are constant and do not chande with pressure
variations in the network. A particular time instant is

considered; consequently the demands are "instantaneous demands”;
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e) all the pipes are working under positive pressure;

f) a non-linear mathematical relationship between head loss and
flowrate is accepted as an adequate representation of the flow of

water through the pipe.

The analysis problem is mostly concerned with looped networks,
since in branched networks with only one source, the solution is
directly obtainable from the nodal demands and the network
connectivity. In looped networks, the flow distribution depends
not only on the resistance of one particular pipe, but on the
resistances of the rest of the pipes in the network as well.
Nevertheless, most of the real networks are a mix of partly

branched and partly looped networks.

It must be pointed out that, under the previous assumptions,
the flow distribution does not depend on the ground level. Only
the pressures are affected by the ground 1level. To avoid
confusion and misunderstandings, we shall work in terms of nodal
piezometric heads as state variables, instead of pressure; note
that the flow is always produced from a higher piezometric head
node into a lower one, but the same is not generally true when

dealing with pressures.

We =shall review in this chapter most of the network analysis
methods, in chronological order, starting with the early
solutions of Cross (1936), one of which was the standard solution
for hand computation and early computer programs. Next, we shall
review the methods made possible by digital computers, where the

capability of the computer in solving large linear systems of
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simultaneous equations is fully exploited; most of these methods
are based on the explicit application of the Newton-Raphson
technique for the solution of non-linear systems of equations.
The 1linear theory method is also reviewed, both in its oridinal
formulation [Wood and Charles (1972)] and its gradient-based
formulation [Wood (1981a)]. We shall refer to a network analysis
method as a "gradient-based" algorithm, if the algorithm itself
produces the linearization, which is usually done applying the
gradient operator to the non-linear functions, without having to
pass the non-linear problem to an independent Newton-Raphson
algorithm. A set of non-traditional methods is reviewed, some of
them based on the explicit application of optimisation theory,
while others are based in the application of the unsteady state

equations. Finally, the ¢gradient method of Todini (1979) is

introduced.

Published numerical comparisons of some of the existing network
analysis methods are reviewed and some preliminary conclusions
are drawn. Particular attention will be paid to the convergence
properties of the methods, as well as their storage requirements

and the amount of work involved in their application.

2.2, Hardy Cross (1936) methods.

Hardy Cross (1936) developed two methods based on systematic
successive approximations, or "successive corrections” in Cross’
words, for the solution of the network analysis problem. Mainly
due to their simplicity, Cross’ methods became widely used, and
they are invariably considered the starting point for network

analysis.
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H. Cross stated that two conditions for the steady state

solution of the flow in a network are:

a) Flow continuity: at any node of the network, the total

inflow must be exactly equal to the total outflow.

b) j ontinuity: the +total (algebraic) change in
potential (piezometric head) around any closed loop of the network

is zero.

These two conditions, togethér with the non-linear head
loss/flow relationship for each pipe, must be fulfilled
simultaneously in a network under steady state conditions, thus
generating a system of non-linear equations, which Cross managed

to transform into a succession of (linear) scalar problems.

As will be seen later on, these two "conditions", which have
been elevated to the catedory of "laws" by some authors
(especially in the case of the second condition}, are in fact the
necessary conditions, but not sufficient conditions for the

steady state flow.

There are two H. Cross methods, each one starting from the
fulfilment of a different condition (flow continuity or potential
continuity). In the first method, known as "loop flow method"”, an
initial flow distribution satisfying flow continuity (but not
potential continuity), is successively improved until potential
continuity is met, within some pre-specified accuracy. In the
second method, an initial solution which fulfils potential

continuity is improved until flow continuity 1is accomplished,
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within some accuracy limits. We shall review both methods in the

next paragraphs.
2.2.1. Method of balancing heads.

This is the most widely known Cross’ method, sometimes thought
to be the Cross method, and its success can be attributable to
the fact that it is suitable for hand computation. The method is

also known under such names as: the "head balance" method, 1loop

method or "loop-flow method™.

Starting from an initial flow distribution, supplied by the
user, the method allows the calculation of corrective loop flow

equations. Earlier computer programs were based on this method.

This method can only be used for looped networks with a single
source, though the addition of some "imaginary"” pipes allowsvs to

include more than one reservoir.

Traditionally, the 1loop-flow method has been derived in the

following way:

Let the head loss/flow relationship for the pipe Jjoining nodes

i" and "Jj" be expressed as:
hij = Kij Q42 (1)

where:

Kij is the resistance characteristic parameter, which depends
on the roughness, length, diameter and units used.
Qjj represents the flow from node "i" to "j", which initially

satisfies the flow continuity (or node balance) condition.
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The second condition establishes that, under steady state
conditions, these flows must produce pipe head losses which are
balanced round any loop, i.e. the algebraic summation of the head

losses around any loop must be zero:

I hjj =0 ¥ loop (2)
loop

Suppose that the steady state equilibrium conditions have not
been reached yet, but we are close enough; then a loop-flow
correction &Qy can be calculated for each loop "k", so that the
new corrected flows Qjj + 6Qg are a better approximation to the
equilibrium conditions. Note that a flow correction applied over
all the pipes in a loop does maintain flow continuity. The new
head loss in the pipe joining nodes "i" and "j" will be:

hij; = Kij (Q3; + 8Qx)2 . (3)
or, expanding the binomial:

hij = Kij (i3 + 2 Qi3 6Qx + 6Qy2) (4)

In the vicinity of the equilibrium conditions, the corrective

terms 6Qk2 will be small enough to be neglected, leading to:

hij * Kij Q52 + 2 Kjj Qi 5 6Q (5)
and imposing the loop condition I hjj = O:
Ihijj* EKijQije+248Q L KijjQj=0 (6)
which allows us to compute the corrective term:
- L Kjj Qijz
Qg = ——-————————-— (7)
2 I KjjQij
i.e.
- I hjj
Qg = —————————————— (8)

2 I (hy;/Qij)
The process can be easily tabulated to facilitate hand-

computation, and it can be programmed in a computer or even in a
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programmable calculator.

In general, for a head loss/flow relationship of the form:
hij = Kij Qi;° (8)

the correction formula becomes:

§Qy = ————mm——=To—- (10)
n I (hj;j/Q; ;)

The original Cross’ method was subsequently improved by
different authors, in order to reduce the amount of computation

involved and improve its convergence.

Dubin (1847) developed a slide-rule-like device to ease the
hand computation, and suggested some improvements to the original
Cross loop method. He recognised that the convergence of the
method depended on the way the loops are chosen, suggdesting that
the 1loops should be chosen in such a way that the common pipes

are those having the minimum resistance.

Voyles and Wilke (1962) insisted in choosing the loops
having the minimum resistance in their common pipes, they gave a
correlation between the number of iterations and the "common flow

resistance”.

Barlow and Markland (1969) suggested that retaining the
quadratic term in the binomial expansion (4) should improve the
convergence of the method. They also found that an over-
relaxation factor of 1.25 affecting their 1loop-flow correction
6Qx [computed from the full binomial expansion (4)], reduced the

number of iterations by about a half in some small test networks
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(10 nodes and 13 pipes).

Williams (1973) demonstrated that taking second order terms (or
higher) for the computation of loop-flow corrections, does not
improve the convergence, He adhered to the use of acceleration

factors, applied directly to the correction formula:

$Q = ————-—————--- (11)
n I (hjj/Qij)

where A 1is a constant acceleration factor, empirically
determined by Williams, which depends mainly on the number of
pipes in the network. Improvements of as much as 80%¥ were

reported by Williams in networks of 100-250 1loops (120-290

nodes).

By the early 1970’s, new methods had emerged which proved to
have better convergence properties than the Cross loop method,

they are discussed later.

For the application of the Cross loop-flow method, or any of
its improved versions mentioned so far, a balanced initial flow

distribution is needed as input data.

In the case of mixed (looped and branched) networks, the method
requires the isclation of the looped part, as a pre-requisite for
the application of this algorithm. More than one fixed-head
source can be handled via the introduction of “"pseudo-loops",

made of imaginary pipes.

Because 1loop corrections do not affect flow continuity at the

nodes, the accuracy in the computation of the correction factor
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is not critical in the initial iterations. This was important in

hand calculations.

From a topological point of view this method requires the
specification of +the loops (i.e. pipe belonging to each loop,
following a certain order). Epp and Fowler (1970) described a
method for the automatic generation'of the 1loops within the
computer; these loops are the natural set of loops, i.e. those

which do not contain other loops inside themselves.

The application of the Darcy-Weisbach relationship, with
Colebrook-White formula for the calculation of the friction
factor, requires an iterative procedure, since this formula is

implicit in the friction factor.

As it will be seen later on, the Cross loop method can also be

interpreted as the application of Newton’s method for the

solution of the non-linear steady state flow problem.
Met of b ci o

This 1is the second method proposed by H. Cross (1936) and is

usually referred to as the nodal method or "head-equations"

method.

Starting with some assumed heads (any set of heads fulfils
automatically the potential continuity condition), successive
head corrections lead to the fulfilment of the flow continuity.
H. Cross proposed that at any stade when flow continuity has not
been achieved, the imbalance at a node can be computed and spread

to the pipes connected with this node "in inverse proportion to
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their resistances"”.

Cross himself (1936), on solving a number of examples, pointed

out that the convergence of this method can be "slow and not very

satisfactory".

Cornish (1939-1940) published a development of Cross’ balancing
flows method, which is known as the "quantity balance method".

The derivation of the Cross-Cornish method is as follows.

Starting with an estimated piezometric head at each node (given
by the user), let us assume that the node (flow) balance is not
fulfilled. This means that:

i) there is a difference between the inflows and outflows at a
node that is greater than a maximum‘tolerance value. Let  us
denote this difference by éQ; (for node "i"), i.e.:

§Qj = Qjj - qj (12)
J

where:

"o o

Qi j: flow through the pipe joining nodes "i" and "j".

qj : consumption at node "1

ii) If,
hij = Kijj Q32 (13)

is the head loss/flow relationship, and if the situation is
such that the nodal balance is not fulfilled, the previously
assumed piezometric head is either underestimating or
overestimating the head losses in any pipe connected to this
node, by a quantity that is denoted by &Hj. It is possible to

calculate that correction (§Hj), based on the flow imbalance 4§Qj,
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from the following relationship:

hij + 6H; = Kjj (Qij + 6Q; 4P (14)

where &Qjj is the imbalanced flow contributed by the pipe

connecting nodes "i" and "j". SH; is the error in the assumed

piezometric head, which is exactly the correction needed at node
"i". We can re-write this expression as:
n
Q3 j
hlJ + JHi = KlJ QlJn 1 + ———- (15)
Qj ;
or,
n
5Q; ;
hlJ + 5[‘11 = hlJ 1 + ~——- (16)
Qj
but, as a first approximation:
n
§Q: s §Qs -
1+ --22 % 1 +n —-23 (17)
Qj Qj
this is, if: &Q;j3j/Qjj is small.
Hence,
5Q; j
hij+5Hi =h1J 1l +n -——-= (18)
Q;
then,
€Qij
hjj + dHj = hjj + n hjj ———- (19)
Qi j
and the piezometric head correction can be computed as:
SQij
§Hi = n hjj ——-= (20)
Qj j
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which is reordered to give:

Q..
6H3 . 8Q; j (21)

We do not know the value of 6Q;j for each pipe, but we do know
their summation (IQ;;) for any node "i”, which is exactly the
imbalance existing at this node:

J J

then, on applying the summation operator on (21) we gdet:
i
z é'Hi ————— =z é‘Qij (23)

By introducing (22) into (23), and factorizing by S§Hj, which is

constant for node "i", we obtain:
Hy L ----- =k Qjj — Qi (24)

which results in:

J
SH{ = =m—m——m—m—mm (25)

Note that the correction formula (25) collapses if +the head
loss in a pipe is exactly zero, and becomes unstable if this

value is very small.

According to Cornish (1939-1940), the method operates as follows:

1. Set the iteration counter "k to zero. Estimate some

reasonable values for the initial piezometric heads. Those
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estimates can be as simple as 1linearly interpolated values

between fixed head nodes (reservoirs), or each node can be given

a reasonable pressure (say 20-30 m.), which, when added to the

ground level, produces the initial head. Let this initial head be

the vector H(k), where the superscript refers to the iteration

number.

2. Calculate the flows per pipe, according +to the initial

piezometric heads estimated before:
Qij(k) = Rij ( Hi(k)—Hj(k))i/n

with Rjj and "n" depending on the head loss/flow relationship
in use.
3. Compute the flow imbalance at each node:
(26)

5Q; (k) = £ q; 5(k) - q
J

4. Calculate the ratio Qij(k)/n hij(k) for each pipe and add wup

i", obtaining:

1"

the ratios corresponding to each node

£ {Q;;(K)/n hj;(K)3 (27)
J

5. Calculate the correction, dividing equations (26) and

(27), for each node:

(28)

6. Calculate the corrected piezometric heads, for every node

"i", as:
Hi(k+1) = Hi(k) + SHi(k) (29)

7. The process can be stopped either if the maximum SHi(k) is

less than a pre-specified tolerance or, if the maximunm nodal
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imbalance §Q; is less than a maximum limit. Otherwise, increment

the iteration counter: k to k+1 and go back to step 2.

In comparison with the loop-flow method, the nodal method has
the advantage that the initial solution for the heads is much
easier to find than the initial balanced flow distribution
required by the loop method. The main disadvantage is that the
convergdence can be very slow, and this is the main reason why
this method was not used initially, when computers were not

available.

The nodal method can handle problems with mixed networks
(partly looped and partly branched) straight away, without the
need to split up the looped from the branched part, as in the
case of the loop method. There is no need to supply as input the
definition of loops, since they are not needed 1in this nodal

approach.

An additional advantage of the nodal method is related to the
fact that we can use the Darcy-Weisbach relationship in a direct
fashion (rather than the iterative one required by the loop
method), thus saving some computation time. This 1is shown by

McCormick and Bellamy (1968) and Featherstone (1983, page 114).

Dillingham (1967) reported some convergence problems with the
nodal method and suggested some remedies, based on intuition and
practical experience, but no guarantee of convergence could be

given.

McCormick and Bellamy (1968) reported some possible sources of

failure in the convergence of the nodal method, with some
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possible solutions. According to them, a faster converdence can
be achieved, if the head corrections (29) are not made in the
sequence given by the nodes numbering, but according to the
megnitude of the correction SH;. Proceeding in that way, a number
of corrections can be made in one node before another node is

considered.

As pointed out by McCormick and Bellamy (1968), there are a
number of situations that can result in no convergence, and it
is quite a formidable task to write a computer program with
convergence guaranteed. On top of that, the computer time
necessary to obtain the steady state solution cannot be predicted
on the basis of the network size; the resistance characteristics
of the pipes and the connectivity of the network seem to have a
significant impact in this respect. Manual intervention and some
sound engineering thought seems to be the solution to sone

pathological cases of slow convergence.

Barlow and Markland (1969) reported some important reductions
in the number of iterations when a quadratic expression is used
to determine 6H; (instead of equation 17). Using this approach in
a network with 14 nodes and 25 pipes, they reduced the number of
iterations from 121 to 77. In their experience, over-relaxing the
correction d&Hj does not result in a significant improvement,
sometimes it can even be counterproductive. For chronic ill-

conditioned cases, they recommended a loop-flow method.

An inherent problem with the nodal method, which is recognised

by many authors, seems to be the fact that the head correction
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are carried out one node at a time, without allowing proper
interaction between the nodes of the network. The 1loop method
does allow some interaction, through the pipes common to two

different loops.

Thus, this approach suffers from an internal contradiction,
which 1is solved 1in the following methods, in the sense that
having been developed when computers were not available, it
became used only with the availability of such machines but then
does not take full advantage of them, because it does not solve

all the head corrections simultaneously.

Under this general heading, a number of different methods for
the solution of the network analysis problem are described, all
of them using the Newton-Raphson method to solve  the
corresponding systems of non-linear equations. This leads to some
misunderstandings, since the Newton-Raphson method is a ¢general-
purpose algorithm. The main difference between the different
network analysis methods reviewed under this general heading,
will be shown to be in the way that these methods formulate the

problem and assemble the equations.

For completeness, a brief review of the mathematical background
of the Newton-Raphson method is included . After that, its
application to the solution of the network analysis problem is

reviewed, as proposed by different authors.
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method.

Newton’s method is widely accepted as an efficient algorithm
for the solution of one~dimensional non-linear equations.
Let
f(x) =0 (30)
be a non-linear function, whose solution is sought within a
certain interval [a, b]l. Let x = x(0), with x(°) ¢ [a, bl, be the
true solution to equation (30). Hence,
f(x(0)) = 0 (31)

and f(x) # 0, for all x € [a, b], and such that x #x(°).

Newton’s method is based on approximating the non-linear
function 1locally via a linear function; starting from an
approximate solution, say x(l), the linearized problem provides a
better approximation, say X(Z), to the true solution of the non-
linear problem. Via successive linearizations, a sequence of
approximations is obtained ( x(l), x(z), x(3), «v..), which gets

closer and closer to the true solution.

A Taylor series expansion of the original function provides the
way to linearize the originally non-linear problem. Thus,

expanding the function, centred at an approximation x(k) .
£(x(K)+ax(K)y=f(x(K)y+£7 (x(K)ysx (B agt o (x(K) )y (8x(k))24 | =0 (31)

This means that, if x(k) is such that f(x(k)) Z 0, we are
looking for a better approximation, say x(k) + Sx(k), where the

value of the non-linear function becomes zero.
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In fact, if x(k) is close to the true solution x(O), the term
(6x(k))2 and its higher order terms will be very small, and they
can be rejected, reducing (31) to:

Because we aim at f(x(K)+8x(k)) = 0 , equation (32) can be used

to compute the value of the correction:
Sx(K) = (33)

and the following recursive formula allows us to compute the

sequence of x-values converging to the true solution:

x(k+1) = »(k) 4+ gx(k) (34)

We either stop the iterative procedure when two successive
values are close enough, or when the function is nearly 2zero.

This implies that some minimum accuracy must be specified.

The method converges fairly well for monotonic functions,
although several cases of non-converdence and oscillatory
behaviour are reported in most of +the numerical analysis
textbooks; the user must be aware of them, but they are not

likely to occur in pipe network analysis.

The Newton—-Raphson method is the direct extension of the one-
dimensional Newton method to an n-dimensional space. In this
context, the following non-linear system of simultaneous

equations needs to be solved:

fl(xl, Xz, X3, c e e e g Xn) =0
fz(xl, Xg, X35 0. Xn) =0

: : (35)
fn(xl, X2, X35 .-+ Xn) =0
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which can be represented in vector notation as:

£(x) =Q (386)

Now, 1let us suppose we have an approximation x(K) to the true
solution and we need to find a better approximation, say x(k+1) =
x(k) 4+ §x(K); then, following a similar approach as in the one-
dimensional case, we expand the function (38) wusind a Taylor
series centred at x(K) and drop all the terms of second or higher

order. In so doing, we dget:

df 2t dfy
fl(xl,...,xn)+ —— le(k)-f- - sz(k)+...+ - é‘xn(k) =0
le sz Oxn
3f s dfg df,
fz(xl,...,xn)+ - 5X1(k)+ -— SXZ(k)-"...‘*' —_— 6Xn(k) =0
le sz bxn (37)
dof df, dfy,
£a(Xy, .o, Xp)t === 8xy (Kl e = xp (K4 4 - 6x, (K) = 0
le OXZ bxn

where all the functions and derivatives are evaluated at x = x(k)

This system can be represented in matrix form as follows:

- 1 r -
dfy dfy d>fy 7
-—c = . -z §xq (k) f1(xX1,-+-5 Xp)
dxy Oxp OXp
of of of
__g __g e . -——g é\Xz(k) fz(X1, DRI | xn)
le aXZ bxn
X =-1% (38)
of of of
--E _-E v e -'“r-l 5xn(k) frl(x1’ « vy Xrl)
bxl OXZ bxn ]

vhere, again, all the expressions are evaluated at x=x(k)
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The system (38) is a linear system of equations in the unknown
vector 6x(K) = (sx1(K), sxo(k), ... , 8x,(k))T, the column vector

of corrections.

Let us define the right-hand-side vector f(x(kK)) as:
£x(R)) = ( £3(x(K), L L xp (KD, fa(xg (), Lo L xp (KD, Ll
, faxg(K), ., x, (K )T

On defining the Jacobian matrix as:

dfy dfy df4
bxl bXZ bxn
of, ofy df o
Jk) = | dx; oxy dxy, (39)
o Ofn il
Ox Ox Ox
i 1 2 n J x= X(k)

the system (38) can be written in an even more compact way:

J(k) sx(k) = - £x(k)) (40)

Algebraically, the wunknown corrections are obtained by
inverting the Jacobian matrix:

sx(k) = -[J3(k)]-1 g(x(k)) (41)

but the numerical solution can be obtained more efficiently by

Gauss elimination or any other efficient 1linear solver ([see

Appendix A].

The iterative sequence of approximations to the true solution

of the non-linear system is obtained by:

x(k+1) = x(k) 4 gx(k) (42)
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As in the one-dimensional Newton method, the iterative
procedure 1is stopped when two successive solutions are close
enough. In the n-dimensional case, this is when some pre-
specified vector norm is smaller than a given accuracy, say €:

| 53(k)| < €

Again, as Dbefore, the main assumption in the Newton-Raphson
method is that the successive corrections are small; only in that
case 1is 1t acceptable to neglect the second and higher order
terms in the Taylor’s expansion. This is the key factor in the
success of the method, since it produces a succession of linear
problems out of a non-linear one; however this may also be the
origin of difficulties, especially when the aldgorithm is started

with an initial solution too far from the true solution.

The algorithm also relies on the inversion of the Jacobian
matrix [equation (41)]}, this implies that the Jacobian has to be
a non-singular matrix, which indeed 1is the case in most
endineering applications. Some reductions in the amounf of work
can be obtained, if the in&erse of the Jacobian is not updated at

every iteration, but at every two or three iterations.

This is the basic mathematical framework of the Newton-Raphson
method. Some special properties of the method emerge when
applying the method to water distribution networks, which will be

explained in due course.
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3 i o io 63).

Although Warga (1954) is recognised as the first author to
suggest the use of the Newton-Raphson method to the solution of
general networks, (gas, petroleum, power networks and also water
supply), the credit for being the first to solve the water
distribution analysis problem with the Newton-Raphson algorithm

is attributed to Martin and Peters (1963).

In general, the application of the Newton-Raphson method
network analysis, as 1in the case of the Cross methods, may
involve two different ways for the formulation of the equations:

a loop-flow approach and a nodal (head) approach.

The solution proposed by Martin and Peters (1963) is based on
the head equations (i.e. nodal approach), although in their

original paper they used pressures instead of heads.

The nodal balance condition states that, in every one of the NN
nodes of the network, say the i-th node, the following balance
must hold:

£Qjj - =0 (43)
Jd

Since, 1in general, the empirical head 1loss/flow relationship

for pipes is of the form:

hij = Hy - Hj = Kjj Qi " (44)
or
(1-n)/n
| Hi-Hj]
Qjj = (Hy - Hy) ----Ig‘ (45)
Kjzt/n

then, on defining m=(1-n)/n, the nodal balance equations (43)

can be written as:
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EQjj-aqi =& (Hj - Hj) --=-->= -aqi =0 (46)
j J 7 Ky sl/m ’

m
|H;-H | ]
fi(Hy, Hp, ..., HyN)= E (Hy - Hj) —&——I;; -q; =0 (47)
J iJ
for i= 1,2, ..., NN.

Since in the standard water distribution network analysis
problem, the resistance characteristics Kij are considered known,
as well as the nodal consumptions qj, then the following system

of NN non-linear equations in NN wunknowns Hj 1is obtained:

m
_ s | Hy—H ;| )
13
m
fo(H H Hyn)= £ (H H:) IHZ—HJI an = 0
2(Hy, Hoo ..., Hyy)= - Hj) —==--=- - ap =
m
| Hnn—H 5
fNN(Hlx HZ’ vees HNN)= ﬁ (HNN - HJ) %---I‘;; - qNN =0
NNJ

which 1is 1in the familiar format of the Newton-Raphson method

(section 2.3.2, equation 35).

Note +that for all source nodes (reservoirs for example), the
nodal balance equation (43) is redundant, and their corresponding
heads are known (the reservoir water level); then, each source

node can be eliminated, thus reducing the system (48) to NN-NG
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equations, where NS is the number of sources. This condition is
not introduced into the formulae, in order to keep the notation

as simple as possible, but we have to bear it in mind.

To apply the Newton-Raphson method, the partial derivatives of

the functions fj(Hy, Ha,..., HyN)= fi(H) need to be computed:
ofj(H) 1 |Hy-Hy|™
______ = - et for i#j (49)
> Hj n Kj;l/n

and
of; (H) of; (H)
______ = = § —mie— for i=j (50)
d Hj J 0 Hj

from equation (49), it is easy to see that:

2f; (H)  Of 5(H)
= =t (51)

which implies that the Jacobian is a symmetric matrix.

The Newton-Raphson algorithm can now be applied:
1. Find an initial estimate of the piezometric heads in every
node. Denote the corresponding vector as:
g(o) = (o), ..., Hyn(oNT,
2. Initialise the iteration counter k=0.
3. Evaluate the functions fj(h) at H=H(K); then:
£k)y = g (K, o, Hyn(k))
4. Calculate the coefficients of the Jacobian matrix using the
formulae (49) and (50) for this purpose, and evaluating them

at the point H = H(K) i . e.:

S - S S for iz (52)
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5. Assemble the linear system of equations.

6. Reduce the linear system by eliminating the rows and columns

corresponding to each one of the NS sources.

system of NH=NN-NS equations,

which is still

7. Solve the reduced linear system:

df4

dHy
d3fy

dH4

0fny

dH,

wvhere

equations (H2) and (53).

Gaussian elimination or any other method (see

review on linear solvers),

The

8. Calculate the corrected heads:

dfy

dHy
>fy

dHy

OfNH

dH,

of 4

dHyy
3f 4

dHyy

OfNH

OHnh

-

-

L

5Hl(k)

5t (K)

SHNH(k)

g

-1x

L

fl(Hl; PP

fZ(H]_J .

fna(Hy, ...

This leads to a
symmetric.
, Hyg)
., Byg)
(54)
, Hng)

all the expressions are evaluated at H=H(k), as shown in

solution

Sﬁ(k) =

of the linear system,

which can be

produces the unknown vector:

(8Hy (K), &Ho(K),

SHyy (k)T

g(k+1) = g(k) 4+ sg(k)

If max.|€H(k)| < €, where € is a pre-specified

stop;

otherwise,

increase the iteration counter (

and go to step 3. Other converdence criteria may
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k to k+1)
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e.g€. the maximum norm of the residuals, the maximum number

of iterations, etc.

As pointed out by Martin and Peters (1963), there are in this
formulation a few things that can go wrong:

a) If Hi(k)—Hj(k) is a very small quantity, which is the case
when two adjacent nodes have almost the same piezometric head,
the coefficients of the Jacobian can result in extremely large
numbers, overflowing the computer capacity. In these cases,
Martin and Peters (1963) recommended the temporary removal of
these pipes from the network model.

b) Although the corrections 6&H(K) decrease qQuickly in
magnitude, cases with oscillations were detected; the
recommendation of Martin and Peters for these cases was to halve

the correction SH(k),

So far, only pipes have been considered in the network
(equation 44), but it is not difficult to include any other
device, provided that its head loss/flow relationship can be
expressed as an analytic function. We shall return to this point

later on, when dealing with more complex devices.

Additionally, Martin and Peters (1963) introduced the problem
of the agreement between the mathematical model, represented by
the Newton-Raphson solution of the network, and the real network.
They recognised the fact that, normally, agreement will not be
achieved; an adjustment of the resistances was suggested as a
remedy, relying Jjust on some intuitive knowledge of the system

and duesswork.
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4, S ir o odal formulatio 968

Shamir and Howard (1968) published a paper on the solution of
the network analysis problem, acknowledging some previous work
done at MIT. Also, some work carried out by Pitchai (1966) was

referenced.

One of the main reasons why this paper became classical, and a
compulsory reference in future works, seems to be the fact that a
generalised method for the solution of the network steady state

flow problem was presented.

The Shamir and Howard method is based on a head-equations
formulation (nodal approach), accepting not only piezometric
heads as unknowns, but also nodal consumptions and ripe
resistances (i.e. either diameters or roughnesses). Furthermore,
a methodology to perform a sensitivity analysis 1is presented,
allowing the wuser to study the effect of changes in a single
variable over the rest of the network, at a very low

computational cost.

The Shamir and Howard method is based on node continuity:

fj =IQj5 -3 =0 (56)
J

for every node i=1,2, .. NN.

Following the usual procedure of expanding each one of these
nodal equations, and taking Jjust the first order ter&s for the
extended set of unknowns:

X: set of unknown piezometric heads (subset of H).

Y: set of unknown pipe resistances (subset of K).
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Z: set of unknown nodal consumptions (subset of q).

the following linear system of equations is obtained:

of of;
fi(X,Y,2) + £ ——- SXJ' + I ——- SYJ' + z Sij é‘ZJ' =0 (57)
J OXj J ij J i=1,... NOU
where:
NU : total number of unknowns.

sij : Kronecker delta (5ij=1 if i=j and zero otherwise).

§Xj : correction to the unknown piezometric head in node "j"
Let us assume that there are, as before, NH nodes with
unknown heads.

§Y; : correction to the unknown resistance in branch "j". Let
us assume that there are NR branches with unknown
resistances.

SZj : correction to the unknown nodal consumption in node "j"

Let us assume that there are NC nodes with unknown

consumptions.

Note that, apart from the third and fourth terms of the left-
hand-side of equation (57), the problem can be dealt with in

exactly the same way as Martin and Peters (1963).

A necessary condition for the solvability of the system of
equations represented by (57), is that the total number of

nodes NN, must be equal to

NN = NH + NR + NC (58)

The system of equations (57) can be written as:
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(Ofl df,  dfy dfy 9fy df rsxl(k) [
I - -f4
X4 dXyg oY% OYNR 0Z4 YA\ : c
-
sty oty M ory oty | |engld
N o N 1
oXy oy Yy dvyg o%y oyl | || (59)
§Yypl¥)
azﬁﬁk)
fun  Ofmn Ofww  Ofyw OfNw  Ofww
2Ky dXyy OYy  d¥yy OZy  dlye
i | SZNC(R)J -fa

As we did in the case of the Newton-Raphson method, the
iterative solution of the non-linear system requires an initial

(estimated) solution, say:

( Xl(o)’ .. ’XNH(O)’Y].(O)’ .. ’YNR(O)'Z].(O)’ . "ZNC(O) )T

This initial solution is improved successively until a

sufficiently close approximation to the true solution is found.

The iterative procedure follows the same steps as Martin and
Peters’ (1963) method, and both the Jacobian coefficients and the

right-hand-side vector need to be updated at each iteration.

In order to compute the coefficients of the Jacobian matrix,
each partial derivative can be obtained from the nodal-balance
equation. Thus, if the Hazen-Williams formula is being used, in

which case the node-balance for node "i" becomes:

f; = L ———omommm T ~q; =0 (60)
j Kijo'54 lHi“Hj|0'46

and the corresponding partial derivatives are:

= memmemo T = - for i#j (61)



and

of; (H) af; (H)
—————— =-£ -—-———- for i=j (62)
3 Xi J o Hj
and
of; (H) - 0.54 (H; - H3)
__ii_.. = __________i____ﬂ___ (63)
d Yy Kij1'54 IHi‘Hj|0‘46
where pipe "k" 1s connecting nodes "i"” and "j".
and, finally:
of; (H) _
—————— = -1 if i=k, and 0 otherwise. (64)
o Ik

McCormick (1969) provided the corresponding equations for the
partial derivatives when using the Darcy-Weisbach formula with

the Shamir and Howard formulation.

With this proposed generalisation the Jacobian matrix 1is no
longer symmetric, except for the case when there are neither

resistances nor consumptions as unknowns.

The solution of system (59), at an intermediate step "k", gives

the corrections, allowing us to updated the unknowns:

X, (kt1) = x, (k) 4 gx, (k) ]
Xp(k+1) = xp(k) 4 8X;(K) | x(k+1)

x(k) 4+ sx(k)

XgutED) = Xy (K) 4+ Xy ()
yl(k+1) = Yl(k) + €Y1(k)
Yo (k1) = v (k) 4 osyp(R) L y(k+1) = y(k) 4 sy(k) | (65)

YD) = yyp(K) 4+ vy (k)

zl(k+1) = zl(k) + 5zl(k)
zsz+1) = Zp(K) 4 sz5(k) b z(k+1) = z(k) + sz(k)
Zyo k1) = 7y (k) 4 7o (K)
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Because of the presence of unknown resistances and nodal
consumptions, the condition that the number of nodes must be
exactly the same as the number of unknowns (equation 58), is not
sufficient to guarantee a solution to the non-linear system, as
formulated by Shamir and Howard (1968). According to the authors,
the existence of the solution will depend on the way the unknowns
are selected, and their distribution within the network, since
clearly if all the unknowns are concentrated in only one region
of the network the set of equations (59) becomes rank-deficient;
a set of rules to select the unknowns was proposed by Shanmir
(1973):

a) In any node, at least one of the following variables should be
unknown:
- consumption at the node,
- either head at the node or the head of the adjacent nodes,
- the resistance of one pipe connected to the node .
b) A node having an unknown consumption should be connected to
at least one other node with a known consumption.
¢) When solving for an unknown resistance, the subsystem
consisting of an unknown resistance and the two terminal nodes
should not have more than one unknown in addition to the unknown

resistance.

Shamir and Howard (1968) stressed the point that any device can
be included in this formulation, provided that the analytic
expression of the head loss/flow relationship is available.
However, they warned the users, that in the event of functions
with discontinuous derivatives, difficulties with the convergence

of the algorithm may be expected.
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2 3.5, The Newton-Cross method of Liu (1969).

K. T. Liu (1969) proposed a simplified version of the Newton-
Raphson method for the analysis of water distribution networks.
Liu’s approach is based on a decomposition of the Jacobian matrix
into two matrices, one containing the diadgonal of the original

Jacobian, and the other containing the off-diagonal coefficients.

Thus, the original matrix of coefficients in the system:

1T ; - -
[ ar, ofy f4

e sH4 (k) - £4(H)

d2H; dHj dHyH

of of of

___.?. _._g .. ——g SHz(k) - fz(ﬂ)

3H; oM, oy | ) (66

of of of

__NH Z-Ng L __NH SHNH(k) - fyg(H)

dH; oHy SHy | J ]

can be decomposed as the sum of:

_ . - T

bfl bfl bfl
—= 0 ... 0 0 --= ... ==
dHj oHp OHyH

dfo dfy ofy
o - ... 0 ¢ o ... -2

oz + o S (67)
o o OfNH beH OE§H o

DHNH L dH1q sz

The argument of Liu is that, because, for the diagdonals,
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af i (H) 3 (H)

the diagonal terms are much bigger (in absolute value) than the
off-diagonal terms, then the latter ones can be dropped,
obtaining an approximate linear system which is much simpler to
solve than the original system (68). In other words, Liu is
applying the same concept behind the method of Jacobi (or
simultaneous displacements method) for the iterative solution of

linear systems (see Appendix A).

The new (approximated) linear system becomes:

[ ag 1T ' I y
oo o sHy (k) - £y (H)
dH,
>f '
0o -2 ... o Sty (K) - f5(H)
dH,
* = (68)
>f
NH
o 0 ... N e S - ()

with all the expressions evaluated at H=H(k)

Equation (68) requires only scalar operations to find the

solution vector SH(K):

sHy (K} = ——o ¥ i=1,2,...,NH (69)

The rest of the algorithm remains identical to the standard
Newton-Raphson method. According to Liu (1969), the algorithm may

diverge when starting from a poor initial soclution.
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It 1is interesting to note that Liu’s method is, 1in essence,
Cross’ head-equations method. In fact, if we compare equations
(69) and (25), both are completely equivalent. The point here is
that the methods proposed by Cross (1936), are actually based on
Newton’s method, applied locally either to the loops or to the

nodes.

2,.3,.6. Fop and Fowler loop formulation (1970)}.

Although the nodal approach has a simple formulation, and the
initial head solution is very easy to produce, especially when
compared with an initial flow solution, a number of convergence
problems have been reported in the literature [Martin and Peters
(1963), Shamir and Howard (1968), McCormick (18639}, de - Neufville
and Hester (19689), etc.].

In an attempt to cope with these converdence problems, Epp and
Fowler (1970) explored the possibility of using a loop
formulation instead of a nodal approach. They also had in mind
the fact that, normally, the number of loops is smaller than the
number of nodes, producing a reduced-size system of equations;
however, this point may not be relevant when adequate sparse

techniques are used.

On the negative side, a loop approach needs a definition of the
loops, either provided by the user or produced internally by the

computer (with the associated computational cost).

Epp and Fowler (1970) gave a solution to the problem of

generating automatically the 1loop definition, based on the
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standard (minimum) connectivity data. Also, they presented a loop
labelling algorithm, in order to reduce the bandwidth of the
matrix of the 1linear system, thus reducing the storage
requirements. Because the loop method needs an initial balanced
flow distribution, Epp and Fowler (1970) devised an algorithm to

produce it, using a minimal resistance spanning tree.

To derive the loop formulation in the Newton-Raphson format, and
in order to take account of the relationship between loops, pipes
and nodes, some complementary notation needs to be introduced.
First of all, the establishment for each pipe of an arbitrary
positive reference direction 1is needed, say i-j 1if the pipe
starts in node "i" and ends in node "j"; thus a flow or head loss
in the pipe i-j will be positive if it is from node "i" to "j",
negative otherwise. Additionally, a positive direction has to be
arbitrarily defined for moving around a loop, this 1is normally
the clockwise direction. Thus, when moving around a loop to
verify the condition I hij = 0, we shall be adding the head
losses if their direction coincides with the 1loop rotation

direction and subtracting the losses when they are in the

opposite direction.

The derivation of +the loop formulation is as follows: the
potential continuity condition (see derivation of Cross’ loop
method), requires that the summation of head losses around any

loop must be zero, i.e.:

z hi,j =0 (70)
loop

where the summation is carried out throughout all the pipes i-j
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belonging to the loop.

Introducing the usual head loss/flow relationship for pipes,
equation (70) becomes:
I Kijji=0 (71)
loop
Starting with an initial flow distribution which fulfils the
node-balance condition, say Qij(o), and assuming that the loop
balance 1is not fulfilled, i.e. £ KjjQ;j® # 0, a loop flow
additive correction can be calculated, in order to get a better
approximation to the fulfilment of the loop-balance condition;
this correction can be represented, at the iteration "k", as a
vector 8Q(K)I=(8Qq(k), sqo(k), . _, SQNL(K))T , where NL. is the
number of loops in the network. This is equivalent to what was
done in the Cross’ loop method, but now is done for all the NL
loops simultaneously. The corrected loop balance condition can be

written as:

NL
I OKyj (8551 Qi3+ E 854, squtkhn =0 (72)
Vi, jé1 h=1

1=1,2,..., NL

where:

+1 if pipe i-j has the same direction as loop "h"
Sijh = 4-1 if pipe i-3J is in the opposite direction with
respect to loop "h"

0O otherwise

Note that the second summation in (72) accounts not only for

the loop flow correction in the current loop, but also for the
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corrections in the neighbouring loops (for these pipes belonging

to more than one loop).

Equation (72) 1is a system of NL non-linear simultaneous
equations in NL unknowns: §Q(k)=(sqQ;(k), 6 sqo(k), . say, (kN T,

which can be put in the standard Newton-Raphson format:

£1(Q,6Q) = Vifjefij (65351 Qi3 +hgi §ijh SQutkNm =0
f2(0,6Q) = Kij; (532 Q35 + - 8in $aptkm =0
Vi, j€2 h=1
(73)
NL
fNL(Q. 6Q) = Vi?jegij (81581 Quj * I ®isn squ(k))m = 0

The Newton-Raphson solution of the non-linear system of NL
equations, requires that the following linear system must be

solved successively:

’- ofq of4 of4 [ . [ -
________ L. ——=- 8qq (k) - £1(Q,5Q)
26Q 35Q, LN
df, Of dFf
g;E_ ot S S_?_ 5Qp (k) - £5(Q, 6Q)

Q1 O8Q &Q
1 2 NL = (74)
dfy OFf dF
_NL N AL sQy, (k) - fyL(Q, 69)
36Q; d5Qp oSQNL | |
L o < L.

where all the functions and partial derivatives need to be

evaluated at the initial conditions, where @=Q(Kk) and §Q=0Q, since
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the initial solution is balanced.

The partial derivatives, evaluate or t initial conditions,

can be computed directly from (73):

ofq
-—— =+ I n Kjj Qijn_l for 1=1,2, ..., NL (75)
d6Q) Vi, j€l
ofy
-——==- I nKjjQj;n1 for lzk and 1=1,2,... NL (76)
d8Qx Vi, j€k
¥i, j€l

Note that the matrix of coefficients is symmetric.

On solving the linear system (74) for 6Q(kK), a  better

approximation for the pipe flows can be computed by:
NL
Qij(k+1) = Qij(k) + L &4jh JQh(k) (77)
h=1

If Qij(k+1) and Qij(k) are close enough, say their difference
is less than €, a pre-specified accuracy, or if |€Q(k)|<€, then
the procedure can be stopped, otherwise the iteration counter is

increased to k+1 and a new §Q(k) is computed.

As pointed out by Epp and Fowler (1970), the introduction of
more than one fixed head source can be performed via the
introduction of "pseudo-loops"”, with a fixed head 1loss between
two nodes. They also gave a procedure for including pumps within

this formulation.

I. P. King (1970) compared the results of network analysis
carried out both by the loop and nodal methods, obtaining
evidence +that the loop approach performs better than the nodal

approach, in terms of execution time, for small and medium size
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problems (less than 200 nodes); the nodal approach was apparently

better for larger problems.

Epp and Fowler (1971) recognised the possibility that the loop
method may perform better in some problems, while in others, the

nodal approach can be the best.

2.3.7, The mesh—-nodal approach of Hamam and Brameller (1971).

A rather different approach, in the context of the application
of the Newton-Raphson method to network analysis, is the so
called "mesh-nodal" approach of Hamam and Brameller (1871), which
can be applied to any kind of network: electrical, gas, water or

any other fluid.

Before describing the mesh-nodal approach, some additional
notation is needed, dealing with the handling of the topology of

the network. Also, some graph-theory definitions are introduced.

Following the notation introduced by Todini (1979) and Todini
and Pilati (1987), three topological matrices for describing the
branch-node and branch-loop connectivity are defined. The branch-
to-node incidence matrix for the non-source nodes A1, is a
(NPx({NN-NS)) matrix, with only two non-zero elements per row:

-

1 if pipe i ends at node j.
Ayp(i, J) =1 -1 if pipe i starts in node J. (78)

0 otherwise

b

where NP is the number of branches, NN the number of
nodes and NS the number of source nodes. Thus NN-NS represents

the number of unknown head nodes.
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The branch-to-node incidence matrix for the source nodes Ajg,
is a (NPxNS) matrix, of similar characteristics as to Ajg:
[ 1 if pipe i ends at node j.
A10(i,3) =1 -1 if pipe i starts in node j. (79)

0 otherwise

=

The branch-to-loop incidence matrix Aj3 is a (NPxNL) matrix,
defined as:
1 if pipe i flows in the same direction
as loop J.
A13(i,J) =4 -1 if pipe i flows in the opposite direction
as loop J. (80)

0 if pipe 1 is not in loop Jj.

where every loop has a pre-defined positive direction, normally

the clockwise direction.

In general, the transpose of a topological matrix is denoted by

interchanging the sub-indices in the matrices, thus:

Azl = A1pT (81)
Apgyl = AlOT (82)
A3y = Ay3T (83)

With these topological matrices, most of the relationships used
in the network analysis problem can be expressed in a simpler
manner:

Nodal balance:
A1 Q@ = g (84)
Pressure drop in a pipe:

h = A;2 B (85)
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Loop balance:
Az31 h = Q (86)
The head 1loss flow relationship in pipes, can also be

simplified with matrix notation; thus:

hij = Kij @i;® (87)
can be represented as:
h =241 @ (88)
where:
Ayq = diag(K; |Q;|P"1) i=1,2,.., NP (89)

with Kj and Qj denoting the resistance and flowrate at pipe
"i", respectively. Clearly, A11 is a (NPxNP) diagonal matrix, and

is a function of the flow (i.e. it is not a topological matrix).

With this notation, the 1loop balance can re-written, by
replacing (85) into (86):

A3z1 A2 H =0 (90)

An important conclusion can be drawn from the last equation: it
is straightforward to prove that equation (90) holds for any

piezometric head vector H, because:

A3l A12 = 0 (91)
This means, 1in practice, that the loop balance condition is
ntia a topological result, rather than a physical law.

Similarly, the following also holds:

Azq A10 = O
A21 A13 =0 - (92)
Apy A13 = O

Finally, some graph-theory concepts and notation are necessary.

In an implicit way, some graph-theory notions have already been
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introduced and used , e.g. the concepts of node (vertex), branch
(or edge), incidence and indeed the network itself, which is a
"graph”, i.e. an oriented line diagram, composed of all the

branches and nodes.

A "path", will be a sequence of edges which, when followed

sequentially, allows us to move from one node to another.

A connected graph will be a graph such that a path exists
between every pair of nodes. A subgraph is a subset (eddes and

vertices) of a graph, and it can be connected or disconnected.

A circuit (or loop) will formally be a subgraph such that there
are exactly two different paths joining every pair of vertices in

the subgraph.

The "“tree" of a connected graph will be any graph fulfilling
the following conditions:

a) It is a connected subgraph.

b) It contains all the vertices of the graph.

c) It has no circuits (loops).

As a result of the previous conditions, a tree has exactly one
path joining every two vertices. Furthermore, a NN vertices graph
defines a tree with only (NN-1) edges on it; this can be proved

by induction.

The ‘'"co-tree" of a graph is simply the complement of the
corresponding tree; thus, if NP is the number of eddes and NN the
number of vertices, there are NP-(NN-1) edges in the co-tree. In

the graph-theory nomenclature, the edges of the tree are referred
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to as "branches", and the corresponding edges of the co-tree are
known as "cﬁords“. Hence, the addition of a chord to a tree
produces a circuit. In water distribution networks, we may refer
to the links between nodes also as "branches”, meaning any Kkind
of physical device connected between two adjacent nodes: pipe,
pump, valve, etc. Fig. 2.1. helps to visualise some of the graph-

theory concepts already introduced.

NP = 18 edges
NN = 11 nodes

o) Network groph.

(NN — 1) = 10 bronches

b) Tree of network shown in a)

NP - (NN - 1) = 6 chords 10 15

chord

¢) Co—tree corresponding to network shown In a) and tree shown in b)

Fig. 2.1. Representation of a network graph and its tree and
co-tree,
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The concepts of tree and co-tree are relevant to the mesh-nodal
approach of Hamam and Brameller (1971), since they allow us to
separate the flows in a water network between dependent and
independent flows, the independent flows being all the flows
corresponding to the co-tree of a network, while the dependent
flows correspond to those in the tree. It can be proved that all
the dependent flows can be computed directly from the independent
ones, via topological considerations only. This means that, in
order to know the flow distribution in a network, we only need to
specify the values of the independent flows. Thus, we can
partition the flow vector @ into two sub-vectors, say Q and Q3,
the former corresponding to the dependent flows (i.e. flows 1in
the tree) and the latter to the independent flows (i.e. flows in
the co-tree). Hence:

Qo <{-- tree of dependent (NN-NS) flows

Q=1q.... (93)
Q3 -~ co-tree of independent NP-(NN-NS) flows

With the previous definitions, the mesh-nodal approach of Hamam

and Brameller (1871) is now introduced.

First of all, the computation of the dependent flows from
the independent ones is presented. On introducing the partitioned

flow vector (93) into the nodal balance equation (84), we get:

Qg
Bt

il
o

Ag1 Q = Agy (94)

The matrix Agq can be partitioned, accordingly +to the

dependent/independent flow definition; thus:
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Ay = [ A2z 1 Ag3 ] (95)

which, when introduced into (94) gives:

: Qz
[ Azz 3 A23 ] e e =g (96)
. QB

wvhich, on expansion, gives:

Agp Q2 + Ag3 Q3 = g

The dependent flows can be computed from the independent ones,

provided that Ags is non-singular, as:

Qo = [App17 1 a - [Agn171 Ap3 Qg (97)

which can be expanded back to:

Q= |-——= | =|--22-—- Sl -] @3 (98)

or, in a more compact way:

Q = Qy + Mi3 Q3 (99)
vhere:
Azz—l qa
Qy = |—-5--—-- (100)
O3
and
- Agp™l Apg
M13 = (101)
I3

To compute M3, it is necessary to go back to the pressure drop
equation (85). Noting that Ajp, the transpose of Ay, can be

expressed using the partition (95) as:
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Ago

Ajg = -—— (102)
Azg
equation (85) becomes:
A
22
Ao H = ~---- H=h (103}
A3

By introducing the corresponding partitioning of the head loss
vector, according to the dependent and independent flows:
hy
h = |- (104)
hj
equation (103) can be decomposed as:
Ago H = hg (105)

and .
Az2 H = h3 (106)

From (105), it is possible to compute H, provided that Aoo is

non-singular:

H = Ago~1 ho (107)
which, when introduced into equation (108) gives:
A3z A227 1 hp = h3 (108)
or, re-arranging:
M hz
[ - Aggp Agp~l : I ]. —--~-| = 03 (109}
. ha

Equation (109) is indeed the loop equation (86), with:

Azy = [ - Azp Agp7l I3 ] (110)

Transposing the matrix A31 from equation (110):
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A13 = fmmmmm————— (111)

which shows that matrix Mj3 in equation (99) is exactly the
same as Aj13, and equation (99) can be re-written as:

Q = Qa + A13 Q3 (112)

Now, introducing (112) and (88) into the loop equation (886), we

get:

[A31 A1y A13] Q3 + Agy A1y Q4 =0 (113)

This 1is a non-linear set of equations in Q3, the independent

(co-tree) NP-(NN-NS) flows, with:

Qq = |-—==————- : (114)

Equation (113) can be solved iteratively with the Newton-Raphson

method by:
@z(k+1) = g3(k) - g33-1 £(g3(k)) (115)
where:
J33 = [ A31 (N All) A13 } (116)
with:

N =n1: diagonal matrix with the flow exponent in (87).

and:

£(@;(k))y = [ Azy Agq A ] (k) [ Aqy A ] 17
3 31 BA11 A3 ggg(k) + 31 811 Q4 Q=g (k) (117)

Equation (115) can be solved numerically as a linear system of

equations in 8Qz(k) = gq(k+1) _ ga(k):
J33 (Qz(k+1l) - g3(k)) = -£(Q3(k)) (118)
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or
J33 SQS(k) = —ﬁ(g3(k)) (119)
Upon computing 6Q3(k), g3(k+1) can be calculated and improved,

if necessary, by re-solving (118) until convergence is achieved.

Having Q3 ( the last @3(k+l) ) | equation (97) allows us to
compute the dependent flows Qp, and the problem is actually
solved, since the head losses can be computed with (88) and the
piezometric heads can be obtained by considering the head losses

accumulated from the sources up to each node.

2.3.8. Other formulations.

The main approaches for the solution of the network analysis
problem have been reviewed, based on the nodal and loop
equations; both lead to a non-linear system of equations which is
solved via the application of the Newton-Raphson algorithm. A
number of variations and improvements to these main approaches
have been made through the years, some of them are reviewed in

the following paragraphs.

Zarghamee (1971), following &a nodal approach, presented a
Newton-Raphson-based formulation able to handle pumps and

pressure reducing valves.

Lam and Wolla (1972a and b), based on previous work by Broyden
(1965) on "quasi-Newton methods"”, proposed an improvement to the
Newton-Raphson nodal solution of the network analysis problem,
where the the Jacobian matrix (and its inverse) is not explicitly

computed, but it is iteratively approximated, thus saving the
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time spent in the assembly and inversion of the matrix. Another
advantage of this approach, according to Lam and Wolla (1872a),
is that the analytic partial derivatives are not needed, which

makes things easier from the computational standpoint.

This modified Newton-Raphson method was tested by Lam and Wolla
(1972b) although a case (51 branches and 32 nodes) where the
method failed to convergde was reported. The authors did not
provide the corresponding full data set in their paper and
attributed the failure to the fact that the initial values of the

heads are too far from the final ones.

For the cases where the algorithm may present a low convergence
rate, Lam and Wolla (1972b) included a multiplicative relaxation
parameter in the correction of the unknown variables, which is

computed explicitly via a one-dimensional search.

Another interesting feature of Lam and Wolla’s formulation
(1972a and b), is that they considered the nodal demands as a
general explicit function of the nodal pressures, allowing for a
more realistic modelling in this respect, since in practice the

consumptions are 1indeed pressure-dependent.

Lemieux (1972), in applying a relaxation parameter similar to
that of Lam and Wolla (1972b), claimed that convergence is always

achieved.

Kesavan and Chandrashekar (1972), based on graph-theory
concepts, re-formulated the nodal and loop approaches, leading to
the corresponding non-linear equations, expressed as a function

of topological incidence and loop matrices. Their derivation is
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independent of the numerical method used to solve the non-linear
systems. They did not give details on the iterative technique

used to solve the non-linear equations, which is said to be based

on a graph theory approach.

Donachie (1974), working with a nodal-based Newton-Raphson
formulation, found that a simple way of avoiding convergence
problems is to halve the correction step (i.e. a relaxation
factor of 0.5), when slow converdence has been detected.
Additionally, a very simple way of initialising the piezometric
heads, without the risk of producing two equal heads, is
presented: an arbitrary (reference) head taken as equal for all
the nodes is considered, and the initial piezometric head of each
node 1is simply this reference head minus the node number.-
Finally, Donachie also introduced a systematic procedure for
calibrating the network model, we shall return to this in Chapter

Six.

By this time, most of the developments of Newton-Raphson-based
network analysis algorithms were concentrating on the search for
computationally efficient numerical methods, particularly in
connection with the solution of the linear system generated by
the Newton-Raphson method, since it was recognised as one of the
most expensive steps in the overall solution. A wide variety of
methods emerged, most of them aimed at finding the numbering
system for the nodes (or loops, depending on the approach in use)
able to minimise the creation of non-zeros (fill-in) in the Gauss
elimination process, thus reducing both the storage and

computation time needed. Chandrashekar and Stewart (1975), Shamir
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(1974), Chin et al. (1978), Gay et al. (1978), and others,

concentrated on this subject.

In the context of efficient linear solvers, a comparison of
the performance of the most efficient linear solvers is presented
in Chapter Five. Appendix A includes an exhaustive review of
sparse techniques, ranging from the simplest to the most
sophisticated direct and iterative linear solvers, for the

symmetric positive-definite case.

4, e linear t r etho

Under this heading, a number of network analysis methods are
reviewed. This class of methods was originally devised to solve
the non-linearity of the system 6f equations describing the

steady state, without using the Newton-Raphson technique.

The 1linear theory method was proposed by Wood and Charles
(1972), within a loop-based framework, but has evolved recently
(Wood, 1881la) to a gradient-based algorithm, thus becoming closer

to the Newton-Raphson based family of methods.

2.4.1. Wood and Charles formulation (1972}.

The 1linear theory method was developed by Wood and Charles
(1972) as an alternative to a looped Newton-Raphson approach,
vhere a balanced initial flow distribution is needed and where a
system of as many non-linear equations as loops has to be solved.
Another objective in mind at this time was to overcome the slow
convergence which had been detected in some applications of the

looped Newton-Raphson method.
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In the 1loop approach, it has been already noted that the
problem is to solve the non-linear system generated by the
simultaneous fulfilment of flow continuity at the nodes and
potential continuity around the loops (or energy paths). This can

be expressed as

EQij-aq =0 i=1,2,..., NN-NS (120)
Jd
and
£hjj = IKjjQj;®=0 loop=1,2,.., NL (121)
loop loop

The system (120) is an independent system of equations only
when the source nodes are excluded, and is 1linear in Q. Equation
(121) is a non-linear system of NL equations in the flows, where

NL is the number of loops (or enerdy paths).

Equations (120) and (121) constitute a set of NN-NS+NL non-
linear equations having as unknowns the flows only. Because the
number of unknown flows is exactly NN-NS+NL, the coupled system
(120)+(121) is enough to determine the unknown flows. Due to the

non-linearity, an iterative procedure is needed.

The main idea behind the linear theory method of Wood and
Charles (1972) is remarkably simple, and it can be explained in
the following terms. Let us assume that the iterative process
required to determine the equilibrium flows generates the

sequence of vectors

(o), (1), . . ., q(k), g(k+1l) | (122)

Then, if the flow sequence is converging, and if Q(k) and

Q(k+1) are the flows at +the iterations "k" and "k+1"
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respectively, it can be assumed that both are close to the

equilibrium flow vector, and that both are very similar. Hence,

the non-linear term in equation (121) can be approximated by:
Qi 5° # [Q (k) In-1q; j(k+1) (123)

which is linear in Q; j(k+1),

Then, equation (121) can be re-written as:

loop loop=1,2,... NL

which can be simplified to:

£ Kjj(k) @;;5(k+1) = o (125)
loop loop=1,2,..., NL

where:

Kij(K) = Kij {@i;(k) -t (126)

Similarly, using the sequence of flow vectors (122), equation
(120) can be approximated by:

L Qij(k+1) -q; =0 i=1,2,..., NN-NS (127)
J

which, when coupled with (125), generates a system of NN-NS+NL
linear equations in Q(k+1): the (NN-NS+NL)x1 column vector of

approximate flows. Hence,

T Qij(k+1) - qj = 0 i=1,2,..., NN-NS
J
(128)
T Kij(k) Qij(k+1) =0 loop=1,2, ..., NL
loop

On solving (128) for @{(k+1) | we can re-compute Kij{kK) via
equation (126), and improve the approximation of Q, until a

certain converdence criterion is met.
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At the beginning of the iterative process (k=0), any imbalanced
flow solution Q(O) can be used to compute K(O), because the upper
part of (128) ensures that the next flow approximation will
always be balanced. Hence, in this method, an initial balanced
flow solution 1is not needed, though an initial flow estimate
closer to the final solution will require less iterations to

reach the equilibrium conditions.

To cope with oscillations detected in some cases, Wood and
Charles (1972) recommended modifying the flows, prior to the re-
evaluation of the new K(k+1}  using an average of the 1last and
previous flow. Thus, after computing Q(k+1), and if convergence

has not been achieved, increase the iteration counter k to k+1

and compute:
e(k) = 1 (@(k-1)3;9(k-2)) (129)
and, then, re-compute:
K;3¢K) = Kj; {Q; 3(k)3(n-1) (130)

and solve (128) again.

The system of linear equations (128) is not symmetric and, as a
result, it is neither possible to take advantage of that feature
for storage savings nor from the stability point of view.

Pivoting for stability reasons will be necessary when solving the

system (128); see Appendix A for details.

It has been argued and recognised (Fietz (1973), and Wood and
Charles (1873)], that one of the main disadvantages of the linear
theory method is its high storage requirements, in order to store

a matrix of the size NP*NP. Although this point is becoming 1less
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important with the advent of bigger and cheaper computer memory,
it 1is a factor to bear in mind when comparing the linear theory

method with other methods.

Jeppson and Tavallaee (1975), Jeppson and Davis (1976) and
Jeppson (1976), have shown how to handle pumps, multiple
reservoirs and pressure reducing valves within the framework of

the linear theory method.

Collins (1980) demonstrated, with a very simple example, that
the linear theory method of Wood and Charles (1972) is inherently
unstable when the head loss/flow relationship is exactly
quadratic (n=2), where the method oscillates indefinitely between
two values. Unfortunately, the head loss/flow relationship is
close to quadratic for the Hazen-Williams equation (n=1.85), and
exactly quadratic for the Darcy-Weisbach equation. The flow
averaging procedure of equation (129) attempts to solve the

stability problems, but there is no guarantee of success.

2.4.2, Nodal formulation of Isascs and Mills (1980).

Following the initial success of the original loop-based linear
theory method of Wood and Charles (1972), Isaacs and Mills (1980)

rresented the corresponding nodal-based version of the method.

The motivation for a nodal formulation of the 1linear theory
method is that, when multiple fixed head sources (reservoirs) are
available, an algorithm with the heads as unknowns should be more
efficient. Also, a symmetrical and more storage-efficient version

is highly desirable.
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The rationale behind Isaacs and Mills’ linear theory method is
similar to that of Wood and Charles (1872). Thus, if the head
loss/flow relationship for a pipe joining nodes "i" and "j" 1is
expressed as:

Hy - Hy = Kjj Q35|77 Q45 (131)

and, if the node continuity equation for node "i" is written as:

£ Qjj-ai =0 i=1,2,..., NN-NS (132)
J

and if it is assumed that the iterative procedure produces a
sequence of successive flows converging to the equilibrium
conditions:

Qfo), g(1), , k), gl(k+1) | (133)
then, near the equilibrium conditions, Q(k) and Q(k+1) will be

very similar and, consequently, equation (131) can be

approXimated as:

Qij(k+1) |Qij(k)|n-1 = (1/Kj ;) [Hi(k+1) - Hj(k+1)] (134)
or,

Qij(k+1) = Cij(k) [Hi(k+1) - Hj(k"'l)] (135)
with

CistR) = 1/ (Ky5 Q15D (136)

Similarly, equation (132) can be approximated as:
) Qij(k+1) - q; =0 i=1,2,.. NN-NS (137)
Equation (135) can be introduced into the nodal balance

(equation 137), obtaining:

2 Cij(k) [Hi(k-i—l) - Hj(k+1)] = qj i=1,2,... NN-NS (138)

which 1is a system of NN-NS linear equations in the NN-NS

unknown heads ﬂ(k+1). The matrix of coefficients is now
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symmetric, and appropriate storage handling can reduce
considerably the storage requirements; from the stability
viewpoint, the solution of the linear system (138) does not

require pivoting.

For wupdating the flows at each stage, Isaacs and Mills (1980)
proposed the following method:
a} Compute:
Qij* S e (139)
Kij |Q k) n-t
Having computed H(k+1) from (138), Q; ;% should be fulfilling

the nodal balance condition (137).

b) Average @Qj;* with the previous flow to obtain the new
updated flow:

Qi j{k*1) = ¥ (Qj % + Q; 3(k)) (140)

According to Isaacs and Mills (1980) this flow wupdating
procedure is computationally efficient and guarantees that
continuity is always maintained, provided that Q(K) fulfils the

continuity condition .

Once Q(k+1) has been obtained, a pre-established convergence
criterion will stop the iterations, or else we shall need to
update the iteration counter k, and go back to equation (136) and
to the solution of the linear system (138). The algorithm does
not need an initially balanced solution, though a sensible
starting point will reduce the number of iterations required to

reach the final solution.

As it can be easily seen from equations (136) and (139), the
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presence of nearly zero flows will produce unbounded values, and
the collepse of the algorithm. The removal of the pripes
corresponding to very low flows is recommended by Isaacs and

Mills (1980) as the solution for such a problem.

According to Isaacs and Mills (1980), the nodal version of the
linear theory method requires less iterations than the original

linear theory algorithm of Wood and Charles (1972).

Wood (1981b) points out that, from the convergdence rate
viewpoint, the methods based on heads are known to be less
reliable than the flow-based methods, and reports that a new
version of his original linear theory method [Wood and Charles
(1972)], now based on a gradient approach, has much improved

performance.

2.4.3. The gradient-based formulation of Wood (1881).

Wood (198l1la), in an extensive comparison between different
network analysis solvers, presented a modified version of his
original linear theory method (Wood and Charles, 1972), the main
difference being the way in which the linearization is carried
out. The non-linear equations are now linearized using a gradient

concept, as follows.

The non-linear head loss/flow relationship for pipes is:

hij = h(Qij) = Kij Qij" (141)

In an iterative process, for a flow Qij(k) at step "k", the
Summation of the head losses through any enerdy path, must be

equal to the Kknown piezometric head difference between the
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initial and final nodes: §Ej. A loop is simply a path where

initial and final nodes coincide (i.e. §E; = 0).

The fact that the loop balance is not exactly met, means that:

 h(a(k)) = £ K;; [Q;;(K)In 7 s (142)
1 1 1=1,2,..., NL

where the summation is carried out over all the NL loops (or

"energy paths") in the network.

The aim is to determine a pipe flow correction such that:

Qi j(k+1) = q; (k) + sq; j(k) (143)
or simply
Q(k+1) = g(k) 4+ sg(k) (144)
The condition to find 6Q(K) is that:
£ h(@lk+1l)) = sE; (145)
1 1=1,2,...,NL

This means that to find an approximation to 6Q(k), we must

expand (141) using Taylor’s series and drop the second and higher

order terms:

dh
h(@(k+1)) = h(@(k)) + |———-| (g(k+1) _ g(k), (146)
oQ
Q=@ (k)

and, on imposing the loop-balance condition:

dh
D h(@{kt)) » £ h(@(k)) + 2 |-——-l(@(ktl) - o(k)) = sg;  (147)

1 1 1 oQ
Q=@ (k)
1=1,2,... NL
Note that in (147) the flow correction 8§Q(k) jigs not explicitly
computed and the unknown flows are calculated instead. Re-
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ordering (147) leads to:

dh dh
£ |--—-| @(k+1) = g 41— @(kK) - p((k))} + SE,; (148)
1| 2Q 1 oQ
Q=9 (k) Q=9 (k)
1=1,2,... NL

which represents a linear system of NL equations in NP unknowns.

To determine the whole set of unknown flows, the nodal balance
equations need to be added:

2. QlJ(k+1) - Qi = 0 ¥i=1,2,..., NN-NS (149)
J

which, when coupled with (148), constitutes the new 1linear

system of equations in Q(k+1).

£'q; (k) - q5 =0
i=1,2,..., NN-NS
oh dh
Eoj-——-] @k+l) =5 21 ____| Q(k) - nalkhy| 4+ SE; (150)
1 2Q 1 2Q
Q=Q(k) g=g (k)
1=1,2,... NL

The 1linear system (150) replaces the previous linear system
(128) and, due to its stability characteristics, there is no need

for averaging the new flows with those of the previous stage.

Wood (198la) pointed out that the new gradient-based method has
a superior convergence rate than the original 1linear theory
method of Wood and Charles (1972). Basically, this gradient-based
algorithm is applying the Newton-Raphson method to the non-linear
set of NN-NS+NL equations formed by coupling (145) and (149)
and, hence, it is actually closer to the methods reviewed in +the

previous section 2.3.
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By this time (1981), the linear theory method had a reputation
as an efficient network analysis solver, mainly due to its
simplicity, and the move towards the gradient-based algorithm

improved its convergence.
5. Othe roa

So far, we have reviewed most of +the water distribution
analysis methods which are relevant from the practical point of

view.

Other methods have been developed as a result of the active
research carried out in this field during the last decade, but
they have not been widely used. Only for the sake of

completeness, we shall mention some of these methods here.
Optimisation-based methods.

Collins et al. (1978) presented a completely different approach
to the solution of the network analysis problem, formulating it
within a non-linear optimisation framework. They presented two
alternative formulations of the non-linear problem, one
minimising a ‘“content" function, which 1is in essence the
expression of the power dissipation within the network, subjected
to the nodal balance equations as equality constraints. The

second alternative formulation consisted of minimising the ‘co-

content”, which is the dual of the "content".

The work by Collins et al. (1977, 1978 and 1979) is relevant

from the theoretical point of view, since it goes back to the
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fundamentals of the network analysis problem. From the practical
point of view, the approach has a number of shortcomings when
compared with the traditional methods; for example, it is
difficult to understand for the practitioner, and it is computer
intensive. We believe thati#is quite a good idea to go back to the
basics, but this should ultimately lead to a set of equations, or
"method”, easier to solve and be understood by people working in

the water industry, rather than in the academic environment.

Hall (1976) presents a minimization approach to the network
analysis problem, based on (generalised) geometric programming.
Carpentier et al. (1985) interpret most of the network analysis

methods within an optimisation approach.

2.5.2. Methods based on unsteady state analysis.

The steady state condition can be interpreted as the
equilibrium reached by the unsteady state phenomenon, .after a
period of time. Thus, in principle, any unsteady state analysis
method can be used to determine the steady state condition,

provided that sufficient time is given to stabilise the flow.

Nahavandi and Catanzaro (1973), and Fox and Keech (1975),
amongst others, present unsteady state methods and apply them to

solve the steady state problem for pipe networks.

We believe that this is not the best way to approach the steady
state network analysis problem, since the traditional methods are
far more straightforward, demanding in general less computational
resources. This transient approach seems to be only a by-product

of the unsteady state flow analysis. It seems that this kind of
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technique.. should be used only in situations where slow or fast

transient phenomena are the dominant ones.
ethod ini 1t [o)

Collins and Johnson (1975), using an analogy between structural
and pipe systems, and taking advantage of the power of existing
finite element packages to solve large 1linear systems of
equations, proposed a solution to the network analysis problem
via the finite element approach. In so doing, they used a
linearized flow/head 1loss relationship, which is updated
iteratively to approximate the real non-linear equation. The
linearized flow/head loss relationship is coupled with the nodal
balance equations, considered as boundary conditions in the
finite element terminology, and a system of linear equations is
assembled and solved. Collins and Johnson (1975) compared the
performance of this method with a Cross nodal algorithm,

reporting a faster convergence for their method.
We are not aware of wider testing and/or use of this approach.

2.5.4. The gradient method of Todini (1979).

Todini (1979) posed the problem of finding the steady state
solution flow of a water distribution network as the minimization
of the power dissipated within the network, subject to the nodal
balance condition as an equality constraint. This can be formally
expressed, with the matrix notation already introduced in section
(2.3.7), as:

min P(Q)= (Ap1@)T @ (151)
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subject to A21Q = g (152)
where:
[ 1 9
%1{Qq|P”
& Qzln—l
2| , (153)

anp|Qup| 271

with «j equal to the pipe resistance characteristic parameter,

which depends on the formula and units being used.

Upon transforming the constrained minimization problem into an
unconstrained one, via the Lagrange multipliers technique, Todini
(1979) found that the necessary conditions for the steady state
flow in the network are represented by the simultaneous
fulfilment of the nodal balance and the non-linear head loss/flow
relationship for each pipe, which can be expressed in the compact

form:

_____ SO 1) D B R (154)

The upper part of (154) represents the head loss/flow
relationship for each one of the pipes in the network, which 1is
clearly a non-linear function of the flows Q, while the lower
part of (154) represents the nodal flow balance condition. In his
original formulation Todini (1879) considered one source node
only, and in that case the'nodal balance condition is redundant
for that particular node (reference node) and 1its balance

equation can be omitted; then, the lower part of (154) is a
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system of NN-1 independent linear equations in the flows Q.

Contrary to what most of the authors in network analysis have
done, Todini (1979) did not attempt to reduce the dimensionality
of the non-linear problem (154), and he kept the augmented vector

(@ ! H)T as the unknown state vector.

Because of the non-linearity of (154), a direct solution is not
possible and an iterative approach is needed. Todini (1979)
thought of the system (154) as the non-linear system formed by

two sub-systems of imbalance functions:

E(Q,H) = 0
........... (155)

a(Q,H) =0

where E(Q,H) 1is the head 1loss imbalance function for each
pipe [the upper part of (154)]:

E(Q,H)

A1 Q + A1 H =20 (1586)
and

a(Q, H) A1 @ -a =20 (157)

is the 1lower part of (154) and represents the nodal flow

imbalance function.

In an iterative procedure for the solution of the non-linear
system (154) or (155), at an iteration "i", the functions (158)
and (157) will not be exactly zero, this means that, if Q(i) and

H(i) are the flow and piezometric head vectors at iteration "i",

then:

SE(1)= Aqq @(3) + Ayp H(D) 2 0 (158)
and

sali) = Apy Qi) - g # 0 (159)
where: -
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sg(i) head loss imbalance per pipe at iteration "i"

§all) : nodal flow imbalance at iteration "i

Because the analytic expressions of the imbalance functions are
known [equation (156) and (157)], it is possible to compute the
head loss and nodal flow imbalances via their respective total

differentials, indeed, on differentiating (156) and (157):

dE = n Aj1 dQ + A1p dH (160)

and

da Ao1 dQ (161)

then, on approximating dQ and dH as the finite difference between

two successive flows and heads in the iterative process:

d @ = (i) - g(i+l) (162)
and L .
d H = H(1) - g(i+1) (163)
and approximating the imbalances by the total differentials:
SE(1) = dE (164)
and .
§qf{i) = dq (165)

Then, starting with a certain initial augmented state vector
(@(e), H(©)) <the head 1loss and nodal flow imbalances can be
computed through (158) and (153), respectively, and the new
augmented state vector (Q(i+1) pg(i+l)) can be updated applying
(160) and (161), followed by (162) and (163), recursively, until

a certain convergence criterion is met.

This is the mathematical foundation of the original Todini’s
gradient method. To obtain the recursive numerical algorithm,

Todini (1979) followed a matrix-intensive algebraic approach
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which 1is presented below. An alternative derivation is proposed

after Todini’s derivation, which may be easier to follow.

a)l Todini’s (1979) derivation of the recursive pnumerical scheme:

On differentiating the non-linear system of equations (154) the
equations (160) and (161) were obtained, these equations can be

represented in a more compact way as:

nAn: Aln dQ dE
——————— e L I B (166)
A21 : 0 dH dQ_

where the right-hand-side vector represents the head loss

and nodal flow imbalances which, in an iterative scheme, can be

approximated by the equations (158) and (159), i.e.:

dE = A11 Q1) + Aqp H(D) (187)

and

A1 Q(1) - g (168)

da

The problem now consists in computing the differentials dQ and
di [in equation (166)] which, in the iterative scheme, represent
the corrections to be applied to the current approximates Q(i)
and H(1) in order to improve them towafds the solution. The
computation of dQ and dH is done analytically by Todini (1879):

-1
_____ X ———— (169)

where A1 is computed with the current flow Q=9(1).

The inversion of the partitioned matrix in (169) can be carried

out explicitly, as another block-partitioned matrix:
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_______ o= - =i Clz (170)

According to Ayres (1974), the partitioned matrices Bij can be

computed as shown below. Note that Ayp and Ap1 are not square

matrices.

Byp =(1/m)lA1y7h ~Ayy™ Agp (A A7t App)L Agy A1)

Bog = - n(Agy Apy~1 Agp)-1 (171)
Byp = A11~1 Ay (Agy Agq71 Al

Bpy = (Agy Ap171 App)~1 Apy AgqL |

On introducing (171) + (170) and (167) + (168) into (169) the
following is obtained:

d@=(1/n)[A1171-A1171A12(A2141171A12) 7 1A01411710(A11Q01 ) 4a10H 1))+

+ A1171A19(A2181171A12)71(Ag1Q(1) —q) (172)
and
di = (Ag1 A1171 A12)1 App ApgTiC Arp 96D 4 Ay H(D)) -
- n (Ag1 A117L A19)1 ( Agy Q(3) - g ) (173)

Assuming that a balanced flow solution Q(i) is available,i.e.:
Az; (1) - g (174)

then, the equations (172) and (173) simplify to:

d Q= (1/m)[ Q(1)- A1;371415 (Ag1 G-1Ag2171) a ] (175)
and
d H=H(1) + (Agq A1171 A19)-1 g ) (176)

which, when considering (162) and (163), allow us to compute

the flow and head updates:

H(i+1)= —[Aoy A1171 A1 1 a (177)
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and

Q(i+l)= {(n-1)/n} Q1) - (1/n) Aj;71 gy BOHD) (178)

Thus, starting from some initial solution (Q(O), H(O)), the
recursive application of (177) and (178) allows us to update the
augmented state vector, generating a sequence of flow and head
vectors converging towards the steady state solution of the

network.

Equation (177) represents a linear system of NN-1 equations in
the unknown piezometric heads ﬂ(i+1), which Todini (1978) solved

using the conjugate gradient method.

Equation (178) allows the automatic generation of an initial
flow solution. To do so, the flow exponent "n" is set to 1 in the
first iteration, which leads to the following balanced flow :

Q(0)= - A;4-1 Agp H(O (179)

b) Alternative derivation of Todini’s gradient algorithm:

Introducing equations (162) and (163) into (160) and (161), the -

head loss and nodal flow imbalances can be computed as:

dE = n Ay1 (1) - n Aqq @(i+1) + Ay H(D) - Ag9 g(i+l) (180)
and

Replacing H(1) and Q1) in (180) and (181) by their
corresponding values computed from the imbalances defined by
(158) and (159), and after reordering:

dE = SE(1) - (1-n) A1y (1) - [n Ayq Q(i+1) + Ay H(iI+1) 71 (182)
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and

da = §a(i) 4+ g - Agy Q(i+D) (183)

Then, on assuming (164) and (165), from (183):
Apq Q(i+l) =g (184)

which implies that the new flow is balanced.

And from (182):
(1-n) A1y Q@(3) + n Agq Q(i+1) 4 a4 H(i+1) = o (185)

Pre-multiplying equation (185) by (n Ay1)~1:
{(1-n)/n} Q1) + @(i+1) 4+ (n A1y)-1 Ay H(I+1) =0 (1886)
and pre-multiplying (186) by Apj:
{{1-n)/n3A210(1) + A210(1+1) + Aoq(n A11)~1Ay0H(i+1) = 0 (187)

Upon introducing (184) and assuming that the current flow
vector is balanced (i.e. Agy Q(i) = g), equation (187) simplifies

to:

[Ap; App~1 App) BOIFD) = - ¢ (188)

which is the same as equation (177).

The flow updates are obtained from (186):

@(i+1l)= {(n-1)/n} Q(1) - (n Apq) -t Aqp H(i+1) (189)

which is the same as equation (178).
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2 6, Comparison of the performance of some of the existing

methods: need for a more reliable algorithm.

Despite the fact that a number of convergence problems have
been reported for almost every single algorithm already reviewed,
only a few attempts to compare most of these algorithms 1in a
systematic way have been reported; these are the study carried
out by Wood (1981a) and a comparison performed by Carpentier et
al. (1985), which are complementary. We do not attempt here to
make a full comparison, but only to review the results already
published to draw some preliminary conclusions, which may allow
us to narrow the search for an efficient and stable network
analysis solver. A comparison between some of the most promising
algorithms and our proposed gradient method is delayed until the

end of the next chapter.

The comparison carried out by Wood (198la) considered five
different methods: the loop and nodal Cross’ methods (single path
and single node adjustment methods in Wood’s terminology), the
nodal and loop Newton-Raphson approaches (simultaneous node and
simultaneous path adjustment methods in Wood’s terminology) and

the gradient version of the linear theory method.

Wood and his collaborators at the University of Kentucky
prepared FORTRAN programs for all the five methods compared, so
that the computer codes used were similar from the programming
point of view. All the programs were designed to work with the
minimum required amount of data (basic branch to node
connectivity data), assembiing the equations and generating the

initial conditions internally within the programs. Sparse
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techniques for matrix manipulation were used in all the programs.

A set of test examples was assembled, with 30 systems of under
100 pipes and 21 systems with more than 100 pipes. Changes in the
data (diameter, roughness, or lendth) allowed the researchers to
generate two extended sets of test examples of 60 and 31 cases,

for networks with less and more than 100 pipes, respectively.

A detailed comparison of the performance of the different
methods was carried out for all the systems with less than 100
pipes. All the cases where convergdence to a pre-specified
accuracy was hot achieved, within a fixed number of iterations,
were labelled as failures and their occurrence is summarised in

Table 2.1.

The only failure found with the simultaneous path method

consisted of a case where a pump operating with a steep

Table 2.1. Results of the comparison of 860 small water
distribution networks (less than 100 pipes),
from Wood (1981la).

Network analysis method Failures
Single path adjustment (looped Cross method) 8
Single node adjustment (nodal Cross method) 51
Simultaneous path adjust. (looped Newton-Raphson) 1
Simultaneous node adjust. (nodal Newton-Raphson) 18
Linear theory method (grédient version) 0
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characteristic curve was considered. No failure whatsoever was

detected with the linear theory method.

In view of the previous results, the systematic comparison for
largder networks was limited to the simultaneous path and linear
theory methods only, and in all the 31 cases tested both methods
managed to converge within a pre-established number of
jterations. Although a systematic comparison for the single path,
single node and simultaneous node adjustment methods was not
carried out for the larger networks, a number of failures was
found for these methods, confirming their exclusion from the

systematic comparison.

The main conclusions of the Wood (1981a) study, also published
by Wood and Rayes (1981), can be summarised as follows:

a) The single path, single node and simultaneous node
ad justment methods failed to converge in a number of cases and,
as a result, they are not recommended for water distribution
network analysis, unless they are used for known well-conditioned
problems. Convergence problems related to the nodal Newton-
Raphson method have also been reported by de Neufville and Hester
(1969).

b) Although no guarantee of convergence can be given, the
simultaneous path adjustment (looped Newton-Raphson) and linear
theory method (gradient version) exhibit excellent convergence
behaviour. Only 1in one very special case did the simultaneous
path adjustment method fail to converge. Both methods are

recommended by Wood (1981a) for the analysis of water

distribution networks.
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c) The computational costs of the simultaneous path adjustment
and linear theory methods are very similar. Average run-times of
5.4 and 6.9 sec. were found in the case of the larger networks,
for the linear theory and simultaneous path adjustment methods,
respectively. Thus, the linear theory method needs 78% of the

time required by the simultaneous path method.

It should be remembered that the storage requirements of the
simultaneous path adjustment method are smaller than that
required by the linear theory method, since, in the former, a
symmetric matrix is obtained, while, in the latter, we get a non-
symmetric one. This parameter was not included in Wood’s (1981a)

comparison.

Focusing on the difference between the simultaneous path and
linear theory method, we have to bear in mind that both methods
wvere not starting from exactly the same initial solution. A
balanced initial flow distribution was produced by the
simultaneous path program, while a flow distribution computed on
the basis of a uniform velocity of 4 fps. was used in the linear
theory program. Hence, the results of the relative performances
of the simultaneous path and the linear theory methods may be
different, if ©both programs are started exactly at the same

initial solution.

Carpentier et al. (198b5) presented a numerical comparison of
some of the network analysis methods: looped Cross method, looped
Newton-Raphson, nodal Newton-Raphson and the hybrid mesh-nodal
method of Hamam and Brameller (1871). They also looked at all

these methods from a mathematical programming perspective, in
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order to establish some theoretical differences.

Although the three examples of Carpentier et al. (1985) are
very limited in comparison with those used in the study carried
out by Wood (198la), some interesting conclusions can be drawn,
particularly in connection with the mesh-nodal method. Only three
methods were found to exhibit an adequate convergence, the Cross
looped method and a quasi~Newton implementation showing very low
convergence. The results for those best performing methods are

shown in Table 2. 2.

Unfortunately, Carpentier et al. (1985) did not ¢give any
information about the initial solution (heads and flows) with
which the different prodrams were run.

Table 2.2. Comparison of network analysis methods in terms of

global and relative CPU times, and number of
iterations, from Carpentier et al. (1985).

Global and relative CPU times (sec.), No. of iterations
NETWORK CHARACTERISTICS
METHOD 46 pipes 212 pipes 443 pipes
40 nodes 148 nodes 297 nodes
10 loops 70 loops 157 loops
Looped Newton-Raphson 2.00 sec. 18.00 sec. 63.90 sec.
(1.00)% (1.00) (1.00)
5 iter. 7 iter. 8 iter.
Nodal Newton-Raphson 1.15 sec. 5.70 sec. 13.00 sec.
(0.58)% (0.32) (0.20)
10 iter. 13 iter. 14 iter.
Mesh-nodal 0.76 sec 3.80 sec 8.40 sec
(0.38)% (0.21) (0.13)
5 iter 7 iter 7 iter
(%) In parenthesis is the relative performance: ratio with
respect to the Looped Newton-Raphson, for the same example.
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The main conclusions that can be drawn from the comparison by

Carpentier et al. (1985) are the following:

a) The mesh-nodal method of Hamam and Brameller (1971) appears
to be the most efficient one in terms of global CPU time. It 1is

also the best in terms of CPU time for initialisation (not shown

in Table 2.2).

It 1is interesting to note that when the mesh-nodal method is
compared with the looped Newton-Raphson method, as Wood (1981la)
did with his linear theory method, the mesh-nodal method requires
38% of the CPU time needed for the 1looped Newton-Raphson for
networks with less than 100 pipes (see Table 2.2), whereas the
linear theory method required 78% of CPU time,

Although the programs used were not exactly the same, this
appears to suggest that the mesh-nodal performs faster than the
linear theory method. The results are even more favourable for
the mesh-nodal method when a larger network 1is considered,

reaching 13% for the 443 pipes example (see Table 2.2.).

b) The second conclusion of Carpentier et al. (1985) 1is
concerned with the comparison between the nodal and loop
approach. According to these authors, when analysing the
continuity and differentiability of the Hessian matrix produced
by the different methods (in the mathematical programming
framework), the 1looped (flow) methods seem to be better
conditioned than the nodal (head) methods; this coincides with
what some authors have previously found. This conclusion is in

contradiction with Table 2.2, where the nodal Newton-Raphson
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clearly requires less time to converge than the looped Newton-
Raphson, although the number of iterations are the other way

around. Our explanation of this is as follows.

We can put the problem in simple terms, by observing the way in
wvhich the head loss/flow relationship and its derivative 1is
handled in the nodal or looped approach:

Looped methods consider: hjj = Hij - Hj = Kjj Qi3 (190)

Nodal methods consider: Qjj = Ry j (Hy - Hj)l/n (191)

Because all the Newton-Raphson methods consider (in one way or
another) the derivatives of functions including either hij or Qij

(looped or nodal methods, respectively), we should analyse the

derivatives more carefully:

Looped methods : ----- = n Kjj Qijn-l (192)
to} QlJ
dQj; 1 (1-n)/n
Nodal methods : ----= = - Ryj (Hi - Hj) (193)
d Hy n
which can be re-written as:
b Q. . R. .
285 My (194)
d Hj n (H; - Hj)(n—l)/n

On comparing (192) and (194), we can easily see that the
derivatives needed in the looped (flow) methods are continuous
for whatever flow we consider, whereas in the case of the nodal
methods, equation (194) "blows up" when Hj is exactly Hj. This
would explain why the nodal methods are found to be more trouble-

prone than the looped or flow-based methods (see Table 2.1).
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The results in terms of global CPU time in Table 2.2 can also
be explained in terms of equations (194) and (192). In fact, if

t etho i i o nt [i.e. equation
(194) is pnot "blowing up"], the derivatives for the nodal methods
[equation (194)] are, in general, "stronger"” than those for the
looped methods. Indeed, if we think of a typical troublesome
case, with a pipe of low head loss (i.e. Hj # Hj, but not close
enough to cancel), the derivatives given by (194) will be quite
large and the diagonal terms of the corresponding Jacobian matrix
will be even larger, increasing the well-conditioning of the
linear system of equations; clearly, for such problems, a nodal-
based program will converge faster than a looped program. If we
consider another troublesome case, for example a pipe with high
resistance (e.g. small diameter), it will produce a ‘"small"
derivative in a nodal approach [equation (194)], whilst the
corresponding derivative in a looped approach [equation (192)]
will tend to zero, since the flow is "small", thus spoiling the
conditioning of the loop method. In the latter case, the nodal
approach can still manage to converge. This shows clearly that,
in some problems, one method can perform better than others,
vhereas, in other cases, the reverse can be true. This also
suggests that, when the nodal methods do converge, they do it
faster than the looped (flows) methods, as shown in Table 2.2.

This has been corroborated by other authors as well [Collins et

al. (1978)].

Looking at equations (194) and (192) from a strictly numerical

point of view, the structure of the derivative for the nodal
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methods [equation (194)] is the worst we can expect, because it
is subjected to cancellation errors and also to unbounded values
when the heads Hj and Hj are close enough. Expressions of this
kind are normally avoided in numerical analysis [see for example
Appendix C, section C.1, when preferring a recursive approach for

the evaluation of B-splines, instead of the explicit formulal.

In summary, from what we have seen so far in this chapter, it
is clear that the methods_derived by Cross (loop and nodal
methods), are not reliable enough and should not be used in
computer-based water distribution network analysis. The same can
be said of the nodal Newton-Raphson approach which, as documented

by Wood (198la), fails to converde in a number of cases.

The looped Newton-Raphson method failed to converge in one case
in the review carried out by Wood (1981a). Although this method
should still be considered as a possible solution scheme, its

results should be carefully analysed.

The linear theory method of Wood and Charles (1972) should not
be used since, as shown by Collins (1980),its behaviour is
inherently unstable for quadratic or nearly quadratic head 1loss
functions. The "tricks" to overcome instabilities, like averaging
flows and so on, may work for some cases, but there is no
guarantee that they will work in others. Wood himself (1981a)
recognised that the improved gradient-based linear theory method
has much better convergence properties, although, even in that

case, he insisted that no guarantee of convergence could be

given.
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In the limited comparison carried out by Carpentier et al.
(1985), the mesh-nodal approach of Hamam and Brameller (1971)
showed some impressive results with respect to the' looped and
nodal Newton-Raphson methods. These results sugdest that the
mesh-nodal method should be competitive with the gradient-based

linear theory method, although further testing is needed.

As far as the non-traditional methods of network analysis are
concerned, such as those Dbased on explicit non-linear
optimisation methods, unsteady flow analysis and the finite
element method (section 2.5), they do not seem to be relevant
from the practical point of view, particularly when the network
analysis algorithm has to be linked with design or operational
optimisation ' routines. All the traditional methods reviewed in

this chapter are far more straightforward than non-traditional

ones.

As a result, there is no conclusive evidence that any of the
most promising methods will guarantee a solution to the analysis
problem. On top of that, most of the comparisons and systematic
testing of the methods have been made considering networks with
pipes and pumps (at most), without including other devices 1like
pressure reducing valves, pressure sustaining valves, etc., which
will undoubtedly test the different methods to the 1limit. The
ability of the methods to cope with extreme operational
situations, 1like those when the network becomes disconnected,
either due to the action of non-return valves or pressure
regulating valves, has not been tested in the open literature

reviewed so far, and we intend to do so in the following
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chapters.

At this stage, there is sufficient evidence to show that the
search for efficient network analysis algorithms should be
extended even further. Perhaps the issue of the reliasbility of
the methods should be at least as important as the computational
efficiency, if it 1is planned to wuse the network analysis

algorithm for operational or design optimisation routines.
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CHAPTER THREE

GENERALISATION OF THE GRADIENT METHOD TO INCLUDE PUMPS

3.1. Introduction.

In the previous chapter most of the traditional methods for
network analysis have been introduced, spanning the early work of
H. Cross (1936), the application of the Newton-Raphson technique
in the sixties and the development of the linear theory method in

the seventies.

In this chapter we intend to review some fundamental aspects of
steady state flow network analysis, and to explore an alternative
formulation, adopted here which is referred to as the gradient
method; we extend this method in order to include pumps, using a
general head loss/flow model. In the final part of this chapter,
we compare the gradient method with other similar techniques and

some conclusions are drawn from that comparison.

3.2, Traditional formulation of the network analysis problem.

Most of the traditional methods for water distribution network
analysis are based on the two "conditions"” specified by H. Cross
(1936): flow continuity and potential continuity; the former
establishes mass balance at the node level, while the latter has
been thought of by some authors as a loop balance condition
(algebraic summation of all the head losses round a loop = 0).
Other authors think of potential continuity simply as

establishing that the piezometric heads at each node are unique.
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Indeed, as shown in Chapter Two (Section 2.3.7., equations 90
and 91), the potential continuity condition (locop balance) can be
achieved for any set of piezometric heads, and is due to the fact
that the product of two topological matrices: the loop to branch
matrix Agzi and the branch to node incidence matrix Ayg is zero,
i.e.

Az1 A1 H =0 ¥ H (1)
due to:

A3z1 A2 = O (2)

Most of the methods of network analysis have been based, either
explicitly or implicitly, on the acceptance of the loop balance
condition and, in so doing, some of them do not seem to have been
based on the fulfilment of what is presented as a physical law,

but on a topological property.

As a result, it seems necessary to re-establish which are the
physical 1laws controlling the steady state flow in a water
distribution network or, in mathematical terms, which are the
necessary and sufficient conditions for the steady state flow in
pire networks. Only a clear understanding of the fundamental
-principles can lead to the development of a more robust numerical

scheme for the network analysis problem.

ow issi i rmulation: necessary condition

Several authors have addressed the problem of establishing the
fundamental principles governing the steady state flow in water
distribution networks, agreeing in that, apart from the flow
continuity law at each node (mass conservation law) , it is a

minimum energy dissipation rate principle (minimum dissipated
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power) which controls the steady state flow in a water
distribution network. Basically, this means that the steady state
flow stabilises in a situation wherein a minimum power is
required. This "minimum effort"” law is common to other physical
phenomena of interest in civil engineering. By formalising the
minimum power dissipation approach, we can also study the
mathematical conditions for the existence and uniqueness of the

steady state solution.

Collins et al. (1878, 1979), using previous results by Millar
(1951), formulated the steady state flow analysis, both of pipe
and channel networks, within a minimisation context. They
minimised a “"content" function, which is basically the power
dissipated within the system, subjected to the flow continuity at
each node as an equality constraint. This approach allowed
Collins and collaborators to apply well-known minimisation

algorithms to solve the network analysis problem.

Todini (1979) posed the network analysis problem as that of
minimising a general function E(Q)= «T lQ]n+1, subjected to the
nodal flow continuity as a set of linear equality constraints.
Upon transforming the constrained minimisation problem into an
unconstrained problem, via the Lagrange multipliers technique,
and on introducing the head loss/flow relationship for each pipe,
he arrived at the conclusion that the only necessary conditions
for the steady state flow condition are simply the simultaneous
fulfilment of the head loss/flow relationship for each pipe, and
the flow continuity at each node. Based on this, Todini (1979)

introduced a new 1iterative algorithm for network analysis,
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obtained via the application of the gradient operator both to the
flows and the heads. We refer to this algorithm here as the

gradient method.

Subsequently, Pilati and Todini (1984) extended the original
formulation of Todini (1979) to the case when laminar and
turbulent flow co-exist in the same network (i.e. the flow
exponent "n" in the head loss/flow relationship is variable from

pipe to pipe).

Yang and Song (1979), Song and Yang (1980) and Song and Yang
(1982), have applied the minimum rate of energy dissipation

principle to other hydromechanical systems.

We have adopted the gradient method introduced by Todini (1979)
and Pilati and Todini (1984) as the basic network analysis
algorithm for the work reported in this thesis and, because it
was originally limited to networks containing pipes only, we have
pursued the objective of incorporating other devices into it. In
the rest of this chapter, we show how to include pumps 1in
Todini’s gradient algorithm and, in the next chapter, we deal
with how to model pressure regulating valves in the context of
the ¢gradient method. At the end of the present chapter, a

comparison with other algorithms is carried out.

3.4. Todini’s gradient method.

Todini (1979), and Pilati and Todini (1984), demonstrated
mathematically that the necessary conditions for the steady state

flow in water supply networks are the simultaneous fulfilment of
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the nodal balance and the non-linear head loss/flow relationship
for each pipe. This can be expressed in a compact format, with

the notation introduced in Chapter Two (Section 2.3.7.), as:

_____ ST 9 R S (3)
Any ¢ O H a

The upper part of the system of equations (3) represents the
head 1loss/flow relationship, whereas the lower part corresponds
to the flow balance at each node. Hgp corresponds to the (NSx1)

vector of known piezometric heads (source nodes).

The matrix Aj;i; depends on the particular head loss/flow
relationship wused, A12 is the topological matrix containing the
branch to node connectivity information for the non-source nodes,
and Ajqg is the equivalent branch to node matrix for the source
nodes, as defined in Chapter Two (Section 2.3.7.). Ag1 1is the

transpose of Aq2.

Because A1y depends on the flows, the upper part of (3) 1is a
set of non-linear equations in the flows. Todini (1979), and
Pilati and Todini (1984) concentrated on the solution of the non-
linear system (3), applying the gradient operator to the extended
vector of unknowns (Q, H), without attempting a reduction in the
dimensionality of +the problem, like other authors who dealt
either with the heads or the flows. This leads to a linear system
of equations in the corrections dQ and di which, after some
algebraic manipulations, can be expressed as a coupled set of

equations, solved iteratively for the unknown heads and flows.
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The gradient method fully recognises the fact that all the
topological information, concerning the structure of the network,
is contained in the branch to node incidence matrix Aj2 and,

consequently, no loop information is necessary.

Because the upper part of equation (3) incorporates the head
loss/flow relationship, we need to specify a function as general

as possible, which is able to accommodate any kind of device

normally present in a water network.

3.5, A general head loss/flow model to include pumps and

valves in the gradient method.

We have already used in Chapter Two a general model to describe

the non-linear behaviour of pipe flow; this model was:

hij = Hy - Hj = Ky Q;1;° (4)
where
hj; head loss in pipe joining nodes "i" and "j"; a component
of the (NPx1) head loss column vector h.
NP : total number of pipes (branches, in ¢general} in the
network.
Hij : nodal piezometric head; a component of the (NNx1)
piezometric head column vector H.
NN : total number of nodes in the network.
KiJ resistance of pipe joining nodes "i" and "j", dependent
on the particular formula in use.
Qij flow in pipe Jjoining nodes "i" and "J"; a component of
the (NPx1l) flow column vector Q.
n : flow exponent, dependent not only on the formula being

used, but also on the hydraulic regime in which the pipe
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is operating (laminar or turbulent).

Equation (4) represents a nearly quadratic function, which
passes through the origin in the flow/head loss plane. The model
(4) allows us to represent other kind of devices, 1like gate
valves, Dbutterfly valves, etc., with the condition that their
characteristics remain known and fixed during the modelling.
Other situations, like the introduction of minor losses due to
fittings (bends, tees, reductions, etc.) can also be handled with

equation (4). In these cases, all we need to know, for any

particular device, is the value of “Kij and "n", which are

normally supplied by the manufacturer or obtained from laboratory

tests.

To introduce centrifugal pumps, other non-linear models have
been proposed in the literature, relating the head gain with the

flow, through quadratic or higher order polynomial functions as:

hij = ag + a1 Qij + ag @ ;2 (5)
or

hij = ao + a1 Qij + ag Q332 + a3 Q3 ;3 (6)
or

hij = ag + a1 Qjj + a2 Qijz + ag Qij3 +ay Qij4 (7)

All these models allow us to take into account different types
of pump characteristic curves. Also, piecewise linear
representations have been used in computer models, Jjoining known

head/flow points of the characteristic curve with straight lines.

It has been argued that the higher order models (third or
fourth order), would represent the characteristic curve of a pump
in a more accurate way. However, other authors have put the

emphasis on usindg accurate data on the pump characteristics,
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rather than concentrating on a more mathematically sophisticated

model.

Due +to 1its simplicity, and because of other considerations
which have to do with the shape of the characteristic curve of a

pump, we have adopted the following model:

hij = ®35 Q137 + By (8)

where the parameters «j 3 Bij and "n" have to be determined

from data on the real performance of the pump.

Upon adopting (8), we see that the model of a pipe (equation 4)
is Jjust a particular case of the model (8) (taking Bj j=0); hence,
equation (8) can be considered a general head loss (dain)/flow
model, applicable to most of the devices normally found in water

distribution systems.

Another advantage considered when adopting the model (8)
relates to the fact that, when modelling centrifugal pumps,
equation (8) automatically avoids the inclusion in the network
model, of pumps with an ascending limb in their characteristic
curves. As we shall see later on, such pumps should not be
included in the model for stability reasons. The computer program
checks that the pump is always working with positive flows and

positive head gains.

Other devices, 1like check valves, pressure reducing valves,
pressure sustaining valves, etc. will be dealt with in the next

chapter, within the framework provided by equation (8).
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3.6, Extension of the dradient method +to include pUmMpS :

Lorivat ¢ ] : l for ti tended method.

Using the link to node topological matrices for non-source and

}
source nodes (A12 and Ay, respectively) , we can re-write the
head-loss (or head ’gain’ in the pumps case) of each 1link

connecting two different nodes as:

A1l Q@ + A12 H = -A10 Ho (9)

where now
H : is the ((NN-NS)x1l) column vector of unknown heads.
Ho : is the (NSx1) column vector of fixed (known) piezometric

heads (reservoirs).

and where, upon using the general head loss (gain)/flow model

(8), Aj1 can be re-defined as:

ro‘1|‘31l“1”1" B1/Q

%g|Qg| P27+ By/q,
. (10)

«Np| Qup| BNP-1+ Byp/Qyp

On coupling equation (9) with the flow (mass) nodal balance

condition, we still get equation (3), which is reproduced here:
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Because the system represented by (3) is a non-linear one, a
direct solution is not possible, and an iterative procedure must

be followed to determine the unknown flows and heads.

On differentiating the system of equations (3) we get:

______ % _ = _— (11)

dE : is the pipe head 1loss imbalance produced by a pipe flow
differential dQ and to a nodal piezometric head
differential dH.

dg : nodal flow imbalance due to a pipe flow differential dq.

[ ni-1 ] i ]
*1]| Q1] B1/Q
. g |Qg|n2-1 By /@y
«yp| Qup| PNP-1 | BNE/QNp

N = (NPxNP) diagonal matrix of the exponents "n" of the

head loss-flow relationship.

At some iteration "i", when convergence has not yet been
achieved, the (NPxl1l) vector 4E, representing the head - loss
imbalance at each branch, and the ((NN-NS)x1l) vector dg,
representing the nodal imbalance, can be approximéted as:

A1 (D) @(1) 4 ays H(L) +A10 Ho (13)

d E

and

d g = Apq Q(1) - g (14)

wvhere @Q(1) and H(1) represent the pipe flow and the nodal heads
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at the iteration "i". Ay1(1) stands for the matrix A;; evaluated
at ng(i), but from now on we drop the iteration superseript in

the matrices Ajj and Ay1* for the seke of notational simplicity.

The algebraic solution of (11) is:
i
----- = et Rttt * ————= (15)
]
]

where A11* is evaluated at @=@(1).

The inverse of the partitioned matrix in (15) can be computed

as another block-partitioned matrix:

-1
N Aj3* | Agp Byy | Byp
———————— --—-==- = paand B (16)
Agq i 0 Ba1 i Bga
On wusing the following notation:
G = N A ¥ (17)

We can compute the blocks of the inverse in equation (186)

explicitly, according to Ayres (1974), as:

Byy = G71 -G71 Agp ( Agy G71 Ay, )1 Ay G-t

Bpz = - (Agy G71 App)~l

Biz = G™1 A1y (Ap1 G71 Agp)-1 - o
Bpy = (Ag3 G71 A1p)71 Ay 6oL

With the partitioning (16), the system (15) can be re-written

as:

d Q
d H

Bjy dE + Byy, dg
(19)

B21 dE + B22 dg
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On introducing equations (13) and (14), and the results of

(18) into equation (19), we get:

d @ = [I-671 Ajp (A21G71Ag5)-1 A211G™1 (A119(1)+Aa10H (1) +A 9 Hp) +
+ 1671 Ao (Ag1 G lApp1-1)(Ap; @(i)-g) (20)

Similarly:

d B = [(A21 G71A12)71Ap1 G-13(A1q @(1) + Agp H(I) + Aqg Ho) -
- (A2 G"lAlz)"l(A21 Qi) - g ) (21)

The system of equations (20) and (21) can be solved for dQ@ and

dd via an iterative procedure, on defining:

Q(i) _ g(i+1) (22)

d Q
d H

and

g(i) - gi+1) (23)

And upon introducing (22) and (23) into (20) and (21}, we

obtain:
from (23):
HOI+D) = -[Agy 671 A12171 { A1 G711 (A17 @(3) + Ay9 Ho) -
- (A1 (1) - g) 3} (24)
from (22):
Q(i+l)= (1- ¢=1 Ayq) @(1) - g1 ( Ay BUI*L) 4+ Arg HY) (25)

Equation (24) represents a linear system of (NN-NS) equations
in the unknown piezometric heads, and it can be reordered into

the standard format of a linear system:

[Az1 G71agp] HOI*D)= - £ Axy 671 (A7 @(3) + Ay Hp) -
- (Apy Q(1) - g) 3 (26)
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Starting with any flow distribution, not necessarily
balanced, and applying recursively the coupled system (26) and
(25), the problem can be solved. Note that once a balanced
solution has been obtained (second iteration and following), the
right-hand-side vector of equation (26) simplifies, since the
difference (Agq Q(i) - a) vanishes. Equation (25) guarantees the
nodal balance, as it can be proved via pre-multiplying (25) by
A2y, which gives, after some algebra, the vector of nodal

consumptions g.

Figure 3.1 represents graphically the main steps of the
gradient method’s numerical algorithm. The main distinctive
characteristic of this algorithm when compared with the rest of
the existing methods, 1is +the fact that it is based on the
gradient operator being applied gver both the heads and the
flows, and not only to one of them, as in all the methods

reviewed in the previous chapter.

The fundamental steps in the derivation of the gradient

algorithm can be summarised as follows:

a) The system of non-linear equations (3) are the necessary
conditions for the steady state flow in the network. The
sufficient conditions are dealt with in the following section
3.7.

b) The non-linear system (3) can be linearized by applying the
gradient operator to (3), in the space of the flows and heads,

leading to the linear system (11), in 4@ and dH.
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( start (i=0) )
¥
Read data:

General data: title, no. of links, nodes and
sources, convergence criterion, formula,
printout options.

- Link data: initial and final nodes, length,
diameter, roughness, type of link, «, 8.

- Nodal data: type of node, consumption, ground
level, fixed heads.

¥
Assemble matrix of coefficients: A
A = [Agy G71 App]
—
Assemble right-hand-side vector: b
b = - { Ay G 1(a10(8)+A0Hy) - (Ap19(1)-q) }
Set
Q(l)zl
or other
Y 4
)\ Solve equation (26): A H(i+l) = p

Update flows: equation (25)

Q(i+l) = (1-Gg-1 Ayq) (i) - G—l(A12 ﬁ(i+1)+A10 Hy)

is
convergence - Print resultﬁ//

achieved?
g

Figure 3.1. Flowchart of main steps in gradient method.
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c) The system of equations (11) can be solved explicitly by
inverting the partitioned matrix, producing the system (19)
which, after some algebra, leads to the coupled equations (26)
and (25).

d) The most computationally expensive step of the algorithm now
becomes the solution of the symmetric positive definite linear
system (26). Chapter Five deals with the efficient computer
solution of the system (26). Equation (25) is simply the product
of matrices and vectors and no linear system needs to be solved.
The inversion of matrix G is straightforward, since it is a
diagonal matrix.

e) Iterations: starting from any initial flow distribution,
equations (26) and (25), in that order, are applied recursively

until some convergence criterion is met; see Figure 3.1.

e _exis c iquene the network analysis

solution.

It has been said earlier that the set of non-linear equations
(3), coupling the simultaneous fulfilment of nodal balance and
the head 1loss/flow relationship for each branch, are the
necessary conditions for the solution of the steady state flow in
water distribution networks. The sufficient conditions for that

problem remains to be defined.

Since the early stages of the study of network analysis, the
question of whether the solutions provided by the different
methods are unique, or whether there are multiple solutions, has

been considered by different authors.
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From a mathematical point of view, since the solution to the
problem 1is in fact the solution of a set of non-linear
simultaneous equations, it seemed in the past quite natural to
think that the network analysis problem might have more than one
solution (more than one real solution, because the presence of
solutions in the complex plane can be discarded using a physical

argument).

Most of the work done in this area has been adapted from work
originally carried out for non-linear electrical networks, using

the well-known analogy between electrical and pipe networks.

D’Auriac (1947) proved that, in the case of a network of pipes
only, wherein the resistance function h = f(Q) is an increasing
function (-@ < Q < @), the solution for the steady state flow is
unique. D’Auriac sugdested that this is not true when dealing

with a network containing pumps.

Warga (1954), on extending previous work by Duffin, provided a
set of sufficient conditions for the uniqueness of the solution
of the set of nodal balance equations (first Kirchoff law):

:\:j Qij = qj i=1,2,...,NN (27)

where:

"

Qij = fij(Hij-Hj): flow between nodes "i" and "j" a
function of the head loss.
Hi : piezometric head at node "i".

qj : nodal demand at node "i".

Warga’s sufficient conditions can be summarised as:

a) fjj(x) = - £33(-x) : h is symmetric with respect to the
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origin.
b) fjj(x) is continuous, for all "x"
c) fj;(x) is a non-decreasing function of "x".
d) it is possible to connect each node with the reference node
(which has a known piezometric head), via at least one
series of branches whose characteristic function fj; is

strictly increasing and unrestricted (i.e. it can carry an

unlimited flow).

The presence of pumps dosnot satisfy condition ¢} of Warga,
since their characteristic curve is normally decreasing or, even
worse, 1in some cases pumps have characteristic curves with partly
increasing and partly decreasing limbs. Condition d) allows the
presence of some decreasing and restricted branches in the
network. Thus, devices such as check valves, allowing flow in
just one direction, can be present in the network and uniqueness
is guaranteed, provided that we can link a reference node with
any other node, via strictly increasing and unrestricted

branches.

Millar (1951), wupon studying non-linear electrical systems,
defined the concepts of ‘“content” and "co-content"” which,
expressed in terms of their hydraulic analogue variables, can be

written as:

Qi
Content: G = i h dQ (28)
hj;
Co-content: J = £ Qij dh (29)
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Both the content, and its dual, the co-content, have units of
power and they are actually proportional to the dissipated power.
From a geometrical point of view, the content and co-content
functions can be interpreted as the area underneath and above the
h-Q@ curve. Millar (1951) demonstrated <that both quantities
(content and co-content) are constants when steady state flow
occurs, i.e.:

dG dJ
—_— = =—— =0 (30)

These content and co-content concepts have been used later on
by Collins et al. (1978, 1979), since they form the basis for
establishing the necessary conditions for the steady state flow

in a non-linear network.

Birkhoff and Diaz (1955-1956) proved the existence and
uniqueness of the solution of the steady state flow in a non-
linear network, under some particular conditions. They developed
their results within a general framework, including electrical,
thermodynamic and fluid flow problems. In the case of water
distribution networks, where the head-loss flow relationship 1is
expressed as:

Q; ;5 = Ryj sign(Hj-Hy |H;j-H;|1/n, (31)

Birkhoff and Diaz (1955-1956) proved that, if Rjj (the
conductance function) is continuous and strictly increasing, and
if some nodal heads are fixed (e.g.: reservoir levels), and when
some nodal demands are also fixed (or even when they are non-

increasing functions of h), then, the steady state flow problem
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does have a unique soclution.

In addition, Birkhoff and Diaz (1955-1956) determined that the
nodal balance (first Kirchoff law) holds, if Rjj 1is continuous
and strictly increasing and, if and only if the function:

h
V(h) = L g Q(h) dh (32)

has an absolute minimum. The summation is carried out over all
the 1links of the network. This function has again, as 1in the
cases of the content and co-content functions, units of power and

it is similar to equation (29) of Millar.

Furthermore, Birkhoff and Diaz (1955-1956) proved that in the
case of exponential conductivity ,which is the case of water
distribution networks, and for (1/n) = constant for all the pipes
[see equation (31)], then the function V(h) is proportional to
the rate of energy dissipation (or power dissipation) D, where:

D=ZQh (33)

Then, the previously mentioned results of Birkhoff and Diaz

(1955-1956) are also valid if V is replaced by D.

Even though there is no proof of the existence and uniqueness
of the solution when pumps are present, Millar (1951) and
Birkhoff and Diaz (1955-1956) have introduced a new factor in the
mathematical representation of the steady state flow in a
distribution network, that is the rate of energy dissipation

function or power dissipation.
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In the 1960’s and 1970’s, the question of the existence and
uniqueness of the solution remained without an explicit
mathematical proof. As pointed out by Shamir and Howard (1968)
and Shamir (1973), in the context of their nodal approach
(Chapter Two, Section 2.3.4.), this situation happens when:

i) Some nodal consumptions and branch resistances are part of
the set of unknowns of the problem.

ii) A pump with a non decreasing characteristic curve is

included in the network.

Lekane (1979) also recognised the lack of mathematical proof
for the wuniqueness problem, except for the case of a network
including pipes only. Lekane expressed the view that, in a
network including pumps, check valves and pressure reducing
valves (P. R. V.’s), "the experience has shown" that the network

analysis problem does converde to a unique solution.

Collins et al. (1878,1879), using the results of Millar (1951),
formulated the problem of determining the steady state flow as
the minimization of the content function G(Q) , subject to the
nodal halance equations as equality constraints. An alternative
formulation based on the co-content function was also given. They
used an expanded directed graph of the network, introducing an
artificial one-way element to simulate two-way elements (like
pipes e.g.); also they introduced fictitious one-way elements to
link real reservoirs with the reference (ground) node. Then, the
objective content function to be minimised is:

Qi j

*

*
- - ¥ 34
G(Q) C J; g]_J(X) dx ] (g,n)é%ﬁ an ?n?g)é%ﬁ Qng (34)

= I
(i, j)€ Ef
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subject to the constraints:

(n, 5y€B?) (i nyefin = 9o for all nodes "o’ o)
and
Qjj 2 0 for all links and nodes (i, J) (36)
where:
E : 1is the set of all ordered pairs of nodes (i, j) of the

expanded network, which is partitioned into two sub-
sets: Ef and EL, the former corresponding to all real
nodes (i.e. those connected to real elements like
pipes, pumps and valves), while the latter corresponds
to those nodes connected to artificial (frictionless)
links, created by the expansion of the network and

linking real reservoirs and ground nodes.

@i ;(Q): is the head-loss flow relationship, Hi-Hj = @5 ;(Q; ;)

Hi : piezometric head of node "i

X
H, : fixed piezometric head at reservoir node "n".

"o "woon

Qjj : flow in element connecting nodes "i" and "j

Qn : demand on the node "n", negative if outflow.

€ . subindex corresponding to the reference (ground) node.

Equation (35) 1is simply the nodal balance equation, and
constraint (36) is compatible with the expanded directed graph
where all the flows are assumed to be positive (i.e. in the pre-
specified direction, since, if a pipe is known to work in two

vays, a second one-way pipe has been introduced).

Following Collins et al. (1878), the condition for having a

unique solution in the non-linear optimisation problem
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represented by equations (34), (33) and (36), is that G(Q), the
content function given by equation (34), must be a strictly

convex function.

Using a small example network with four pumps and one check
valve, where, due to directional and flow constraints, the
content function becomes a single variable function, Collins et
al. (1979) showed that the content function will be strictly
convex if each one of its summation terms is strictly convex and,
for this purpose, the pump characteristic curves of each pumping

station must be strictly monotone decreasing. Note that in the

previous statement, even though a particular pump within a

pumping station may not be strictly monotone decreasing, the
content function will be strictly convex, provided that the rest
of the pump curves of this station, make the characteristic curve

of the whole station a strictly monotone decreasing function.

In networks where pumps head "gains" are the dominant factor
(over pipe friction losses for example), Collins et al. (1879)
showed how the information provided by the content function can
be used to draw some conclusions with respect to the stability of
possible multiple operation points. The conclusions formulated
by Collins et al. (1979), are consistent with the well known
example of a single pump, having a characteristic curve with both
an ascendant and descendent limb, when two operating points can
be found where the characteristic curves of the pump and that of

the hydraulic system intersect.

More recently Carpentier et al. (1985), based on the content

and co-content formulation of Collins et al. (1978), and using a
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variational approach, provided the proof of the uniqueness when
the functions @ij(x) in (34) are twice differentiable, strictly
convex and strictly monotonically increasing. Basically, these
conditions are imposing a restriction on the Hessian matrix, in
the sense that it has to be invertible in order to have a unique
solution. Additionally, Carpentier et al. (1985) showed that
convergence problems in some network analysis algorithms (the
nodal ones) are also related to singularity in the Hessian

matrix.

Thus, summarising, provided that we are dealing with water
distribution systems having dissipative elements, and pumps with
strictly decreasing characteristics curves, the uniqueness of the
solution -'is guaranteed. The general model adopted here for
describing the head loss (gain)/flow relationship in the elements
of the network model (equation 8), provides the way for

automatically avoiding ill-posed problems dealing with pumps.

3.8, Other gradient formulations.

We concentrate now on some network analysis methods which have
not been reviewed so far, and which also fit into the class of
gradient-based methods. They are: a second mesh-nodal algorithm
(the first one was that developed by Hamam and Brameller,
(1971)], proposed by Stimson and Brameller (1981), and an
algorithm recently published by Dupuis et al. (1987). Here, we
intend to review these methods and to establish their differences
from the gradient method [Todini (1979), and Pilati and Todini

(1984)]. We have to remember that the improved version of the
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linear theory method by Wood (198l1a), can also be classified as
a gradient method; this method has already been presented in

Chapter Two (Section 2.4.3).

The new "integrated mesh-nodal” algorithm of Stimson and
Brameller (1981) is an improvement of the previous mesh-nodal
algorithm of Hamam and Brameller (1971) and, though it is based
on some loop (mesh) concepts, the new algorithm has to solve a
linear system of equations in the unknown piezometric heads,
which has the same structure as that obtained in Todini’s
gradient method. There are, nevertheless, other differences,
particularly in the way the flows are updated at each iteration,
which make the "integrated mesh-nodal" algorithm different from
the gradient method. We shall derive Stimson and Brameller’s
algorithm, wusing the notation we have already used in this

chapter and in the previous one.

Stimson and Brameller (1981) recognised the fact that the 1loop
balance condition (second Kirchoff law), is simply establishing
the uniqueness of the piezometric heads at each node.
Nevertheless, they use the concept of tree and co-tree to
partition the set of flows into subsets of dependent and
independent flows, exactly in the same way as in Hamam and
Brameller (1971), the independent flows corresponding to those in
the co-tree (chords) and the dependent flows corresponding to

those in the tree (branches).

The basic equations, which have to be fulfilled simultaneously
in the integrated mesh-nodal method, are:

Nodal (mass) balance: Ac1 Q@ = g (37)
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Head loss per pipe: h = A12 H + A10 Ho (38)
and
Head loss/flow relationship: h = 411 @ (39)

Having a balanced flow solution at the iteration "i", say Q(i),
means that:

Aoq Qi) = g (40)

If the rest of the basic equations are not fulfilled at
iteration "i", a pipe flow correction 6Q(i) is required, such
that:

g(i+l) = (i) 4+ sg(i) (41)
and which still fulfils the nodal balance condition, i.e.:
Ag1@(i+1) = g (42)
Upon introducing (40) and (41) into (42), we get:

Agy (1) = ¢ (43)

This is simply imposing the condition that the flow changes at
every node, with respect to the initially balanced condition,

must be null.

The partitioning between dependent and independent flows is

introduced as:

Q = - (44)

where:
Q2 : are the NN-NS dependent flows, i.e. tree flows.
Q3 : are the NP-(NN-NS) independent flows, 1i.e. co-tree

flows.
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Similarly, the flow correction vector §Q can be partitioned as:

§Q
sQ = 2 (45)
Qs

The incidence matrix Agi can be partitioned accordingly:

Apy = [Azz : Agg ] (486)
where:
Aoo : incidence (NN-NS)*(NN-NS) matrix corresponding to the

dependent flows.

A3 : incidence (NN-NS)*(NP-(NN-NS)) matrix corresponding to
the independent flows.
The node balance condition (43) can be written as:

3@2
[Azz N A23 ]* —_— - g (47)

6Q3
and the dependent component of the flow correction can be
computed from (47), as a function of the independent component,

provided that the sub-matrix Ago is non-singular:

8@y = - Agp~l Ay 805 (48)

The importance of equation (48) lies in the fact that the set
of unknown flow corrections (6Q), can be reduced to the
independent flow corrections (4Q3), the dependent flow
corrections (5Q2) being computed from the independent flows,
using Jjust the topological information of the system. In the

context of the integrated mesh-nodal approach, this is a key
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issue, since (48) ensures that, starting with a balanced flow
distribution, the updated flows will remain balanced, despite

numerical approximations in the intermediate steps.

The only condition left 1is the fulfilment of the head
loss/flow relationship, which is a non-linear function. In order

to linearize it, the Taylor expansion is used.

If h(Q) = A11 @ then, at the i-th step of the iterative
scheme, the head loss/flow function can be expanded as:
h((1) + 8g(i)y = p(a(i)y + J(i) sg(i) 4 (i) (49)
where:
E(1) : is the summation of second and higher order terms in the

Taylor’s expansion.

. . Sh

J(1) is the tangent matrix J(i)} = - (50)
dQ .
Q:Q(l)

or, in our notation (see equation 17):
J=NA11*:G (51)

Because ) )
h(l) = All Q(l) (52)

equation (49) can be introduced into the expression for the
head loss (38), giving:
A12 H + A1p0 Ho = A11 (1) + g(1) sq(i) 4+ E(1) (53)

where H is the "true" piezometric head vector, because we are
keeping the Taylor’s expansion with all its terms, including the

higher order ones (in E(i)).

Equation (53) allows us to compute the flow correction vector

8Q(1), provided that the tangent matrix is non-singular:
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sQ(1) = [J(i)1-1 { A1p H + A10 Hp - A17 (1) - E(1) 3 (54)

which, when pre-multiplied by Asq, allows us to re-introduce

the nodal balance condition (43), giving:

A21 [J(V)1-1 { A1p B + A1p Ho - 417 (1) - E(1) 3 = (55)

Because, as a result of the Taylor’s expansion, the residual
E(1) is not explicitly known, we can assume that its value is
nearly zero when the true heads H are approximated by {(i+l),
hence:

QUi*l) ——> @ and H(i+l) 3 g if E(i) -y g (56)

and equation (55) becomes:

Agy [J(1)3-1 fay5 HOi+1) 4 Ajg Hop - Ayg (1) 3 = ¢ (57)

Re-ordering equation (27) gives:

A1 1911 1Ay HOIHL) = 4 (a()3-1 (Ayy Q()oayg Hy ) (58)

which is a linear system of (NN-NS) equations in H(i+1),

The flows can be updated from (54) which, when introducing the

assumptions (56), gives:
§Q(1) = [g(iyy-1 { Aqg H(i+1) 4 Ajo Ho - A11 (1) 3 (59)

and, using (41):

Q(i+1) = g(i) 4+ [g(i)y-1 ¢ A1p HO3+1) 4 10 Ho - Ag7 (1) 3 (60)

or, reordering:

Q(i+1l) - {I-[J(1)1-14y2001) - [J()1-21a 0B+ 1) 4a  gHOY | (61)

Instead of solving (61), Stimson and Brameller (1981) use the

corresponding equation for the independent flows:

126



Q3 (i+1)={15-[J3(1) 17 1a333Q3 (1) -[J3(1) 1= 1{Ag,H 1+ ) 4A50H0|  (62)

wvhere:
Iz : identity matrix of order NP-(NN-NS)
J3 : partitioned {NP-(NN-NS)}*{NP-(NN-NS)} tangent matrix
corresponding to the independent flows.
A3z3: partitioned {NP-(NN-NS)}*{NP-(NN-NS)} matrix, obtained
from A11, for the independent flows.
A30: partitioned {NP-(NN-NS)}*{NS} matrix, obtained from Aiyg,

for the independent flows.

Upon computing Q3(1+1) with (62), the dependent flows are

updated using the equivalent of equation (48) for the flows:

Qz(i+1) - - A22—1 A23 Qs(i+1) . (63)

As 1t has been said before, Stimson and Brameller (1981) wuse
(62)+(63) to update the flows, thus avoiding the effects of round
off errors in the solution of the linear system (58), where they

found convergence difficulties in some networks.

In summary, Stimson and Brameller (1981) integrated mesh-nodal

algorithm is as follows:

a) Initialise the iteration counter (i=1) and find a balanced
flow solution: Q(l). This is done via the construction of a
minimal spanning tree of the network, determining dependent and
independent Dbranches, and assigning arbitrary values to the
independent flows Qg(l). The dependent flows Qg(l) are computed
with (63). All the matrix partitioning is done at this step,

having the tree and co-tree from the spanning tree.
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b) Compute the tangent matrix J{(i) and the head loss vector:
A11 (1), using the latest flows.

c) Solve the linear system (58) for H(i+1),

d) Update the independent flows using (62}.

e} Update the dependent flows using (63).

f) If the latest flows satisfy the termination criterion stop,

otherwise update the iteration counter and go to step b).

As it can be seen from comparing equations (58) and (28), the
main structure of the linear system for the head update H(i+1) in
the Stimson and Brameller algorithm is fairly similar to that in
the Todini algorithm; indeed apart from the difference in the
sign, which is produced by the definition of dH in the gradient

method (equation 23), the only difference lies in the nodal

imbalance term (A1 Q(i)- g).

On the other hand, for the flow updating, equations (61) and
(25) are identical, although Stimson and Brameller (1981) do not
use (61) for the flow updating; they use (82) which comes out

directly from (61).

Thus the main difference between the integrated mesh-nodal
algorithm and the gradient algorithm, 1is Dbasically in the
handling of the nodal balance. We have not found problems with
round off 1in the gradient method, which allows us to drop the
nodal imbalance in (26) once a balanced flow solution has been
obtained in the first iteration. On dropping the imbalance in
equation (26), both algorithms become equivalent in terms of the

head updating stage. The difference in the flow updating remains.
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The integrated mesh-nodal approach requires the generation of a
minimal spanning tree, to determine the tree and co-tree of the
network. It 1is not clear for us how the algorithm performs in
cases when the topology of the network changes, for example if
check valves or pressure regulating valves close completely,
producing a change in the original topology of the network (26).
The ¢gradient aldgorithm does not require the generation of the
minimal spanning tree (or loops); hence it is not affected by
such topological changes. This is possible because all the
topological information required by the gradient method is

contained in the incidence branch to node matrix Ajg.

The integrated mesh-nodal method is currently being used by the
WATNET computer package; see Crabbe et al. (1982) and Stimson
(1982a, 1982b) for more details.

Dupuis et al. (1987) presented what they called a "new
method"”, which is based on the coupling of the nodal balance
equations and the loop balance conditions (summation of head
losses in a loop = 0). The resulting non-linear system is
linearized via the application of a Taylor’s expansion, which
leads to a linear system having the flow increments as unknowns.
Thus, this is basically the same as the gradient version of the
linear theory method of Wood (1981la), already reviewed in Chapter

Two (Section 2.4.3) and which is not referenced by Dupuis et al.
(1987).
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3.9, Comparison of the dradient method with some of the

W h is
9 troduction

Our objective in this section is to compare the performance of
the gradient method with those algorithms performing best in the
comparison carried out by Wood (198la) [see also Wood and Rayes
(1981)], 1i.e. with the simultaneous 1loop adjustment methods
(looped Newton-Raphson} and the gradient version of the linear

theory method.

Since the integrated mesh-nodal model has been considered an
improvement of the original mesh-nodal method of Hamam and
Brameller (1971), we do not consider the 1latter in the
comparison. The intedrated mesh-nodal has not been included,
because we expect similar behaviour to the gradient method, due
to the fact that their structures are similar; this is also due
to the fact that we do not have a source prodram based on the
integrated mesh-nodal model, which would allow us to determine
the number of iterations and the run-time for comparison

Purposes.

We are mainly concerned with the convergence characteristics of
the algorithms, although the comparison is extended to other

parameters as well.
9.2, Cco ter prodrams used in the comparison.

A set of network examples was assembled and run with computer

programs based on the simultaneous path adjustment method, the
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linear theory method and the gradient method . The computer

programs used for the comparison have the following

characteristics:

a) Simultaneous path adjustment method (Program LOOP)

This is a FORTRAN version of the BASIC program included in Wood
(1981a); the code requires both the initial flow distribution and
the definition of the energy paths (loops) to be provided by the
user, as part of the input data. The linear system of equations
is solved via a direct method, consisting of a Crout’s LU
decomposition coupled with substitution routines, as presented by
Press et al. (1986). The program does not take advantage of the

sparsity of the matrices.

Although other computer codes based on the same method were
also used at earlier stages of this comparison, this program
(LOOP) was found to have the best performance, in the sense that

it was bug-free and reliable.

b) Linear Theory method (Program LT)

This code is a FORTRAN version of a BASIC program included 1in
Wood (1981a). The algorithm used is that described in Chapter Two
(Section 2.4.3). The program requires the identification of
energy paths by the user, but it normally denerates its own
initial flows Dbased on a velocity of 4 fps. The same direct
linear system solver of program LOOP was used in this program.

The program does not wuse sparse technigues for matrix

manipulation.
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Because the main objective of this comparison has been to
evaluate the convergence characteristics of the methods, rather
than the computer codes themselves, we do not claim that a fully
fair comparison has been carried out. Indeed, the codes could
have been improved by simplifying the input data required (no
initial flow distributions and no identification of loops and
energy paths to be provided by the user) and by using better
methods for handling sparse matrices, but these improvements
would not have a positive impact on the convergence
characteristics of the methods on which the codes are based, orly

on the effective storage and run-times.

c) Gradient method (Program GRAD)

This FORTRAN program is based on the algorithm described in
Section 3.6 of this chapter. The code does not need the
identification of 1loops and the provision of an initial flow
solution by the user; it uses sparse matrix manipulation and a
LDLT factorization for the direct solution of the linear system
of equations, as presented by Pissanetzky (1984). (See Appendix A
for details on the direct solution of 1linear systems). This
direct linear solver was used in order to have a relatively fair
comparison with the other programs, which also used a direct

solver.
h et of test e es.

The programs were tested with a subset of 6 examples of ill-
conditioned networks, all of them adapted from cases reported in

the literature.
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i) Example A

This is a network of 66 pipes, 41 nodes and 2 reservoirs (nodes
1 and 2 in Fig. 3.2), taken from a case presented by Chin et
al. (1978) and reduced to its looped part (i.e. without the
branches connected at node 25). This network incorporates small
diameter pipes connected to larger diameter pipes, and its size
makes it similar to real networks found in practical
applications. The nodal demands have been reduced (producing
velocities of under 0.2 m/s) to simulate the behaviour of the
network during the night. This example network includes 2

gravitational sources and it does not include pumps.

ii) Exemple B

This 1is almost the same network as example A, except that 6
pumps with steep characteristic curves have been included; also,
the branched part connected at node 25 (see Fig. 3.2) has been
added which gives a total of 74 pipes, 48 nodes and 8 sources.
The steep characteristic curves have been taken from data of real
submersible multistage pumps with speeds in the range of

2900/3500 r.p.m..

iii) E le C
This 1is the same basic network as presented in example B, but
now the nodal demands have been multiplied by a factor of 10,

simulating extremely high daily consumptions.
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JOHORE

19 > SUPPLY

Fig. 3.2. Basic network for examples A, B, C and D, from Chin et
al. (1978). -
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iv ample D

The previous example C has been modified to include 2 valves
(in links 67 and 70) which are completely closed in order to
simulate the eventuality that a particular link ceases to carry
flow (e.g. a check valve working under reverse flow or a pressure
reducing valve being closed by the system downstream pressure).
The valves are located in such a way that, when fully closed, the
original network becomes a disconnected system, with two
independent sub-networks, each one with its own sources.

v) Example E

This is a network of 16 pipes, 14 nodes and 2 sources, adapted
from a case presented by de Neufville and Hester (1969), as shown
in Figure 3.3. This network becomes ill-conditioned when one of
its pipe diameters is reduced (pipe 10), while the remaining
pipe diameters are unchanged.

xample F

This is a network of 13 pipes, 10 nodes and 1 source, reported
by Barlow and Markland (1968), as shown in Figure 3.4. This
network becomes ill-conditioned for +the particular diameter

distribution used.
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3. Network for example E, from de Neufville and Hester

Fig. 3.
(1969).

100 m
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11 (|/3£)¢CSD — (9= 370 (/5)

Fig. 3.4. Network for example F, from Barlow and Markland (1969).
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3,9.4, Comparison of the algorithms for the simultaneous path

iustment inear theory and gradie methods.

In order to produce a comparison of the algorithms, independent
of the initial conditions, the same initial flow distribution was
supplied to all the programs. In standard applications, both the
linear theory and the gradient methods, do not need an initial
flow solution as part of the input data. For the sake of a fair
comparison, a direct solution was used for solving the linear

system of equations in all the cases.

The results of running the test networks with the 3 computer

programs are summarised in Table 3.1.

From the results obtained by Wood (198la) the following are
the most usual causes of convergence problems in water
distribution networks:

- low resistance links connected to high resistance ones;

- the presence of pumps with steep characteristic curves.

Based on the results summarised in Table 3.1, the conclusions

of Wood (198;a) are partially corroborated.

From the pipe flows point of view, the simultaneous path
ad justment method (program LOOP) and the linear theory method
(program LT) converged for all the examples, even under cases
previously reported as ill-conditioned ( examples E and F). Both
programs failed to determine the piezometric heads when the
network included very small diameter pipes, or nearly closed

valves (examples D and E), where the high head loss (eventually
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Table 3.1.

LT and GRAD with test examples.

Summary of the performance of the programs LOOP,

P 0] G R A
EXAMPILE}-———--—-— e
LOOP LT GRAD

convergded converged converged

A iter=186 iter=17 iter=16
t=69.53 sec. [1] t£=788.51 sec. t£=29.77 sec.
converged slow convergence converged

B iter=12 iter=13 iter=10
t=91.67 sec. t=961.69 sec. t=34.00 sec.
converged slow convergence converged

C iter=13 iter=15 iter=12
t=100.13 sec. t=1109.82 sec. £=39.16 sec.
converged [2] slow convergence converged

D iter=21 iter=21 [2] iter=19
t=154.94 sec. t=1551.76 sec. t=57.28 sec.
some heads unavail. some heads unavail.
converged [3] converged " converged

E iter=12 iter=13 iter=12
t=4.67 sec. t£=22.36 sec. t=5.38 sec.
some approx. heads
converged converged converged

F iter=4 iter=8 iter=4
t=2.69 sec. £=9.12 sec. t=2.47 sec.

Notes

[1] All the times correspond to mean execution time on an
IBM-PC compatible computer (Amstrad PC1512, with
co-processor 8087).

[2] Program failed to compute piezometric heads in one
sector of the network.

[3] Computed heads are not exact.

[4] Only for fairness in the comparison, all the programs
are starting from the same initial flow solution. For
the same reason, a direct solution was used in all
the programs.
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of "infinite" value) produced unreliable piezometric heads in the
section of the network which does not remain connected to the
reference node. This is in fact a problem inherent to all loop or
path-based methods, and is produced because the network is
broken-up 1into two (or more) disconnected sub-networks and
consequently the path to the reference node is lost. A solution
to this problem can be produced, by re-defining the reference
node, but it is not clear if this makes the program problem-
dependent, because, in more complex networks, the disconnection
of the system may happen anywhere (i.e. due to pressure

regulating valves, maintenance work, etc.).

On the other hand, the linear theory method, in its improved
form, showed slow convergence when applied to networks with steep

characteristic curve pumps (examples B, C and D).

The 1linear theory method produces a matrix of coefficients
for the linear system (see Chapter Two, equation 150), which is a
non-symmetric matrix. This is another shortcoming of the 1linear
theory method, since it makes the storage requirements critical
for real networks, even when efficient sparse matrix techniques
are used; in addition, pivoting 1is necessary in order to
guarantee the stability of the linear solver, which implies an
extra computational cost. The simultaneous path adjustment
method, and the gradient method, produce symmetric matrices of
coefficients 1in the linear systems of equations; as a result,
their storage demands are about 34% (simultaneous path) and 41%

(global gradient) of that needed for the linear theory method.
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These are approximate values computed for a regular square

network.

The global gradient method did not fail to converge for any

of the test examples; moreover, since its development, we have

not been able to find a single example of failure or

unsatisfactory convergence rate. This method did not experience

problems when c¢losed valves or high resistance 1links where
introduced into the networks. This is due to the fact that, at
each stage, the algorithm computes both heads and flows;
subsequently, it will converge properly provided that all the
sub-networks do have a source, which is a sensible condition
from the physical viewpoint. This is an important advantage of
the method, since the situation described will probably occur
wvhen using this method for simulation purposes, in more complex
systems having check valves and pressure regulating valves.

Future implementations will include the detection of cases such

as those where a sub-network does not have a source, displaying a

clear warning to the user.

The proposed method requires an efficient and robust linear

system solver, and we study this problem in Chapter Five.

We also ran other codes for the "simultaneous path
ad justment"” algorithm, wusing different solvers for the linear
system of equations, and some of them failed to converge for some
of the test examples. This suggests that some reported 1ill-
conditioned cases are solvable, when a different 1linear system

solver 1is used. This seems to be a numerical problem and not a

problem of the water distribution analysis methods themselves.
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3.10, Concludindg remarks.

When compared with the simultaneous path adjustment method and
the linear theory method, the proposed gradient method has the

following advantages.

1. It can solve directly partly looped and partly branched
networks, while, in the simultaneous path method, the problem
needs to be transformed into an equivalent looped network, prior
to the apprlication of the iterative algorithm. This has to be

done by the user (manually) or incorporated as an additional

subprogram.

2. The proposed gradient method does not need a loop or path
definition, as in the cases of the simultaneous path adjustment
and the linear theory methods. Even though this task can also be
done by the computer, it implies an additional computational cost

(in the examples tested in this paper, the paths were provided as

input data).

3. The proposed gradient method can solve in a straightforward
way networks that during certain periods of operation can become
disconnected (due to the action of check valves or pressure
reducing valves, for example). The simultaneous path adjustment
and the linear theory methods cannot cope with this situation,
although it might be possible to implement an additional
subroutine that could solve this shortcoming, although it is
doubtful if an absolutely reliable algorithm can be obtained,
especially when dealing with larger and more complex systems.

Either way, this means an additional computational cost.
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In summary, it has been shown that the gradient method for
determining the steady state flow in water supply distribution
networks, offers some advantages when compared with other
gradient-based algorithms, such as the "simultaneous path
ad justment" method and the linear theory method. The reliability
of the method, in terms of its ability to converge for both the
flows and the piezometric heads, under extreme cases based on
ill-conditioned problems, makes it desirable for optimum design
and simulation applications, where manual intervention to avoid

convergence or disconnection problems is not possible.
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CHAPTER FOUR

EXTENSION OF THE GRADIENT METHOD TO INCLUDE REGULATING VALVES:
A NEW PHYSICALLY-BASED APPROACH

4.1. Introduction.

So far, we have studied water distribution networks having
pires, pumps and valves. The kind of valves we have been dealing
with are basically gate and butterfly valves; in other words,
valves with a fixed and known head loss-flow characteristic
curve. These valves may be operating fully open, partly open or
fully closed within the network, and the state of each valve is
assumed to be known prior to the analysis of the system; in fact,
the operator can alter the setting of any of these valves (by
giving instructions to a field crew or via a motor-operated
system), but basically the valves characteristics are known

and/or are determined by the operator.

From the hydraulic point of view, gate and butterfly valves
represent a local (minor) head loss whose magnitude depends on
the valve type, its design and its operational status (fully
open, partly open or fully closed). A short review of different

types of valves and their characteristics may be found in Ruus

(1981).

In the context of the gradient algorithm, we have introduced
a general model in Chapter Three (Section 3.5) for the head
loss/flow characteristic curve of all devices via a polynomial

expression:
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h..:a..Q..n+B.. (1)
where: 1J 1d "Lg 1J

hjj : head loss (m) in the branch starting at node "i"
and ending at node "j".

n ! real exponent, typically 1.85-2.0, depending on the
formula used.

®jj» Bjj : characteristic parameters. Because (1) is our
general model, for pipes and valves we drop the
constant term (i.e. B3 j=0), being the head loss/flow
characteristic dependent on «;j j only. This value is
either supplied by each valve manufacturer, or 1is
determined via laboratory or field head 1loss/flow

measurements, for different operating conditions.

The model (1) is then able to describe any type of device with
a fixed head loss/flow characteristic curve (valves, meters,

fittings, etec.).

Due to the variable behaviour of water consumption, the network
reacts by varying both pressures and flows, which the operator
must maintain within pre-specified 1limits to achieve an
acceptable service. Minimum and maximum pressures are required at
any point in the system. Also, constant flows may be required to
satisfy fixed demands. On other occasions, we may be interested
in avoiding flows in certain directions. To avoid overflows when
feeding a reservoir, it may be desirable to include 1in the
network an automatic level control valve (altitude valve). Some
of these requirements may even change during different periods of

a day (e.g. from day to night pressures can be reduced in order
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to reduce leakages).

To cope with all these requirements (and others) a wide range
of pressure, flow and level control valves are available,
allowing the operator to fulfil the operational constraints in an
automatic way, without his permanent supervision. ©Since the
variety of control valves is quite wide, we shall refer to the
most widely used ones, namely check valves, pressure reducing
valves and pressure sustaining valves. A short explanation of
their physical characteristics is needed in order to understand

their behaviour, and to determine an adequate mathematical

representation.

Pressure reducing valves (PRY’s) and pressure sustaining valves
(PSV’s) belong to the same type of pressure controlling devices,
but check valves (CV’s) are completely different, because their

designh and operational behaviour is different.

4.2.1. Check valves.

The main purpose of a check valve is to allow flow in one
direction only, preventing flow reversal. This situation may
arise when féeding a high pressure zone of the network from a
lower pressure 2zone, via pumps for example; in such cases, we
would be interested in avoiding backflow from the higher to the

lower pressure zone, when the pumping system is switched off.

The traditional hydro-mechanical design of a check valve has

been based on a flap, which is forced open by the flow itself (in
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one direction), but that automatically closes when the flow
approaches zero, or when it is going to be in the opposite
direction. Due to the undesirable side effects of this type of
valve, especially from the pressure surge viewpoint, a number of
modifications of the basic valve have been implemented, in order
to reduce the waterhammer produced by a very fast closing of the
valve. Also, some hydraulically controlled designs are
available, in order to slow down the response of the valve, but

we shall not describe them here.

As a result, a check valve can operate under two mutually
exclusive modes:
a) Fully open: when the inlet pressure is greater +than the
outlet pressure.
b) Fully closed: when the outlet pressure becomes greater than

the inlet pressure.

Hence, the wvalve has an associated direction, and its
installation must be made accordingly. The valve operating mode
is controlled by its outlet and inlet pressures, these being

independent of the operator’s commahds.

Mathematically, the valve has to be described with two
different head loss-flow relationships

i) Fully open (inactive mode):

hjj = «jj Q" when Hij > Hj (Qjj > 0) (2)
wvhere:

«j j = constant, dependent on the valve design.

Qjj = flow from node "i" to "j" (1/s)

H;y = piezometric head at node "i" (m)
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iji) Fully closed (active mode):

hjj =Hj - Hj (Qj; = 0) when Hj > H; (3)
4.2.2. Pressure troll] Jevi : . -

It is possible to identify three main components in a pressure
controlling valve: main valve, relay system and connecting piping
plus fittings. The main valve and the relay system are basically
the same for most of the pressure control valves; they differ
only in the connecting piping and fittings, which are added to
the main valve to achieve its particular objectives. A more
detailed description of the construction and operational

characteristics of pressure reducing valves can be found in

Ratcliffe (1986).

For convenience, we shall refer to Glenfield & Kennedy control
valves, a leading British valve manufacturer, but most of their

features are applicable to other manufacturers as well.

a) Main valve.

Although there are different design concepts for the valve body

we shall refer to control valves based on globe valves.

The main valve body is a cast iron globe valve design, modified
to include an upper cylindrical section, which contains a mobile
element that fits into the main valve seat. Either Figures
4.1.a. or 4.2.a. can be used to follow the description of the
different valve components. From the hydromechanical viewpoint,
the central mobile “valve element"” (component 1 in Fig. 4.1.a.)

introduces a variable head loss throughout the valve, depending
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1 Valve Element

2 —11 2 Upper Cylinder
P= 3 lsola.ting Cocks
: : 10 4 Strainer

. S Orifice

6 Needle Cock

7 indicator

5 6 7 8 Relay Valve

4 F 9 Diaphragm

3 =13 10 Spring

N 11 Adjusting Screw
!_'-°,W. Py 12 Pressure Gauge
P2 13 Alternative Constant
Pressure Connection
14 Electric Motor

a)  Valve Nos. 1301 and 1302
Standard and Motor Operated Valves

If the outlet pressure P2 becomes too high to
balance the spring load, the relay valve

tends to close. allowing pressure P3 to
increase, causing the main valve to tend to
close, thus reducing P2 to the set value.

Similarly, if P2 becomes too low to balance
the spring load, the relay valve opens, P3
decreases, the main valve opens further and
P2 risas again to the set value. Thus the valve
continuously maintains the desired constant
downstream pressure P2, which is determined
only by the spring load and is entirely

b) Operation independent of the upstream pressure.

UPSTREAM STATIC PRESSURE WITH VALVE SHUT

S TATIC PRESSURE
VALVE SHUT If DOWNSTREAM PRESSURE
EXCEEDS SET OUTLET PRESSURE
RANGE OF GRADIENTS WITK INLET PRESSURE RANGE

CORRECT OUTLET PRESSURE

j\ /consnm OUTLET PRESSURE

VALVE FULL GPEN AND DOWNSTREAM STATIC PRESSURE WITH VALVE SKHUT
IN ACTIVE WNEN INLET
PRESSURE FALLE BELOW

SETOUTLET PRESSURE | LosS~
) 3 A RANGE OF GRADIENTS WITH CORRECT

\ N HRO' .
. VA(VE UTLET PRESSURE

—

| SET OUTLET

< PRESSURE RANGE OF GRADIENT

RANGE OF GRADIENTS WITH IS - UNDER EXCESS DRAW OFF
VALVE FULL OPEN INLEY

POSSIBLE WITH EXCESS DRAWOFF .
UPSTREAM OR DOWNSTREAM OF VALVE

¢) Hydraulic Diagram for Pressurce Reducing Valves

Fig. 4.1. Pressure Reducing Valve, Design and operational

features, :
215/Rafes from Glenfield & Kennedy Ltd., Pub.
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T
107=
Vslve Element
Upper Cylinder
Isolating Cocks
Strainer
Orifice
Needle Cock
indicstor
Relay Valve
Disphragm
10 Spring
11 Adjusting Screw
12 Pressure Gauge

56- =7 -8
ﬁ
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a) Vaive No. 1310 Standard Valve with manually operated relay valves

When the inlet.pressure P1 becomes too high
to balance the spring load, the relay valve
tends to open, allowing pressure P3 to
diminish so that the main valve tends to open,
thus reducing P1 to the pre-set value,

When used in the Sustaining application, if
P1becomes too low to balance the spring load,
the relay valve closes, P3 increases, the main
valve closes and P1 rises again to the pre-set
valua

b) Operation

STATIC PRESSURE -VALVE FULL OPEN

| WHEN VALVE IS FULL OPEN
OUTLET PRESSURE MAY RISE
—_— . . . ABOVE SET INLET PRESSURE
RANGE OF GRADIENTS ) I
WITH VALVE FULL OPEN -

—————.

POSSIBLE GRADIENTS
WITK CORRECT

INLET PRESSURE /TiﬁMINAL UPSTREAM PRESSURE

RANGE OF GRADIENTS

VALVE SHUT wHEN TERMINAL 4 i WITH CORRECT INLEY PRESSURE
UPSTREAM PRESSURE IS LESS |
THAN SET INLET PRESSURE INLET

EXCESSIVE DRAW OFF

c) Valve No. 1310 Pressure Sustaining Valve Hydraulic Diagram

Fig. 4.2. Pressure Sustaining Valve. Design and operational
features, from Glenfield & Kennedy Ltd., Pub.
215/R3.
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on the relative values of the pressures at the inlet, outlet and
upper cylinder (in Fig. 4.1.a.: P1, P2 and P3, respectively).
This component (the valve element) allows the valve to move from
a fully open position, with a minimum head loss (component 1 up,
see Fig. 4.1.a.), to a fully closed position (component 1 down)

with a maximum head loss.
b) Relay system.

The relay system allows the operator to set a pre-specified
pressure to be maintained, either at the inlet or outlet of the
valve (depending if we are dealing with a PSV or a PRV). This
relay system consists of a small relay valve (component 8 in
Fig. 4.1.a.), which is operated with a spring (component 10 of
Fig. 4.1.a.), whose tension 1is set via an adjusting screw
(component 11 in Fig. 4.1.a. ). The screw can be operated by
hand ( 1local control mode) or via an electric motor (remote
control mode). The force produced by the spring tension acts
against the pressure being controlled (either downstream or
upstream of the valve), opening or closing the relay valve when
the controlled pressure differs from the pressure produced by the
spring. A reinforced synthetic rubber diaphragm (component 9 in
Fig. 4.1, a.) allows the controlled pressure to be applied

directly against the compressed spring.
c) Connecting piping and fittings.

The inlet, outlet and upper cylinder of the valve, and the

relay system, are connected by a series of small pipes and
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valves. A change in their connectivity implies a change in the
objective of the control valve, transforming the basic globe
valve body into a PRY, a PSV, altitude valve, constant flow valve
or a combination of some of them. This flexibility provided by
the connecting piping system, added to the fact that the pressure
settings can be adjusted on-site or by remote control, makes this
type of device a very helpful piece of hardware in any

efficiently operated water distribution network.

A PRY is a pressure controlling device designed to perform the
following duties:
— Maintain a constant downstream pressure when the upstream
pressure exceeds a pre-established pressure setting.
- Avoid reverse flow when the downstream pressure becomes
higher than the pressure setting and/or when the inlet

pressure becomes less than the outlet pressure .

The first objective is met via the variable head loss
introduced by the “"valve element"”, as explained before. Figure
4.1.b. explains how the PRY reacts to outlet pressure variations,
different from the valve setting, adjusting the position of the
valve element (component 1 in Fig. 4.1.a.), until the head losses
within the valve produce the desired outlet pressure. In this

operational mode, the PRV is said to be in the "active mode".

The second objective is met by the PRV being fully closed,
acting in fact as a check valve and preventing backflow or

backpressure. This is the "check valve mode" of operation of the
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PRV. This operational mode is achieved in two situations:

i) The outlet pressure (P2, see Fig. 4.1.a.) is ¢greater than
the pressure setting; then, the difference between spring tension
and outlet pressure P2 is acting upwards, closing the relay valve
(component 8 in Fig. 4.1.a) and increasing the pressure in the
upper cylinder (P3 in Fig. 4.1.a.). As a result of a greater P3,
the valve element moves downwards, closing the valve.

ii) The outlet pressure (P2 in Fig. 4.1.a.) is lower than the
setting pressure, but greater than the inlet pressure (Pl in Fig.
4.1.a.). The relay valve keeps open and P1 < P3 < P2, then the

pressure in the upper cylinder is greater than the inlet one (P1)

and the PRV closes.

A third situation arises when the inlet pressure is less than
the pressure setting, but greater than the ocutlet pressure. In
this case the PRV operates fully open in its "inactive mode",
introducing a minimum head 1loss into the system. In this
particular situation, because P2 is 1lower than the setting
pressure, the relay valve remains open and, then, P1 > P3 > P2

vhich means that the valve element tends to stay fully open.

Figure 4.1.c. explains graphically all the possible operating

modes of a PRV and shows the corresponding pressure profiles.

As a result, the head losses through the PRY are essentially
variable. When the PRV is fully open, this introduces a minimum
local head loss, while, when in the active mode and check wvalve
mode, the PRY can be understood as a variable head loss device.

This feature is shown in Figure 4. 3.
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Another way of understanding the PRVY’s behaviour, is by
plotting both the inlet (Hj) and outlet (Hj) pressures
simultaneously, as shown in Figure 4.4, for a constant positive

flow through the valve.

In the operating point "1" of Fig. 4.4 (H; < Hsetting) the
valve 1is fully open, and the difference between the inlet and
outlet pressures depends only on the flow (or velocity) and the
minimum head loss characteristic coefficient («y) of the valve.
This coefficient is generally of the order of 5 to 10 velocity

heads.

In the operating point "2" of Fig. 4.4 (Hj = Hgetting + b1l
hi1 is equal to the local head loss produced through the valve in
the inactive mode (wide open). At this point, as Hj increases,
the valve starts closing, increasing its internal head loss in

order to maintain a pre-specified setting.

In the operating point "3" (Hj > Hgetting * hi1), Hj is
maintained at Hgetting Via extra head losses produced by closing

the main valve.

Figure 4.4 is valid for positive constant flows only, that is

to say, flows from the specified initial to final node.

A simple graphical representation of a PRV, involving the main
variables Hj, Hj, Qjj, Hgetting and «jj has not been found in the’
literature. Figures 4.3 and 4.4 involve only a partial
representation of the PRV’s behaviour. An attempt to represent
most of the variables involved is provided by Figure 4.5, in a

tri-dimensional plot.
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P. R. V. in the ACTIVE or
i i CHECK VALVE operating mode

P. R. V. INACTIVE (fully open)
n
hij =&

>

O;j

Fig. 4.3. Feasible head loss/flow region for a pressure
reducing valve. (For a variable flow).
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outlet head
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H setting
n
h1=%0jj
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» inlet head
Hsetting Hsetting * N1
N >

Valve fully open  Valve portly closed
Fig. 4.4. Relationship between inlet and outlet heads in
pressure reducing valve. (For a constant flow).
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Figure 4.5 is valid for positive constant flows only. In the

horizontal plaﬁe, Hij versus Hj, we have the previous Figure 4. 4.

When Hj < Hgetting + b1, the PRV is in the active mode (fully

open), and its head loss-flow relationship is described by:

hijj = Hi - Hj = ¢ Q337
where

%5 : a constant corresponding to the minimum head 1loss
coefficient of the valve.
Qjj : the flow which, for Fig. 4.5 has been held

constant, then hjj = constant for Hj < Hgetting + bhi-

For Hj > Hgetting *+ hi, the valve increases its «jj , i.e. we
are in the active mode, and the relationship between hjj; and «j j
is linear, with a proportionality factor (slope) equal to Qijn .

Figure 4.5 has been obtained assuming that a wvariable head
reservoir (head variation 1is independent of the flow), is
connected directly to the upstream node of the PRV. The flow is
assumed to be constant and the setting of the PRV is also
constant. This 1is an ideal situation, since when a PRV is
inserted in a more complex real network, the upstream head H; and
the flow Qjj are not independent, and the flow is not constant,
because a change in the internal head loss of the PRV causes a

redistribution of flows in the network.

Figure 4.6 attempts to represent the more general situation,
for a variable flow, showing the relationship between Hj and Hj.
The coefficient «j j can be incorporated as a third variable, as

in the case of Figure 4.5, for showing the non 1linear effects,
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but its practical usefulness is negligible. Figure 4.8 has been
obtained from a system where the reservoir is pnot connected
directly to the valve inlet, but through a network; then, the
variable inlet pressure is due to the head losses throughout the
network. Starting from zero flow, we move from the point “3" (in

Fig. 4.6) to the left.

The main difference between Figures 4.6 and 4.4 is that the
ascending 1limb of the curve is no longer a straight line, since

now it has to include the effect of the variation of flow.

The practical application of the previous figures 1is rather
limited, but they help to understand the behaviour of the PRV’s

and also to point out their complexity.

For practical purposes, a lumped representation of the response
of the network to changes in the internal resistance of the PRV’s
can be obtained by plotting the downstream head of the PRV versus
the characteristic coefficient «;j ; the result is shown in Fig.
4.7. Two possible situations are clearly differentiated, namely
curve "a", where the downstream head 1is dependent upon the
upstream conditions (i,e. dependent on the internal head loss in
the PRV), whereas in curve "b", the system characteristic does
not allow the downstream head to be dependent on the upstream
conditions. The latter is typically the case when the downstream
conditions produce heads greater than the PRV setting, and the
valve tends to close; in other words, the PRV is controlled by
the downstream conditions rather than the upstream ones; in this

case the PRV cannot produce the desired Hgetting 8t its outlet

and simply closes.
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Fig. 4.5. Relationship between inlet and outlet head, and «jj

in a pressure reducing valve. (For constant flow).
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Fig. 4.6. Relationship between inlet and outlet heads in
a pressure reducing valve. (For a variable flow).
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In the case when the outlet pressure is dependent on the head
loss through the valve, Fig. 4.7 clearly suggests how can we find

the value of “ij* which produces an outlet pressure equal to

Hsetting-

Essentially, to include PRV’s in our model, we shall be using
the feature represented in Fig. 4.7 to balance the network
iteratively. This procedure shall be explained in more detail in

subsequent sections.
Valv ’

A PSV is a pressure controlling device designed to perform the

following duties:

- Maintain a constant minimum upstream pressure regardless of

the downstream pressure.

- Avoid reverse flows when the upstream pressure becomes
lower than the pressure setting and/or when the inlet

pressure becomes less than the outlet pressure .
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Aij
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Fig. 4.7. Response of the network at the downstream end of a
PRY, to variations in the resistance characteristic
coefficient «j j.

The first objective 1is met via the variable head loss
introduced by the "valve element"”, as explained before in the
case of PRV’s. Figure 4.2.b. explains how the PSV reacts to
outlet pressure variations, different from the valve setting,
adjusting the position of the valve element (component 1 in Fig.
4.2.a.), wuntil the head losses within the valve produce the
desired inlet pressure. In this operational mode, the PSV is

said to be in the "active mode".
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The second objective is met by the PSV being fully closed,
acting in fact as a check valve and preventing backflow .This is
the "“check valve mode" of operation of the PSV. This operational

mode is achieved in two situations:

i) The inlet pressure (P1l, see Fig. 4.2.a.) is lower than the
pressure setting; then, the difference between spring tension and
inlet pressure Pl is acting downwards, closing the relay valve
(component 8 in Fig. 4.2.a) and increasing the pressure in the

upper cylinder (P3 in Fig. 4.2.a.) and, as a result, closing the

valve element downwards.

ii) The outlet pressure (P2 in Fig. 4.2.a.) is greater than the
inlet pressure (Pl 1in Fig. 4.2.a.) and lower than the inlet
pressure setting. The relay valve keeps open and P1 < P3 < P2,
then the pressure in the upper cylinder is greater than the inlet

one (Pl1) and the PSV closes.

A third situation arises when the inlet pressure is greater
than the pressure setting, and greater than the outlet pressure.
In this case the PSY operates fully open in its "inactive mode",
introducing a minimum head loss into the system. In this
particular situation, because Pl is greater +than the setting
pressure the relay valve remains open and, then, P1 > P3 > P2

wvhich means that the valve element tends to stay fully open.

Figure 4.2.c. explains graphically all the possible operating

modes of a PSV and shows the corresponding pressure profiles.

As a result, similar to the case of the PRV’s, the head losses

through the PSV are essentially variable and equally complex to
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represent graphically. Figure 4.8 is the equivalent of Figure 4.4
for the case of a PSV. We shall omit the rest of the figures,
corresponding with those displayed in the case of a PRV, and we
shall show only the corresponding lumped schematic representing
the response of the system at the inlet of the PSV versus the
head 1loss characteristic parameter o s which is shown 1in Fig.

4.9,
4.3, Existing models for pressure controlling devices.

Although it is known that many of the network analysis codes
used in consultancy work are able to deal with pressure
controlling devices, the open literature provides only a few

references on the modelling of such devices.

In the early 1970’s, Zarghamee (1971), following a nodal
approach, explicitly considered the presence of PRV’s. He
actually modelled the set PRV plus the pipe in which the device
was inserted and, for the case when the PRV is next to the
upstream node "i'", the model is:

Qij = Rij (Hsetting - Hj) 1/® when H; 2 Hgetting 2 Hj  (4)
vhere:

Rj j is the conductance of the pipe branch between the outlet

of the PRV and the downstream node "j".
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Fig. 4.8. Relationship between inlet and outlet heads in a
pressure sustalning valve. (For constant flow).
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PSV, to variations in the resistance characteristic

coefficient «j j.
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When Hj < Hj < Hgetting: then Hsetting must be replaced by Hj
in equation (1), and the same model can be used to represent the
PRV’s behaviour. It is implicit that the valve closes when H;<H;

or Hj > Hgetting (i.e. Qij = 0.0).

Zarghamee (1871) reported a successful application of his
method to a water distribution system in Teheran, containing 9
PRV’s and 1located in a steep area of the city. Although some
details are not completely clear from the paper, Zarghamee did
get convergence in two study cases (convergence is reported to be
slower when pumps are operating). No problems were reported

due to the presence of the PRVY’s.

Donachie (1974), within a nodal formulation, proposed a two
stage process for modelling the PRV’s. In the first stage of the
iterativ; procedure, when the difference between successive heads
is greater than 1 m., the outflow is computed with an upstream
pressure pi*, such that:

pi* = min (pj, pg) (5)
where: |

Pi: is the actual upstream pressure.

Ps: is the downstream pressure setting of the PRV.

In the second stage (closer to the final solution), the PRV is

considered as a fixed outlet pressure device, 1i.e.: with a
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constant outlet pressure equal to pg, provided that pj > Ps.

Jeppson (1976) and Jeppson and Davis (1976), reviewed all the
modifications needing to be introduced in the different
formulations of the network analysis equations in order to
include PRV’s. Basically, the PRV’s are modelled by splitting
the branch where the PRV is, inserting a pseudo-reservoir whose
head 1is equal to the PRV setting and imposing flow continuity
over the two halves of the resulting pieces of pipe, as shown in

Fig. 4.10.

As a result, the introduction of the pseudo-reservoir in the
network analysis equations affects the different formulations, in
a way which is summarised in Table 4.1, using the notation of

Fig. 4.10 and considering the usual head loss/flow model:

hij = ®ij Q13" + Bij (with Bj; = O for pipes)

9 Hsetting
Hsetting

Q;;

q Q (\J

J ) \\
~ q.
\ J

\
a) Real Pressure Reducing Valve. b) Pressure Reducing Valve modelled as pseudo—reservoir.

Fig. 4.10. Modelling PRV’s as pseudo-reservoirs.
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Table 4.1. Summary of

formulations of

effects

of PRV’s in different
network analysis equations

{following proposition of Jeppson (1976) and Jeppson
and Davis (19786)].

Original set of
equations (no PRV’s)

Modified set of
equations (with PRV’s)

Q-equations: (NN-NS+NL eq.)
a) Nodal flow continuity:
ﬁ Qjk = qj i=1,..,NN-NS

b) Loop head continuity:
E %jj Q™ = 0 1=1,.,NL

————— —— — o ————————— — —— —— s " o]

H-equations: (NN-NS eq.)
Nodal flow continuity:

lek—z((Hl

Hk)/alﬂ )1/n-q1
177

—————————— — — —— —— — _— — T tn — ]

§Q-equations: (NL eq.)
Loop head continuity:
E «j j(Qf j+6Q)26Qy) D=0
1 1=f,...,NL

(see Note 4)

'1-1,.. NN NS (see Note 2+Fig. 4.10)
b) Node "j":
lek = z ((H -Hg) /e3x) 170 4

€Hsettln -Hj) /oy 5)1/n=q;

j=1, NN NS (see Note 3+Fig. 4. 10)
Additional flow continuity equation:
Q ix = QyJ = Ql? (see equ. 10)
(Hi-Hyx)/xix = Hsettlng*HJ)/“yg
Loop head continuity:
L alJ(Q13+SQ1+6Q n = (same as
1 1= , (NL- NPRV) before)

a) Nodal flow continuity:
same as in the original set
b) Loop head continuity:

I «;5 Qj3® = 0 1=1,., (NL-NPRV)

1 (same as before)

Eualj Qj 5 -lﬁs?ttlng Hreservo1r
(changed, see ﬁééé’l)

Nodal flow continuity: .
(Hj >Hgetting”>Hj) as before, except:
a) Node "i":
IQik = I ((Hi-Hg)/ag)l/n +
+ ((Hi-Hy)/«j5)1/n = g5

L 0‘1J(Ql.]*"S‘QTL""?QN)n‘Hset‘t;1ng“['lreserv
1" 1"=1,...,NPR (changed)

Notes: (0) NN
NS
NL

(1) 1"

the pseudo-reservoir with a real reservoir .

(2) xjx: « corresponding to the pipe from node "i" to "k".
®jx: « corresponding to the pipe from node "i" to "x".
Hy : head at the inlet of the PRV.

(3) « j: « corresponding to the pipe from node "y" to "j"

(4) SaN‘ flow correction in neighbouring loops.

total number
number of source-nodes.

number of loops (or energy paths).
NPRV= number of PRV’s

considers a pseudo-loop replacing the original loop
broken-down by the introduction of the PRV and linking

of nodes.
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As it is clear from Table 4.1 that every PRV implies that the
original pipe (from nodes "i"- "j") is split up into two parts,
we need to restore one loop equation for every PRV introduced.
For this purpose, it is necessary to link every PRV with some
existing (real) reservoir, create a path between them, and write
down the equation establishing that the head loss in this path
must be equal to the difference between the pseudo-reservoir head
(Hgetting corresponding to the PRY) and the head of the real

reservoir.

As far as the H-equations are concerned, the model proposed by
Jeppson and Davis (1976) introduces an additional unknown (the
head at the inlet of the PRV: Hy) for each PRV, but also

introduces an additional flow continuity equation

Qix = Qj = Q4 j (6)
because
Qix = ((Hj-Hy)/oj4)1/n (7)
Qyj = ((Hsetting=Hj) /oy ;) 1/n (8)
then, from equation (6):
s .11 -
[(Hl Hx)/alx] /n = ((Hsettlng‘ﬂj)/qyjll/n (9)
or
(B - Hyx)/ a4 = (Hsetting - Hz)/ %y 3 (10)

Jeppson (1876), and Jeppson and Davis (1976) gave a number of
examples on how to introduce PRV’s into the networks using these
procedures. We have tried to reproduce them, but we have not
been able to attain the same results. This disagreement will be

discussed in a subsequent section.
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Lekane (1979) followed a similar approach to that proposed by
Zarghamee (1871) in modelling PRV’s within a nodal formulation.
He also reported the results of the application of the method to
a small network ( 18 nodes and 24 branches with 2 PRV’s).
Another application to a bigger network (314 nodes and 424

branches) is also mentioned.

Lekane (1979) raised the question of the uniqueness of the
solution of the steady state, especially when dealing with
devices 1like PRV’s, CV’s and pumps. He pointed out that,
according to experience, a unique solution can be expected.
Lekane also mentioned the fact that the presence of PRV’s turns
the symmetric Jacobian matrix into a non symmetrical one. This

is relevant from the computational viewpoint.

Collins (1980), in discussing several common possible causes of
difficulties in network analysis, drew attention to the
uniqueness problem, especially when dealing with a network with
control devices. He concluded, based on a simple example of a
network with 7 nodes (3 of them reservoirs) and 6 branches (3
pumps, 2 PRV’s and one gate valve), that no definitive answer has
been obtained for this problem. We shall discuss this
interesting case in more detail later on. Collins also questioned
the wvalidity of the usual procedure for dealing with multiple
pressure controlling devices within an iterative solution, vwhere
an initial status is assumed for these devices, and a checking
procedure is implemented at the end of the iterations, in order
to prove that the control devices are indeed working in the

assumed conditions. Collins queries if such a check should be
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carried out at the beginning of the iterations or after having
reached a certain degree of convergence ( if so, what 1is the
“right” degree of convergence ?); clearly, because in the first
iterations, the network can be working in conditions that are
very far from the final ones, the checking procedure can lead to
a completely wrong solution, if it leads to any one at all

(depending on the termination criteria).

Chandrashekar (1980), based on graph theory concepts, developed
the models for introducing PRV’s, CV’s and booster pumps into the
network analysis equations (nodal approach). Basically, the
model for PRV’s used by Chandrashekar is the same as that used by
Jeppson (1976), adding a pseudo-reservoir whose head is equal to
the PRV setting. This author also' gave some warnings about the
possibility of not finding a solution via the application of this
method (and others reported in the literature); he suggested
that an oscillatory behaviour and slow convergdence can be
expected due to numerical problems, although he did not encounter
such problems . Chandrashekar also gave some examples of the

application of this procedure; we agree with his results.

Gessler (1981), in a review paper, recognised the complexity
added by PRV’s in the network analysis, especially when dealing
with a number of devices simultaneously. According to his review
"at the present time there is no generally accepted procedure for
handling PRV". Gessler insisted that in introducing PRV’s within
a nodal formulation, the symmetry of the Jacobian is 1lost and

that, within a loop formulation, the procedure "is extremely

cumbersome” due to the fact that the state of these devices
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depends on the heads at the nodes, something which is determined
at the end of the process in the loop approach. Consequently,
Gessler recommended a nodal formulation. He also gave a couple of
detailed examples on how to include PRV’s; we agree with his
results, as discussed in a subsequent section. Finally he
addressed the problem of uniqueness, recommending a reassessment
of the physical problem whenever mathematical and numerical

problems are found.

In summary, from the literature reviewed, it becomes apparent
that there are some common characteristics in many of the
existing models for handling pressure controlling devices. All
the authors reviewed, with the only exception of Gessler (1981),
describe the behaviour of the PRV in conjunction with the pipe
where it is inserted. Actually, in so doing, they do not describe

the PRV itself but its effect on the pipe.

All the referenced authors deal only with PRV’s, without even
mentioning PSV’s or other pressure controlling devices, 1like
altitude valves, constant flow valves, etc. As it can be seen
later on, in the section corresponding to the examples found in
the 1literature, not a single example dealing with PSV’s was
reported and, more importantly, there is no example dealing with
PRY’s and PSV’s simultaneously. The reason for this may 1lie in
the fact that, roughly speaking, PSV’s are dealt with in a similar way
to PRV’s, but instead of the maximum downstream pressure we are
concerned with the minimum upstream pressure. No reason
whatsoever can explain the lack of evidence on the behaviour of

real networks having more sophisticated controlling devices.
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All the authors reviewed, with the exceptions of Jeppson (19786)
and Jeppson and Davis (1976), referred to a nodal formulation of
the set of equations. The attempt of Jeppson and Davis is

commendable, in the sense that they focused on all the possible

formulations.

Gessler (1981) recommended the nodal approach as the most
suitable for dealing with networks including PRV’s. This seems
to be implicitly accepted by most of the authors reviewed, except
Jeppson and Davis (1976). This is in clear contradiction with
the conclusion drawn by Wood (1981a), who recommended either the
simultaneous path method (loop approach) or the 1linear theory

method.

The question of lack of symmetry in the Jacobian matrix, when
following a nodal approach, when considering the PRV in
conjunction with the pipe, is relevant from the storage point of
view. As far as the solution of the linear system of equations is
concerned, the symmetry issue is relevant from the stability
point o©of view, and also because it is known that an efficient
method for solving symmetric linear systems of equations does not
need to be as efficient when applied to a non symmetric system

(if applicable at all).

Although it has not been emphasised in the literature, it is
evident that all the methods proposed for dealing with PRV’s need
to re-assemble the structure of the matrix of the linear systen,
every time a device is found to be working in the wrong way.

This 1is, for example, the case of a CV, which must be closed
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because its downstream head is found to be greater than the
upstream one; this implies eliminating the branch containing the
CV, re-formulating the topology and re-building the corresponding
Jacobian matrix, The same re-shaping of the equations is
necessary in the case of the PRV’s, when sometimes (in the nodal
approach) an additional flow continuity equation must be added to

the original set.

Also relevant are Collins (1980) worries about the risks of
changing the status of a PRV at early stages within the iterative
procedure, when convergence has not been fully achieved. This
seems to be a common problem in existing codes, although not

openly discussed in the literature.

Finally, the question of the uniqueness of the solution was
raised by some authors [Lekane (1979), Collins (1980),
Chandrashekar (1980) and Gessler (1981)], leaving a shadow of
uncertainty over the solutions when dealing with general systems

with multiple PRV’s and other devices simultaneously.

All these ideas led us to a feeling of dissatisfaction about
the way pressure controlling devices are handled at the present
moment in the open literature, and thus motivated a search for an
alternative, completely different, approach, which hopefully can
cope with the disadvantages and uncertainties of the reported
methods. Also, we are looking for a method able to take full

advantage of the positive attributes of the gradient method.
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4.4.1, Need for an alternative model.

Due to all the shortcomings affecting the modelling of pressure
controlling devices in the existing methods, a new approach is

needed, especially in the context of the gradient method.

Putting the existing methods in perspective, and considering
the physical behaviour of the pressure controlling devices, it is
clear that the fact that all these valves are variable resistance
devices is not explicitly considered in the existing models. All
of them are based en a post-analysis check of whether the device
is working in the assumed mode or not and, as a result, the
existing approaches are more combinatoric than physical, in the
sense that all the possible combinations of status may have to be

checked.

Also, the fact that the state of the pressure controlling
devices 1is influenced, and indeed determined by the hydraulic
system (i.e. the network as a whole), is not explicitly taken
into account in the dynamics of modelling pressure controlling
devices. We believe that this can lead to some misunderstandings
of the way pressure controlling devices work. Clearly, the fact
that we can fix the PRV setting does not necessarily mean that
this is the pressure we are going to have, since in the final

analysis this will depend on the system characteristics.

We shall follow what we believe is a more physically meaningful
approach to modelling pressure controlling devices, aiming at a

robust algorithm on which we can rely and with which a unique
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solution can be obtained. We believe that because pressure
controlling valves are in essence variable resistance devices,
consequently dissipative devices, their steady state solution
must be unique. What we shall try to do in our model 1is to
follow, as closely as possible, what we think should be the

response of the physical water distribution network.

4.4.2, Development of the computer prodram .

At the present moment, PRV’s, PSV’s and CV’s have been
introduced into our computer program for the gradient method. In
the future new devices can be introduced using the same basic
model explained in the following paragraphs. For PRV’s, PSV’s
and CV’s we define the following possible operational modes (or
"STATUS" in the notation used in the program):

- Inactive mode: valve fully open, this corresponds to the valve
having a minimum resistance characteristic parameter «y. This
corresponds to STATUS = O in the computer program.

~ Active mode: this corresponds to the closed mode for a CV
(this 1is, for CV’s, STATUS = 1 in our program). For PRV’s and
PSV’s this mode has two sub-modes:

X Partly closed mode: the valve has a resistance
characteristic parameter greater than «5 and is not
completely closed, so that a flow through the valve
is possible. This corresponds to STATUS = 1 in the
computer program.

* Fully closed mode: no flow can pass through the
valve and its characteristic resistance parameter is

set to an "infinite" value. This sub-mode corresponds
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to STATUS = 2 in the program.

In addition to its use for pressure controlling valves, this
STATUS index of the branches is used to introduce closed pipes,
on/off pump switches, with minor changes in the data, and without

having to re-define the topology of the whole network.

We also define the imbalance in each pressure controlling
device, which is proportional to the force that will tend to move

the valve from one operational status to another:

- For CV’s this imbalance is simply defined as
X = |Hj; - Hy

- For PRV’s the imbalance may be:
X = lHéetting - Hj| when the PRV is partly open or
X

|Hj - Hi| when the PRV is fully closed.

- For PSV’s the imbalance may be:
X = |Hsetting - Hi| when the PSV is partly open or
X

|Hj - Hj| when the PSV is fully closed.

Our model operates in two main stages:

i) Detection stade : This aims at determining which devices are
working in a status different to that originally assumed; for
example, a CV with current STATUS = 0 and whose outlet head is
higher +than the inlet head. Also, we determine the two maximum
imbalances, say X and X¥*, and the indices of the devices
corresponding to these imbalances, say I and I¥. On finishing the
detection throughout the whole network, the index corresponding
to the most imbalanced valve and its imbalance X, and also the

next most imbalanced one (if any) are known. When there is only
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one valve out of balance, X* is set equal to the accuracy
specified for the problem, which is the maximum head difference
between the outlet head and the setting for a PRY (or inlet head
in the case of a PSV). 1In addition, this stage identifies what
is the kind of action that has to be taken in the correction
stage.

ii) Correction stage : In modifying the internal resistance of
the device, this part of the algorithm tries to match the
controlled head (outlet head in PRV’s, inlet head in PSV’s, etc.)
with the setting. For CV’s the correction stage simply changes
the characteristic resistance parameter to «, if the valve needs
to be inactive, or to "infinite" if the CV ought to be closed;
the index describing the status of the CV 1is also changed
accordingly. For PRV’s and PSY’s the matching procedure is based
on the lumped curve presented in section 4.2 (Figure 4.7 for the
PRV’s and Figure 4.9 for the PSV’s). This explanation will
relate to the case of the PRV’s only, because the case of PSV’s

is completely similar.

The correction stage for PRV’s and PSV’s operates in the
following way. Let us assume that «1 is the current resistance
characteristic parameter of the PRV we are trying to correct at
this stage (i.e. this is the maximum imbalanced device). Let us
also represent this situation in Figure 4.11. The lumped curve
suggests that, for finding «¥, the « which matches outlet head
and setting, a Newton procedure can be implemented, starting at
the point «;y. At this point let Xy = |H1—Hsetting| be the current

imbalance. Since the analytical expression of the function
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represented by the lumped curve is not known, the derivative of
that function must be computed numerically. To do so, we perturb
«y by a small quantity, say f«, leading to ag=a«; + Sx. At this

point the evaluation of the outlet head for the perturbed «9 is
needed; this is done by running the program and determining the
corresponding head. Let us call the new outlet head Hp, of course
the imbalance at this point becomes Xy = |Hg-Hgetting|» then the

derivative we are looking for can be approximated by:
£’ ® (Hy - Hg)/(«1 - «9) (11)

Hence, the new approximation for «* can be computed using
Newton’s method as:

«3 = &y - [(Hi-Hgetting) 7/ £’1. (12)

With this new «3, a new evaluation of the outlet head is
needed, which means that we have to run the main program again to
produce a new head, say H3, which allows us to determine the
imbalance at this point X3=|Hz-Hgetting| which must be compared
with the maximum admissible tolerance. At this point of the
procedure, we are faced with two main alternatives, namely carry
on the Newton’s iterations until H3 is sufficiently close to
Hsetting» ©Or stop the iteration when X3 becomes smaller than X*
(the second maximum imbalance determined at the detection stage);
since because there is another control valve which is more
imbalanced than the current one, there is no point in carrying on
the Newton iterative procedure on up to the limit. We chose the
second alternative, which was found to be the most adequate, in
order to avoid wasting computational resources. Actually, we

should compute the current value of X* after each change in o,
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but this was not found worthwhile during the development of the
program. If we find that that we have to stop the Newton
iterations, we go back to the detection stade, in order to check
if any other device has gone out of balance. Checking the valve

status 1is not as computationally expensive as re-running the

program.
H outlet
—— H1
7 H2
\
\
\\
\ Lumped curve
X1 | X2 1\ '
H3
H4 \ ,
X3l X4 ‘ N\
| _ \ N\
— > L )
Hsetting ,
} —
o X% 3 %4 K N

Fig. 4.11. Correction of the resistance characteristic
parameter («), for a PRV, based on the lumped
curve,
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In summary, the method for determining the resistance parameter
«¥ uses the network analysis routine intensively. As far as the
network analysis program is concerned, the PRV’s and PSV’s are
modelled as fixed head loss/flow characteristic devices, since
the changes needed in the resistance (i.e. the sequence
®1,%2,..., o¥) are handled outside the analysis routine, as shown

in Figure 4.12.

Figure 4.12 clearly suggests that the proposed approach for
modelling regulating devices can be implemented with any network
analysis algorithm, since we consider the correction of the
resistance parameter « as an independent process from the network
analysis. This means that the proposed algorithm for modelling
pressure regulating devices can be implemented with any other
network analysis algorithm. From the theoretical point of view,
this also means that the pressure regulating devices can be
considered as any other resistive (dissipative) device, hinting
that no problem with the uniqueness and existence of the solution

should be expected when following this approach.

{

fixed L] Program modelling
Standard network s~ pressure redulating
analysis algorithm devices: performs
(gradient method detection and correction
or another) » stages, determining ®3

Heads: H by Newton’s method.

v

Fig. 4.12. Interaction between pressure regulating device model
and the standard network analysis algorithm.
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To establish the robustness of our proposed model, we have run
it with a number of examples reported in the literature, and the

results are detailed and analysed in the next section.

etw ul iv e od

1 les found in the litera

In order to compare some of the results produced by some of the
authors reviewed in previous sections, we have taken the
published data and computed our own results, using a network
analysis program based on the gradient method. Table 4.2 is a
summary of the comparison between the published results and our
results. At the end of Table 4.2. some of our own test examples

are also included.

Surprisingly, we have found disagreement between our results
and those reported by some authors. In this section we shall
analyse in some detail these differences, in order to find out

the reasons (if possible) for such discrepancies.

In the rest of this section we shall concentrate on those

examples where no agreement was detected.
4 xa P (o) e avi 976

The network with 15 branches and 14 nodes shown in Fig. 4.13,
including one PRV, was analysed by Jeppson and Davis (1976) under
two possible settings for the PRV:

a) Hsetting = 149 m

b) Hsetting 140 m
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Table 4.2. Comparison of results reported in the literature and
our results for networks containing pressure control

Note

(3)
(4)
(5)
(6)

(7)

In some cases,

coincide

: Lekane (1979)

Collins (1980)
Chandrashekar (1980)

for gess3.
our test examples.

with the original source,

because we

initial and final node for every device.

: Gessler (1981),pp. 88 for gessl and gessZ2,

use

devices.

Example |Source|Network Size:Number of Devices Comments
Name (%) Branches Nodes Sources |[CV PRV PSV
JeppO (1) 15 14 2 - 1 - no agreement
Jeppl (2) 10 8 2 - 1 - no agreement
Jepp2 (2) 17 15 2 - 1 - agreement
Jeppl2 (2) 15 13 2 - 2 - no agreement
Jeprpl3 (2) 15 13 2 - 2 - no agreement
Lekane (3) 24 18 3 1 2 - agreement
Collins| (4) 6 7 4 - 2 ~ no agreement
Chanl (5) 12 10 1 1 1 - agreement
Chan?2 (5) 12 10 1 1 1 - agreement
Chan3 (5) 12 10 1 1 1 - agreement
Chanb (5) 37 28 2 - 1 - agreement
Gessl (6) 14 12 1 - 3 - agreement
Gess?2 (6) 14 12 1 - 3 - agreement
Gess3 (6) 21 17 3 1 2 - agreement
Check | (7) 6 6 2 1 -
Prv (7) 6 8 2 - 1 -
Psv (7) 6 6 2 - - 1
Prvb (7) 74 48 4 1 2 2
(%) Sources:

(1) : Jeppson and Davis (1978)

(2) : Jeppson (1976), pp. 86, 88, 110 and 112

91

the number of branches or nodes does not

an
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50 (1/s) 80 (1/s)

3 12 6

Valve meter

Fig. 4.13. Example JEPPO, from Jeppson and Davis (1976).

The comparison between the results presented by Jeppson and
Davis and those computed with our method, corresponding to both
cases a) and b), are shown in Table 4.3. Basically we differ
from Jeppson and Davis in the operational mode determined for the
PRY; thus, when they say that the PRV is active, we find that it

is actually closed (in case a)

According to our findings, the PRV closes for any setting under
151.34 m. This is the limit where the downstream head of the PRV
is determined by the system, rather than by the PRV

characteristics.

Unless there is a misprint in the data published by Jeppson and

Davis (1976), we could not find a reason for the discrepancy.
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Table 4.3. Comparison of results presented by Jeppson and Davis
(1976) and our results, for example JEPPO.

PIEZOMETRIC HEADS (M)

NODE
OUR RESULTS(1) lUeppson and Davis a) { Jeppson and Davis b)
1 176.259515 168.95 169.02
2 162.834336 153. 44 153.89
3 162.200871 153. 42 152.96
4 182.390276 173.81 173.76
5 151.239548 147.88 141.88
6 163.404912 (2)
7 159.146872
8 176.900400
9 189.626238
10 178.033607
11 170. 000000 170.00 170. 00
12 200. 000000 200.00 200. 00
13 162.834336 152.88 153. 89
14 151.239548 (3) 149.00 141.88
FLOWS PER BRANCH (L/S)
LINK
OUR RESULTs(1) Jeppson and Davis a) | Jeppson and Davis b)
1 102.0292 108.0 107.0
2 22.0291 2.8 26.9
3 107.8708 102.0 103.0
4 76.9851 67.3 66.0
5 0. 0001 25.4 0.0
6 79.9999 54.6 80.0
7 55.0441 70.7 71.0
8 184.9559 169.0 170.0
9 55.0441 70.7 71.0
10 184.9559 169.0 170.0
11 102.0292 108.0 107.0
12 107.9708 102.0 103.0
13 0.0001 25.4 0.0
14 55.0441 70.7 71.0
15 0.0001 25.4 0.0
Notes:
XKk K

(1) Our results are exactly the same for both cases a) and b).

(2) These values are not given by Jeppson and Davis.

(3) Node 14 corresponds to the outlet of the PRV and the settings
are 149 m and 140 m, for cases a) and b), respectively. Link

15 corresponds to the PRYVY.
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4.5.2, Example JEPPl., from Jeppson (1976).

A small network of 10 branches and 8 nodes, including one PRV,
was studied to illustrate the different modes of operation of
these devices. The schematic of this network is presented in Fig.
4.14 and the comparison of the results obtained here with those

of Jeppson is shown in Table 4. 4.

Although the numerical results seem to be in agreement, for

this particular example, we have the following comments.

30.48 m

28.317 (1/s)

Fig. 4.14. Example JEPP1, from Jeppson (1976), page 88.
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Table 4.4. Comparison of the results given by Jeppson (1976)
and our results for example JEPP1.

PIEZOMETRIC HEAD (M) FLOW (L/S)

NODE [——==———— e LINK |-
OUR RESULTS JEPPSON OUR RESULTS JEPPSON
1 35.740321 35.726 1 29.0793 29.167
2 29.199594 29.197 2 27.8774 27.751
3 29.201681 29.197 3 0.4396 0.481
4 16.756944 17.672 4 27.5547 27.467
5 35.733260 5 27.1839 27.184
6 16.764005 (%) 16.764 6 1.1331 1.161
7 42.851544 7 0.0688 0.085
8 27.431999 27.432 8 1.1331 (*x) 1.161
9 30. 480000 30.480 9 1.1331 1.161
10 29.0793 29.1867

Notes:
(¥) Node 6 corresponds to the outlet of the PRV, the PRV setting

was 16.764 m.
(¥x) Link 8 corresponds to the PRV itself.

The pump characteristic curve used by Jeppson has an ascending
limb, which means that we are in one of those cases when two
solutions to the problem are possible, depending on the system

characteristics.

According to Jeppson, the PRV in this example is working in the
active mode, i.e. maintaining the head in node 6 at the preset
value Hg= 16.764 m. This is corroborated, in Jeppson’s words, by
the fact that

"the pressure upstream from the PRV equals 117.19 ft.
and downstream equals 55 ft. Consequently the
assumption used in writing the final 1loop equation
(Jeppson is referring to the pseudo-loop equation

linking the outlet of the PRV with the reservoir in
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node 9) above is correct. Had the solution given a
negative flow rate in pipe 6, this assumption would
be incorrect, since the PRV would then have acted as
a check valve and allowed the elevation of the HGL
downstream from the PRV to rise above 55 ft. Should
this have occurred, the the flow rate in pipe 6 would

no longer be unknown, but equal to zero”

In our opinion, Jeppson’s statement is wrong, simply because
c j o hi t e in node j eater t
the head in node 6, which automatically means that there should
be some flow from node 4 to node 8, contradicting his assumption
that the flow is in the opposite direction. Perhaps Jeppson’s
algorithm did not detect the situation where apparently the
pseudo-reservoir is overflowing (which happens when Hj > Hy in

Fig. 4.10. b).
5 JEPP1 om J SO 976).

Another example provided by Jeppson is a network consisting of
15 branches and 13 nodes, this time with 2 PRV’s. The schematic
of this network is shown in Fig. 4.15, and Table 4.5 presents the

comparison between the results published by Jeppson and ours.

Again we differ in the operational mode for the PRV’s, because
where Jeppson reports a PRV closed ( branch 12) we found that it

is in the active mode with a flow of 117.3475 1/s.
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Table 4.5. Comparison of the results given by Jeppson (1976)
and our results, for example JEPP12.

PIEZOMETRIC HEAD (M) FLOW (L/S)

NODE | ———=——= e - LINK | -
OUR RESULTS JEPPSON OUR RESULTS JEPPSON
1 292.385632 294.00 1 736.1791 640.2
2 276.698475 277.79 2 283.7416 285.7
3 264.870323 265. 48 3 183.7415 185.7
4 263.190571 263.68 4 -83.7415 -85.7
5 250, 442362 251.91 5 249.7851 234.4
6 146.965080 237.54 ] -253.5266 -240.2
7 248.274502 251.91 7 117.3475 0.0
8 150.000085 (x) 237.54 8 0.0000 0.0
9 264.870323 265. 48 9 202.6525 120.0
10 146.965080 (*%) 237.54 10 -86.1792 -190.2
11 284, 000067 11 117.3475 0.0
12 300, 000000 300. 00 12 117.3475 (%) 0.0
13 250. 000000 250.00 13 0.0000 (%) 0.0
14 0.0000 0.0
15 249.7851 234.4

Notes:

(¥) First PRV is in link 12, outlet node 8 and its setting is

H = 150 m.
(k%) Second PRV is in link 13, outlet node 10 and its setting is
H = 145 n.

4.5.4. Example JEPP13, from Jeppson (19876).

In this example Jeppson presents a variation of the previous
case, by changing the connectivity of branch 6, from node 4 +to
node 2, while maintaining the remaining characteristics of the

network.

Figure 4.16 shows the schematic of the network and Table 4.6

presents the comparison between Jeppson’s results and ours.
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250.

50. (1/s) <\
100 (1/s)
i

80 (I/s) 100 (1/s) 320 (i/s)

Fig. 4.15. Example JEPP12, from Jeppson (1976), page 110.

300 m
250 m
50 (I/s)<=
100 (1/s)
10
2 i 6
— O s

ﬂ

7 /14
]

100 (1/s)

80 (I/s)

Fig. 4.16. Example JEPP13, from Jeppson (1978), page 112.
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Table 4.6. Comparison of the results given by Jeppson (19786)
and our results, for example JEPP13.

PIEZOMETRIC HEAD (M) FLOW ( L/S)
NODE| ---=--mmmem e LINK | ~———— e
QOUR RESULTS JEPPSON OUR RESULTS JEPPSON
1 290.081524 291.745 1 849. 3089 761.1
2 258.310816 266.422 2 415.6674 364.0
3 259.522824 266.583 3 -52.6691 -16.9
4 264.547302 269.737 4 152.6691 116.9
b 252.034725 250.718 5 232.6691 196.9
6 146.885112 146.781 6 -368. 3366 ~-280.9
7 249.809812 248.419 7 119.0277 119.7
8 149.999990 (*) 266,583 8 0.0000 0.0
9 259.522824 266. 583 9 200.9723 200. 3
10 146.885112 (%) 10 -199.3087 -111.1
11 282.805791 11 119.0277 119.7
12 300. 000000 300. 000 12 119.0277 (%) 119.7
13 250. 000000 250.000 13 0.0000 (%xx)} 0.0
14 0. 0000 0.0
15 232.6691 196.9
Notes:

(x) First PRV is in link 12, outlet node 8 and its setting is

H = 150 m.
(¥x) Second PRV is in link 13, outlet node 10 and its setting is
H = 145 m.

As before, there is disagreement, although this time the status of

the PRY’s is the same in both cases; however, the heads and flows

do not correspond.

As a general comment on Jeppson’s examples, we can sa& that he
has been dealing with networks which are normally affected by
backpressure, which 1is provided by some pipe connecting high
pressure 2zones of the network with lower pressure 2zones (i.e.
with the outlet of the PRV). This is a situation which is
inconsistent with the objective of a PRV and is bound to produce

problems both in the real network and in its model.
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4.5.5, Example COLLINS. from Collins (1980).

On presenting a case for his statement that non-unique
solutions can be found 1in some networks, especially when
pressure controlling devices are included, Collins (1980)
introduced the network of Figure 4.17, consisting of 6 branches
(3 Pumps, 2 PRV’s and 1 valve) and % nodes (4 of them
reservoirs). As an additional condition Collins, established
that each pump has a non-return device included, so that flow is
only possible in the positive direction; also, the pumps are
equipped with a device which closes when the downstream head of a
pump is lower than the upstream head. According to our model,
the PRV’s are always acting as. non-return (CV) valves; thus, the
problem can be modelled without any additional feature. The

results presented by Collins (1980) are summarised in Table 4.7.

Collins analyses the problem following a combinatoric approach,
assuming that the operational mode of the PRV’s is an independent
variable of the problem; the same assumption is made for the
pumps. This 1led Collins to assume that 16 potential operating
modes are possible in the system, corresponding to all the
combinations of PRV and pump states. We do not agree with this

assumption, since clearly the final status of the PRV’s will be

determined by the system ,once their settings are established by
the operator. In this problem, since no automatic control is

acting on the pumps, in order to start or stop them (for example
according to the reservoir levels or some nodal pressures), their
operating mode 1is controlled by the operator,i.e. it is an

external (independent) variable. In this context, the 16
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Table 4.7. Network solutions for example COLLINS, from Collins

(1980).
Operating modes Network
M of control elements s olution (a)
Q| ——m——— e | e e e
D | PRV’s Pumps Head (m) Flowrates (1l/s)
E status Pl Pz P3 Hs Q26 Q45 Q56 Q67
1| Passive on on off|[238.0476 3.5813 0.8927 0.0000 4.4739
2 | Passive on on on N o solution
3 | Passive on off off|190.0000 2.0000 0,0000 0.0000 2.0000
4 | Passive off on off N o solution
5 | Passive off off off N o soclution
6 | Passive off on on N o solution
7 | Passive off off on N o solution
8 | Passive on off on N o solution
91 Active on on off N o solution
10 | Active on off off N o solution
11 | Active off on off N o solution
12 | Active off off off N o solution
13 | Active on off on N o s olution
14 | Active off on on N o solution
15 | Active off off on N o solution
16 | Active on on on [245.0000 -—(b) -—-(b) 1.0000 4.7258
Notes: (a) Q1p = Qpg ; Q34 = Qqp
(b) st + Q46 = 3 ?526
215 m
(3)
Pump 2 3
a 240 m
e 4 @%
150 m 178 m
Pump 3
1 2 4 5 6 i
D> —{rrv > ——> 7

Pump 1

Fig. 4.17. Example COLLINS, from Collins (1980).
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possible operating modes suglested by Collins are reduced to
eight cases (see Table 4.8), this number being the possible
combination of operational modes of the 3 pumps (with two

exclusive modes: on/off).

Of course the eighth operational mode is trivial, because no
flow can be possible, unless we accept that the pumps can operate
as turbines, in which case some flow can be established
throughout the pump in branch 5. This case is clearly outside

the scope of this example.

Table 4.9 presents the results of running our program in the
first seven modes defined above, assuming that the PRV’s are set

to a head of 245 m in their ocutlet (node 8).

According to Collins (1980), of the 16 possible operational
modes he identified, only 3 of them are feasible and compatible
with the conditions imposed to the problem. Only in his mode 16,
vhich corresponds to our case 1, we get some similar results,
although he finds that the flows between nodes 2,6 and between
4,6 admit more than one solution. In our case we found that this

Table 4.8. Operational cases for example COLLINS, based on all
the possible combinations of pump operating modes.

Case Pump 1 Pump 2 Pump 3
(link 1) (link 3) (link 5)
1 on on on
2 on on off
3 on off on
4 on off off
5 off on on
6 off on off
7 off off on
8 off off off
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solution in also unique, the flows being controlled by the
difference in the levels (available potential energy of the
reservoirs connected to nodes 3 and 1, see Fig.4.17). In his mode
1, which 1is equivalent to our case 2, the head in node 6 was
238.0476 m, while we found that this head is the PRV’s setting.
In his mode 3, equivalent to our case 4, Collins found that the
head in node 6 is 190.0000 while we obtained 205.000. We
reproduced exactly Collins results in modes 3 and 6, provided
that we change the settings of the PRV’s to the heads found by
Collins, but this is clearly a change in the original settings

adopted for the PRV and, therefore, is another problem.

Collins (1980) did not consider as a possible operating mode
the case where one PRV is active while the other is passive,
wvhich really happens in our case 5, thus confirming the weakness
of his approach.

Table 4.9. Results of running our program for the operational
modes possible in example COLLINS.

»

C| M|PRY status Flow (1/s) Head (m)

Al O|———--r ———————————————— | ———
g g PRV, PRV4 Qg Qup st Qg7 Hy Hy Hg
1[(16|act. act. [1.0000 2.7258 1.0000 4.7258|245.00 277.85 245.00
2] l|lact. act. [0.9982 3.7276 0.0000 4.7258[245.02 245.52 245.00
3 inac inac [1.5709 0.0010 2.8876 4.4595[237.66 237.66 237.66
4] 3|inac inac |3,0000 0.0000 0.0000 3.0000(205.00 215.00 205.00
5 inac act. [0.0001 3.7257 1.0000 4.7258(245.00 245.59 245.00
6 inac inac [0.0005 4.1379 0.0005 4.1388/229.39 229.39 229.39
7 inac inac [0.0005 0.0005 4.1224 4.1224]229.01 229.01 229.01
8 pumps off, not considered.

Case : refers to our 8 operational cases.
Mode : refers to Collins’ 168 operational modes.
Note that le = st and Q34 = Q46
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In our opinion, what is happening in this example 1is a
conceptual problem at the formulation stage, in the sense that
the status of the PRV’s cannot be determined a priori , but are

determined by the hydraulic system under study, according to the
PRV’s settings.

4.6, Concluding remarks.

We have proposed a physically-based model for representing
pressure regulating devices, which apparently does not have the
problems detected and documented in the previous section for some

traditional formulations.

Although the convergence of the model is rather slow when
analysing a network from scratch, i.e. without any knowledge of
the previous state of the network and its regulating devices, we
believe that this apparent shortcoming is not relevant when
applying this program for continuous simulation and operational
purposes, vwhen the final solution of the previous stage can be
used as an initial solution for the next stage. Also, because
the changdes in heads and flows with respect to time are
relatively slow, the changes in the operational mode of pressure
regulating devices should be slow as well, which implies that, in
correctly operated networks, the pressure regulating valves are

not changing their status too often.

We believe that, in this section, we have proven +that, when
dealing with regulating devices, reliability and robustness

rather than speed should be the major concern, because obviously
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there is no point in having a fast program leading to the wrong

solution.

Nevertheless, in order to reduce the execution time of the
proposed algorithm we concentrate in the next chapter on the

search for efficient fast direct linear solvers.

The main advantage of our method seems to be its robustness, as
shown in Table 4.2, in detecting problems in the results given by
other programs. The algorithm is able to deal with multiple
pressure regulating devices simultaneously, which is something
that is not clearly found in the open literature, as can be seen

from Table 4.2.

We also have to emphasise the fact that the algorithm does not
need a re-definition of the network topology when a regulating
valve changes its status; as a result, the 1linear system of
equations remains symmetric all the time, which is efficient from

the storage and computational point of wview.

We recognise the need to include other regulating devices, like
flow—-modulated PRV’s, double relay valves (PRV’s with two
different settings, one for the day and the other for the night),
altitude valves, constant flow valves, etc., some of them shown
in Figure 4.18. This should alsoc be done in the future to expand

the capabilities of our program.
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CHAPTER FIVE

EFFICIENT COMPUTER PROGRAM IMPLEMENTATION OF THE GRADIENT METHOD

FOR WATER SUPPLY DISTRIBUTION NETWORKS

In the computer implementation of the gradient method, some
jssues become relevant from the computational point of view,
especially if an efficient microcomputer-oriented implementation
is sought. In this Chapter we are mainly concerned, for example,
with the generation of an initial flow distribution and the
possibility of using previous flow solutions as a starting point
for a new network analysis. Another relevant issue, which perhaps
is instrumental in the performance of the gradient method, is the
numerical scheme for the solution of the linear system of
equations generated by the gradient method. Due to the successive
linearizations carried out within the ¢gradient method, each
network analysis implies the solution of a number of linear

systems, typically 6-10.

In this chapter we intend to study these issues, particularly
the solution of the linear system of equations, which is the most

time-consuming step in the gradient method.

1, Automatic tion of initial flow distribution.

Unlike other network analysis algorithms reviewed in Chapter
Two, the gradient method does not require an initially balanced
flow distribution. In fact the algorithm itself is able to
generate 1its own initial flows, without requiring to 1input the

flows through the data set. This is possible because the coupled
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equations which are the basis of the gradient method
automatically re-balance the network at each iteration. These
equations are:

Heads update:

B = -ragy 671 A15171 { Ay @71 (agy @41) + ag0 Hp) -
- (Apy Q(1) - g) 3 (1)

Flows update:

(i+l)= (1- G-1 Ayy) (1) - 671 ( Ajp HOHD) + A5 Hy) (2)

Equation (1) represents a linear system of NN-NS equations in
the unknown piezometric heads, and it can be reordered to the
standard format of a linear system, by premultiplying equation
(1) by the matrix [A2i G-lA19], which becomes the matrix of
coefficients of the linear system. For more details on the
derivation of the gradient method see Chapters Two (original

Todini’s formulation) and Three (extended version).

Indeed, the last term of equation (1), A21Q(i)—g, allows us to
start the first iteration with any flow Q(1), since it accounts
for the flow imbalance produced by Q(i). Equation (2) guarantees
that, with the heads computed via (1), the next flows Q(i+1l) will
fulfil the nodal balance condition. This can be easily proved by
premultiplying equation (2) by Agy, and verifying that the result
is always the nodal demand, i.e.:

Aoy Q(i+l) = g (3)
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Thus, after the first iteration, equation (2) produces a
balanced flow distribution [Q(i+1)] which, when used during the
second iteration [Q(1) in equation (1)], allows the nodal

imbalance to vanish.

In the present computer implementation of the gradient method
we start with Q@ = 1 (1/s) in the first iteration although, for
large problems, a great deal of computer resources can be spared
if we have stored a previous flow solution, not necessarily

balanced for the new analysis conditions.

This feature of the gradient method represents the main
difference with respect to the "integrated mesh-nodal” method of
Stimson and Brameller (1981), which requires the generation of
the tree and co-tree of the network, and the corresponding
partitioning of the flow vector into dependent and independent
flows. The dependent flows, computed from the independent ones,

are then forced to be balanced before starting a new iteration.

These interesting properties of the gradient method allow us to
reduce considerably the execution time in applications like the
extended period simulation, where the flow solution of the last
time-step is used as the initial (non-balanced) flow solution for
the next time-step. Also, this helps us to reduce considerably
the execufion time in the modelling of pressure regulating
devices (see Chapter Four for details), where the previous state
of the system (flows and regulating valve’s resistance) is used
to obtain a new approximation to the equilibrium of the

regulating valves.
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As a result, the problems of denerating an initial flow
solution, and that of using an already existing flow solution to
start a new analysis, can be efficiently handled within the
gradient algorithm itself, without requiring additional

programming.

The remaining problem from the computational standpoint is,
then, the solution of the linear systems of equations generated

by the gradient algorithm.

5 oluti in t of equations generated b the

In Appendix A we have reviewed the main approaches +to the
solution of 1linear systems of equations applicable to sparse
symmetric positive definite systems. The two basic alternatives

are direct and iterative methods.
neral vi ire r i o) s.

All the direct methods for the solution of linear systems of
equations are based on Gaussian elimination which, as shown in
Appendix A, consists 1in a factorization stage followed by a
substitution stage. The Cholesky factorization is the most common

factorization scheme for symmetric positive definite matrices.

It is in the factorization stage where the problem of fill-in
comes about, creating new non-zeros in the Cholesky factors with
respect to the amount of non-zeros of the original matrix. The
problem of the amount of fill-in can be handled via appropriate

re-ordering of the original system; different orderings are
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possible, 1leading to more or less efficient factorizations,
ranging from a completely filled factor up to one with no fill-in
at all, as shown via a small extreme example in Appendix A. Thus,
the efficient handling of the fill-in problem is Dbasically
concerned with finding the most adequate re-ordering of the
original system of equations. This task 1is eased by the

introduction of graph theory concepts.

Because, in symmetric positive definite systems, the Cholesky
factorization 1is inherently stable, we can concentrate our
attention on the problem of reducing the fill-in, leaving the
stability problem aside. This allows us to split up the direct

solution of a linear system into a three stage process:

a) ANALYSIS stage: which searches for the re-ordering of the
original system (or, equivalently, the re-labelling of the system
graph), which produces the minimum fill-in. Also, at this stagde,
the data structures required are set up; this refers to all the
auxiliary vectors and pointers required to handle the numerical
parts of the algorithm.

b) FACTORIZATION stage: which carries out the numerical part of
the factorization, using the ordering and data structures
generated in the previous stagdes.

c) SOLUTION stage: which actually solves the linear system by
substitution, using the Cholesky factorization produced in the

previous stage, for any right-hand-side vector specified.

In Appendix A we have followed the sequence corresponding to
the historical development of sparse direct 1linear solvers,
comprising:
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-~ Band methods.

- The envelope ("skyline") method.
- Minimum degree algorithms.

- Quotient tree algorithms.

- One-way dissection method.

- Nested dissection method.

- Frontal and multifrontal methods.

All these methods follow an increasing degree of sophistication
and complexity, in parallel with an increasing degree of

computational efficiency, both in terms of storage and speed.

Band and envelope methods are closely related, since both of
them are based on the observation that fill-in occurs within the
border 1lines separating the non-zeros and zeros of the matrix
(see Figure 5.1). Thus, roughly speaking, the problem becomes
that of interchanging the rows and columns of the original
matrix, in such a way that the "area" of the non-zero region is

minimized.

the objective is to
reduce this "area".

b
b

X X
X X
L -

Fig. 5.1. Target "area" for band and envelope methods.
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Although, for deneral matrices, the envelope methods are better
than the band methods, the main shortcoming is concerned with the
fact that the amount of fill-in is unpredictable, before actually
running the numerical part of the algorithm. This means that we
are constantly threatened with running out of storage, unless a
large overhead is initially specified, leading to a sub-optimal

storage utilisation.

As a contribution to solving the storage ‘“"predictability"
problem, and to exploit even further some zeros still unexploited
by the envelope methods, the minimum degree algorithm has been
proposed. The minimum degree-based methods choose the next pivot,
in the Gauss elimination process, from the row (or column) with
the minimum number of non-zeros in it. A so-called “hybrid”
implementation, due to George and Liu (1981) allows us, during
the ANALYSIS stage, to determine the amount of memory required in
the factorization stage, which happens to be not greater than
that required to store the original matrix. Our experience with
this algorithm, within the context of the gradient method, has
been quite bad, particularly for networks larger than 900 nodes,

where it actually failed.

Quotient +tree algorithms take advantage of the fact +that, on
Joining the neighbouring already eliminated nodes of the matrix’
graph into "supernodes”, a much simpler tree-like structure of
"supernodes” is obtained. This "supertree" induces a partition of
the original matrix, which can be efficiently handled by blocks,
together with an implicit scheme, where only the diagonal blocks

of the Cholesky factorization and the off-diagonal blocks of the
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original matrix are explicitly needed, the rest being handled

implicitly.

Dissection algorithms exploit the idea of partitioning the
matrix even further. In one-way dissection the whole matrix graph
is re-numbered, slicing it up via "dissectors"”, which are subsets
of nodes running either horizontally or vertically, cutting the
graph through the shorter path (i.e. in only one direction). This
induces a reordered matrix structure which has low fill-in. The
nested dissection algorithm exploits the dissection idea in two
directions, creating a matrix which leads to very fast solutions,

though requiring more storage than the one-way dissection.

The frontal method has originally been produced for finite
element applications, and it takes advantage of the way the
global matrix is assembled; thus, a row (node) can be eliminated
as soon as all the elements connected to it have been assembled.
An element numbering system, related to the order of assembling
the global matrix, keeps the front-width as short as possible
and, in multifrontal methods, eventually allows more than one
front to be handled simultaneously, increasing the efficiency of

the algorithm.

5.2.2, General overview of iterative methods for solving linear

systems of equations.

Iterative methods for the solution of 1linear systems of
equations have the common aim of constructing a sequence of
vectors: x(o), x(l), 3(2),....,5(k), converging to the solution

of the linear problem A x = b.
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Traditionally, iterative methods like Jacobi, Gauss-Seidel and
successive over (or under) relaxation have been used to solve
sparse linear systems. This is due to the fact that, in all
iterative methods, sparsity is handled quite naturally and no
fill-in occurs. Unless certain specific conditions are met by the
matrix of coefficients (see Appendix A for details), some of

these iterative methods may fail to converge, or converge slowly.

The conjugate gradient method, developed in the early 1950’s by
Hestenes and Stiefel (1952), and re-vitalised in the seventies by
Reid (19871), has gained a reputation as an efficient linear
solver. This is basically an unconstrained minimization algorithm
which, when applied to the quadratic function:

| z =% xT Ax+xIb (4)

produces the solution of the original linear system A x = b.

Starting from any initial solution (x{(©)), the method ideally
converges in a fixed number of steps, though roundoff errors
spoil the convergence, requiring in practice some additional
iterations. Convergence is guaranteed for symmetric positive

definite systems.

Acceleration of the convergence of the conjugate gradient
algorithm can be achieved via a transformation, consisting of
pre-multiplying +the original matrix by a "pre—-conditioning
matrix" ( L™l ), such that:

(L 1anT) (LTx)=1L1p (5)
where the new transformed matrix ( L-1 A L-T ) is still

symmetric, and is better conditioned than the original one. The
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same original conjugate gradient algorithm, when applied to the
transformed problem (5), 1is known as the preconditioned (or

modified) conjugate gradient method.

In selecting a preconditioning matrix ( L™l ), the problem of
fill-in strikes back, as in the direct linear solvers, but an
incomplete Cholesky factorization scheme proposed by Kershaw
(1978), allows us to decompose the original matrix :

A=LLT (6)
where L has exactly the same sparsity pattern as A. The non-zeros
outside the original pattern are simply thrown away, thus solving
the fill-in problem. Note that with (6), the transformed matrix
( L-1 A r-T ) in (5) becomes nearly an identity matrix, thus

being easier to invert than the original matrix A.

5.2.3. Comparison of the performance of the gradient method

with different linear solvers.

In sections 5.2.1. and 5.2.2. the two main alternatives for the
solution of sparse linear systems have been briefly reviewed,

namely direct and iterative methods.

In the present section we intend to compare the performance of
six sparse direct and one iterative 1linear solvers, in the
context of the gradient method for water distribution network
analysis. The aldorithms compared are:

- The envelope ("skyline") method.

- Minimum degree algorithms.

Quotient tree algorithms.

One-way dissection method.
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- Nested dissection method.
- Multifrontal method.

- Preconditioned conjugate gradient method.

Numerous comparisons between different algorithms have been
presented in the 1literature , though for different kinds of
problems and of limited scope (two or three methods) . George and
Liu (1981) carried out an extensive comparison, ¢deared towards
finite element problems, although their comparison concentrated
mostly on direct methods, excluding the frontal and multifrontal

approaches.

We have taken the comparison carried out by George and Liu
(1981) as a starting point, and we have extended it .to include
the preconditioned conjugate gradient, recognised as the best
iterative algorithm available, and also a multifrontal method,
which corresponds to the routine MA27 of the Harwell Library. 1In
so doing, we are covering the widest spectrum of linear solvers
possible, which is something unavailable in the 1literature for
such problems, particularly for the case of water distribution

networks.

This has led to the implementation of seven different versions
of the gradient method, each one with a different linear solver.
A bank of nine network examples has been set up , ranging from 48
to 4,900 nodes, and the corresponding analysis problems have been
solved, keeping track of the execution time, number of iterations

of the gradient method and storage required.
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Table b5.1. presents the main characteristics of the examples
used 1in the numerical comparison, while Table 5.2 presents the
results, including the execution times of the tested programs in

the Amdahl 5860 mainframe computer at Newcastle University; these

Table 5.1. Main data corresponding to examples used in the
comparison between different linear solvers in
the gradient method for pipe network analysis

e e o e T e S —— —— —— —— —— —— —— ——— ——— ————— —— —— - —— — — — — T —— —— — > ¢ e e S v o s ]

Data file Branches Nodes Sources Equations CV PRV PSVY

ne%?jdat 74 48 2 46 0 0 0
prfgjdat 74 48 4 44 1 2 2
bo%%?.dat 298 266 26 240 0 0 0
ne%i?.dat 420 225 2 223 0 0 0
ne%i%.dat 760 400 2 398 0 0 0
ne%i%.dat 1200 625 4 621 0O o0 0
ne%i?.dat 1740 900 4 8396 0O O 0
ne%i%.dat 4900 2500 4 2496 0O O 0
ne%i?.dat 9660 4900 4 4896 0 0 0
Notes

(1] : Data from real network, published by Chin et al. (1978),
"Solution of water networks by sparse matrix methods ",
Int. J. Num. Meth. Eng., 12, 1261-1277, (1978).

[2] : Based on the data of previous example, with pressure
regulating devices added.

(3] : Real main network of Bogota, Colombia. Source: G. Gonzalez
"The gradient method", M. Sc. Dissertation, Civil Eng.
Department, University of Newcastle-upon-Tyne, 1987.

[4] : Synthetic network. Network generated as a square mesh with
SQRT(Nodes) vertices per side.
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Table 5.2. Comparison of execution times and number of
iterations required by different linear solvers

in the gradient method for pipe network analysis.

EXECUTION TIME (secs.) AND NUMBER OF ITERATIONS (%)
Data file| ------—-—---——1-"-"n-——-—— o
ICCG RCM QMD RQT 1WD ND MA27
net5.dat 0.286 0.112 0.106 0.166  0.442 0.113 0.115
(7) (%) (7) (7) (7) (7) (7) (7)
prvd.dat 8.624 2.374 2.479 4.504 17.547 2.472 2.877
(232) (232) (232) (232) (232) (232) (232)
bogl0.dat| 18.524 2.152 2.492 2.332 3.220 1.824 1.785
(25) (18) (24) (18) (18) (17) (19)
net50.dat 3.698 0.924 1.812 1.121 1.452 0.907 0.884
(7) (7) (7) (7) (7) (7) (7)
netSl.dat| 12.126 2.873 10.036 3.310 3.642 2.684 2.234
(9) (9) (9) (9) (9) (9) (9)
net52.dat| 36.428 7.670 37.677 8.658 10.965 6.836 5.269
(12) (12) (12) (12) (12) (12) (12)
net53.dat| 63.985 13.471 14.898 14.747 11.655 8.598
(11) (11)  (*x%) (12) (11) (11) (11)
net54.dat |627.275 118.850 - 130.774 116.656 95.363 55.146
(17) (17) (17) (17) (17) (17)
net56.dat |2321.573 424.489 - 461.167 386.721 326.817 156.421
(17) (17) (17) (17) (17) (17)
Notes:

(%) Time is CPU-time in the Amdahl 5860 mainframe computer at
Newcastle University; in rounded brackets the number of
iterations required (gradient method iterations) for the
solution of the water distribution network analysis problem
is shown.

The program failed to find a solution for the first
iteration after running for 970.0 secs., the program was
interrupted and cancelled. No attempt was made with the

larger examples NET54.DAT and NET56.DAT.

(%X} :

Linear solvers:

ICCG modified Conjugate Gradient method, with Incomplete
Choleski factorization ( Kershaw factorization).

RCM : envelope ("skyline") method with Reverse Cuthill-McKee
ordering.

QMD : Quotient Minimum Degree algorithm.

RQT : Refined Quotient Tree algorithm.

1WD : one-Way Dissection method.

ND : Nested Dissection algorithm.

MA27 Harwell subroutine MA27.

References:
ICCG based on: Ajiz and Jennings (1984) and Kershaw(1978).

RCM, QMD, RQT,

MA27

1WD and ND : George and Liu (1981).
Harwell Subroutine Library, Atomic Energy Research
Establishment, (AERE), U. K.
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execution times are, in deneral, average times of at 1least a
couple of runs and correspond to the time needed for the solution
of the network (i.e. the non-linear problem) excluding the
input/output of data and results. The number of (non-linear)
iterations of the gradient method, for the analysis of the

networks, is also presented in Table 5.2, in rounded brackets.

Table 5.3. presents the summary of the storage requirements,
both in terms of main storage (that needed for the explicit
handling of the non-zero values) and overhead storage, which
accounts for all the extra auxiliary vectors and pointers needed

to implement the algorithm.

Figures 5.2 and 5.3 show the results of the comparison, in
terms of CPU execution time and total storage, respectively. The
storage shown in Table 5.3 and Fig. 5.3 refers to that required
by the linear solver itself; it does not include that of the non-
linear solver. Thus, for comparative purposes the results are
representative of the relative merits of the different algorithms

for the solution of the linear systems.

Another important point in the comparison, is the fact that
most of the test examples are synthetically dgenerated networks.
This 1is a factor which may be contributing to the good
performance of the dissection methods, which have been originated
for use with regular finite element meshes. This is a point that
should be explored in the future, if data from larger real

networks becomes available.
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Table 5.3. Comparison of storagde requirements (Bytes) for
different linear solvers used with the gradient
method for pipe network analysis.

Hethod Data file name and nuaber of equations (2]
{13 NETS.0AT FRYS.DAT  KOBI0.DAT  MNETSO.DAT  NETSLLDAT  NETSZ.DAT  NETSS.DAT  NETBALDAT  NETS0.DAT
4 4 240 3 398 621 8% 2496 4894
2,576 [3] 2,464 13,440 12,488 2,288 34,776 0,176 139,776 274,178
1CC6 1,748 {41 1,672 9,120 8,474 15,124 3,598 34,048 94,848 186,048
4,328 {5] 4,136 22,%0 20,962 37,442 8,374 84,24 234,624 460,224
1,912 1,248 15,664 2,072 0,800 95,224 161,528 715,624 1,925,94
by 1,65 1,564 8,640 8,028 14,324 2,3% 32,2% 89,85% 175,2%
3,968 2,832 24,304 30,100 65,124 117,580 193,784 805,480 2,102,200
1,760 1,752 9,072 37,33 113,392 237,49 - {8} - -
0 3,310 3,190 17,394 18,904 17,866 60,25 - - -
3,070 4,942 26,46 5,242 151,238 ]1,132 - - -
1,472 1,44 8,088 14,8% 45,128 8,448 95,576 402,048 1,050,128
Far 3,342 3,198 17,90 16,442 32,830 45,84 6,184 184,504 362,024
4,314 4,622 25,378 31,338 78,938 104,302 162,760 86,552 1,412,182
1,912 1,840 7,512 12,472 24,992 42, 47,69 237,384 946,088
WD 2,832 2,728 15,042 14,148 28,196 39,2 56,608 157,280 307,960
4,764 4,58 22,54 26,620 %,188 82,1% 124,304 394,654 834,048
1,912 1,736 8,824 17,800 3,492 62,848 97,268 327,552 720,184
ND 3,660 3,4% 19,140 18,878 3,930 53,016 77,094 213,202 423,34
3,372 3,226 27,964 3,678 1,122 113,864 174,342 M2,79 1,145,468
1,296 1,2 9,904 17,056 B, 57,6% 93,088 334,888 728,608
w27 3,864 3,696 20,160 18,732 33,432 52,164 75,264 209,664 411,264
5,160 4,944 26,064 35,788 65,728 109,820 170,352 Mb,552 1,199,872
Notes:
{1} s Refers to the linear sclver algorithe:
ICCE : modified Conjugate Gradient method, with Incomplete Choleski factorization { Kershaw factorizationl.
ROM s envelope ("skyline®) method with Reverse Cuthill-Mciee ordering.
M0 : Quotient Minimua Degree algorithe.
RAT : Refined Quotient Tree algorithe.
1¥D 3 one-¥ay Discection sethod,
ND i Nested Dissection algorithe,
MAZ7 : Harwell subroutine MAZ7.
{2} : Corresponds with data sets in Table 5.1,
[3] :+ Upper figure corresponds to the prisary storage (Rytes).
{4] s Corresponds to the overhead storage {Bytes).
{3} : Corresponds to the total storage: primary ¢ overhead storage {Bytes).
(6] : No solution for the first iteration after 970.0 secs., progras was interrupted and cancelled. No attespt was made with
the larger exasples NETSA.DAT and NETS6.DAT.
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There 1is an additional point that is worth noting, which Iis
that the presented execution times are not "exactly" a function
of the number of nodes of the network (or the number of unknowns
in the linear systems). The first four examples illustrate this
point: the presence of pressure regulating valves in the data set
PRV5.DAT, which is basically the same network as in NET5.DAT,
produces a sharp increase in the execution time; this is due to
the increase in non-linear iterations needed in order to produce
the balance in the regulating devices (232 iterations). The point
is also 1illustrated in the third and fourth examples, where a
real network of 266 nodes corresponding to the main distribution
system of the city of Bogotd (Colombia) requires between 1.6 to 5
times the execution time required for a similar synthetic network
(the latter ratio relate to the case when the preconditioned
conjugate gradient is used as the linear solver). In summary, the
presence of pressure regulating devices requires the network to
be solved more times than when no pressure regulating valves are
present, and the hydraulic characteristics of the network (mainly
represented by the distribution and connectivity of high and 1low
resistance pipes) produces problems resulting in slower

convergence.

The results in Table 5.2 show that, despite the problems
mentioned 1in the previous paragraph, the relative difficulty of
similar sized problems does not change the relative performance
of the methods, i.e. "good" methods are still good when a more
difficult problem has to be solved. Thus, we can rely on the

synthetic data sets for determining the relative performance of
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the algorithms, while the "true" performance of the algorithms in
real networks 1is something which will depend very much on the
physical characteristics of the system (i.e. presence of

regulating valves, distribution of high/low resistance pipes,

etc. ).
5 . _Selecti of the most efficient method.

One of the main conclusions to be drawn from the comparison
carried out 1is in terms of the relative efficiency of direct
methods when compared to the iterative algorithm (ICCG). For
large problems, say of more than 200 nocdes, a direct solver
always produces faster results, the exception being the quotient
minimum degree (QMD) algorithm. In addition, the larger the
problem, the greater the relative efficiency of the best direct
algorithm in comparison with the iterative scheme ( the MA27 code
produces a solution about 15 times faster than the preconditioned

conjugate gradient algorithm, for the network of 4900 nodes ).

As 1t can be seen form Fig. 5.2, the execution times produced
with most of the direct solvers increase at a nearly linear rate
with the size of the problem; the preconditioned conjugate
gradient shows the strongest non-linear behaviour in this
respect. The total storage (see Fig. 5.3) behaves linearly for
most of +the best algorithms, e.g€. preconditioned conjugate

gradient, dissection methods and multifrontal algorithms.

In summary, the conclusion is that when selecting a linear
solver, if storage is available, a direct method is the right

decision. The multifrontal method is the best choice from the
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execution time viewpoint, followed by the dissection algorithms
of Georde and Liu (1981). The nested dissection is about 100%
more time-consuming for large problems tﬁan the multifrontal
method, while the one-way dissection is about 120% more time-
consuming than the multifrontal algorithm. From the storage point
of view, the preconditioned conjugate gradient is the best
choice, requiring about a half of the storage of its closest

rival, the one way dissection algorithm.

Even in a limited storasge environment, like in the present
generation of 8 bit microcomputers, a direct solver can still be
the best choice. Our current implementation of the gradient
method with the one-way dissection linear solver, in a 512 Kbytes
RAM microcomputer, allows us to solve networks of up +to 1000
nodes in a fourth of the time required by the preconditioned
conjugate ¢gradient. Because of the reduction in the storage
needed for the preconditioned conjugate gradient, networks of up
to 1200 nodes can be solved in a 512 Kbytes microcomputer. The
arrival of more powerful personal microcomputers, which is
already taking place, makes the case for direct solvers even

stronger.
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9.3, Concluding remarks.

In this chapter, we have compared +the performance of the
gradient method for water distribution network analysis when used
with a wide variety of linear solvers, including sparse direct

methods and one 1iterative method (preconditioned conjugate

gradient).

The main conclusion is that, when enough storage is available,
the multifrontal approach (routine MA27 of the Harwell Library)
provides the fastest solution. If storage is very 1limited, the
preconditioned conjugate gradient is the best choice. A good
compromise between storage and speed is obtained with the one-way
dissection algorithm of George and Liu (1981), particularly if

the maximum size of the network is between 1, 000-2, 000 nodes.
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CHAPTER SIX

CALIBRATION OF WATER SUPPLY DISTRIBUTION SYSTEMS:
A NEW COMPUTER-BASED EXPLICIT METHOD

6.1, Introduction.

Due to the inherent complexities of the mathematical model for
describing the steady and unsteady state of a water distribution
network, computers have been used to ease the modelling process
since the early sixties, when these machines became available for

practical engineering applications.

To build up the mathematical model, a number of simplifying
assumptions are needed, in order to produce a mathematically
tractable problem. Additionally, most of the parameters required
by the mathematical model are subject to estimation errors.
Consequently, we have to recognise that the mathematical model as

a whole is just a rough approximation of the reality.

As a result, if we compare the predicted variables of the model
with the corresponding measured variables from the real network,
wve shall find that agreement between both quantities 1is rarely
reached. If the model is used to represent the reality, something
has to be be done in order to improve the quality of the model

results with respect to the real world.

A calibration stage is then needed before the model can be used

to represent the reality for any practical purpose, the
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calibration being responsible for guaranteeing that the results
predicted by the model and the corresponding variables in the
real network match within a reasonable degree of accuracy, for
all the possible range of operating conditions in which the model

is going to be applied.

The purpose of this chapter is to present a calibration
procedure for water distribution networks, which can be carried
out with the help of the computer, and used interactively by

experienced engineers dealing with the water distribution system.

Section 6.2 deals with the identification of most of the causes
of uncertainty in the modelling process, while Section 6.3
summarises the nature and accuracy of the measurements normally
available in a typical water distribution network. Section 6.4
contains the problem formulation. Section 6.5 presents a review
of the existing methods for calibration and Section 6.6 compares
the conveniences and shortcomings of a deterministic and a
probabilistic approach to the calibration problem. Section 6.7
introduces the rationale behind the proposed method, whereas
Section 6.8 presents the method itself. In Section 6.9 different
techniques applicable to the problem of estimating the unmeasured
piezometric heads in a water distribution network are presented.
Section 6.10 illustrates the application of the proposed method
to some test examples, while in section 6.11 the calibration

results are compared and discussed. Finally, some conclusions are

drawn in Section 6.12.
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6.2. Uncertainties in water distribution modelling.

First of all, we shall constrain the scope of this chapter to
the steady-state flow exclusively. The unsteady state problem is
a completely different problem from the mathematical viewpoint,
and its modelling is wusually carried out having different
cbjectives in mind, as compared with the aims of traditional
network analysis. This involves a first cause of possible error
in the model, since it is more adequate to understand the real
behaviour of the network as in a continuous unsteady state; this
is due to the fact that demands are always changing, pumps are
often switched on and off, valves are moved, etc., generating a
wide range of transient phenomena, some of them with a slow

response and some with a fast response as well.

In modelling the steady-state flow, some of the uncertainties

and simplifications involved are concerned with
6. thematica ode or the ow/head loss enomehna.

It is assumed that a mathematical non-linear relationship
approximates efficiently the flow-head loss phenomena in the
network elements (pipes, pumps, valves, etc.). The Hazen-Williams
and the Darcy-Weisbach formulae are widely accepted and both of

them can be modelled as:

hij = «i5 Q3" + Byij (1)
where hjj and Qjj are the head loss and flow between nodes
"i" and "J", respectively; «j; and Bjj are the characteristic

parameters and n is a real exponent. All of them are formula-

dependent.
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The non-linear model represented by equation (1) is valid for
turbulent flow (i.e. when Reynolds number is greater than 4,000-
6,000). For laminar flow (i.e. Reynolds number less than 2, 000),
linear models in the flows (or in the velocities) like those
proposed by Hagen in 1839 and Poiseuille in 1840 are recognised
as a more adequate representation of the physical reality. The
region with Reynolds numbers between 2,000 and 4,000 is often
considered as a "“transition zone", and no explicit model is
available for describing the flow in that zdne. Generally, either
the turbulent or laminar model is applied in that transition
zone, depending on the state (laminar or turbulent) prevailing

prior to reaching the transition zone.

In other words, the mathematical description of the physical
phenomenon itself has some degree of ambiguity, which is normally
considered as non relevant for practical purposes on the grounds
that, in civil engineering applications, most of the flows are
turbulent, which is not always true.

The coefficients «;j3; and B335 in equation (1) are the
characteristic parameters of every branch of the network. In the
case of pipes Bj ;=0 and «j; = Ljj/(@ Cj;1-852 D;;4.87037) for the
Hazen-Williams formula, with @ being a units-dependent constant.
In the case of valves, Bjj¥0 and «j j has to be obtained from the
characteristic curve of the valve (supplied by the manufacturer
or determined in a laboratory). Similarly, in the case of pumps,
both «j ; and Bjj are needed.

In a real network, the characteristic coefficients «jj; and Bj j

are assumed to be known. Ih practice, a number of factors lead us
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to the uncertainty in the determination of +the characteristic
parameters; some of these factors are:
a) Pipe resistance:

The roughness of a pipe, represented by Cij in the case of the
Hazen Williams formula, is difficult to determine in practice.
Field tests are needed for the estimation of the roughness of an
old pipe ([i.e. hydrant tests and others described by Walski
(1984)]; for a new pipe, the corresponding value can be
determined in a laboratory and is usually supplied by the

manufacturer.

Furthermore, the pipe resistance chandges slowly with time,
then, in essence, we are dealing with a variable coefficient,

which is assumed to be constant for practical reasons.

The older the pipe, the greater the uncertainty associated with

its resistance.
iamet

Assuming that at least the nominal diameter and corresponding
materials of the pipes are known (which is not always the case in
the real world), different classes of pipes can be found,
especially when we are studying a system of old pipes; in this
case, it is usual to find different effective diameters for the
same nominal diameter. In addition, deposition of mineral salts
and the action of corrosion processes can reduce the effective
diameter of a pipe with a known nominal diameter or change the

shape of the net flow section.
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c) Length:

This variable 1is usually determined from a map of the city
under study (scales 1:5000 or 1:10000 are usual), where the pipes
of the network have been drawn; as a result, the lengths are
quantities subject to errors of measurement.

d alve ti

The valve characteristic parameters are also subject to errors
unless a periodical checking procedure is performed, which can
include laboratory tests to re-determine the characteristic
parameters. Furthermore, the degree of aperture of a valve in a
real network is not known precisely and it is quite common to
find some valves closed when a field inspection is performed.

Again, we have +to look at the characteristic parameters as

uncertain parameters.
e) Pump characteristi al

Similgrly to the case of valves, the real wvalues of the
characteristic parameters of pumps are not precisely known,
unless laboratory tests are carried out. Also, it is known that,
due to the normal wear during the operation of the pumps or due
to abnormal cavitation processes, the values of the
characteristic parameters can change with time.

f) Minor losses:

It is an accepted practice in water supply modelling that minor
losses produced by the presence of special fittings 1like t-
Joints, elbows, reductions, etc. are neglected, due to their
small wvalues 1in comparison with the head 1loss produced by
friction in the pipes. This generally accepted practice can fail

in some special cases when short pipe lengths and important
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fittings are present. For these cases, the introduction of an
equivalent extra 1length of pipe,' which produces a head loss
approximately equal to that corresponding to the fittinds, is
sometimes considered an acceptable solution. To cope with these
cases, an adjustment of the length of the pipes should be
allowed, supporting the treatment of the length as a variable

subject to errors of measurement, as noted previously in c).

Consequently, it is no 1longer possible to consider the
characteristic parameters «;; and Bi; as deterministic, and a
probabilistic model seems to be more adequate to explain their

uncertainties and errors.
8 ater tio

The demands of water from the customers (residential houses,
commerce, industries, etc.) are assumed to be concentrated in the
nodes of the network model, instead of along the pipes, as
happens in the real system. In addition, the spatial distribution
of the consumptions is something which is difficult to establish
precisely. The normal procedure for that purpose involves a
sectorization of the area served, which leads to an approximation
of the spatial pattern of the demand. This process involves a
great deal of judgement and subjectivity, producing estimates of
the demand whose accuracy is not normally known; See Crabbe et

al. (1982) and Brandon (1984; chapter 6) for details.

Finally, the consumptions are subject to time wvariation.
Within a day the consumption rate changes hour by hour, following

closely the different activities of the consumers. Within a week,
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there is also a daily variation, due to the fact that the
consumption pattern changes from week days to the week end. In
the same line, monthly variations, induced by weather changes,

and Yearly variations, produced by population changes, are also

acknowledged.

The presence of leakages and unaccounted-for water

consumptions, makes the picture of water consumption even more

blurred.

In summary, both the spatial and temporal distributions of
water consumption are subject to uncertainty, and the way 1in
which this consumption is modelled (concentrated in the nodes) is
a simplification required to mak? the problem tractable from the
mathematical point of view. This means that, in practice, nodal
consumptions are a fiction, created by network analysts to be
able to tackle the problem; clearly, nodal demand measurements
are not possible to obtain and only indirect and global
measurements of consumptions are sometimes available. The
practice of measuring individual consumptions on a house by house
basis is common in some countries, but that information usually
incorporates a great deal of uncertainty. Thus, water

consumption 1s a parameter subject to considerable variability.

6.2.3. Effect of network reduction.

In the early stages of network analysis, when the computations
were carried out manually, the real network was "skeletonized" in
order to reduce the amount of pipes and nodes in the mathematical

model, thus reducing the effort needed to solve the problem. The
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reduction was obtained via the simple elimination from the model
of those small diameter pipes which were supposed to contribute

in a minor way to the flow-carrying function of the real network.

In essence, network skeletonization contributes some extra
uncertainty into the network model and it will certainly lead to
discrepancies between the model and the real network. As a
result, skeletonization should be used carefully and a compromise
should be struck when deciding which pipes are to be eliminated
from the model, if any pipes have to be eliminated at all.
Eventually, the convenience of skeletonization as a regular

practice should be revised.

6 4 n ence of netwo sur

The nodal demands are generally assumed to be independent of
the pressures in the network, which is clearly not true in the
real world. In fact, the operators usually reduce the pressure in
the network in order to lower peak demands and also to reduce the

amount of leakades, especially during the night.

This factor 1is not considered explicitly in normal network

modelling practice.

6.2.5. Other factors.

Other problems can contribute +to introducing errors and
uncertainty in a network model; some of them may appear at first
sight as improbable but they do occur. See Crabbe et al. (1982)

and Brandon (1984) for details. Some of these problems are:
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¥ Misinterpretation of recorded data: wrong dimensions and units
are reported as a common cause of error.
¥ Actual connections between pipes are different from those

assumed in the model.

x Valves which may be operating in a completely different state,
e.g. open in the real network, but closed in the model, or vice
versa.

x Pipes by-passing pressure regulating valves and meters.

¥ Pipe obstructions, due either to the presence of debris or to
untidy maintenance work, may change dramatically the

resistance characteristics of the pipes.

All these factors should be checked before a formal calibration
procedure is started; moreover, if some strange results are being
obtained with the model, it might be necessary to go back to

these possible error sources.

Clarke et al. (1981) give some examples on how meaningful (or
meaningless) the results of some simple pipe hydraulics
calculations can be when dealing with uncertain data. Walski
(1987) stresses the sensibility of network calculations to
measurement accuracy and also refers to the influence of the fact
that steady state conditions are difficult to obtain in a real
network, especially when pumps and pressure regulating devices
are present. All these warnings are applicable to any calibration

procedure.
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6,3. Measurements available in a real network and their
accuracy.

Accepting the previous assumptions, in standard network
analysis applications we first proceed to "estimate"” the physical
characteristics of the network (roughnesses, diameters, 1lengths
of pipes, characteristic parameters of pumps and valves, etc.)
and the global demand and its spatial distribution for a
particular time horizon. With these data, the raw model, as
defined in Chapter 1, is solved and its results in terms of heads

per node and flows per branch are obtained.

At this point of the modelling process, a new question arises:
How close does our model represent

the behaviour of the real network %

To answer this question we need additional information from the
real network; the required pieces of information are obtained via
the field measurement of different parameters in the real
network:

X pressures at selected nodes of the network.

X water levels in the reservoirs.

¥ flows at selected points of the system.

¥ demands for certain areas and users in the network.

¥ roughnesses of key pipes of the system (field measurements).

¥ characteristic coefficients of pumps and valves (laboratory or

field measurements)

x effective diameters.

¥ ground level elevations at certain nodes.

X meter calibration results.
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To simplify the terminology, pressure and water level
measurements will - from now on - be referred to as ‘“piezometric
head measurements"”, though pressure and level measurements need
to be added to the corresponding ground level to obtain the
piezometric head. Nodal piezometric heads and pipe flow

measurements are generally the basic measurements in the network.

There 1s a wide range of measurement devices for pressures,
flows and levels; for each device, different accuracies can be
available and, obviously, the higher the measurement quality, the
greater the reliability of the conclusions that can be obtained

wvith these data.

Although a 1% accuracy seems to be a normal requirement for
most of the flow and pressure measurement devices, we have to
accept the fact that poorer measurements can be available and
that it 1is a matter of statistical interpretation as to the
quality of the results that can be obtained with such kinds of
measurements. Walski (1984, 1988) presents a detailed review of
the different techniques and equipment for water distribution

network measurements.

Water distribution networks, unlike other public utilities, are
characterised by their lack of adequate measurement systems, both
from the quality and the quantity viewpoints. Normally, we should
not expect to have more than 10% of the nodes of the network with
pressure or level measurements. The amount of flow measurements
could be even less, but generally we do have flow measurements at

key points 1like reservoirs (inlet and outlet pipes), pumps,
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important consumers (or sectors of the network), etc.

Although nowadays it is possible to find a variety of
measurements devices able to record or transmit the measurements
to a central command post, in many of the existing networks the
presence of a human being is still required to record the
measurement. A mix of telemetry with man-made measurement systems
is perhaps the most common situation. The ability to handle data
with different qualities, 1is something which seems to be
indispensable 1if realistic comparisons between the results of

network models with reality are to be carried out.

Due to meter or communication line malfunction, the
measurements themselves may be subject to error and, quite
possibly, some of them may become unavailable during a certain
time interval. A robust calibration procedure should be able to
cope with such problems and eventually reject or correct those
measurements, and avoid the spreading of such errors into the

modelling of the rest of the network.

b latio

Having information on the real behaviour of the network at
selected points, a new question appears, since, 1in ¢general,
measured and modelled variables do not coincide:

What can be done to improve the agdreement

between the model and the real network 9

The answer to the latter question is basically the problem

referred to as "calibration" of a network. A network is said to
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be calibrated when the results obtained with the model match
field measurements within some pre-specified reasonable

tolerance, for the different operating conditions.

In the previous definition, some key words are relevant.
Firstly, what 1is meant to be a ‘“reasonable tolerance” and,
secondly, what do we mean by "different operating conditions" <.
In the first case, we may have different criteria for
establishing a reasonable tolerance, for example we could say
that we want individual measurements to be within a fixed
percentage of maximum disagreement (say, 5%; thus the maximum
flow and head difference should be less than 5%) or, we could ask
for a certain proportion of points (say 80%¥ of the measured
points) to be within a certain percentage of disagreement (say
5%), whereas the rest (say 20%) should be within a bigger error
margin (say 10%¥). Obviously, different criteria can 1lead to
completely different problems and, of course, could require
different data quality and quantity. There is no definite answer
to this problem, but the tolerance criterion to be used should be
in accordance with the objectives of the calibration. To make
things worse, the establishment of a tolerance criterion is
problem—-dependent; thus, on some occasions, when the network 1is
characterised by a flat piezometric plane, for example, a more
stringent tolerance criterion may become crucial for a

meaningful analysis

It is essential that the network should be calibrated for all
possible operating conditions. Hence, high and low consumption

rates should be considered, as well as all the possible
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combinations of operating modes of devices like pumps, regulating
valves, etc. Failure to do so may imply that a network appears to
be calibrated when it is not. Of course, a model which does not
match the behaviour of the real system is of 1little use for
practical purposes and the importance of the calibration
procedure becomes a key factor in the whole modelling process.

This applies to all kinds of models.

The calibration problem, then, can be formulated as that of
finding a corrective procedure for the different parameters
involved in the network model, in order to reduce (or eventually
eliminate) the discrepancies between the model and the real
network, for all the possible operating conditions, using a
limited amount of measurements, each one possibly with a
different accuracy. This formulation is adequate for an off-1line
calibration procedure, when batches of data measurements are
available for different operating scenarios. By a limited amount
of measurements we mean the amount of measurements we normally
have available in water distribution systems, where we rarely
have as many measurements as parameters needing to be calibrated
and, certainly, we are never in a situation where we may have
redundancy of measurements, except in some very special cases,

like long and important pipelines.

As far as the present work is concerned, we shall restrict
ourselves to finding a solution to the calibration problem in the

previous context.

In general, when a model is to be used on a real-time basis, a

more demanding formulation is needed [see O0’Connell (1977;
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chapter 1)]}. These more severe prerequisites can be expressed as:

¥ The model parameters should be updated whenever new data become
available (adaptive model).

x The calibration procedure should be able to estimate the error
associated with the corrected parameters.

¥ The calibration procedure should be robust, and able to operate
with interrupted data sets.

¥ Low computational cost is desirable, in order to facilitate

implementation on microcomputers.

6.5. Review of existing methods for wat distribution networ

calibration.

Wé shall concentrate on full scale models of a water
distribution network, these being the most widely used models for
analysis and design purposes; in these models some reduction or
"skeletonization"” is permissible, but the model still replicates

the real network both in a geometrical and a hydraulic sense.

Reduced scale models, where only 20-30 % of the original
elements are included in the model are not explicitly considered
here, though some of the existing techniques for full scale
models are also applicable to reduced models. In reduced models,
the network to be studied is no longer equivalent to the real one
in the geometrical sense; this means that both the shape and the
size of the model might be completely different to the real
network, but the main hydraulic variables ( flows at important

ripes, heads at key nodes, levels at reservoirs, flows and heads
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at pumping stations, etc.) are replicated by the model. Reduced
models are used mainly for control purposes, especially in the
cases where only the behaviour of the main network elements
(reservoirs, pumping stations, etc.) is relevant; these models
are necessary for computational reasons, for instance when very
time consuming optimisation techniques (dynamic programming, non-
linear programming, etc.) are being used. See Gilman et al.
(1973), de Moyer (1973), de Moyer and Horwitz (1975) or Shimauchi

et al. (1985) for details on reduced scale models

In the traditional approach to water distribution network
calibration, of all the possible causes of mismatch between
modelled and measured variables, two of them usually play a major
role: the estimated nodal demands and the estimated resistance
characteristics (pipes, valves, pumps, etc.). This has led to two
different schools of thought, looking at the calibration problem
either from a demand or a resistance point of view. In both
cases, the way to deal with the calibration problem in the early
stages of network analysis and modelling has been a trial-and-
error exercise, where the network model is used as many times as
possible, with different demands and/or pipe resistances until,
hopefully, agreement between model results and measurements is

achieved.

One of the earliest attempts to formalise and solve the
calibration problem is due to Shamir and Howard (1968), where the
network analysis problem (nodal formulation) has been reshaped in
order +to include nodal consumptions and element resistances as

unknowns, as well as piezometric heads. In this context, a set of
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non-linear equations is produced, now containing heads,
consumptions and resistances as unknowns and, in principle, the
non-linear system can be solved, provided that there are as many
equations as unknowns. In practice, this is not always true, and
the selection of the unknowns (specifically when dealing with
consumptions and resistances) has to be done following a set of
rules in order to get a "solvable" problem. Shamir and Howard
(1968) enumerated some of these rules, which have subsequently
been extended by Shamir (1973). However, the authors did not
guarantee that even following these rules, a solution could be

found.

An alternative approach has been the development of some
calibration procedures based on a gengitivity analysis, where the
model parameters (either demands or resistances) are studied
according to their impact in the mismatch between modelled and
measured variables. A correction to the most sensible parameter
is computed in order to force agreement between model and real

world. We shall review some of these algorithms.

Donachie (1974), following a nodal approach for the network
analysis sslver, presented a post-analysis calibration procedure,
based on determining the impact of chandes in the ripe
resistances on the nodal piezometric heads. The values of the
sensitivities of the nodal piezometric heads with respect to the
changes in the pipe resistances are determined using the Jacobian
matrix obtained in the original uncalibrated system, and these
sensitivities are wused to reduce the discrepancies between

modelled and observed pressures. This approach leads to a set of
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linear equations in the resistance corrections, which is
overdetermined because there are as many equations as
measurements (say M equations) and as many unknowns as pipes (say
NP, with NP > M ). The overdetermination is solved via a least
squares fit, and the resistance to change is that which needing
the smallest correction produces the largest effect in a sum of
squares index. Choosing the most sensitive resistance allowsu to
continue the use of the original Jacobian (obtained during the
network analysis solution) to carry out as many corrections as
necessary, until agreement 1is obtained. This simplifies the
procedure and reduces the computational cost. The procedure can
be used under several demand conditions, thus choosing the
resistance changes having in mind all the possible consumption

scenarios.

Donachie (1974) also shows how the same procedure can be used
to evaluate the sensitivity of the nodal piezometric heads to

changes in the nodal consumptions.

The main comments that can be made in connection with

Donachie’s approach are:

¥ The method does not use the information on flow measurements
(when available); calibration 1is carried out using the
pressure measurements only.

* The selection of the pipe resistances to be adjusted is
arbitrary, since the discrepancies between model and reality
need not necessarily be produced by the most sensitive pipes.
In practice, this means that the algorithm produces results

that look 1like a good calibration, when this may not be the
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case.

¥ The method considers that the pressure measurements are exact
and does not allow for an explicit consideration of the quality
(or error) of the measurements.

*x The proposed method does not reproduce the pressure
measurements, though it gets smoothed values which are close
enough for practical purposes.

x The method does not give an estimate of the errors associated

with the corrected values of the roughnesses.

Rahal, Sterling and Coulbeck (1980) followed a sensitivity
analysis approach very similar to that of Donachie (1974), to
develop a ‘'static parameter tuning"” (SPT) algorithm, since it
referred to a time invariant system. This algorithm allows the
characteristic parameters of pumps to be included in the

calibration.

Rahal and Sterling (1981) extended the previous algorithm for
dealing with the dynamics of an extended period simulation, where
now the time varying nodal consumptions and reservoir levels are
adjusted to match model results with the real network. The new
algorithm is referred to as "dynamic parameter tuning"” (DPT), to
mark the difference with their previous "static parameter tuning"
(SPT) method. The DPT algorithm operates in two stages:

I) Calibration of reservoir levels and reservoir inflows.

II) Calibration of nodal demands.

It is assumed that the static analysis model is exact, 1i.e.
that the SPT algorithm has been previously used to calibrate the

resistance parameters. Thus, the remaining uncertainties in the
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dynamic case are the reservoir levels and the nodal consumptions.

The calibration of reservoir levels and inflows (stage I) is
needed due to errors associated with the integration of the set
of differential equations describing the dynamics of the system ,
which 1is done through a predictor-corrector scheme, but also
because the SPT algorithm does not reproduce exactly the level

measurements. Stage I is needed only once.

The second stage 1is based on the determination of the
sensitivities of the nodal pressures and reservoir inflows to
variations in the nodal consumptions; a correction for the nodal
consumption is made by changing that nodal demand which, with the
smallest change, produces the largest variation in the sum of
squares of the errors. This needs to be carried out for one nodal
consumption at a time, and as many times as is needed to keep the
maximum discrepancy between the observed and modelled pressures

under a pre-specified limit.

Most of the comments made for Donachie’s algorithm are still
valid for the SPT and DPT algorithms. In the case of the DPT, we
can say that, in addition
¥ The selection of which nodal demand to adjust is arbitrary,

since the disagreement does not need to be produced by the most

sensitive demand.
¥ The method is not able to reproduce exactly the level

measurements and inflows in the reservoirs.

Coulbeck (1984) recognised that both the methods proposed by

Donachie (1974) and Rahal et al (1980) " do not make full use of
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the available information and can lead to results which disagree
with practical experience”. He presented a generalisation of the
sensitivity-based algorithms, now including flow measurements and
allowing the adjustment of most of the parameters (pipe
resistance parameters, pumps control parameters, consumer demands
and reservoir levels) simultaneously, rather than one at a time
as previously. Coulbeck’s aldgorithm still assumes that the
measurements are exact. This leads to an overdetermined problem,
since normally there are more parameters to adjust than
measurements; the problem is solved via an explicit minimization
of a weighted sum of squares performance index. The computer
program implemented is interactive and the operator can examine
the variation in the calibrated parameters, weighting factors,

etc. 1n response to changes in the adjusting parameters.

Although Coulbeck’s model removed some of the shortcomings of
previous algorithms, the method is still deterministic, because

no explicit handling of the measurement errors is allowed.

Gofman and Rodeh (1981), following a loop approach. for the
network analysis problem and looking for efficient microcomputer
solutions, proposed a deterministic solution for the calibration
problem. They introduced a fictitious device, which they called a
"head generator", whose function is precisely to introduce extra
head-losses (or gains) in order to force agreement between
measured and predicted pressures. To obtain the solution, they
have to add a pseudo-loop for each new pressure (head)

measurement, the specification of which is arbitrary, as the

238



location of the "head generators'; additionally, they found that
the problem is solvable only under certain conditions, otherwise
the new problem either has no soclution or has many solutions.
Almost the same arguments as in the previous methods are
applicable here, i.e. lack of capability for handling the error

of the pressure measurements, no use of flow measurements, etc.

Ormsbee and Wood (1986) proposed an explicit deterministic
algorithm for calibration, which is based in the well Xknown
linear theory method developed by Wood and his collaborators at
the University of Kentucky. As each new pressure (head) or flow
becomes available, an extra energy equation can be added to the
original system, allowing for the addition of a new unknown. For
calibration purposes, the algorithm proposed by Ormsbee and Wood
(1986) considers that either a head loss ad justment
(multiplicative) factor for the friction losses or an additive
head loss factor for the minor losses are suitable variables. The
user has to decide which kind of adjustment factor (or a
combination of them) is to be determined. A general head 1loss
ad justment factor 1is also possible (i.e. when a single
measurement is available), but a combination of head loss
adjustments and head loss factor (for minor losses) is preferred
by the authors. This approach generates an extended non linear
system of equations, one for each extra energdy equation, which is
solved following a similar approach as in the 1linear theory
method. As a result, both the selection of which head 1loss is
more relevant (friction or minor losses) and also the specific

location of the pipe where that loss is to be introduced are
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arbitrary and many solutions are possible, or none at all, as

shown by Gofman and Rodeh (1981}.

Walski (1887), 1in a discussion of Ormsbee and Wood’s (1986)
paper emphasises that errors in the pressure measurement data can
lead to ‘"unrealistic solutions”, thus the accuracy of the
measurements becomes a critical issue, as far as the credibility
of the calibration is concerned. Also, the fact that steady state
conditions are not common in a water distribution network (see
section 6.2 of this chapter) has an impact on the accuracy of the
measurements and in the discrepancies between modelled and
measured heads. Walski’s comments are applicable to all the

calibration methods already reviewed.

Walski (1983, 1984, 1986), within a deterministic approach,
proposed a completely different stratedy for calibration. He
recognised that both the pipe resistance parameters and the nodal
consumptions can be the origin of the mismatch between observed

and measured heads and flows. His approach is not based on_ re-

form ti two a i ijons. Using data (existing
or especially obtained for this purpose) from fire flow testing,
where a hydrant in the network is open and the pressures in the
network and the level in a reference reservoir (or a PRV) are
observed, Walski replaces the whole area of influence of the
test, which has to be defined by the user, by an equivalent pipe
and looks for multiplicative correction factors for the Hazen-
Williams roughness coefficient C (say, B) and for the nodal
consumptions (say, A), within the area of influence of the fire-

flow test. With the information provided by the recorded

240



pressures in the hydrant before and during the test, plus the
levels 1in the upstream reservoir and the flows measured at the
hydrant, Walski’s method leads to a system of 2 equations in the
unknowps A and B, i.e. the corrective factor for the nodal
demands and roughnesses, respectively; the system can be solved
via an elimination process and an explicit formula for A and B
can obtained. On obtaining A and B, all the previously estimated
nodal demands within the area of influence are multiplied by A,
wvhile B multiplies all the Hazen-Williams roughnesses. According
to Walski, the method then automatically determines whether the
nodal consumptions or the roughnesses are the main factors

contributing to the disagreement between observed and measured

variables.

Walski’s method operates over sectors of the system (which are
defined based on the area of influence of the fire-flow tests),
one at a time, until the whole area fed by the 'network is
covered. The method actually is an extension of an existing
practical procedure for determining the roughness of a single
pipe, where now the single pipe under analysis is replaced by an
equivalent (fictitious) pipe representing &a sector of the
network. The method is arbitrary, in the sense that the area of
influence of the test is difficult to define precisely, this has
an impact on the selection of the nodes affected by the test and
their water demands. The method also downgrades initially well
estimated demands, due to its averaging features; in fact, the
original total demands may be increased or decreased by the

algorithm. To apply this method, we need a network where it is

easy to find a reference reservoir for a sector of the network,
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vhich renders the method better suited for pie-shaped networks
with a central reservoir feeding a nearly circular area. Another
shortcoming is the difficulty of implementing the method on a
computer, in order to apply it systematically. This approach is
eminently practical and relies on hydrant flow tests, which
forces the network to act locally under severe flow increases.
Recently, Walski (1988a), based on a number of practical and real
situations, expressed the view that "it will never be possible to
develop a simple analytical procedure or optimisation technique
that will calibrate a model"; he suggested that possibly expert

systems can become helpful in this regard.

Bhave (1988), following a similar approach to Walski, but now
guaranteeing that the total inflow remains constant and equal to
the measured inflow (which Walski’s method failed to maintain),
proposed a calibration technique which adjusts pipe resistance
characteristics and nodal consumptions simultaneously. Let NT be
equal to the number of nodal pressure measurements plus reservoir
level measurements; then, on taking a unique reference node, we
can link this reference node with any of the pressure measured
nodes and level measured reservoirs, thus creating NZ=NT-1 paths,
each one starting at the reference node and ending at another
measured node. Each measured node and associated path defines NZ
zones and, for each zone "i", a demand adJjustment dqiy can be
made, 1if considered necessary by the user, such that E §qi; = O
(summation over all the NZ zones is zero in order to maintain the
total inflow constant) or a zonal resistance adjustment Bi can be

introduced. Also, in each path, the predicted summation of head
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losses and the measured total head loss between the reference and
measured node must coincide. This leads to the establishment of
NZ equations in NZ unknowns Bj and/or &qj, which are to be chosen
by the user; the resulting system of equations is non linear but
Bhave wuses a simple linearization scheme based on the fact that
Bi ®* 1. The corrective factor B; operates over all the pipes in a
zone and the corrections in the demands per zone are distributed
over the nodes, maintaining the proportions originally assumed
for the nodal consumptions. An iterative procedure is followed

until Bj -> 1 and &qj -> O for all the zones.

Bhave’s proposed method has most of the 1limitations and
arbitrariness of Walski’s method and according to its author "the
convergence 1is rather slow", perhaps due to the linearization
introduced in order to get a set of linear equations in the
unknowns. The method is deterministic and it handles neither flow

measuremenits nor the error inherent in the pressure measurements.

Lansey (1988) formulated the calibration problem within the
framework of non linear programming, having as an objective
function the sum of squared differences between measured and
modelled heads (he did not consider flow measurements), though a
slightly different objective function based on the ratios between
measured and modelled heads is also discussed. The restrictions
are basically the set of non linear equations relating head 1loss
and flows per branch, the mass balance per node equations and
additional constraints on the variation of nodal demands,
roughnesses, PRV settings and valve characteristic coefficients.

In order to make the problem tractable from the computational
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viewpoint, Lansey does not include the set of non 1linear head
loss/flow relationships, but replaces it in an 1implicit way,
using the network solver in tandem with the optimisation model.
Lansey provides neither examples nor performance information on
this approach. The formulation presented by Lansey is able to
cope with multiple loads, though it is still deterministic and
uses only pressure measurements. Shimauchi et al. (1985), dealing
with a reduced scale model of the network, followed a similar
approach, this time including a weighting factor in the objective
function to consider measurement errors and including explicitly
the set of non 1linear head loss/flow relationships in the

constraint set.

Ormsbee and Chase (1988), following a similar approach to
Lansey, but now with a linear objective function minimizing the
absolute value of the ratio between measured minus modelled
variables and measured variables. Although the objective function
is explicitly linear, in fact it is implicitly non linear in the
unknowns (heads, flows, resistance parameters). The minimization
problem 1is constrained by implicit system constraints (mass and
energy equations) and also by minimum and maximum bounds for the
pressures, flows, roughnesses, nodal demands and slope of the
piezometric head line. As in Lansey’s formulation, the solution
of the non linear optimisation problem is quite expensive from
the computational viewpoint and the complex method is recommended
by the authors as an efficient solver, the complex method being
to non linear prodramming as the simplex method is to linear
programming. The authors applied this method to two cases in the

U.S.A.; one of them corresponds to the city of Arlington (316
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pipes and 197 nodes) and the other corresponds to the Federally
Owned Water Main (FOWM) in Washington D.C. (64 pipes and 55
nodes); both systems link together. The authors did not present

any performance- related information.

6.6. Deterministic versus stochastic approach to the solution of

the calibration problem,

All the methods reviewed in the previous section for full scale
water distribution network models are deterministic, in the sense
that most of them are not able to handle explicitly the errors
associated with the measurements and, in addition, they are not
capable of producing estimates of the errors associated with the

estimated parameters.

Nowadays it is recognised that data with larde errors can lead
to unrealistic results in the calibration process. On the other
hand, due to the shortage of measurements in water supply
networks, which is typical of these systems, we have to utilise
all the measurement information available, even the low quality
data. In addition, the availability of measurements obtained from
devices of different quality is not unusual in real systems. All
this leads to the need for a calibration method which can
explicitly handle the errors associated with the measurements.
The algorithm then must be able to "weight" the data according to
their errors and finally, produce estimates not only of the
calibrated variables, but also of their associated errors, since
a corrected roughness of C=100%10 is very different from another

of C=100%2100. This is consistent with our formulation of the
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problem, as presented in Section 6.4.

Only the methods based on the non linear minimization of the
discrepancies between observed and modelled variables are close
to this approach [Lansey (1988), Ormsbee and Chase (1888)],
although they do not consider error measurements explicitly; this
is something that can be added relatively -easily into the
objective function. Even with that modification these methods are
not able to produce estimates of output errors, with the
additional burden that their computational cost 1is very high
indeed. The main problem with the non 1linear optimisation
approach 1is perhaps due to the fact that it is in essence a
deterministic approach, 1i.e. it does not truly recognise the
probabilistic nature of the problem. In fact probabilistic
(stochastic) estimation methods for model calibration differ from
the optimisation approach in that they add some additional
requirements to the problem, normally in the sense that not only
must the residuals be minimized but also the variances associated

with the estimates have to be explicitly minimized.

We shall adopt a stochastic approach to the calibration
problem, based on some of the parameter estimation techniques
already available from the statistical and control fields, which
have been successfully used in other problems of water resources
engineering. We believe that only in this context is it possible
to handle efficiently the calibration problem, as formulated 1in
Section 6.4; this can, eventually, lead to algorithms which can
be implemented in real +time at the microcomputer level.

Additionally, we shall implement some deterministic calibration
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techniques as well and we will compare them in order to evaluate

their respective advantages and disadvantages.

5. 7. Tl tional e i calibrati hod

Although it 1is clear that the calibration problem has to be
addressed within a dynamic framework, i.e. considering the whole
range of possible operational states for the system (e.g. low
demand and high demand periods), we shall follow the usual
procedure of simulating the extended period operation of the
system via the integration of successive static analyses. The
dynamics of the extended period simulation are described via a
set of differential equations which cater for the storage
variation within each reservoir; the system has as many
differential equations as reservoirs. In following this approach,
it is reasonable to assume that the calibration process alsoc has
to be carried out in two mutually interactive stages:

X Static calibration: where it is assumed that the total demand
and its spatial distribution is known at a specific time and
only the pipe roughness can be considered as responsible for
the mismatch between the observed and modelled variables (nodal
heads and pipe flows). In this case the reservoir levels and
valve and pump status are considered fixed and known.

* Dynamjc calibration: now the time variation of demands and
reservoir levels are assumed to be responsible for the

disagreements between observed and modelled variables.

We shall concentrate mainly on the static calibration problem.

247



First, let us assume that we know exactly the nodal demands and
their spatial distribution at a certain time instant; this
assumption is based on the fact that the spatial variation of the
demand has been thoroughly studied and estimated, wusing for
example the methodology recommended by the Water Research Centre
[see Brandon (1984)] for nodal demand allocation and/or using the
information from meter reading at household level [see Harrison
(1988)]. Additionally, we assume that the total demand 1is
measured at any time in the system (reservoir outflows, pump
discharges, etc.), so that it can be assumed that the nodal
demands allocated are a correct estimate of the spatial variation
and the total demand (summation of all the nodal consumptions)
must match the total measured demand. A proportionality factor
can be applied in order to force agreement between these total

demands (measured and summation of the estimated ones).

Hence, we are faced with a calibration problem where the pipe
roughnesses are meant to be the main factor contributing to the
model mismatch with reality. In fact, this approach implicitly
considers effective diameter and length variations, as well as
minor losses, as part of the roughness to be estimated. The

roughness is then the only “instrument” to be used to calibrate

the model.

The rationale of the proposed static calibration method can be
explained as follows: let us consider a "network"” consisting of a

single pipe joining node "i" and "j" then, in order to estimate

the tr v e the ro s at _th i e _nee O_measure

rence between pi etric heads each nod d also
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the flow in the pipe. With these measurements, say H{ - Hﬁ and

Qi§ , and using the known head loss/flow relationship (1), we can
compute the corresponding estimate of the true resistance

parameter (o*) for each pipe as:

«j ¥ = ( Hi* - Hj*) / (Qz5Mn (2)

Ideally, having measurements for all the head losses and flows
per pipe in a larger network, the application of equation (2)
would lead us to compute all the resistance parameters (i.e. the
vector o*). Because in practice we do not have measurements of
all the nodal piezometric heads and pipe flows, we have to find
the best estimates of them and use equation (2) to produce our
best estimates of the resistance parameters. The calibration
problem is now reduced to the estimation of nodal piezometric

heads and branch flows, based on a limited amount of available

measurements.

Note that if, in our single pipe system with nodes "i" and "j",
Qij* is not the true value, we would be able to find a different
«; ;¥ which could make the network look like it has been
calibrated when it has not. If we analyse a network consisting of
series-connected pipes, where the initial and final nodes of the
series have measured piezometric heads, even when knowing the
true flows per pipe, the problem of finding the resistance

parameters per pipe has infinite solutions; to break up this

indeterminacy we need to incorporate some additional information.

Once the “ij* have been estimated, using equation (2), the
computation of the estimated pipe roughness vector (C¥) is

straightforward in the case of the Hazen-Williams formula, since
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C¥ is explicitly related to the estimated characteristic
resistance parameter “ij* via the following relationship:

Cij* = { Lij/ [ 33686.36 Dj;4-87 ;4% 7 3 (1/1.852) (3

When using the Darcy-Weisbach formula a similar (direct)
procedure 1is needed to compute the friction factor. Having the
friction factor, the effective roughness can also be determined

directly from the Colebrook-White formula.

In practice, some control on the maximum variation allowable
for Cij* is needed, in order to prevent Cij* reaching unrealistic
values, especially in pipes where poor head estimation (of
initial and final nodes) and poor flow estimation colncide. We
allow Cij* to move within an "allowable band” around the initial
roughness estimate,.i.e.:

(1—x)Cij(°) < Cij* 4 (1+x)Cij(°) (4)
where:
Cij(o) : initial roughness estimate for pipe "i-j".

X : maximum variation factor for C.

In the results presented here, the maximum variation factor "x"
has been set to 0.10, thus allowing Cij* to move within 90 and

110 ¥ of the initial roughness estimates.

In theory, when having head and flow estimates near the true
values, this wvariation factor "x" should be left as wide as
possible (i.e. Cij* is allowed to vary without constraints). In
principle, with "good" head and flow estimates, the calibration
algorithm should produce "good" roughness estimates, irrespective

of the initial roughnesses (then there is a need for "x" to be as

250



large as possible).

We shall postpone further discussions on the subject of this

variation factor "x" to subsequent sections of this chapter.

The calibration algorithm can be viewed in a slightly
different way: let us denote the true parameters of the network
by gt, Ht and Q¢ (i.e. resistance parameter, nodal heads and
flows per pipe); then, because the head loss/flow relationship
holds for every pipe Jjoining nodes "i" and "j", we can write:

«i ¥ = byt /@i tn (5)

where hijt is the true head loss, i.e.: hijt = H;t - Hjt.

Similarly, for the estimated variables, o«¥*, H¥ and Q*, the
following is true (equation 2):
«i3* = bij* 7(Q*)m (6)
where hj j* is the estimated head loss, i.e.: hjj* = H;* - Hy*
Hence, dividing equations (5) and (6):
«j 5 hi;* 7(Q35*)n
B i

O(iJ'

which can be re-arranged as:

___t: ————— ;—__—E-[—l_ (7)
ij {Q; ;7 /Q4 571}

which can be interpreted in the sense that:

o —--> atb
if b* - pt - (8)
and if QX -—-> gt |
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It is not difficult to see that equation (7) alsoc holds for the

case when:

E[h* 1 = K ht (9)

and

E[@¥ 1 = K @t (10)

where K is a constant.

The latter case implies that the estimated roughness parameters
can be equal to the true parameters when both heads and flow
estimates have exactly the same bias. This is only of theoretical
interest, since in practice the probability of having both

estimators with exactly the same bias is zero.

Clearly, (7) and (8) can be thought of as being the formal
expression of the rationale of our proposed calibration

algorithm.

approac or t soluti of the static

calib io b

The problem now is twofold: firstly we need to estimate the
piezometric heads within the network, based on a limited amount
of head (pressure and levels) measurements, which we assume are
sufficient to represent the structure of the piezometric plane
"floating"” above the real network. The second problem will be

the estimation of the pipe flows.

The problem of estimating the piezometric heads in the
unmeasured nodes can be approached in various ways. We shall

examine the feasibility of using a geostatistical estimation
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technique known as "Kriging", which is able to explicitly handle
noisy data and to produce an estimate of the error of its own
estimates. We also examine the use of a data approximation
technique known as bi-cubic splines, which is able to cope with
noisy data as well and, finally, a simple deterministic one-
dimensional interpolation technique will be described, which uses
the information of the initially guessed pipe resistances to fit

a broken line to the nodal head measurements.

The problem of estimating the flows is more complex, since the
flow distribution is strongly dependent on the network structure.
We can assume that if the flow distribution provided by the raw
model is close to the true flow distribution, we can use it as
an "estimate” of the true flows in the unmeasured pipes. This
assumption holds if the initial roughness estimates are good in
relative terms (i.e. relative to each other, rather than in terms
of their absolute values), since 1in that case the flow
distribution corresponding to the raw model will be close to the
true flow distribution. Flow measurements replace the modelled
flows, when available. We have found that this solution leads to
pipe flow estimates in a straightforward manner and, because the
assumption that the modelled flows are close to the true flows is
not exact, an 1iterative procedure leads to the final flow

estimates.

The basic structure of the proposed algorithm for static
calibration of the water distribution model can be represented in
the schematic shown in Fig. 6.1. The iterative algorithm

converges to the true values of the roughness parameters,
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Estimate initial value for C=C(0)
and for the max. variation "x"

¥
\\\?ead Heads and Flow measuremente///
3

Estimate unmeasured Heads: H¥
using any estimation technique, e.g.:Kriging,
one~-dimensional interpolation, splines, etc.

v

Run gradient analysis program and compute e\
modelled variables: H and @

Estimate unmeasured flows: QX
replacing the modelled flows Q by i=i+l

their measurements (if available)
otherwise @*¥ = @

"c" gorrectlon stage, compute
®jg" = Hi” -~ Him) /¢ 9
i 5%={L;37(33686.36 D; %7 %f 11/1.852)

1

If Ci;* < (1-x)Ci3(°) then Cj;*
If C; 3% > (1+x)clj(0) then Cjj*

(1-x)C; ;{(0)
(1+x)clj(0)

assign: X
Cij <= Cyj
l.e.

cli) <-- g*

Fig. 6.1. Basic iterative static calibration procedure, computing
corrected Hazen-Williams roughness vector C.
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provided that we input optimal estimates of the nodal piezometric
heads and pipe flows, as indicated in (8). Additionally, because
the estimation processes (of heads and flows) could be carried
out separately from the calibration itself, it would be possible
to introduce further improvements in the estimation of heads and
flows into the calibration procedure in a straightforward manner.
This means that this static calibration scheme can be used as a

framework for improved head and flow estimation algorithms in the

future.
.9 stimatin e piezometric heads
.9. ucti

There are two main approaches to estimating the piezometric
heads in the unmeasured nodes of the network, namely we can

either follow a probabilistic or a deterministic approach.

In a probabilistic (stochastic) approach both the measurement
errors and estimation errors are explicitly handled. In this
context, we have attempted to solve the problem with a standard
discrete linear Kalman filter, but because of lack of measurement
redundancy (which characterises these networks) the question of
the observability of the system arises, rendering this approach
non feasible for general distribution networks. Notwithstanding,
the Kalman filter approach can be the right one in situations
where the observability condition i; met, like in long pipelines
or in main distribution systems feeding the distribution networks

of a more complex system (these main distribution systems are not
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looped networks, in general). Another situation where Kalman
filters have been successfully used in water distribution systems
is when dealing with reduced models, like the "replication model™
[see Gilman et al. (1973), de Moyer (1973) or de Moyer and
Horwitz (1975)] where, ©because of the model reduction, the
observability problem does not arise; however this is not our
objective, since we are interested in full scale models. We have
tried, unsuccessfully, to overcome the observability problem via
the introduction of pseudo-measurements, following a similar
approach to that used in power systems, but the solution via
pseudo-measurements seems to be more appropriate for solving the
problems of missing data and bad data replacement due to
communication failure in telemetered systems, rather than
overcoming the observability question. Research in this field has
been quite active in recent years, which is reflected in the
literature: Krumpholz et al. (1980}, Alvarez and Albertos (1982),
Clements et al. (1883), Lo et al. (1983), Bargiela (1985),
Monticelli and Wu (1985 a,b). An alternative possible estimation
technique which by-passes the observability problem is "Kriging",
a geostatistical estimation technique which originated in mining
engineering and 1is used nowadays in the water resources field

(hydrology, gdroundwater, etc.).

Following a deterministic approach, the problem is formulated
here in a one dimensional fashion, and the aim is to fit a broken
line to the set of data points (measured heads) and then
interpolate the unmeasured heads. This can be done either via
least-square fitting techniques or interpolation methods. The

main shortcoming of this approach is the fact that the errors
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associated with the measurements cammet be handled and, as a
result, the errors associated with the estimates cannot be
produced. Nevertheless, we shall explore the effectiveness of an
interpolation method, which uses the information available on
pipe resistances and we shall compare its results with those

produced via a probabilistic scheme.

A third alternative for head estimation, which somehow lies in
between the probabilistic and the deterministic approaches is
represented by the use of splines, basically a deterministic data
interpolation and approximation technique which is also able to
handle noisy data; this latter issue is known as the "statistical
problem” in the splines 1literature. We shall explore the
feasibility of wusing splines for head estimation in the final

part of this Section.

8.9.2. Estimating the piezometric heads using Kriging.

6.9.2.1. Introduction.

We shall review the main assumptions underlying the application
of Kriging in the estimation of the unmeasured piezometric heads
in a water distribution network. We also summarise, at the end of

this section, the main steps followed in the estimation of

unmeasured heads using Kriging.

We assume that the piezometric heads in the network can be
represented by a continuocus piezometric plane "floating" above
the network, at a distance from the ground level which is

equivalent to the pressure at each node of the system. Recently,
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Hamberg and Shamir (1988 a,b) have used the same concept for
different purposes, though they extended the idea of a continuous

plane to the flows as well,

The spatial variability of the piezometric plane is not random,
it has an underlying structure which is a function of the
distance (i.e. two head measurements close enough should give
nearly the same result) and of the network characteristics. The
structure of the piezometric plane is such that its higher levels
are defined by the reservoir levels and then it starts to
diminish towards the lower parts of the system. The piezometric
plane then has a "trend” in the space, with a maximum 1level at
the reservoirs (or source pumps, or PRV’s, etc.) and a minimum
level near the borders of the network. This may be valid for a
whole network or a sub-network; for example: in multiple source
systems, for every source we can define a sub-network, which
contains all the pipes and nodes fed from this particular source.
The same subdivision arises when a series of pressure regulating
valves are separating the main network into different pressure

zones, each pressure zone becoming a sub-network.

The piezometric plane actually exists only over the pipes, and
does not exist over the rest of the space but, since we are only
interested in the plane’s behaviour over the pipes, there is no
reason to prevent us thinking of the piezometric plane as a
continuous ©plane. Moreover, the traditional way of modelling
water distribution networks is mainly concerned with the
piezometric heads above each node (including reservoir levels);

thus we restrict ourselves to the values of the plane at some
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particular points of the space. On the other hand, current
models assume that the head loss between two connected nodes is
linearly distributed; +this 1is only because in the model the
consumptions are arbitrarily concentrated in the nodes and not
along the pipes, as in the real network. As a result, we get a
representation of the piezometric head which is a set of straight
lines, broken at the nodes. This discontinuous model may be far
from the real piezometric head behaviour, since nodal
consumptions are Just a fiction, created to produce a

mathematically tractable problem.

On top of that, the continuous plane representation of the
piezometric heads in the network provides an automatic way for
considering the 1looped nature of most water distribution
networks, since a head increase in a particular node of the
network (due to a booster pump, for example) will have an impact
on surrounding nodes, increasing their heads in a way which is
easily handled by the continuous plane approach. Another
interesting feature of this way of modelling the piezometric
plane is that we can, eventually, use head (pressure)
measurements taken not only over the nodes, but also measurements

taken at any point of the network, to estimate the head over

unmeasured nodes.

Finally, we have to stress that even though we are imagining

the piezometric head as a continuous plane, we _are not actually

using it as such, since we are constraining ourselves to the
heads over the nodes only. The continuity assumption helps us to

handle the underlying structure of the piezometric heads in the
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network.

We are aware that Kriging might not be the best solution when
dealing with networks whose piezometric plane is highly
irregular, e.g. when P.R.V.’s and booster pumps are located in

some pipes of the network.

We assume, for the time being, that the pressure measurements
are located at key points of the network and that they are
numerous enough, so that the main features of the piezometric
plane are contained in the measurement set. We believe that this
is not a very stringent requirement and, to explain it, we can
take as an example the case when we need to draw a topographic
map; in that case, if we fail to take measurements at key points
(i.e. a hill, a hole, etc.), we shall miss them when the time
comes to "reconstruct" the topography in a contour map. In other
words, this means that any estimation method (for the piezometric
heads in our case, or for ground levels in the topographic case)
w?ll give "bad results” if the assumption on the location and
amount of measurements is not met. These concepts are dealt with
in the characterisation stage of the Kriging process, something
which in mining geostatistics in referred to as ‘“structural
analysis", the characterisation being a stage previous to the

parameter estimation itself.
6.9.2.2. Estimation using Kriging.

For completeness, we have included in Appendix B the derivation

of the Kriging estimator equations.

260



Following Appendix B, +the main steps 1in estimating the
unmeasured piezometric heads using Kriging can be summarised as
follows:

a) Read +the data corresponding to the n piezometric head

measurements (Zj) and their location (xi, i=1, ..., n).

b) Based on the information of the field data points, i.e.
piezometric heads at certain nodes of the network (their location
given by their coordinates projected on the horizontal plane),
the experimental semi-variogram (or simply variogram) is
constructed, via a procedure similar to that presented in Table
B.1. Fig. B.1. represents an example of a resulting experimental

(or estimated) variogram.

c) One of the five analytical models summarised in Table B.Z2.
is selected as the best representation of the experimental
variogram. The parameters Ay, By and C, are determined. This has
been done in our case on a trial-and-error basis, plotting the
experimental variogram and the modelled variograms and choosing

that model which follows the experimental variogram closest.

This step is critical, since the structure of the piezometric
head plane is encapsulated in the semi-variogram and the quality
of the estimation process will be strongly dependent on the

quality of the variogram model produced at this stage.

d) With the specification, in the data set, of the points where
the estimation is required (say xo), and with the analytical
model fitted to the experimental variogram, the Universal Kriging

linear system of equations is set up and solved for the extended
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set of unknowns weights X’s and M’s in equation (62) or (63) of

Appendix B, which are reproduced here as equations (11) and (12):

E Rod K(xi-xj) + E Pk D(xi) = K(xi-%o)]
J k 1=1, ;D
and Jj=1, ,n
. (11)
: Xot pF(xi) = pX(X0)] =1,....m

Equation (11) constitutes a system of (n+m) equations in (n+m)
unknowns: Xoi i=1l,...,n and My k=1,...,m, which in expanded form

can be seen as:

[ 1T 1 7
K11 K12 K43 - . . Ky 1 Pyg ... P1x \oé K10
Kot Knz Knz - - - Kgn 1 Ppz o Ppx « X" || Kno 12)
1 1 1 ... 1 o0 o0 ... O© “Hy | = 1 (
P21 Pgz Pg3 - - - P2n 0 0O ... O —H2 P20

| Pml Pm2 Pw3 - - - Pmn 0 O ... O | | Pm| | PmO |
where

Kij = K(xi - x3)
and .
pl(xj)

Pij
This represents a simplification of Universal Kriging, since the
generalised covariance K(x) has been approximated by the
analytical model determined in stage c¢). The computer program
used for Kriging allows the specification of the order (k) of
the drift polynomial pK(x) representing the trend of the

piezometric plane [see equation (56) in Appendix B]; in our case

we found out by successive trials that a 1linear drift was
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adequate.

e) With the values of the unknown weights [X’s in equations
(11) or (12)]1, the estimates of the piezometric heads at the
unmeasured nodes (X,) can be computed via equation (57) in

Appendix B, which is reproduced here as:

Zo¥ = L ol 273 (13)
where:
Z; represents the set of measured piezometric heads.

xoi represents the unknown Kriging weights associated with the

data set.

f) Having determined the values of the extended set of unknown
weights [X’s and H’s in equations (11) and (12)] , the Kriging
variance is computed using equation (68) of Appendix B, for each

point where the estimation is required (xg):

652 = var(Z %-2,)= K(0) + i Mk Pk(xo) - ?Xoi K(xi-Xo0) (14)
i

The main steps of the piezometric head estimation process using
Kriging are shown in Figure 6.2. This flowchart is connected with
that shown in Fig. 6.1, in fact, with the exception of the input

data section, Fig. 6.2 can replace the block "estimate unmeasured

heads"” in Fig. 6.1.
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Read field data points:
location and measured
piezometric heads.

!

Determine the experimental
variogram and fit an
analytical model to it.

v

Let X0 be an unmeasured head
point to be estimated.

!

Assemble and solve the Universal
Kriging linear system of equations
determining X’s and pP’s:
L XoJ K(xj-Xj) + I P PX(Xji) = K(Xji-Xo)]
J k i=1,...,n
j=1,...,n
=1,...,m

pK(x5) 1 ‘k

L X! PK(x3)
1

'

Compute the estimates of the

unmeasured giezometgio heads:
Zo” = L Xt Z3

and the Krlglng variance

—K(0)+§Pkp (Xo) - ExolK(xl—xo)

are there

more points to b€
estimated

Fig. 6.2. Estimation of the piezometric heads using Kriging.
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6.9.3. Estimating the piezometric heads usindg a deterministic

ohe-dimensional interpolation method.

6.9.3.1. Introduction.

Prior to the calibration stage in the modelling of a water
supply distribution network, a raw network model has been built
by assuming the values of the resistance parameters for the
pipes; these assumptions have been made based on the best
information available, i.e. pipe material, age of the pipes and,

eventually, some field or laboratory tests.

The information contained in the raw network model has not been
explicitly wused 1in the Kriging approach for estimating the
piezometric Eeads, but it is clearly relevant, especially if a
systematic initial roughness determination procedure has been
carried out [like those described by Walski (1984, chapter 8),
for examplel]l. In so doing, we may expect local differences in the
assumed roughnesses, due to unforeseeable events, with respect to
the true roughnesses, but, on average, we may also expect that
they do contain the main features of the roughness
characteristics of the network. Consequently, we should try to
use this information already contained in the raw model, todether
with piezometric head measurements, in order to obtain improved
head estimation in the unmeasured nodes. This is precisely what

we do in the deterministic one-dimensional interpolation method.

The main steps in the proposed deterministic one-dimensional

interpolation procedure are:
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a) Read the data corresponding to the piezometric head

measurements and the initial values for the pipe roughnesses.

b) Run the raw network model (gradient method program) and
determine pipe flows, nodal piezometric heads, and, particularly,
pipe head losses (amount and direction). This is a standard run
of the gradient method for the network analysis problem. The

program 1is run with the initially assumed roughnesses of the

pipes.

c) Determine the minimum head loss spanning trees, rooted at
each reservoir (if more than one). This ¢gives us the paths
connecting each node with a reservoir, following a minimum head
loss criterion. The shortest path algorithm used is Dijkstra’s
algorithm [see Smith (1982) or Deo (1874)], where the distance
between nodes has been replaced by the head loss. The reason why
the pipe head 1loss has been chosen as the criterion for

determining the spanning tree will become apparent 1in the

following paragraphs.

d) In the case of more than one reservoir, resolve the linkage
of those nodes which are included in more than one spanning tree,
maintaining their linkage only to that reservoir which leads to

the.minimum head loss to the node.

e) For each spanning tree, denerate as many paths (one-
dimensional arrangements of successive nodes), starting at a
reservoir and following the spanning tree downstream, as to sweep
all the nodes in that spanning tree. As we proceed downstrean,

the initial node of a path may be another measured node (not
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necessarily a reservoir) or a previously interpolated node. When
information on the accuracy of the head measurements is
available, we should include the nodes with higher accuracy
first, so that the lower accuracy nodes (and the unmeasured ones)
are handled with the best information available, thus minimising

the error of the interpolation.

The minimum head loss criterion has been used to generate the
spannhing tree, instead of‘'other criteria like maximum flow or
maximum head loss, because it produces paths having a flat

piezometric line, thus minimizing the error in the interpolation.

f) Having the paths which cover all the nodes of the network,
perform the one-dimensional interpolation in order to force
coincidence at the measured nodes between modelled and measured
piezometric heads, thus obtaining interpolated heads for all the

unmeasured nodes. This point is explained in more detail in the

next section.

The whole one-dimensional deterministic interpolation process
is summarised in Fig. 6.3. This flowchart is also connected with
that shown in Fig. 6.1, in fact, with the exception of the input
data section and the estimation of initial roughnesses, Fig. 6.3

can replace the block corresponding to the estimation of

unmeasured heads in Fig. 6.1.
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Read field data points: Read initial values for
location and measured pipe roughnesses:
priezometric heads. C’s

o ¥
Run the network analysis

program (raw model), determine
the head losses per pipe: h

v

Generate the minimum head loss
spanning trees rooted at each
reservoir and generate the

paths linking each node with a
measured or already interpolated
node

!

Take one path

Interpolate the piezometric
heads of the unmeasured nodes A
within this path

are there
more paths to be
interpolated

yes

Fig. 6.3. Estimation of piezometric heads wusing the ohe-~
dimensional deterministic interpolation scheme.
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6.9.3.2. The one-dimensional interpolation.

For the one-dimensional interpolation, we take each one of the
paths (generated via the minimum head-loss spanning trees) at a
time.and we compare the modelled piezometric line for every path
with the corresponding head measurements. This can be represented

as in Fig. 6.4.

Because each path starts in a measured node (or in an already
estimated node), we search along the path for the next measured
node, defining a reach between two known head nodes [see Fig.
6.4, where there are three reaches]. Having selected a reach in
the path, we then compute the difference between the modelled
piezometric heads corresponding to the initial and final node of
the reach (DIF1 in Fig. 6.4) and also that corresponding to the
observed (measured) piezometric line (DIF2 in Fig. 6.4) and we
seek the coincidence of both modelled and observed piezometric
lines at the measured nodes (initial and final nodes of the
reach). To do so, we force the coincidence of modelled and
observed piezometric 1lines at the initial node and spread the
head difference DIF=DIF1-DIF2 along the reach in proportion to
the 1length, so that coincidence will be achieved at the final
node of the reach as well; the intermediate unmeasured (modelled)

nodal heads are modified accordingly, becoming the “"estimates’

produced by this interpoclation aldgorithm.

When a final measured node is not available, as in the 1last
reach of Fig. 6.4, the modelled piezometric line of this last
reach is moved parallel in order to force agreement in the

initial node, since this is the only information available.
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Piezometric
Heod
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Measured piezometric head (known)

Modelled piezometric line (known).

DIF1
OF2 P— Neasured piezometric head (known)
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:
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reach 1 reach 2 reach 3

Fig. 6.4. Minimum head 1loss path of nodes, before +the head
interpolation has been carried out.

Piezometric
Heod

™) *

Measured plezometric heods (known)

Estimated piezometric head
\
True| piezomptric line {unknowh)
P> Length (M)
(o 500 1000
1 3 5 9 16 20 N 19 Node Number

Fig., 6.5. Minimum head 1loss path of nodes after the head
interpolation has been carried out.
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The result of this one-dimensional interpolation procedure, for
a particular path, after having gone through all the possible
reaches, is shown 1in Fig. 6.5, where the adjusted modelled
piezometric line coincides with the observed piezometric line at
the measured nodes, while still keeping most of the information

on the initially assumed roughnesses of the pipes.

The algorithm relies on the fact that the piezometric head has
been measured at "key" nodes of the paths, for example:
- reservoirs (level measurements): these measurements are
considered as indispensable.
- end points of the paths.
- intermediate points, between reservoirs and end points,
- especially if relevant changes in the piezometric 1line take

place, due to higher consumptions or changes in the pipe

characteristics.

The algorithm is deterministic, in the sense thatitis not able
to consider the error of the head measurements explicitly and, as

a result, is not able to produce an estimate of the error in the

interpolated (unmeasured) piezometric head.
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6.9.4, Estimating the piegometric heads using bi-cubic splines.

6.9.4.1. Introduction.

In the previous sections we have been dealing with two
different ways of estimating the piezometric heads: Kriging and a
one-dimensional interpolation method. The first one is a
stochastic method, which allows us to handle explicitly the
errors associated with the measurements and also can give an
estimate of the error associated with the estimated piezometric
heads at the unmeasured nodes. The interpolation method 1is a
deterministic approach and, as such, it does not allow us to

handle the errors either in the measurements or the estimates.

In the Kriging-based method the structure of the piezometric
head plane is encapsulated in the semi-variogram and the approach
is valid when there 1is some correlation in the spatial
distribution of the piezometric plane (i.e. its variation is not

random) .

In the interpolation method we make use of our a priori
knowledge of the physical characteristics of the network. We
blend this knowledge with the information provided by the head

measurements, to produce an estimate of the piezometric heads in

the unmeasured nodes.

The traditional way of representing the modelled piezometric
heads has been through a set of broken straight lines, with the
heads being computed at the nodes only and being linearly

interpolated elsewhere. The one~-dimensional interpolation

technique already presented follows more closely this way of
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representing the piezometric heads. It can be argued that, as far
as the estimation of the piezometric heads is concerned, Kriging
and the one-dimensional interpolation represent two completely
opposite approaches. So, perhaps another approach halfway between
Kriging and the one-dimensional interpolation scheme can

offer a further alternative.

In the search for such an approach, and having in mind the need
for an explicit handling of the errors in both the measurements
and the estimates, bi-cubic splines came to our attention,
particularly because of their reported ability to represent large
and complex geodetic systems and terrain following problems
[Anthony and Cox (1987)] , which are somehow similar to our
piezometric head estimation problem, especially when pumps and
regulating valves are present within the network. Splines have
also been used in parameter estimation [Lainiotis and Desphante
(1974)]. The possibility of obtaining the errors associated with
the estimates puts the splines somewhere in between the two
methods we have used so far: Kriging and the one-dimensional

interpolation method.
6.9.4.2. Bi-cubic splines estimation.

Appendix C includes the derivation of the bi-cubic splines
approximation equations and also includes the estimation of the
error associated with the estimates. The main steps in the
estimation of the piezometric heads using bi-cubic splines are

the following:
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a) Read the field data points representing the measured nodal

piezometric heads:
{Xp, ¥p» f(xp, yp} r=1, 2, ..., m

where x, and y, represent the horizontal projection of the
coordinates of the measured point and f(xp, ¥p) 1is the
corresponding value of the observed piezometric head. Also,
the position of possible discontinuities in the spline polynomial
or in its derivatives must be specified, within the range of the
independent variables; this is done through the specification of

the location of the "interior knots", both in the X and Y-

directions
X-direction knots: Xy i=1,2, ..., h
Y-direction knots: M3 j=1,2, ..., k
The exterior knots, needed for continuity reasons, are

automatically placed by the computer program used.

b) With the data information, compute the values of the B-
splines Mj(xy) and Nj(yr) using the recursive scheme represented
by equations (4) and (5) in the Appendix C, set up the normal
equations and solve them for the unknown vector of "weights"” r ,

i.e., from equation 14, Appendix C, solve

(AT A} r = AT £ (15)
where:
A {(mx(h+4)(k+4)) matrix obtained from the observation
equations (equation 12, Appendix C):
h+4 k+4

I L rj; Mj(xp) Nj(yp) = » Yp) = fp (18)
i=1 j=1 r 22, ..., M

274



r : (h+4)(k+4)x1l column vector of unknowns, with components rij
in the previous equation.
f : mxl column vector, given by the components f,. in the

observation equations.

¢} For each one of the "n pre-specified nodes where the
piezometric head estimation is required:
(x3, v 1 =1, 2, ..., n
compute the B-splines Mj(x3) Nj(y1), wusing the recursive
equations (4) and (5) of Appendix C, then introduce them into
equation (11) of Appendix C to compute the splines approximates
of the piezometric head at the unmeasured nodes:
h+4 k+4
s(x]1, ¥1) = z L rij Mi(x1) Nj(vy) (17)
i=1l j=1 ‘
d) If required, compute the covariances and variances of I,
using equations (26) and (27) of Appendix C and use thcem to

determine the variances of the spline estimates.

The piezometric head estimation process using bi-cubic splines
is shown in Fig. 6.6. This flowchart is connected with that shown
in Fig. 6.1, in fact, with the exception of the input data
section, Fig. 6.6 can replace the estimation of unmeasured heads

block in Fig. 6.1.

The computer software wused is that contained in the NAG-
Library. Step b) is carried out with the subroutine EO02DAF, while

step c) is performed using the subroutine EQ2DBF.
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Read field data points:
location and measured
pPiezometric heads.

v

Assemble the normal linear
system of equations:
(AT A1 r = AT £
and solve it for the vector
with components rj j

!

Let x=(x,y) be an unmeasured &
head point to be estimated.

'

Compute the estimate of the

unmeasured piezometric head:

s(x,¥)= L E Mjj Mj (N (y) 4
13

and the variance, if needed

are there
more points to be
estimated

Fig. 6.6. Estimation of piezometric heads using bi-cubic splines.
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6.10. Examples of applications of the vproposed calibration

etho

6.10.1, Description of the networks used as examples.

Six examples, based on two basic networks subjected to
different operating conditions, will be used to carry out a
comparison of the performance of both the proposed explicit
calibration method and the different piezometric head estimation

techniques.
i) Example A:

This example uses a small network, made up of 16 pipes, 11
nodes and 1 reservoir, under a low demand condition. The network
structure 1is shown in Fig. 6.7, whereas Table 6.1 shows the
corresponding numerical data. Table 6.1 a) includes the true
Hazen-Williams roughness considered, both in this example and in
the following two examples. Table 6.1. b) shows the nodal data.
Note that the nodal consumptions for this example (example A) are
the same as that for the third (example C), and that they

represent a low demand condition.
ii) Example B:

The same network used in example A is subjected to higher nodal
consumptions, as defined 1in Table 6.1. b). The objective |is
to study the performance of the calibration algorithm under

increased demand conditions.
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iii) Example C:

The same basic network used in example A will be used with =a
worse initial assumption for the Hazen-Williams roughness, as

defined in section 86.10. 4.
iv) Example D:

We use this time a 180 pipe, 100 nodes network, arranded in a
square grid network of 10 nodes per side. The geometrical
characteristics of this network are such that the length and the
diameter of every pipe 1s the same (150 m. and 100 pmm.,
respectively). As far as the nodes are concerned, the true demand
is 1.0 (1/s) for all non-reservoir nodes and the ground level is 10
m. for all the nodes. This basic network, with minor changes, is
used under 3 different configurations, leading to examples D, E

and F.

Fig. 6.7. Network for Examples A, B and C.
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Table 6.1. Network data for Examples A, B and C.

a) Pipe data:

LINK INITIAL FINAL LENGTH DIAMETER BAZEN-WILLIAMS
NO. NODE NODE (M) (MM) TRUE "“C’S8"
1 1 2 500.0 200.0 80.0
P 2 3 650.0 150.0 85.0
3 2 4 400.0 150.0 90.0
4 2 5 575.0 150.0 85.0
5 4 3 500.0 100.0 100.0
6 4 5 400.0 100.0 105.0
7 3 6 500.0 100.0 110.0
8 4 7 500.0 100.0 115.0
9 5 8 500.0 100.0 120.0
10 7 6 500.0 100.0 125.0
11 7 8 400.0 100.0 130.0
12 6 9 500.0 100.0 135.0
13 7 10 500.0 100.0 140.0
14 8 11 500.0 100.0 145.0
15 10 g 500.0 100.0 150.0
16 10 11 400.0 100.0 155.0

b) Nodal data: only nodal demand changes between examples A, B

and C.

NODE TYPE DEMANDS (1./S} GROUND RESERVOIR
EXAMPLES LEVEL LEVEL

NO. A and C B (M) (M)

1 1 0.0 0.0 50.0 65.0

2 0 0.0 0.0 45,0

3 0 1.5 2.0 41.0

4 0 1.5 2.5 41.0

5 0 1.5 2.5 41.0

6 0 2.0 3.0 36.0

7 0 2.0 3.0 36.0

8 0 2.0 4.0 36.0

9 0 1.5 4.5 31.0

10 0 1.5 4.5 31.0

11 0 1.5 5.0 31.0

Note: Type = 1 for reservoirs, 0 for unknown head nodes.
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In Example D only one reservoir feeds the whole network and is
connected to the upper left-hand corner (node 1); the reservoir

level is 100 m. The network is shown in Fig. 6.8.
v) Example E:

Using the same basic network as in example D, we now consider
that four reservoirs are feeding the network and they are
connected to each corner of the square (nodes 1, 10, 91 and 100);
the reservoir levels are: 100.0, 90.0, 90.0 and 110.0 m.,

respectively. This network is presented in Fig. 6.9.

vi) Example F:

Basically the same network is employed, as in Example E, with
some minor changes to introduce a line of 4 pressure reducing
valves, separating the network into high and low pressure =zones.
The network has 178 links (4 of them pressure reducing valves,
the rest are pipes), 104 nodes and 4 reservoirs (connected at
nodes 1, 55, 64 and 100, with reservoir levels: 110.0, 100.0,
50.0 and 40.0 m., respectively). The node and link labelling has
been changed with respect to the previous two examples, in order
to get a consecutive numbering for the higher and lower pressure
zones. The P.R.V.’s are located at links 175, 176, 177 and 178
and all of them have a minimum resistance parameter («) equal to
5.0x109 (i.e. when valves are fully open) and the outlet head is

set to 50.0 m. This network is shown in Fig. 6.10.
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Fig. 6.8. Network for Example D.
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Fig. 6.9. Network for Example E.
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Due to the uniformity of the data for the last 3 network

examples, their numerical data are not presented in detail here.

6.10, 2. Defining the "true" network characteristics.

In order to test the ability of the calibration algorithm to
estimate the "true" roughnesses of the example networks, we

defined a set of true roughnesses for each one of them:

a) For examples A, B and C (smaller networks) the true Hazen-
Williams roughnesses were set to 80, 85, 90, ..., 160 for the 16
pipes (i.e. starting with C=80, we incremented C by 5 for each
successive pipe), as shown in Table 6.1 a).

b) For examples D, E and F (bigger networks) the +true Hazen-

Williams roughnesses of all pipes was set to 140.

6.10.3. Defining the measurements for the network examples.

With these "true" roughnesses, and with the physical
characteristics of the network defined in 6.10.1., we ran the
network analysis program (gradient method) to determine the
steady state flows and piezometric heads of the "true"” systems.
From the results of these runs we obtained our sets of

"measurements”, i.e. heads and flow measurements at selected

nodes and pipes of the networks.

To investigate the effect of flow measurements taken in
different pipes within the networks, two sets of flow
measurements were produced. Table 6.2 shows the measurement data

considered for Examples A B and C, while Table 6.3 corresponds to

Examples D, E and F.
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Table 6.2. Measurement data for Examples A, B and C.

a) Piezometric head (m) measurement data:

Example A and C Example B
Node Piez. Head Node Piez. Head
1 65.000000 1 65.000000
4 62.818108 4 56.614697
9 60.988101 9 47.368164
11 60.888960 11 47.364705

b) Flow (1/s) measurement data:

1st set of flow measurements ! 2nd set of flow measurements

3 5.7045 3 11'827BI 3 5.7045 3 11.8278
11 -0.1018 11 0.4583l 4 4.9642 4 10.3282

Note: flowrates are considered positive when they flow from the
initial into the final node of the pipe (see Table 6.1.a)

Table 6.3. Measurement data for Examples D, E and F.

a) Piezometric head (m) measurement data:

Example D Example E Example F
Node Piez. Head Node Piez. Head Node Piez. Head|
1 100.000000 1 100. 000000 1 110.000000
4 28.042592 4 90.087208 4 84.022801
7 21.145428 7 89.670934 6 81.718164
10 20.224128 10 90. 000000 19 85.304132
31 28.042592 31 90.087208 22 83.234221
34 24.315185 34 89.797302 24 81.517016
37 20.819741 37 89.6968615 37 84.756624
40 20.1314886 40 89.707143 40 82.8589427
56 20.6865754 56 89.782311 42 80.841683
61 21.145428 61 89.670934 55 100. 000000
64 20.819741 64 89.696615 58 82.891918
70 19.875863 70 90.882238 80 79.948825
78 19.876248 78 91.207603 64 50.000000
91 20.224128 g1 90.000000 76 46.744788
94 20.131486 94 89.707143 88 45.060264
97 19.875863 97 90.882238 100 40. 000000
100 18.7706866 100 110. 000000 101 50. 000005
102 49.9389780
103 50.000154
104 49.999025
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Table 6.3. Measurement data for Examples D, E and F.
(Continuation).

b) Flow (1/s) measurement data:

First set of flow measurements

Example D Example E Example F

Pipe Flow Pipe Flow Pipe Flow
1 49.5000 1 17.3758 1 28.5634
5 8.9960 5 1.7104 5 5.81867
10 49.5000 10 17.3758 6 28.3576
11 20.6499 11 7.0481 7 11.5337
20 20.6499 20 7.0481 12 11.9710
38 0.8997 38 0.9625 33 4.0455
53 3.6985 53 -0.4622 48 5.5255
79 5.5638 79 0.7851 50 1.3063
86 8.9960 86 1.7104 83 ~-11.6611
114 1.6112 114 -5.2377 92 6.6734
121 2.1334 121 -3.3762 118 5.2651
143 2.9574 143 -1.1708 146 4.5898
151 1.0259 151 -9.5725 147 5.0332
156 1.6824 156 -1.7850 159 5.2148

Second set of flow measurements

Example D Example E Example F

Pipe Flow Pipe Flow Pipe Flow
1 49.5000 1 17.3758 1 28.5634
2 27.8501 10 17.3758 4 7.3102
4 12.4275 11 7.0481 6 28.3576
10 49.5000 19 3.0247 12 11.9710
13 4.4079 51 1.9283 84 -7.8444
20 20.6499 130 -3.3762 89 g.5888
47 1.3852 149 -3.1766 84 -22.2490
77 2.4315 151 -9.5725 106 -2.4649
86 8.9860 158 -4.8944 107 -7.8444
g6 1.4620 170 -10.0725 151 4.4264
99 4.0688 171 -24.5171 171 7.8931
108 5.2679 172 3.0247 172 10.2300
120 2.6334 173 0.9625 173 12.6191
122 1.4826 180 -24.5171 174 13.0484

Note: flowrates are considered positive when they flow from the

initial into the final node of the pipe, which is
indicated by an arrow in Figures 6.8, 6.9 and 6.10. Flows
are negative otherwise.
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6.10.4. Defining the initially assumed roughnesses for the
two am s.

In order to simulate the lack of knowledge of the true
roughnesses of the pipes prior to the calibration process, we
assumed that on average we knew the values of the C’s and we
proceeded to generate a new set of C’s, with the same mean as the
true values, but with some added Gaussian noise. This was done
with a pseudo-random number generator program, and the
corresponding values are presented in Table 6.4 (for examples A
and B), for two different degrees of uncertainty in the
roughnesses. Table 6.5 shows the initial roughnesses considered
for example C, which have been obtained for the initially assumed
C’s for example A (low uncertainty) , multiplied by a factor
1.2., 1i.e. only in this particular example, we assume that the
initial C estimates are not coinciding - on average - with the
true values, but they have been over-estimated by 20%. Table 6.6.
presents the initial C’s assumed for examples D, E and F, for low
and high degree of uncertainty in their estimates. These values
have been generated by adding some Gaussian noise to the true

C=140.
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Table 6.4. Initial values of C (Hazen-Williams) used
for testing the calibration algorithm.
For Examples A and B and low and high uncertainty.

Uncertainty in C
Low High
Pipe -~~~
Values of C

1 81.4482 73.7684

2 89.6747 88.9714

3 95. 4802 96.5187

4 98.6072 95.5956

5 103.7588 101.0750

6 116.2208 129.6719

7 116.7340 120.4833

8 121.4841 124.6930

9 126.4144 129.4729

10 130.4846 131.5323

11 133.3617 129.8191

12 137.0585 130.6980

13 148. 0070 154.5090

14 152.2471 157.1059

15 153.0364 148. 7307

16 162.2371 167.0742

Mean 122.8909 123.7362

Variance 596.1455 702.9258
For the true C’s:

Mean 122.5000 122.5000

Variance 566.6667 566.6667
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Table 6.5. Initial values of C (Hazen-Williams) used
for testing the calibration algorithm in Example C.

Pipe Yalues of C

1 97.738

2 107.610

3 114.576

4 118.328

5 124.511

6 139. 465

7 140.081

8 141.781

g 151.697

10 156.582

11 160. 034

12 164.471

13 177.608

14 182.696

15 183.643

16 194.684

Mean 147.219

Variance 860. 341
For the true C’s:

Mean 122.500

Variance 566.667
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Table 6.6. Initial values of C (Hazen-Williams) used for testing
the calibration algorithm. For Examples D, E and F,
and for low and high uncertainty.

C values ¥ C values ¥ C values *

Pipe -—-———————————ww-- Pipe - ——————--—-oa—— Pipe - -
Uncertainty in C Uncertainty in C Uncertainty in C
Low High Low High Low High
1 136.777 135.4418 61 139.265 138.9603 121 143.384 144.7855
2 139.713 139.5943 62 133.002 130.1041 122 138.545 137.9428
3 140.412 140.5830 63 141.288 141.8213 123 140.936 141.3244
4 138.835 138.3520 64 139.622 139.4660 124 139.777 139.6850
5 138.987 138.5668 65 136.080 134.4567 125 141.905 142.6946
6 144.962 147.0180 66 141.210 141.7110 126 143.297 144.6623
7 141.353 141.9132 67 140.447 140.6316 127 136.971 135.7164
8 141.134 141.6030 68 142.781 143.9334 128 137.310 136.1954

9 141.058 141. 4969 69 137.335 136.23168 128 139.48308 1348.8]7g ¢
10 140.356 140.5029 70 139.742 139.6348 130 136.762 135.4204
11 138.820 138.3318 71 143.479 144.9200 131 141.459 142.0632
12 137.920 137.0585 72 141.429 142.0208 132 134.405 132.0869
13 142,089 142.9547 73 138.294 137.5873 133 141.317 141.8623
14 141.535 142.1708 74 135.402 133.4972 134 136.535 135.0998
15 138.680 138,1339 75 142.383 143.3697 135 143.593 145.0811
16 141.480 142.09286 76 140.139 140.1965 136 140.819 141.1581
17 138.061 137.2573 77 139.836 139.7682 137 136.643 135.2530
18 143.167 144.4793 78 142.321 143.2820 138 138.641 138.0779
19 138.037 137.2233 79 141.605 142.2702 139 141.706 142.4125
20 137.395 136.3165 80 137.548 136.5322 140 138.438 137.7913

.941 141.3304 81 138.622 138.0510 141 131.478 127.9477
140.602 140.8510 82 138.878 139.8282 142 132.876 129.9255
136.461 134.9955 83 142.079 142.9401 143 142.037 142.8810
142.466 143.4878 84 141.535 142.1711 144 133.725 131.1257
137.879 137.0008 85 143.508 144.9613 145 140.406 140.5746
.731 141.0338 86 138.512 137.8961 146 144.464 146.3133
145.442 147.6956 87 137.641 136.6643 147 138.508 137.8897
140.408 140.5774 88 142.027 142.8665 148 144.708 146.6582
143.092 144.3722 89 143.049 144.3116 149 138.238 137.5084
141.982 142.8027 90 134.054 131.5905 150 137.330 136.2236
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31 137.353 136.2564 91 137.938 137.0846 151 145.478 147.7466
32 143.962 145.6036 92 142.915 144.1229 152 142.393 143.3842 |
33 138.493 137.8690 93 137.323 136.2145 153 141.975 142.7928
34 142.970 144.1997 94 137.420 136.3516 154 138.677 138.1289
35 140.924 141.3075 95 141.167 141.6508 155 139.800 139.7175
36 140.138 140.1959 96 141.969 142.7846 156 136.602 135.1938
37 139.260 138.9536 97 142.954 144.1778 157 134.132 131.7016
38 141.594 142.2545 98 136.841 135.5324 158 141.742 142.4635
39 141.886 142.6677 99 142.205 143.1184 159 135.740 133.9759

40 141.829 142.5865 100 136.540 135.1062 160 137.425 136.3581
41 142.539 143.5908 101 137.082 135.8732 161 139.667 139.5290
42 141.195 141.6895 102 134.688 132.4885 162 137.828 136.9281
43 143.073 144.3462 103 145.144 147.2742 163 139.878 139.8268
44 142.760 143.9030 104 140.969 141.3699 164 139.190 138.8543
45 142.281 143.2259 105 142.018 142.8537 165 141.531 142.1658
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Table 6.6.

Initial values of C (Hazen-Williams) used for testing

the calibration algorithm. For Examples C, D and E, and
for low and high uncertainty. (Continuation).
C values * C values ¥ C values ¥
Pipe ——-—————=———eee Pipe - Pipe -—=-——mmm—em——
Uncertainty in C Uncertainty in C Uncertainty in C
Low High Low High Low High
46 133.313 130.5432 106 136.143 134.5457 166 138.747 138.2282
47 140.610 140.8628 107 137.139 135.9537 187 137.079 135.8693
48 138.165 137.4045 108 144,336 146.1318 168 141.363 141.9278
49 140.115 140.1627 109 139.179 138.8386 169 139.669 139.5317
50 140.800 141.1319 110 143.868 145.4707 170 138.230 137.4968
51 142.525 143.5712 111 137.100 135.8987 171 140.582 140.8232
52 143,163 144.4729 112 137.777 136.8568 172 144, 035 145.7070
53 138.079 137.2839 113 142.443 143.4547 173 141.078 141.5238
54 142,135 143.0193 114 141.579 142.2325 174 140.617 140.8721
55 140.616 140.8708 115 141.920 142.7149 175 136.865 135.5667
56 138.652 138.0942 116 141.818 142.5717 176 143.407 144.8179
57 140.453 140.6406 117 139.663 139.5230 177 143.506 144.9576
58 134.676 132.4708 118 142.057 142.9091 178 137.298 136.1791
59 141.788 142.5281 119 140.220 140.3106 179 138.035 137.2212
60 140.349 140.4934 120 142.158 143.0526 180 138.745 138.2249
(*) Because example F has only 174 pipes, the first 174 values

of this

Summary:
HOK KKK K X

For Examples D and E:

Table should be considered.

Low
Mean 139.959
Variance 7.499
For example F:  °~
Low
Mean 139.9697
Variance 7.4917

— e ——— . — — —~ —— ——— —— e ——
P e e ettt e

Mean 140. 000
Variance 0.000

_———_—=====Z=Cc =
—_——ea=s= —-———

=SS
~—=I-o =

_——
T——=T
—_—_—
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5 finin erturbed set odal demsa

To study the behaviour of the calibration algorithm when having
an incorrect estimate of the nodal demands, we tock the true
nodal consumptions presented in Table 6.1. b) (for examples A, B
and C) and we added some Gaussian noise, producing the sets of
perturbed nodal demands presented in Table 6.7. For examples D, E
and F, where the nodal consumption is 1.0 (1/s) for all the
nodes, we also added some Gaussian noise to this consumption,

generating the new perturbed nodal demands shown in Table 6.8

Table 6.7. Modified nodal demands (1/s), used to study the impact
of bad demand estimation on the calibration algorithm.
Examples A B, and C.

Demands (1/s)
Node Examples A and C Example B
1 0.0 0.0
2 0.0 0.0
3 1.2016 1.6148
4 1.4734 2.4580
5 1.5382 2.5603
6 1.8754 2.7842
7 1.8917 2.8123
8 2.5305 5.06810
g 1.6252 4.8254
10 1.68048 4,7726
11 1.53880 5.2684
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Table 6.8. Modified nodal demands (l/s})}, used to study the impact
of bad demand estimation on the calibration algorithm.

Examples D, E and F.

Node Demand Node Demand Node Demand Node Demand
1 0.0 26 0.8612 51 1.0524 76 1.1560
2 0.7890 27 1.0479 52 1.1653 77 1.0091
3 0.9812 28 1.3562 53 1.2071 78 0.9893
4 1.0270 29 1.0267 54 0.8743 79 1.1519
5 0.9237 30 1,2024 55 1.1398 80 1.1051
6 0.9337 31 1.1297 56 1.0403 81 0.8395
7 1.3249 32 0.8267 57 0.9118 82 0.9098
8 1.0886 33 1.2594 58 1.0297 83 0.9920
9 1.0742 34 0.9014 59 0.6515 84 1.1361

10 1.0693 35 1.1944 60 1.1170 85 1.1005

11 1.0233 36 1.0605 61 1.0228 86 1.2297

12 0.9228 37 1.0091 62 0.9519 87 0.9026

13 0.8638 38 0.9516 63 0.5419 88 0.8458

14 1.1368 39 1.1044 64 1.0843 89 1.1327

15 1.1005 40 1.1235 65 0.9753 90 1.1996

16 0.91386 41 1.1197 66 0.7434 91 0.6107

17 1.0969 42 1.1662 67 1.0792 92 0.8650

18 0.8730 43 1.0782 68 1.0292 93 1.1909

19 1.2074 44 1.2012 69 1.1821 94 0.8248

20 0.8715 45 1.1807 70 0.8256 95 0.8311

21 0.8295 46 1.1493 71 0.9831 96 1.0764

22 1.0616 47 0.5622 72 1.2278 97 1.1289

23 1.0394 48 1.0399 73 1.0835 98 1.1934

24 0.7683 49 0.8799 74 0.8883 99 0.7932

25 1.1615 50 1.0075 75 0.6990 100 1.1444
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6,11. Comparison of the calibration results using different head

estimation technigues.

6.11.1, Main objectives.

The main purpose of this section is to evaluate the performance

of the proposed calibration algorithm under different conditions.

We also aim at establishing the advantages and disadvantages of
the different head estimation techniques introduced in previous
sections: Kriging, deterministic one-dimensional interpolation and
bi-cubic splines. Basically, what we are trying to find out is
wvhich head estimator has a better response, in the sense of being
able to provide a better estimate of the true parameters and
state variables of the network. Thus, we shall compare not only
the estimates of the pipe'roughnesses, but also the flows per

pire and nodal piezometric heads.

6.11.2. Study cases.

To study the effect of different scenarios of measurement
availability and different degrees of certainty in the initially
assumed values of roughnesses and nodal consumptions, on the
performance of the calibration algorithm, the following study

cases have been defined:

i) Case 1.

In this case we assume that all the measurement information

available is provided by head measurements only. The purpose of
this case is to study the response of the calibration algorithm

to different levels of availability of flow measurements, this
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case establishing the lowest possible level in terms of flow

measurement data.

The amount of head measurements has been set to 4 in networks
A, B and C (1 level measurement plus 3 pressure measurements), 15
head measurements in networks D and E and 20 head measurements in
network F (4 level measurements and 18 pressure measurements,
including inlet and outlet pressure measurements at the
P.R.V.’s). Even though the proportion of number of measurements
to number of nodes may appear high in the smaller networks (A, B
and C) due to their small size (11 nodes), the proportion has
been reduced to more realistic values in the case of networks D,
E and F , although increasing the number of measurements, in view
of the complexity of the networks under study (number of

reservoirs and presence of P.R.V.’s).

The selection of the location of pressure measurements has been
done having in mind that it is convenient to have them evenly
distributed over the network, in order to give a representative
picture of the variation of the piezometric plane. Although we
recognise the importance of pressure measurement placement in the
performance of any head estimation technique, we did not follow a
formal measurement placement technique; this is partly Jjustified
by the fact that the networks are fairly regular both in their
geometrical and physical characteristics and alsc in their
spatial distributions of the nodal demands. In the case of
Example F, with P.R.V.’s, we followed the same principle,

treating each pressure zone as a regular sub-network.
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ii) Case 1II.

To the same amount &and distribution of piezometric head
measurements used in Case I, we have now added 2 flow
measurements for networks A, B and C, and 14 flow measurements

for networks D, E and F.

The flow measurements are located in exactly the same pipes for
examples A, B and C, and also for networks D, E and F. This
corresponds to a first set of flow measurements, which have been
placed rather arbitrarily, especially as far as examples E and F

are concerned.

iii) Case III.

To study the effect of a more rational flow measurement
placement, the same amount of flow measurements utilised in Case
IT has been redistributed , this time by studying the flow
distribution patterns for each network model. Flow measurements
were re-placed in order to get a better picture of the
distribution of the maximum flows, particularly those leaving the
reservoirs or passing through P.R.V.’s. Again, as in the case of
pressure measurement placement, we did not apply a formal

procedure for flow measurement placement.

iv) Case 1IV.

To investigate the impact of poor initial estimates of the
pipes’ roughnesses, we used the example networks, with the head
and flow measurements as in case III, this time with worse

estimates of C, as given in the previous section 6.10.4.
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v) Case V.

In order to evaluate the behaviour of the calibration algorithm
under perturbations in the spatial wvariation of the nodal

demands, we used the example networks with the perturbed nodal

demands given in section 6.10.5.

6.11.3, Calibration exercise.

The calibration of each example network (Examples A, B, C, D, E
and F) will be performed, using the proposed algorithm, under the
five different Cases already described, which represent variable

degrees of knowledge of the true values of the main network

characteristics.

The overall calibration process (represented in Figure 6.1.),

of each network and for each one of the five Cases studied, has

involved the following main stages:
a) Estimation of the unmeasured piezometric heads.

Based on the piezometric head measurements available for each
example network, the unmeasured piezometric heads were estimated
using Kriging and bi-cubic splines, resulting in two sets of
estimated heads for each network. Since the measured and
estimated heads do not depend either on the initial roughnesses
assumed, or on the flow measurements, or on the quality of the
nodal consumption data, these two sets of head estimates are the
same for all the five Cases studied, and they depend only on the
network under study. For the one-dimensional interpolation
method, and because the proposed aldorithm uses the information

contained 1in the raw model, based on the a priori information
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assumed to be available, the head estimates may be different from
case to case. Because Cases I, II and III are based on the same
initial assumptions for pipe roughnesses and nodal consumptions
(i.e. same raw model), and their differences consist only in
different availability of flow measurements, Cases I, II and III
have the same head estimates, but those estimates are different
from those for Cases IV and V, where the initial assumptions
(pipe roughnesses and nodal consumptions, respectively) have

changed. This difference becomes clearer in section 6.11.4.3.

The piezometric head estimation stage is carried out only once

during the calibration process, as shown in Fig. 6.1.
b) Estimation of the unmeasured flows.

Using the initially assumed roughnesses and nodal consumptions,
run the network analysis program for the raw model corresponding
to each network and determine the pipe flows. If flow
measurements are available at some pipes, replace the modelled
flows by their corresponding measurements. This leads to a set of

modelled/measured flows for each network and each study case.
c¢c) Calibraetion stage.

Run the calibration program, using the set of
estimated/measured heads and modelled/measured flows, and

determine the calibrated roughnesses (Hazen-Williams C’s).

For each example and study case, piezometric head estimates
produced with Kriging, the one-dimensional interpolation method

and bi-cubic splines have been used, leading to different
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calibration results, corresponding to each one of the piezometric

head estimation techniques used.

6.11. 4, Results of the calibration.

In this section a "performance index" and a “global success”
index are defined for evaluation purposes; later on, the
numerical results are presented, both for the head estimation and

calibration procedures, including a discussion of them.
6.11.4.1. Definition of the "performance index".

Because the calibration exercise generates a large amount of
numerical information, which is impossible to display in full
detail here, we have included in Appendix D a summary of the main
statistics associated with such results. Even then, further
condensation of the results is necessary, in order to quantify
the results, particularly those concerning the performance of the
calibration algorithm and the head estimation techniques. For
those purposes, a performance index has been used to quantify the
degree of successfulness of the calibration and estimation
processes. Such a performance index is defined as follows:

(xt - xH2 - (xt - x)2
Ryl = —=—————m——mom e (18)
(xt - Xxiya

where:

X : represents the value of the variable being assessed (i.e.

the average head, the variance of the heads, etc.).

XY : represents the true value of that variable.

Xi . represents the initial estimate of the wvalue of that

variable.
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This performance index sz, which is represented 1in Fig.
6.11, has the following properties:

i) sz = 0, if no improvement results from the calibration
process (i.e. when X=X1).

ii) Rx2 =1, if the true value has been determined (i.e. when
X=xt).

iii) Ryx2 = 0.75, if the variable X= 0.5%(Xt+xi), i.e. if it is
halfway between the initial and true values.

iv) sz > 0, whenever some improvement has been obtained.

V) sz < 0, when the calibration process has actually

deteriorated the initial assumptions.
6.11.4.2. Definition of a "global success"” index.

The performance index already defined allows us to quantify, in
a non-dimensional way, the behaviour of a procedure with respect
to a single parameter (i.e. either with respect to the average or
the variance, etc.). In order to consider explicitly the ability
of the procedure being assessed (Kriging, one-dimensional
interpolation or bi-cubic splines) to improve both the averade of
the variable, its variance, the maximum residual and the variance

of the residuals gsimultaneously, a "global success"” index is

defined as simply the percentage of cases when the algorithm
improves all those parameters, over all the tested cases. Hence,
if a procedure has a good (positive) "performance index" with
respect to the average, but a negative "performance index" with
respect to the variance of the residual, this procedure will not

count, as far as the "global success" index is concerned.
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Fig. 6.11. The performance index Ry 2.

Thus, the "performance index" 1is associated with the
improvement achieved by a certain procedure with respect to a

single parameter, whereas the "global success" index is related

to the consistency of the procedure.

6.11.4.3. Piezometric head estimation results.

Because the piezometric heads estimated wusing the onhe-
dimensional interpolation method make use of the raw network
model (based on an initial assumption of the roughnesses) for
determining the minimum head loss paths, which subsequently are
used in the interpolation itself, +their ‘head estimates are
different according to which initial roughness estimates have
been considered (i.e. they are different according to which of
the five study cases we are referring to). Because Cases I, 1II
and III are based on the same initial roughness estimate, their

head estimates obtained with the one-dimensional interpolation
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are exactly the same, but they differ from the head estimates for
cases IV and V. This does not happen when Kriging or bi-cubic
splines are used as head estimators, where the head estimates are

the same for all the five study cases.

The head estimation results for example A, with the one-
dimensional interpolation results corresponding to cases I, II
and III, and for the three different head estimation procedures,
are presented in Table 6.9., while in Figure 6.12. the residuals
of the initial nodal piezometric heads (example A) are compared
graphically with those produced by the one-dimensional
interpolation method. Both Table 6.9. and Fig. 6.12 show how the

initial residuals are reduced by the head estimation process.

Due "to space constraints, the corresponding detailed results
for networks B, C, D, E and F are omitted although a summary of

the main statistics relating them is presented in Table 6. 10.

Note that, from now on, when dealing with the residuals, we are

referring to the absolute value of the residuals, as specified in

the notes corresponding to the respective Table.

Table 6.11 presents a summary of the main statistics associated
with the piezometric heads estimated when the one-dimensional
interpolation procedure is used, for each example and under the
different study cases. Table 6.11 shows that the differences in
the estimated heads under different initial assumptions for pipe
roughnesses and nodal consumption are not significant on average,
though locally (maximum difference) they can be of the order of 1

or 2 meters (as in examples B and D, Table 6.11).
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Table 6.9. Comparison between estimated piezometric heads and
its residuals, for example A.

NODE TRUE INITIAL INTERPOLATION [2] KRIGING SPLINES
{1}

VALUES ESTINATES RESIDUALS ESTIMATES RESIDUALS ESTINATES RESIDUALS ESTIMATES  RESIDUALS

$3.000000 65.000000 0.000000  65,000000 0.000000 65.000000 0,000000 &53.000000  0.000000
$3.483885 63.361335  0,124530  63.432510 0.0533375  63.740849 -0.294964  66.255523 -2.749438
$2.763635 62.635732  0.129903  62.763624  0.001811 62.858039 -0.092404  23.033473 39.730162
62.818108 62.689977 0.128131 42.818085 0.000023 62.818108 0.000000 62.818108  0.000000
62.811073 62.4B0875 0.130198 62.756392 0,034481 62,849605 -0.038532 38.813053 23.998020
81.217718 61.126266 0.091452  61,213028  0.004690  61.868119 -0,650401  35.249839 25.947839
61.220484 61.12767%  0.092809  61.210495 0.009989 61.833739 -0.613255 51.942286  9.308198
61.221935 61.128740  0.093195  61.208405 0.013530 61.862176 -0.64024% 45.592621 13.629314
60.988101 60.897367 0.090734  60.988068  0.000033  60.988101 0.000000 50.98810%  0.000000
60.988599 50.898532 0.090067  50.98133%  0.007260 60.972607 0.015992 32.488891 28,499708
60.988960 60.899024 0.089936  60,988953  0.000007 60.988950 0.000000 60.988960  0.000000

—C O D ) O e Cd N e

—

[1] : NODES 1, 4, 9 AND {1 HAVE PIEZOMETRIC HEAD MEASUREMENTS.
2] : THE VALUES SHOWN IN THIS TABLE CORRESPOND YO THOSE FOR CASE STUDIES I, II AND III,

SYMBOLS:

oRAL
RESDUAL } ESTRATED
RESIOUAL

N : NOCATES MEASURED MOOE

Fig. 6.12. Comparison between the initial residuals and those
obtained after the one-dimensional interpolation
procedure has been applied, for example A.
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Table 6.10. Summary of the comparison between different
priezometric head estimation procedures.

EXFMPLE PROCEDURE  AVERAGE

VARIANCE

STAN.DEV,

MAXIMLM
RES.[1)

AVERAGE  VARIANCE
RES.[2] RES. {3}

RATID AVERAGES
EST/TRIE (4]

TRUE
INITIAL

INTERPOL.

KRIGING
SPLINES

62.136954
62.04(1502
62,1374 1.766190
62, 43664 1,602847
49.37662% 229.028789

1.780894
1.810344

1,334%01
1.345498
1.328981
1.263878
15133697

0.130198
0.054481
0.630401
39.730162

0.096432  0.001502
0.013200  0.000473
0.209617  0.088996
13.263%00 227.144583

0.998448
0.999788
1.003327
0.794642

TRUE
INITIAL

INTERPOL,

FRIGING
SPLINES

33.068512  35.740184
RNE  36.932102
33.068356  35.20739
33.933735  32.99024%
42.850260 215.365355

3.978309
5994339
3.937233
2. 708787
14.675338

0.500262
0.204610
2.78404
36471455

0.331459  0.023382
0.046578  0.004287
0,863900  1,714367
10671146 173.663753

0.93377
0.999997
£.016304
0.807452

TRIE
INITIAL

INTERPOL,

IRIGING
SPLINES

62,1369
62,878039
62201541 1.644180
61, MOM  1,6(2447
49.37667% 229.028789

1.780894
0.938416

1.33451
0.968719
1.281085
1.265878
15.133697

1.066052
0.243951
0.63401
39.730162

0.741105  0.149334
0.082440  0.009006
0.29617  0.088996
13.263900 227.144563

1.011927
1.001039
1.003327
0.794642

TRUE
INITIAL

INTERPOL.

¥FIGING
SPLINES

23.467569  92.318030
22.688429  93,275043
23.391606  90.839916
24378280 1M.23395%
23.891365 117496713

9.608227
9.637901
9.532047
12.419096
10.8395%

1. 144310
0.858389
23095598
13.247304

0783140 0.0(9442
0.082309  0.03753¢
1.389888 17.833472
0.924384  4.667879

096656
0.975678
1.038719
L0892

TRUE
INITIAL

INTERPOL.

RIGING
SPLINES

90.3609435
90, 565063
90977164
91,072444
90.781544

6.43558¢
6.444084
6.438101
190,508110
8.434977

2,336845
2,538
2537341
3.241672
2.904303

0.098798
0.0%0793
2765331
3.721798

0.019310
0.008939
0.571330
0.408523

0.000276
0.000276
1.411968
0.429774

0.99982%
0.9999%8
1.005426
1.002243

TRUE
INITIAL

INTERPOL.

KRIGING
SPLINES

68.344348 376.085468
58.413341 370.880707
68.328609 374.797503
69.763188 3%0.903668
36.832004 847.694714

19.392949
19.258263
19.359488
19.771284
29.145197

0.376937
0.289966
8.006675
33.664423

0.163887  0.014415
0.041197  0.003383
1.805806  2.713944
12.608786 180.403342

¢.998118
0.999774
1.017835
0.829419

NOTES:

SOAVR : SUMMATION SOUARES ABSOLUTE VALUES RESIDUALS

AR
N

+ AVERAGE ABSOLUTE VALUE RESIDUALS
: NOMBER OF DATA POINTS
{4] : RATIO AVERAGE ESTIMATED VALUES/AVERAGE TRUE VALLES
{5] : ALL THE VALUES SHOWN IN THIS TARLE FOR THE ONE-DIMENSIONAL INTERPOLATION PROCEIRRE

CORRESPOND TO THOSE FOR CASE STUDIES I, 11 AND III.

{1] + HAXIMM ARSOLUTE VALUE RESIDUAL = NAX, (ARS{TRUE-ESTIMATED)}
{2] : AVERAGE OF THE RESIDUALS={SIMMATION OF ARSOLUTE VALUES OF THE RESIDUALS)/N
{31 ; VARIANCE OF THE ARSOLUTE VALUE OF THE RESIDUALS = { SSAVR - N & AVRSI2 3 / (N-2)
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Estimated piezometric heads for Cases I, I1I, III, IV

Table 6.11.
and V, using the one-dimensional interpolation
procedure.
EXAMPLE C AVERAGE VARIANCE WITH RESPECT TO CASE I
A ]
S RATIO MAXIMUM
E AVERAGES DIFFERENCE
I 62.123754 1.766180
I1 62.123754 1.766190 1. 000000 0. 000000
A ITI 62.123754 1.766190 1.000000 0. 000000
Iv 62.108222 1.686334 0.9939750 0.142227
A 62.110307 1.798450 0.999784 0.103516
I 53.068356 35.250739
II 53.068356 35.250739 1.000000 0. 000000
B III 53.068356 35.250739 1. 000000 0. 000000
IV 53.102352 33.923882 1.000641 0.545105
\' 52.815367 36.779845 0.995233 1.221238
I 62.201541 1.641180
I1 62.201541 1.641180 1.000000 0. 000000
C III 62.201541 1.641180 1.000000 0. 000000
Iv 62.149066- 1.653343 0.999156 0.2442863
v 62.185013 1.755175 0.999734 0.243790
I 23.391808 90.859916
II 23.391606 90.859916 1.000000 0. 000000
D I1I 23.391606 90.858916 1. 000000 0. 000000
Iv 23.387610 80.408397 0.999829 0.798309
\" 23.227227 89.780054 0.992973 1.732925
I 90.577184 6.438101
II 90.577184 6.438101 1.000000 0. 000000
E ITI 90.577184 6.438101 1. 000000 0. 000000
IV 90.581279 6.431283 1.000045 0.044312
\' 90. 564589 6.428866 0.999861 0.108506
____________________________________________________________ a
I 68.528829 374.797523
II 68.528829 374.797523 1.000000 0. 000000
F I1I 68.528829 374.797523 1. 000000 0. 000000
Iv 69.260476 375.312015 1.010676 0.153580
v 69.221385 373.855982 1.010106 0.258896
Figure 6.13 presents a ¢graphical comparison of the head
estimates for network E; only 4 equidistant transverse sections

of the network are shown,

joining nodes 1 to 10, 31 to 40, 61 to

70 and 91 to 100 (see Figure 6.9). Figure 6.13 shows how close
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the one-dimensional interpolation method "follows"” the true
piezometric plane. Also evident from Fig. 6.13 is the oscillatory
behaviour of the heads estimated using bi-cubic splines, which
overestimates and underestimates the heads in different parts of
the network. The heads estimated by Kriging seem to overestimate

the true piezometric plane in this example.

Table 6.12. a) presents the performance indices corresponding
to each head estimation procedure: deterministic one-dimensional
interpolation (cases I, II and 1III), Kriging and bi-cubic
splines. In ¢general, we concentrate our attention on the
behaviour of the estimation processes with respect to 4
parameters: the average of the piezometric head for all the nodes
of the network, its variance, the maximum residual (in absolute
value) and the variance of the absolute value of the residuals.
In Table 6.12. b) the performance index has been averaged across
the six examples, producing a unique "average index"”, for each
one of the four parameters already mentioned. Table 6.12. <¢)
shows the frequency in which the estimation procedure improved

the initial head estimates

Tables 6.10. and 6.12. show clearly that, on the whole, the
deterministic one-dimensional interpolation method effectively
improves both the average and the maximum residual of the
estimated heads; both parameters have been improved in 100 ¥ of

the tested cases, as shown in Table 6.12. c).

Table 6.10. shows that, as far as the average of the head
estimates 1is concerned, this parameter is always within * 0.4 %

of the true wvalues, for the one-dimensional interpolation
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Table 6.12. Performance indices for the different head estimation
procedures, for examples A, B, C, D, E and F.
a) Performance indices.

PERFORMANCE I NDEX
EXAMPLE PROCEDURE AVERAGE VARIANCE MAXIMUM VARIANCE
RESID. RESID.
INTERPOL. 0.981 0.751 0.825 0.901
A KRIGING -3.593 -35.666 -23.955 -999.999
SPLINES -999.999 -999.999 -999.999 -999.999
INTERPOL. 1.000 -5.504 0.833 0.966
B KRIGING -5.060 -268.385 -29.088 -999.999
SPLINES -844.286 -999.999 -999.999 -999.999
INTERPOL. 0.992 0.972 0.948 0.996
C KRIGING 0.922 0.955 0.628 0.645
SPLINES -295.459 -999.9939 -999.999 -999.999
INTERPOL. 0.990 -1.321 0.421 -14.800
D KRIGING -0.340 -999.999 -408.4397 -899.999
SPLINES 0.711 -691.198 -133.725 -999.999
INTERPOL. 0.944 0.912 0.155 0. 000
E KRIGING -956.712 -999.999 -9399.999 --899. 999
SPLINES -158.527 -999.999 -999.999 -999.999
INTERPOL. 0.986 0.939 0.408 0.945
F KRIGING -88.996 -7.101 -450.188 -999.999
SPLINES -999.999 -999.999 -999.999 -999.998
NOTE A VALUE OF -999.999 INDICATES THAT THE INDEX
IS ACTUALLY LESS THAN OR EQUAL TO -999.999
b) Average indices.
AVERAGE I NDEX
PROCEDURE AVERAGE VARIANCE MAX.RES VAR.RES
INTERPOL. 0.982 -0.542 0.598 -1.832
KRIGING -175.630 -385.032 -318.518 -833.225
SPLINES -549.593 -948.532 -855.620 -999.999
c) Frequency of improvement.
FREQUENCY OF IMPROVEMENT (%)
PROCEDURE AVERAGE VARIANCE MAX.RES VAR.RES
}-— ——————————————————————————————————————————————
INTERPOL. 100. 000 66.667 100.000 66.667
KRIGING 16.667 16.667 16.6867 16.667
SPLINES 16.667 0. 000 0.000 0. 000
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procedure; the worst case corresponds to example D. Table 6.12.
b) shows that the average performance index (averaged across all

the examples) is 0.982, which is very close to an optimal index

of 1.0.

As far as the maximum residuals are concerned, their
improvement when using the one-dimensional procedure is reflected
in an average performance index of 0.598 (Table 6.12. b). while
Table 6.10. shows that when compared with Kriging and splines,
these values (produced with the one-dimensional interpolation)

are at least 2.6 times smaller (for example C, 0.243991 against

0.650401 for Kriging).

Even though, by and large, the variance of the estimated
plezometric hea& and the variance of the absolute value of the
residuals deteriorated with respect to the initial estimates
(those corresponding to the raw model), as shown in Table 6.12.
b), both parameters actually improved in 66 ¥ of the examples
studied, when the one-dimensional interpolation method was
applied. Moreover, Table 6.10 shows that, with the exception of
example D, the variances of the residuals computed using the one-
dimensional interpolation method are about 10 times smaller than
the values obtained with Krigding (example C). Table 6.12. a)
sugdgests that the deterioration in the variance of the heads and
that of the residuals with respect to the 1initial conditions,
occurs 1in networks with a steeper piezometric plane (i.e.
examples B and D); the difference in the results between examples

D and K is significant in this respect.
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The results for the estimated heads using Kriging and the bi-
cubic splines are, in general, worse than the initial estimates,
although Kriging improved the initial estimates in one example

(network C, Table 6.12 a).
6.11.4.4. Calibration results.

For the six networks specified in Section 6.10 and for the five
cases detailed in Section 6.11.2, the calibration exercise has
been carried out, and the results are tabulated in Appendix D. We
refer to “initial" heads and flows as those heads and flows
computed before the calibration program has been run, i.e. their
values have been determined using the initial estimates for the
pipe roughnesses. Similarly, we refer +to ‘“"calibrated” C’s,
"“calibrated” heads and “calibrated” flows, as the corresponding
variables after +the calibration program has been run, i,e.
"calibrated"” heads and flows refer to the values of heads and
flows determined with the calibrated model, rather than with the

raw model.

The results in Appendix D are ordered in the following way:

a) Calibrated heads results:

For each one of the six examples, and for each study case
considered, we include a summary of the following statistics:
average head, its variance and standard deviation, the maximum
residual, the average absolute value of the residuals, the
variance of the absolute value of the residuals and the ratio
between the estimated and true averages. This represents 6 Tables

(Tables D.1, D.2, D.3, D.4, D.5 and D.6). In order to quantify
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the performance of the calibration algorithm, for each one of the
above 6 Tables we have prepared another Table with the
corresponding values of the performance index defined in section
6.11.4., for the average calibrated heads, their variance, the
maximum residual and the variance of the absolute vélue of the
residuals; this generates 6 more Tables (D.7, D.8, D.9, D.10,
D.11 and D.12). Each one of the 1last 6 tables (with the
performance index) also include an "averade index", averaging
across the five study cases (mid part of the tables) and a
summary with the frequency (as a %) of the cases when the

calibration algorithm actually improved the initial heads.

Figure 6.14 presents a graphical comparison of the célibrated
heads for network E (case I), for - 4 equidistant transverse
sections, which corresponds with Fig. 6.13 already shown

(comparing the estimated heads).

Tables 6.13., 6.14., 6.15. and 6.16. summarise the behaviour
of the "performance index" for the five cases considered, and its
variation example by example (double entry tables), for the
average calibrated piezometric heads, their variance, the maximum

residual and the variance of the residuals, respectively.

In Tables 6.13. to 6.16. averages have been computed across the
different examples (last columns of the Tables), as well as
averages corresponding to each head estimation procedure, across
all the study cases (last rows of the Tables). Also, a "global
average" has been computed, across all the examples and study

cases, which is shown in the bottom-right corner of the Tables.
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Table 6.13. Summary of the comparison for the calibrated
piezometric heads:

average heads.

PERFORMNANCE INDEYX: AVERABE

CASE  PROCEDURE A B £ b £ F AVERAGE
INTERPGL. 0.981 1.000 0.992  0.990 9.929 0.985 9.980
I YRIGING -3.584  -5.049 0.924 -0.144 -999.999 -77.443 -180.916
SPLINES  -999.999 -999.999 -999.999 0.931 -13.299 -999.999 -668.724
INTERPOL, 0.976 1,000 0.993 0.989 0.933 0,980 0.975
I KRIGING -4,176 -5.122 0.917 -0.195 -999.999 -78.71% -181.245
SPLINES  -999.999 -999.999 -999.999 0.936 -10.08! -999.999 -668.190
INTERPOL. 0.982  1.000 0.992 0.992 0.938 0.927 0.972
II1  KRIGING -4,109 -5.161 0.913 -0.155 -999.999 -80.02¢ -181.422
SPLINES  -999.999 -999.999 -999.999 0.910 -52.001 -999.999 -675.181
INTERPGL, 0.922  0.99¢ 0.999 0.989 1.000 0.866 0,951
IV KRIGING -4.119  -5.04% 0.836 -0,183 -999.999 -79.319 -181,307
SPLINES  -999.999 -999.999 -999.999 0.910 -37.897 -999.999 -672.831
INTERPOL. 0.925  0.441 0.993 0.878  -0.4664 0.726 0.550
v XRIGING -3.413  -2.940 0,913  0.940 -999.999 -75.728 -180.041
SPLINES  -999.999 -999.999 -999.999 0.262 -42,912 -999.999 -673.774
INTERPOL. 0.937  0.88% 0.994 0.948 0.627 0.893 0.888
AYERABE KRIGING -3.880 -4.671 0.90% 0.033 -999.999 -78.288 -180.980
SPLINES  -999.999 -999.999 -999.999 0.794 -31.238 -999.999 -571.740

NOTE :

s

A VALUE OF -999.999 INDICATES THAT THE INDEX IS5 ACTUALLY
LESS THAN OR EQUAL TO -999.999
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Table 6.14. Summary of the comparison for the calibrated
piezometric heads: variance of the heads.

PERFORMANCE TINDEIX: VARIANCE

e
CASE  PROCEDURE A B C D E F AVERAGE
INTERPOL. 0.758 -3.502 0.973 -1.324  0.886  0.938 -0.343
I KRIGING -33.488 -267.833  0.936 -999.999 -999.999 -4.97% ~384.557
SPLINES  -999.999 -999.999 -999.999 -774.217 -999.999 -999.999 -962.369
INTERPOL, 0.810 -5.,209  0.973 -1.273  0.897  0.903 -0.483
Il KRIGING -41.100 -271.631  0.951 -999.999 -999.999 -5.225 -386.147
SPLINES  -999.999 -999.999 -999.999 -762,062 -999.999 -999.999 -960.343
INTERPOL. 0.741 -5.392  0.972 -1.485 0.881  0.848 ~0.4602
[T KRIGING -40.483 -273.701 0,949 -999.999 -999.999 -5.20{ ~386,572
SPLINES  -999.999 -999.999 -999.999 -760.139 -999.999 -999.999 -960.026
INTERPOL.  -9.810 -88.752 0.974 -2.944 0,758  0.821 -16.492
IV KRIGING -40.622 -268.612  0.946 -999.999 -999.997 -6.04{ -383,724
SPLINES  -999.999 -999.999 -999.999 -760.038 -999.999 -999.99¢9 -960.006
INTERPOL. 0.633 -29.432 0.998 -5.156  0.646  0.640 -3.27%
v KRIGING -34.004 -139.964  0.931 -999.999 -999.999 -5.18l -366.366
SPLINES  -999.999 -999.999 -999.999 -845.138 -999.999 -999.9%9 -974.189
INTERPOL.  -1.370 -26.898  0.978 -2.436 0.B13  0.834 -4.679
AVERAGE KRIGING -38.340 -248,348  0.951 -999.999 -999.999 -5.525 -381.877
SPLINES  -999.999 -999.999 -999.999 -780.323 -999.999 -999.999 -963.387
NOTE
348

A VALUE OF -999.999 INDICATES THAT THE INDEX 1S ACTUALLY
LESS THAN OR EGUAL TO -999.999
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Table 6.15. Summary of the comparison for the calibrated
piezometric heads: maximum residual.
PERFORNANCE I NDEJX s MAXINUM RESIDUAL
CASE PROCEDURE A B C 1] E F AVERABE
INTERPOL. 0.829 0.833 0.948 0.420 0,145 0,407 0.597
I KRIGING -23.431  -29.029 0.634 -408.58! -999.999 -450.416 -318.504
SPLINES -999.999 -999.999 -999.999 -133.729 -999.999 -999.999 -8335.621
INTERPOL. 0.821 0.833 0.949 0,418 0.160 0.338 0.587
Il KRIGING -24.508 -29.143 0.624 -408,782 -999.999 -452.981 -319.133
SPLINES -999,999 -999,999 -999.999 -133.860 -999.999 -999.999 -855.642
INTERPOL. 0.832 0.833 0.947 0.437 0.184 9.238 0.379
II1  KRIGING -24,345 -29.244 0.619 -408.587 -999.999 -459.157 -320.119
SPLINES -999.999 -999.999 -999.999 -133.739 -999.999 -999.999 -853.622
INTERPOL. -1.257 -1.246 0.967 -0.173 -0.692 -0.491 -0.482
v YRIGING -24,296  -29.057 0.479 -408.550 -999.999 -438.137 -319.927
SPLINES -999.999 -999.999 -999.999 ~133.742 -999.999 -999.999 . -835.623
INTERPOL. 0.310 -3.819 0.939 -1.448 -0.508 -0.413 -0.823
v KRIGING -23.672  -24.787 0.466 -385.585 -999.999 -449.428 -313.834
SPLINES -999,999 -999,.999 -999.999 -115.761 -999.999 -999.999 -832.626
INTERPOL. 0.307 -0.543 0.930 -0.08% -0.142 0.016 0,092
AVERAGE KRIGING -24,051 -28.252 0.564 -404,017 -999.999 -454.044 -318.303
SPLINES -999.999 -999.999 -999.999 -130.166 -999.999 -999.999 -8558.027
NOTE :
1"

A VALUE OF -999.999 INDICATES THAT THE INDEX IS ACTUALLY
LESS THAR OR EQUAL T0 -999.999

315




Table 6.16. Summary of the comparison for the calibrated
piezometric heads: variance of the absolute wvalue
the residuals.

PERFORMANCE I NDEJX : VARIANCE OF THE RESIDUALS

CASE PROCEDURE A B c b 13 F AVERAGE
INTERPOL. 0.915 0.966 0.996 -14,333 0,014 0.945 -1.74%9
I KRIGING -999.999 -999.999 0.660 -999.999 -999.999 -999.999 -833.222
SPLINES -999.999 -999.999 -999.999 -999.999 -999.999 -999.999 -999.999
INTERPOL, 0.918 0.949 0.997 -14,135 0.007 0.943 -1.717
Il KRIGING -999.999 -999.999 0.644 -999.999 -999.999 -999.999 -833.225
SPLINES -999,999 -999.999 -999.999 -999.999 -999.999 -999.999 -999.999
INTERPOL . 0.935 0.966 0.996 -13.308 0.022 0.925 -1.577
{11 KRIGING -999.999 -999.999 0.638 -999.999 -999.999 -999.999 -833.226
SPLINES -999.999 -999.999 -999.999 -999.999 -999.999 -999.999 -999.999
INTERPOL., -12.950 -8.383 0.998 -34.84% -3.038 0.762 -9.579
v KRIGING -999.999 -999.999 0.612 -999.999 -999.999 -999.999 -833.231
SPLINES -999.999 -999,999 -999.999 -999.999 -999.999 -999.999 -999.999
INTERPOL, 0.019 -21.144 0.996 -382.031 -2.10¢ 0.291 -67.329
v KRIGING -999.999 -999.999 0.259 -999.999 -999.999 -999.99%9 -833.289
SPLINES -999.999 -999.999 -999.999 -999.999 -999.999 -999.999 -999.999
INTERPOL. -2.033 -5.326 0.997 -91.730 -1.023  0.773 -16.390
AVERAGE KRIGING -999.999 -999.999 0.363 -999.999 -999.999 -999.999 -833.239
SPLINES -999,999 -999.999 -999.999 -999.999 -999.999 -999.999 -999.999

NOTE :

1

A VALUE OF -999.999 INDICATES THAT THE INDEX IS5 ACTUALLY

LESS THAN OR E@

UAL TO -999.999
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The results presented in Tables 6.13 to 6.16 follow the same
pattern as the results corresponding to the estimated piezometric
heads (see Table 6.12, for example), in the sense that the
calibrated heads produced using the one-dimensional interpolation
method are the best, both in the average and in the maximum
residual sense. Indeed Table 6.13. shows clearly that, except in
example E (case V), the calibrated heads computed using the one-
dimensional interpolation scheme always improve the initial (raw
model) heads; according to this Table the addition of flow
measurements into the calibration process is not having a
positive impact on the average of the calibrated heads (Tables
6.14., 6.15. and 6.16. show that the same holds for the head
variance, maximum residual and variance of the residﬁals as
well). We shall discuss this point later on. Table 6.13 also
shows the impact of worse initial estimates of the roughnesses
and nodal consumptions (Cases IV and V, respectively), the latter

being the more sensitive parameter.

The calibrated heads computed using Kriging and bi-cubic
splines do not improve the initial heads, except in a few
examples (example C for Kriging and D for the splines, as shown

in Table 6.13.).

Example C demonstrates that the calibration aldorithm works
well even when the average of the initial roughnesses has been
overestimated ( by +20 ¥ in this example). In this particular
example, the head variances, the maximum residual and the
variance of +the residuals are always improved when the one-

dimensional interpolation or Kriging procedures are used.
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Table 6.14 shows that, on averagde, the calibration algorithm
does not reduce the initial variance of the piezometric heads
(global performance average index = -4.679), although when the
one-dimensional interpolation procedure is used, improvement is
achieved in approximately 66 ¥ of the cases. It is also apparent
from Table 6.14 that the calibration algorithm failed to improve
the initial variance in examples B and D, which are those with
the steeper piezometric planes. In general, worsening the initial
pipe roughnesses and the nodal consumptions (cases IV and V,
respectively), makes the variance of the heads even worse; the
effect of the worse initial roughnesses seems to be more
important than the initial nodal consumptions. Of the three
procedures tested for head estimation (one-dimensional
interpolation, Kriging and splines), the one-dimensional
interpolation 1is the procedure which performs best, as far as

reducing the variance of the calibrated heads is concerned.

Table 6.15. shows that, on average, the calibration algorithm
improves the initial maximum residuals when the one-dimensional
interpolation procedure is used to estimate the heads,
particularly when the mean initial roughness and the nodal
consumptions have been well estimated (i.e. in Cases I, II and
III). Example C is a different situation, since the calibration
algorithm improves the maximum residuals of the heads even with
worse initial roughnesses and worse nodal consumption estimates.
From Table 6.15 it is also clear that the application of Kriging
leads to improvements in the variance of the residuals only in

example C, whereas the application of splines for head estimation
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does not produce any improvement at all.

As far as variance of the residuals (absolute values) is
concerned (Table 6.18), the results of the calibration algorithm
are, on average, worse than the initial estimates, although the
use of the one-dimensional interpolation procedure reduces the
variance in almost 66 ¥ of the cases. As before, in the case of
the maximum residuals, better results are obtained when both the
jnitial roughnesses and nodal consumptions are well estimated

(cases I, II and III).

In summary, the calibration algorithm improves the initial
average piezometric heads as well as the maximum residual (glabal
average performance indices of 0.888 and 0.092, respeétively).
The results for the variance of the heads and the variance of the
absolute value of the residuals are, by and large, negative
(global average performance indices of -4.679 and -16.390,
respectively), even though improvement with respect to the
initial heads is achieved in 66 ¥ of the cases, particularly when
better initial estimates of the pipe roughnesses and nodal

consumptions are available.

In looking at the behaviour of the calibrated heads more
broadly, it is possible to find from Tables 6.13 to 6.16 that, in
15 out of 30 cases, the algorithm improved simultaneously the
average heads, their variance, the maximum residual and the
variance of the residuals, i.e. we have a "global success index”
(as defined in section 6.11.4.2) of 50 %. This has happened for
example A (Cases I, II, III, and V), example C (Cases I, II, III,

IV and V), example E (Cases I, II and III) and example F (Cases
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I, II and III). The correspondind “global success index"” when

Kriging was wused is 16.67 % (5 cases out of 30) and 0.0 % for

splines.
b) Calibrated flows results:

Following the same sequence as for the heads, Appendix D
includes a set of 12 more tables, with the result summaries
(Tables D.13 to D.18, for examples A to F, respectively) and the

performance indices (Tables D.19 to D.24).

Fig. 6.15. represents the pipe flows for example E, Case I, for
the same 4 transverse sections, as in Figs. 6.13 and 6.14., when

the estimated and calibrated piezometric heads were compared.

Similarly to.the case of the calibrated piezometric heads, four
two way tables summarise the behaviour of the performance index
across the five cases and six examples used for the comparison.
Tables 6.17, 6.18, 6.19 and 6.20 refer to the average calibrated

flows, their variance, the maximum residual and the variance of

the residuals, respectively.

320



ogL L

squinN edig

3 ] | 74) i i L1 )
Al i i e e T e Tiia g ! ISENSNT SNSRI RY RPN ASNNN RN
‘I @88) ‘9 NIOM]RIN
JO suoljoss osIsAsuUBIy P JI0J .
SMOTJF P93VJIQI[e®O JOo wuwostaedwo) ‘Gl g ‘Pry N
N,
0/0
/.ool Ill
SBQUINN BRI
; ITE N -:_-_..-— w-.-.h.-ﬂ.ﬁw..-..n-‘w-—nh-.;.; _.r ~im8 = C—w‘
sout1ds 4
UOTI3BTOAABIU] ~-ewv =~
BUTBTIY --e-eee-
anTeA 8ana] x
: S'I09KAS 9
quinN edigy Qowlm
EEEE:“‘ Laaaaloaaslaaaslgsss -:.:.a.d_r::.ppsqal W
L oe- -
B et okl L LY S > 2
T T T T TR e i TIPS
Lo fas o, - <
e fl:ll “\
one
oy
quinN ed)y o.o__lm
. 0 L 0 v ¢ z 1 g oot
aadaaa il aaala s aatataadaa, -...----..»-.--.-h._.-._--.b--.—-t.-.... 0vz- M
2 ast
oos~ w
Illulllll'lf* - oo m
¥ e e <
0
o
QO-IM
m o1
n og-
Af.///. W oci
> — 00 =
. v
.n —— =~
T3 -/:f os
:.;/
3 004
N\
Y

o'sh

oR-

(8/)) sxo3 pooiqpog

321



Table 6.17. Summary of the comparison for the calibrated

flows: averade flows.
PERFORMANCE INDEJX : AVERAGE

CASE PROCEDURE A B £ D E F AVERAGE
INTERPGL., -0.004 0.008 -0.023 -19.250 0.433 -0.192 -3.168
i KRIGING -184,733 1.000 -31.332 -0.563 -999.999 0,478 -202.525
SPLINES -72.902 -42.510 -140.271 0.437 -459.738 -999.999 -285.847
INTERPOL. 0.773 0.866 -12.538 -999.999 -4.690 0.958 -1469.10%
I KRIGING -2.597 0.891  -0.93f -999.999 -999.999 0.995 -333.5606
SPLINES -29.806 -1.351 -46.695 -999.999 -333.037 -999.999 -401.813
INTERPGL. 0.661 0.994 0.900 -999.999 1.000 (.948 -1465.913
IIT  KRIGING 1.000 0.984 0.996 -999.999 -35.633 -0.804 -172.243
SPLINES -52,206 -0.861 -116.581 -999.999 -37.407 -999.999 -367.876
INTERPGL. 0.124 9.923 0.947 -999.999 0.998 0.980 -166.001
v KRIGING 0.999 0,999 0.991 -999.999 -34.351 -0.838 -172.038
SPLINES -63.255 -7.648 -5.318 -999.999 -20.544 -999.999 -349.477
INTERPOL. 0.937 0.348 0.988 -164.766 0.909 0.876 -26.731
v KRIGING  -999.999 -999.999 0.342 -999.999 -83.941 -0.079 -313.944
SPLINES  -999.999 -999.999 0.091 -999.999 -82.377 -999.999 -580.414
INTERPOL. 0.498 0.668 -1.941 -636.803 -0.268 0.718 -106.188
AVERAGE KRIGING -237.066 -199.225 -5.987 -800.112 -430.787 -0.034 -278.872
SPLINES  -243,633 -210.494 -51.755 -799.912 -1B6.721 -999.999 -417.086

NOTE :

"

A VALUE OF -999.999 INDICATES THAT THE INDEX IS ACTUALLY
LESS THAN OR EGUAL TO -999.999

322




Table 6.1

8.

flows: variance of the flows.

Summary of the comparison for the calibrated

PERFORMNANCE TNDEJX: VARIANCE

CASE  PROCEDURE A B C D £ F AYERAGE
INTERPOL. -0.244 -0.050  0.771 -999.999  0.268 -0.127 -166.363

I KRIGING  -177.6153  0.920 -29.866 -999.999 -445.618 -999.999 -442.029
SPLINES  -40.567 -14.722 -148.540 -999.999 -247.806 -999,999 -408.605
INTERPOL.  0.901  0.894 -77.063 -999.999  0.694 -35.047 -184.94¢

I1  KRIGING -142.343 -0.129 -278.370 -999.999 -371.842 -999.999 -353. M7
SPLINES  ~162.663 -117.440 -333,205 -999.999 -426.801 -999.999 -540.018
INTERPOL.  0.877  0.940 -1.074 -999.999  1.000 -33.302 -171.950

III  KRIGING  -76.926 -0.104 -243.327 -999.999 -453.270 -999.999 -463.938
SPLINES  -155.384 -158.093 -335.163 -999.999 -343.325 -999.999 -331.994
INTERPOL.  0.975  0.999  1.000 -999,999  0.998 -39.435!l -172.613

IV KRIGING  -81.747 -1.145 -6.542 -999,99% -537.8353 -999.999 -437.873
SPLINES  -142.358 -472.513 -17.798 -999.999 -999.999 -999.999 -603.443
INTERPOL.  0.978  0.936  0.994 -999.999  0.965 -37.047 -172.196

v KRIGINE  -999.999 -999.999  0.033 -999.999 -242.848 -999.999 -707.133%
SPLINES  -373.619 -999.999  0.811 -999.999 -368.392 -999.999 -636.899
INTERPOL.  0.697  0.748 -13.074 -999.999  0.78% -29.083 -173.4634

AVERAGE KRIGING -295.720 -200.091 -111.615 -999.999 -412,283 -999.999 -303.284
SPLINES  -214.91B -352.554 -246.779 -999.999 -477.304 -999.999 -548.592

NOTE
$R1

A VALUE OF -999.999 INDICATES THAT THE INDEX IS ACTUALLY
LESS THAN OR EGUAL TO -999.999
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Table 6.

19. Summary of the comparison for the calibrated

flows:

maximum residual.

PERFORMANCE I NDEX : MAXINUN RESIDUAL

CASE  PROCEDURE A B ¢ D 13 F AVERAGE
INTERPOL.,  -0.136 0.005 -2.638 -52.814 -1.70f -0.09{ -9.563

I KRIGING  -170.771  -0.154  -5,784 -936.003 -271.042 -135.740 -233.411
SPLINES -67.387 -26.108 -33.078 -364.938 -393.403 -999.999 -314.485
INTERPOL. 0.307 0.022 -2.586 -66.930 -0.834  0.037 -11.667

IT  KRIGING -16.335  -0.404 -3.860 -999.999 -225.047 -178.260 -237.318
SPLINES -68.515  -19.608 -25.706 -346.077 -999.999 -310.745 -295.108
INTERPOL . 0.5616 0,022 -2.870 -39.51% -1.019 -0.054 -7.138

N1 YRIGING -13.583 0.376  -56.084 -999.999 -999.999 -84.489 -350.940
SPLINES -80.444  -22.371 -23.(3F -§73.287 -7 949 -4&7. &L -350.45 ¢
INTERPOL,  -10.455 0.005  0.798 -34.663 -2.326 -0.067 -11.151

IV KRIGING -15.290  -7.038  -0.007 -999.999 -999.99% -84.6539 -331.1463
SPLINES -34.368 -69.540 -2.484 -582.358 -999.999 -467.876 -359.472
INTERPOL. 0.376 -16.042 0,275 -349.430 -8.595 -3.983 -62.900

¥ KRIGING  -108.782 -91.807  0.201 -999.999 -834.416 -B87.983 -333.798
SPLINES  -252.898 -999.999 -2.634 -573.688 -919.051 -481.720 -338.668
INTERPOL.  -1.898  -3.198 -1.404 -112.67% -2.89% -0.832 -20.484

AVERAGE KRIGING -63.349 -19.805 -3.307 -987.200 -666.10! -114.220 -309.330
SPLINES -96.763 -227,525 -17.411 -488.855 -857.280 -3435.584 -372.238

NOTE :
s

A VALUE OF -999.999 INDICATES THAT THE INDEX IS ACTUALLY
LESS THAN OR EBUAL TO -999.999
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Table 6.20. Summary of the comparison for the calibrated

of

flows: variance of the absolute value
residuals.
PERFORMANCE I NDEIJX: VARIANCE OF THE RESIDUALS
CASE PROCEDURE A B C D E F AVERAGE
INTERPOL, 0,278 -0.003 -18.641 -999.999 -2.970 -2.424 -170.627
I KRIGING -999.999 0.478 -73.242 -999.999 -999.999 -999.999 -678.793
SPLINES -999.999 -551,471 -999.999 -999.999 -999.999 -999.999 -925.244
INTERPOL. 0.817 0.304 -15.337 -999.999 -2.373 R.%&2 140, 50¢ 4
11 YRIGING -155.491 0,221 -24.12b6 -999.999 -999.999 -999.999 -531.555*
SPLINES -999.,999 -379.199 -999.939 -399,399 -999.999 -999.9%% 95552
INTERPOL. 0.917 0.08f -28.460 -745.078 -1.390 -0.48! -129.102
IIT  KRIGING -148,833 0.655 -50,106 -999.999 -999.999 -999.99¢9 -533.047
SPLINES -999.999 -397.106 -999.999 -999.999 -999.999 -999.999 -899.517
INTERPOL. -84.948 0.1%7 0.974 -999.999 -10.028 0.014 -182,308
IV KRIGING -206.090 -64.831 0.109 -999.999 -999.999 -999.999 -343,13%
SPLINES -895.254 -999.999 -7.726 -999.999 -999.999 -999.999 -817.163
INTERPOL. 0,462 -129.818 0.605 -999.999 -59.700 -141.49% -221.624
v KRIGING -999,999 -999.999  -0.116 -999.999 -999.999 -999.999 -833.352
SPLINES -999.999 -999.999 -11,237 -999.999 -999.999 -999.999 -833.203
INTERPOL.  -146.459 -25.B55 -12.172 -949.013% -1%,292 -29.110 -174,450
AVERAGE KRIGING -504,082 -212.695 -29.496 -999.999 -999.999 -999.999 -624.378
SPLINES -979.050 -543.554 -603.792 -999.999 -999.999 -999.999 -874.732
NOTE
(8¢

A VALUE OF -999.999 INDICATES THAT THE INDEX I5 ACTUALLY
LESS THAN OR EGUAL T8 -999.999
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Contrary to what we have seen in the case of the estimated and
calibrated piezometric heads, the behaviour of the calibrated
flows is more variable and needs a more detailed review. Table
6.17 shows that, despite the fact that the global performance
index 1is negative when the one-dimensional interpolation scheme
is wused (i.e. -106.188), most of the cause of this apparent bad
performance is attributable to the example D, which will be
analysed in more detail in the following paragraphs. If we remove
example D, the global performance index becomes -0.0646 |,
indicating only a slight deterioration of the initial average

flow.

As it is possible to see from looking at the averages  across
all the examples (last column) of Tables 6.17 to 6.20, the values
of the calibrated flows computed using the one-dimensional
interpolation procedure are always better than those

computed using Kriging and splines.

In looking at Tables 6.17 to 6.20 as a whole, it is possible to
find out that in examples A (Cases II, III and V), B (Cases 1II,
IIT and IV) and C (Cases IV and V), the average flow, its
variance, the maximum residual and the variance of the residuals
improved simultaneously with respect to the initial estimates.
This represents 7 cases out of 30, i.e. a "global success index"
(as defined in section 6.11.4.2) of 26.7 %¥ . The corresponding
"global success" indices for Kriging and splines are 0.0 % in

both cases.

The behaviour of the performance index for example D deserves

further attention, which has to be complemented with the
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corresponding Table D.16, from Appendix D. Basically, what is
happening in this particular example is that the initial flows
are quite close to the true values (this is a consequence of
assuming that we know the mean pipe roughnesses which, by the
way, 1is one of the reasons why we use the raw model flows as
estimates of the true flows); this can be seen from Table D.186,
where the true and average calibrated flows differ only by 5x10~6
(1/s). This implies that a calibrated flow which on average is
only 3.9x%10-5 (1/s) different with respect to the true value (as
in Case I) is worse than the initial estimate, producing a large
negdative performance index; in practice, a difference of this

magnitude is irrelevant.

On the other hand; 1if we review the definition of the
performance index [equation(16)], it can be seen that the index
"blows up" when the true and initial values of the variable being
assessed are very close to each other [ i.e. xt-xi % 0 in
equation (16}, and the denominator (xt-xi)Z becomes even closer
to zero]. This indicates that the "performance index” should be
always checked carefully for the case where the initial and true

values are too close.

In general, unless the measurement information corresponds
exactly to the true heads and flows, any algorithm should
deteriorate the initial estimates when starting too close to the

true solution.

As can be seen from Table D.168 (for example D), all the

calibrated flows computed either with the one~-dimensional
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interpolation, Kriging or splines give flows which, on average,
reproduce the true values within a * 3 ¥ margin, although from
the maximum residual and variance points of view, the one-
dimensional interpolation seems to be much better than the

others.

The incorporation of flow measurements, represented by cases II
and III, with respect to case I (when only head measurements were
considered) did not seem to produce a ¢great impact on the
calibrated flows. For example, as far as the averagde flows are
concerned (Table 6.17), and leaving example D aside, for the
reasons already explained concerning the ill-conditioning of the
performance index near the true values, Examples C and E did not
improve the calibrated flows when the first set of flow
measurements was considered in the calibration aldorithm (i.e.
passing from case I to II in Table 6.17); something similar can
be observed in Table 6.18 with respect to the maximum residuals.
Some improvement can be detected in relation to the variance of
the residuals (Table 6.20) from case I +to 1II, though the
performance index is still negative. When considering the second
set of flow measurements, improvement can be noticed in all the
examples (except D), for the average flows, and some smaller
improvements can be detected in the flow variance and residuals.
This behaviour of the calibration algorithm with respect to the
availability of flow measurements perhaps reveals the need for a
more systematic and rational approach for flow measurement

placement, something which has not been studied here.
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Thus, in summary, as far as the estimation of the true flows is
concerned, which is currently done iteratively at the same time
as the estimation of the roughnesses is carried out, the results
given by the calibration algorithm are not as successful as in
the case of the piezometric heads. This seems to suggest that
perhaps a different flow estimation procedure should be
implemented, instead of the iterative scheme used in the present

work.
c) Calibrated Hazen-Williams roughnesses:

As before, we include in Appendix D 6 tables with the summary
of the results (Tables D.25 to D.30) and another batch of 6
tables with the results corresponding to the performance indices

(Tables D.31 to D.36).

Figure 6.168. presents the behaviour of the calibrated C’s, for

example E and case I.

Summarising the Tables presented in Appendix D, Tables 6.21,
6.22, 6.23 and 6.24 condense the results of the performance index
for the average C’s, their variance, the maximum residual and the

variance of the absolute value of the residuals.

In Figure 6-16 a) the calibrated C’s using the one-dimensional
interpolation scheme are compared with the initial estimates
(shown by the asterisks in Fig. 6-16) and with the true values
(C=140 for all the pipes, represented by the horizontal line).
The values of the roughnesses (C’s) corresponding to pipes with
consecutive numbering have been joined with a continuous line in

order to visualise their variability; it should not be forgotten
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that we are dealindg with a discrete variable. Figures 6-16 b) and
¢) correspond to the calibrated C’s obtained using Kriging and

splines, respectively.

The main statistics associated with Figure 6-16 are summarised

in Table D-29 (case I).

Figure 6-16 a) shows clearly that the C’s produced using the
one-dimensional interpolation tend to “follow"” the initial
estimates in some pipes. It is also clear from that Figure that
the average calibrated roughnesses are close to the true values,
though their dispersion (variance) is larger than that of the

initial estimates.

For the C’s produced using Kriging and splines Fig. 6-16 b) and
¢) and Table D-29 show clearly that they are, on averagde,
underestimating the true roughnesses. What seems to be even
worse with the roughnesses produced with Kriging and splines is
the fact that they are "jumping" from one border to the other of
the "allowable band" [determined by the maximum variation factor
x=0.10, see equation (4)], but they never get close to the true
values. This explains why, in general, the variances of the
absolute value of the residuals are always smaller (when using
Kriging and splines) than those produced using the one-
dimensional interpolation; roughly speaking, the residuals
(absolute value) produced by using Kriging and splines are
consistently wrong, while those C’s produced using the one-

dimensional interpolation are not. In this case we have to look
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Table 6.21. Summary of the comparison for the calibrated
C’s: average C’s.

PERFORMANCE I NDEJX : AVERAGE

CASE  PROCEDURE A B € D 13 F AVERAGE
INTERPOL., -62.709 -51.879  0.679 -384.064  0.014 -18.400 -86.060
I KRIGING -210.664  0.902 0,633 -999.999 -999.999 -999.99¢ -334.834
SPLINES -773.546 -364.898  0.824 -999.999 -999.999 -999.999 -722.936
INTERPOL. -70.898 -112.730  0.764 -594.284  0.264 -239.247 -169.359
il KRIGING  -242.359  0.902 0,433 -999.999 -999.999 -999.999 -340.137
SPLINES -773.346 -364.898 0,824 -999.999 -999.999 -999.999 -722.936
INTERPOL. -65.936 -85.120  0.679 -33.414 -0,543 -305.249 -81.767
I11  KRIGINE -242.769  0.902  0.438 -999.999 -999.99% -999.999 -340.204
SPLINES  -773.346 -364.898  0.824 -999.999 -999.999 -999.999 -7122.936
INTERPOL.  0.916 -8.867  0.672 -351.842 -39.720 -28.%31 -71.232
IV FRIGING  -17.207 -12.630  0.634 -999.999 -999.999 -999.999 -304.870
SPLINES  -67.284 -47.362  0.785 -999.999 -999.99%9 -999.999 -318.976
INTERPOL. -30.7680 -31.373  0.604 -2,518 -999.999 -183.203 ~207.912
y YRIGING -230.244 -19.121  0.385 -999.999 -999.999 -999.999 -341.463
SPLINES  -773.346 -395.178  0.819 -999.999 -999.999 -999.999 -694.630
INTERPOL, -45.881 -3B.034  0.680 -273.278 -207.997 -130.134 -123.266
AVERABE XRIGING -188.649 -5.813  0.623 -999.999 -999.999 -999.99¢9 -332.306
SPLINES  -632.293 -427.447  0.81% -999.999 -999.999 -999.99% ~675.487

NOTE :

483

A VALUE OF -999.999 INDICATES THAT THE INDEX IS ACTUHALLY
LESS THAN OR EQUAL TO -999.999
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Table 6.22. Summary of the comparison for the calibrated
C’s: variance of the C’s.
PERFORMANCE INDEJX : VARIANCE
CASE PROCEDURE A B £ b 3 F AVERAGE
INTERPOL., -13.445 -22.196 -0.984 -131.974 -128.856 -48.132 -37.632
I Y¥RIGING -14.007 -12.729 0.673 -565.184 -499.395 -247,525 -226.361
SPLINES -24,279 -10.740 0.892 -641.873 -494.328 -484,876 -275.848
INTERPOL., -12.253 -24.106 -0.099 -141.234 -122,212 -52.456 -62.060
I KRIGING -8.062 -12,729  0.673 -601.478 -4465.098 -255.237 -223.6359
SPLINES -24.279 -10.740  0.892 -574.977 -472.896 -448.641 -258.773
INTERPOL, -12.957 -18.530 -0.9846 -100.423 -125,300 -44,957 -30.362
IIT  KRIGING -7.990 -12.729 0.689 -504.710 -383,901 -354,426 -227.5144
SPLINES -24.279 -10.740 0.892 -591.182 -499,385 -497.128 -270.137
INTERPOL, -1.648 -1.292 -0.134 -B5.304 -47.949 -14,705 -25.203
v KRIGING 0.992 -6.32% 0.727 -1865.457 -107.576 -91.712 -61.392
SPLINES 0.720  0.987 0.867 -158.133 -129.473 -137.148 -70.397
INTERPOL. -145.424 0,927 -3.776 -447.881 -249.762 -139.499 -167.56%
v KRIGING -10,255 -19.584 0.580 -603.746 -413.4693 -350.030 -232.79¢
SPLINES -24.27%  -5.7%7 0.915 -395.019 -524.876 -522.272 -278.548
INTERPOL. -37.185 -13.043 -1.196 -185.404 -134.806 -43.930 -72.4606
AVERAGE KRIGING -7.863 -12.819 0.668 -512.135 -374.333 -259.79¢0 -194,382
SPLINES -19,279  -7.398  0.892 -512.4637 -424.031 -422.013 -230.74%
NOTE
1

A VALUE OF -999.999 INDICATES THAT THE INDEX IS ACTUALLY
LESS THAN OR EGUAL TO -999.999
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Table 6.23. Summary of the comparison for the calibrated
C’s: maximum residual.

PERFORNANCE INDEIX: NAXINUM RESIDUAL

CASE  PROCEDURE A B £ D 3 F AVERAGE
INTERPOL.,  -6.704 -5,704 -0.807 -3.863 -4.500 -4.737 -4.332
I KRIGING -6,704 -7.806 -0.066 -4.737 -5.466 -3.466 ~5.041
SPLINES -6.704 -6.704  0.800 -4,737 -4.737 -3.466 -4.591
INTERPOL, -6.704 -6.704 -0.798 -4.71% -4,500 -4.737 -4.694
II  KRIGING -6,704 -7.806 -0.073 -4.737 -3.466 -3.466 ~3.042
SPLINES -6.704 -6.704  0.800 -4.737 -4.737 -5.466 -4.591
INTERPOL,  -4.704 -5,704 -0.808 -3.863 -4.300 -4.737 -4.533
I1T  KRIGING -6,704 -7.806 -0.073 -4.737 -5.466 -5.466 -3.042
SPLINES -6.704 -6.704  0.800 -5.466 -5.466 -5.4b6 -4.834
INTERPOL.  0.119  0.230 -0.062 -{.739 -1.750 -1.352 -0.796
IV KRIGING -0.293 -1.733  0.288 -2.663 -3.250 -3.20 -1.820
SPLINES -0.293 -0.293  0.566 -3.250 -3.250 -3.230 -1.629
INTERPOL,  -7.806 -7.227 -1.438 -5.466 -4.673 -4.737 -3.224
v KRIGING -6.704 -7.806 -0.457 -4.737 -5.466 -3.466 -3.106
SPLINES -6,704 -6.704  0.800 -4.737 -5.466 -3.466 -4.713
INTERPOL,  -5.560 -5.422 -0.782 -3.934 -3.98% -4.100 -3.964
AVERAGE KRIGING -5.422  -6.596 -0.077 -4.322 -5.023 -5.023 -4.410
SPLINES -5,422 -5,422 0.733 -4.58%F -4.731 -5.023 -4.072

NOTE :

Hu

A VALUE OF -999.999 INDICATES THAT THE INDEX IS ACTUALLY
LESS THAN OR EQUAL 1O -999.999 .
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Table 6.24. Summary of the comparison for the calibrated
C’s: variance of the absolute value of the residuals.

PERFORMANCE INDEJX: VARIANCE OF THE RESIDUALS

CASE  PROCEDURE A B c ] E F AVERAGE
INTERPOL, -273.295 -200.036 -14.342 -148.5606 -195.419 -96.340 -154.673

I KRIGING  -90.406 -42,248 -5.634 -28.390 -7.868 -23.7688 -33.236
SPLINES  -31.983 -34.296  0.931 -11,530 -14.639 -7.782 -16.333
INTERPOL, -261.133 -257.706 -5,482 -174.161 -204.031 -102.722 -167.539

I1  KRIGING  -47.609 -42,248 -6.638 -20.929 -11.185 -28.543 -26.192
SPLINES  -31.983 -34.296  0.931 -12.697 -8.301 -8.346 -15.813
INTERPOL. -268.537 -190,796 -14.355 -130.180 -200.832 -92,442 -152.857

I11  KRIGING  -47.189 -42.248 -6.104 -17.321 -9.159 -22.785 -24,131
SPLINES  -31.983 -34.2964  0.931 -11,248 -17.220 -10.806 -17.437
INTERPOL,  -0.770 -0.801 -0.278 -31.279 -50.60% -22.705 -17.740

IV XRIGING -1,719  -7.621  -0.334 -11.312 -B.416 -12.583 -7.9002
SPLINES -1,047 -1.318  0.788 -9.002 -9.477 -7.886 -4.663
INTERPOL. -282.156 -~139.664 -27.710 -127.279 -218.843 -174.175 -161.638

v FRIGING  -64.730 -42.482 -12.893 -18.142 -12.487 -21.099 -28.639
SPLINES  -31.983 -35.257  0.933 -14.938 -12.089 -8.499 -16.972
INTERPOL, -217.178 -157.800 -12.433 -126.301 -173.947 -97.477 -130.889

AVERAGE KRIGING  -30.327 -35.369 -6.528 -19.259 -9.823 -21.760 -23.844
SPLINES  -25.796 -27.893  0.896 -11.883 -12.389 -B.b664 -14,288

NOTE
111
A VALUE OF -999.999 INDICATES THAT THE INDEX IS5 ACTUALLY

LESS THAN OR EGUAL TO -999.999
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at the average residuals, which in the case of the one-
dimensional interpolation are about one half of those for the
cases of Kriging and splines. When the variance of the residuals
is computed (not that of their absolute values) the situation
reverses, in sense that the minimum veriance is obtained when the
one-dimensional interpolation is used. We have used the absolute
value of the residuals (instead of just the residual) because it

implies a more stringent test.

Tables 6.21 to 6.24 show that, with the exception of the
example C, the calibration algorithm, in general, does not
improve the initially assumed pipe roughnesses. The "global
success"” index 1is now zero (0O %) when the one-dimensional
interpolation and Kriging have been used to estimate the heads,
and 16.7 % when the bi-cubic splines have been used for that
purpose, thus conflicting with previous results in favour of the

one—dimensional interpolation.

As in the case of the calibrated flows, a closer look to the
detailed results is needed, and also a review of the way in which

the whole calibration exercise was planned is required.

In carrying out the calibration exercise, it was assumed that
the initial estimation of pipe roughnesses, considering the pipe
material, pipe age, laboratory data, etec., was good enough to
capture the true average roughness of the network, and we were
expecting only "local"” differences in the roughnesses. This means
that, in &eneral, the average initial estimates of the pipe
roughnesses are nearly the same as the true values; the only

exception to this is example C, where the initial C’s were
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overestimated by 20%¥ with respect to the true values. This can be
seen from Tables D.25 to D.30, where the ratio between estimated
and true averages of the C’s are shown in the 1last column of
those Tables; on averagding those values across the different

study cases (I to V), we obtain Table 6.25.

Table 6.25 shows that the initial roughness estimates, except
example C, are always within 0.46 ¥ of the true wvalues. This
implies that again, as in the case of example D for the
calibrated flows, we may find ill-conditioned behaviour in the
performance index (although this time it does not seem to be as
bad as in the case of the flows). On the other hand, as already
noted, the way to improve initial estimates too close to the true
values is by using better estimates and/or more measurements (in
this case both of the heads and the flows, since the calibrated
roughnesses are computed from these two variables), which is not
the present case, specially from the flows point of view. As a
result, some deterioration of the initial C’s is not a surprise,
although, on average, Table 6.25 is showing that the calibrated
C’s produced when using the one-dimensional interpolation
procedure are better than the originally estimated ones,

including example C (i.e. 1.0115 against 1.0354, 1last row of

Table 6.25).

Example C illustrates that, on average, the proposed
calibration algorithm improves the initial roughness estimates of
C when starting from poor initial estimates. Table 6.21, for
example C, shows that improvement was obtained when any of the

head estimation procedures was used.
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Table 6.25. Summary of the ratios between average calibrated
roughnesses and average true roughnesses.

Ratio averages calibrated/true roughnesses

Example Initial Interpolation Kriging Splines

A 1.0048 0.9885 0.9525 0.9123

B 1.00486 0.9726 1.0109 0.9277

C 1.2039 1.1150 1.1249 1.08786

D 0.9997 0.9987 0.9740 0.9749

E 0.9997 0.9955 0.9485 0.9613

F 0.9998 0.9986 0.9485 0.9565
Average 1.0354 1.0115 0.9934 0.8700

Table 6.24 shows that the splines-based results produce the
least variance of the absolute value of the residuals, but this
should be considered similarly to the analysis made of the
results shown in Fig. 6-16, in the sense that a least variance of
the residuals estimate is not decisive when the average, the

variance and the maximum residuals of the estimate are the worst.

The results obtained for example C help us to review the
discussion on the "maximum variation factor" for C [see equation
(4)], wused to control the change in the calibrated C’s. Indeed,
because the variation factor "x" used in the calibration exercise
was x=0.10 (i.e. 10 % of variation), and because the initial
roughnesses for example C were overestimated by + 20 %, the
algorithm is performing the best it can, within the specified
constraints ( i.e. * 10 ¥ ) thus, the averade estimates are

always halfway between the initial and true roughnesses.

338



To study the effect of the "maximum variation factor” on the
results of the calibration exercise for example C, we ran the
calibration program again, this time allowing a * 30 % of
variation for C [i.e. x=0.30 in equation (4)] and the results can

be summarised as follows:

- Ag far as the calibrated piezometric heads are concerned, the

results are nearly the same as with x=0.10, though a little bit

worse.

- The new calibrated flows are much worse than when x=0.10.

- The calibrated roughnesses using the one-dimensional
interpolation procedure are much better from the average C point
- of wview, although from the variance, maximum residual and from

the variance of the residuals standpoint they are worse.

The value x=0.10 used 1in the calibration exercise was
determined by successive trials. We found that, in so doing, the
initial estimates lead, by and large, to reasonable calibrated
roughnesses, although this value of x depends on the quality of
the initial roughness estimates; poorer initial estimates would
need a larger x than better 1initial estimates. Because the
quality of the initial roughness estimates is not known, a trial

and error solution might be necessary to determine "x".

On the other hand, the factor "xX" can be used to spot pipes or
zones of the network where problems with the quality of the
estimators exist. In fact, when the calibration algorithm gives a

C¥ equal either to the minimum or maximum allowable (the computer
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program displays a message in that case), it means, unless there
is some physical evidence to the contrary, that either the
jnitial C, or the head or flow estimates are wrong, requiring a
closer look at the pipe or zone of the network. This clearly

deserves more attention in the future.

Another alternative to control the variation of C 1is not
through the initial roughness estimates (Q(O)), as in equation
(4), but as a function of the "current"” C within the iterative

calibration procedure.

Eventually, the calibration process should be carried out in
stages, with a variable "maximum variation factor" (x), starting
with a small value and relaxing it as soon as values of C lying
in the border of the allowable band are produced and provided
that the there is some additional evidence to support the new
roughnesses. Some way of linking the value of "x" to the quality

of the estimates (not available at the moment) should be devised.

In summary, we believe that the results for the calibrated C’s
are highly dependent on the flow estimation, an aspect that
deserves more attention in the near future. On the other hand,
the way in which the calibration exercise was planned, means that
the performance index for the calibrated C’s tends to give a
rather disappointing picture, perhaps worse than the real one.
Example C has been included to show the behaviour of the

calibration algorithm when the calibration exercise 1is carried

out in another way.
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6.11.5., Summary of the results.

We summarise the results in terms of the main variables
involved in the whole calibration process: piezometric head
estimates, calibrated nodal piezometric heads, calibrated pipe

flows and calibrated C’s.

As a summary of the discussion presented in section 6.11.4,
Table 6.26 recapitulates the results for the "global success”

index, for the different head estimation procedures tested.

a) Piezometric head estimation.

According to the results obtained using different methods for

estimating the unmeasured heads (see Tables 6.10 and 6.12) the
o inisti -dimensi

interpolation method. All the evidence available strongly

suggests that the deterministic one-dimensional interpolation

method should be used for head estimation purposes, instead of

Kriging and splines.

Table 6.26. Summary of the "global success"” index.

Global success index (%)
Variable @ = =  ————-—-—m——mmmm e
1-D interpolation Kriging Splines
Calibrated heads 50.0 16.7 0.0
Calibrated flows 26.7 0.0 0.0
Calibrated C’s 0.0 0.0 16.7
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The main reasons for the success of the one-dimensional
interpolation scheme, seems to be attributable to the fact that
it 1is the only method which explicitly considers the initially
assumed shape of the piezometric plane. Kriging and splines-based
estimation algorithms seem to be smoothing the estimated
piezometric plane, whereas the interpolation method has the
ability to keep the main structure of the 1initial piezometrie

plane (raw model) throughout the whole estimation procedure.

There 1is an additional advantage of the interpolation method
over Kriging and splines, which is not clearly apparent from the
examples tested. The one-dimemnsicnal interpolation method seems
to be more appropriate for handling the head estimation problem
when sharp and local variations of the piezometric plane take
place; this is the'case when booster pumps, high minor losses, or
special regulating valves are installed in the network. In these
cases the smoothing effect of both Kriging and splines should

lead to a poorer performance of those methods.

The head interpolation method relies not only on the
riezometric head measurements, as do the other methods, but also
on the initial estimates of the pipe roughness characteristics,
since it uses the raw model to determine the minimum head 1loss
spanning tree, which allows us to generate the paths used in the
one-dimensional interpolation procedure. This emphasises the need
and the importance of a systematic study of the network
resistance characteristics (according to pipe material, ade,
etc.), prior to the head estimation, if a successful network

calibration 1is to be achieved; this study should be able to
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determine accurately at 1least the relative value of the

roughnesses of the different pipes.

As a result of this calibration exercise, it is believed that
the one-dimensional interpolation procedure for the estimation of
the unmeasured heads could be improved a bit further. The
improvement could be achieved by re-estimating the heads once a
first run of the calibration program has been made; the new head
estimates being computed with the pipe head 1losses of the
calibrated model, not with those of the raw model. The calibrated
model may have a flow (and head 1loss) distribution slightly
different from that of the raw model, in certain pipes or =zones
of the network. Perhaps this can help to reduce both the variance

of the head estimates and that of the residuals.

b) Calibrated piezometric heads.

As expected from what has been noted in section 6.7, and from
the results presented in section 6.11.4, the calibrated
piezometric heads follow closely the estimated piezometric heads
(compare Figures 6.13 and 6.14). Indeed, the use of the one-
dimensional interpolation head estimation method again leads to

the best results, as confirmed in the summary of Table 8. 26.

As can be seen from Tables 6.13 to 6.16, the results using

Kriging and splines are clearly unacceptable.

Further improvements should be achieved, as a by-product of the
improvement suggdested for the head estimation procedure already
mentioned but, in general, the proposed calibration algorithm

seems to be satisfactory with respect to the piezometric heads.
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c) Calibrated pipe flows.

It has been already noted that the performance of the
calibration algorithm must be assessed in terms of the agdreement
between the +true and calibrated roughnesses; however, the
assessment should also extend to the pipe discharges, since
flows, together with piezometric heads, are the main state

variables of the networks.

In ¢deneral, as far as the calibrated flows are concerned, the
calibration algorithm performs better when using the
deterministic one-dimensional interpolation procedure, as shown
in Table 6.26. This re-affirms previous conclusions concerning
the superiority of the deterministic one-dimensional

interpolation method over Kriging and splines.

As shown in Table 6.26, the "global success"” index with respect
to the flows ( 26.6 %) is about one half of that corresponding to
the heads, and this is not good enough for our purposes,
especially because the flows are subsequently used to estimate
the roughnesses. Consequently, it is our belief that the weak
point within the proposed calibration procedure is precisely the
estimation of the unmeasured flows, which is currently done
iteratively, wusing the information contained in the raw model.
Whilst performing this calibration exercise, an alternative
approach has emerged, which avoids the use of the raw model by
estimating the unmeasured flows from the topology of the network.
The basic idea is to relate the flow measurements with the co-

tree "chords" of the network (i.e. the independent set of flows,
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as defined in Chapter Two, section 2.3.7, Fig. 2.1), and to
compute the rest of the flows (i.e. the dependent ones) directly

from the flow measurements. However, this has yet to be tested

d) Calibrated Hazen-Williams roughnesses.

As summarised in Table 6.26 the success of the proposed
calibration algorithm with respect to the roughnesses is
relatively small, specially in comparison with the success in the

piezometric heads.

We believe that, due to the rationale behind the proposed
calibration algorithm (section 6.7 of this chapter), the best way
to improve the calibrated roughnesses is by previously improving
the estimation of the unmeasured flows. In theory, if we include
more flow measurements, the performance of the calibration
algorithm improves; in the extreme, if the estimation of heads
and flows provides all the true nodal heads and pipe flows, the
calibration algorithm 1is able to compute all the true pipe
roughnesses. This holds jrrespectiv the initi roughnesses

assumed in the raw model.

Additionally, and due to the fact that the head and flow
estimation are carried out as independent processes, some
consistency check should be implemented in the future, in order
to detect situations where both estimates (heads and flows) are
not reasonable for some pipes. For example, if for pipe Jjoining
nodes "i" and "j", the head estimator Hj > Hj and the flow
estimator gives.a flow from node "j" to "i". A decision on which

estimate to adopt could be based on the quality of the estimates

345



(when available}. Undoubtedly, this should improve the

performance of the calibration algorithm.

6.12. Concluding remarks.

A new computer-based water distribution network static
calibration algorithm has been proposed, which is based on the
estimation of unmeasured nodal piezometric heads and on the

estimation of unmeasured pipe flows.

Three different piezometric head estimation techniques have
been proposed and tested: a geostatistical interpoclation
procedure known as Kriging, a deterministic one-dimensional
interpolation scheme and a third procedure based on a bi-cubic

splines fitting.

For the flow estimation, the raw network model, obtained with
initial estimates of the roughnesses, provides the estimates of
the flows for the unmeasured pipes. Because those estimates, when
merged with the flow measurements, are neither balanced nor
compatible with head estimates, an iterative algorithm
approximates those flow estimates to the true ones ( as shown in

Fig. 6.1.), also giving the estimates of the C’s.

The results of systematic testing of the calibration aldorithm,

wvith a set of six examples, subjected to five different

conditions, show that:

i) The best piezometric head estimator is the deterministic

one-dimensional interpolation procedure.
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ii) Following on from i), the calibration algorithm produces
calibrated piezometric heads which follow closely the estimated
head results, and which are superior to those produced using

Kriging and bi-cubic splines.

iii) The calibrated flow results produced using the one-
dimensional interpolation procedure for the estimation of
unmeasured piezometric heads are better than those using Kriging
and splines, but not good enough, and an alternative new approach
for unmeasured pipe flow estimation has been suggested for future

implementation.

In the case that with an alternative pipe flow estimation
procedure an iterative calibration aldorithm is still needed,
like the one proposed in this work, the possibility of wupdating
only the flows (by-passing the updating of the heads) in the
gradient method should be explored. This could save considerable
computer resources, since the head updating is the most

computationally expensive step of the gradient algorithm.

iv) The calibrated roughnesses produced by the calibration
algorithm do not seem to be fully satisfactory. This can be
explained partly because the pipe flow estimation procedure
produces flow estimates which are, in general, not fully
satisfactory. The improvements suggested both for the nodal
piezometric heads and pipe flow estimators should have a positive

impact on the calibrated roughnesses.
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To summarise, we believe that the proposed calibration
algorithm has shown to be the adequate framework for solving the
the water distribution static calibration problem, but clearly
extra efforts should be made in the future to improve it. The
deterministic one-dimensional interpolation procedure for
unmeasured piezometric head estimation has been identified as the
best piezometric head estimator. An alternative approach for pipe
flow estimation is required for improving both the calibrated

flows and roughnesses.

In our opinion, one of the main advantages of the proposed
calibration algorithm, with the one-dimensional interpolation
head interpolator, 1lies in the fact that it allows us to
incorporate the physical and engineering knowledge of the
network, existing prior to the calibration, thus breaking up the
inherent ill-definition of the calibration problem. The ill-
definition comes from the fact that, normally, there is
insufficient measurement information to estimate reliably all the

parameters.

Further intensive testing of the proposed algorithm and the
sugdested improvements should be carried out, with data from real

networks.

Some effort should be made to estimate the estimation errors
associated with the head estimates produced by the one-
dimensional interpolation scheme, as well as errors in the flow
estimates, in order to be able to produce an estimate of the

error in the calibrated C’s.
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Some way of testing the quality of head and flow estimates,
prior to the calibration process, should be devised, since there
is no point in carrying on with the calibration when the head and

flow estimates are not satisfactory.

The problem of the design of the piezometric head and flow
measurement system has not been studied here, but the need for a
rational measurement placement algorithm has became clear, as a

pre-requisite for a successful calibration.

Also, the problems of bad data detection and replacement need
to be addressed, particularly if the algorithm were to be used in

telemetered networks in the future.
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CHAPTER SEVEN

FURTHER EXTENSIONS OF THE GRADIENT METHOD

In this chapter we deal with some additional extensions to the
gradient method, particularly an extended period simulation

version of the program, which 1is useful, for example, in

determining the best operating policy from a set of alternatives.

We also introduce in this chapter the latest extension of the
gradient algorithm, which consists of modelling the nodal
consumptions as &a linear function of the pressures,: thus
providing a more realistic model for the demands. We fe—derive
the ¢gradient algorithm for the new conditions, and we briefly
discuss the implications that this approach can have for extended

period simulation and calibration purposes

ati ersio f adient method.

As a natural development of the gradient method, an extended
period simulation aldorithm has been implemepted, which allows us

to simulate the behaviour of a water distribution system over a

period of 24-48 hours, for example.

As far as the simulation algorithm is concerned, the approach
followed is fairly standard, since it follows approximately the
same pattern as other simulation algorithms [Stephenson (1885),

Coulbeck and Orr (1983), Rao and Bree (1977)]1. The main objective
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has been the study of the performance of the gradient method 1in
such applications, particularly with some of the implementation

features discussed in Chapter Five.

The program makes use of the output of a demand forecasting
routine, with the total demand of the system discretised hour by
hour, or in shorter periods if necessary. Demand forecasting has
not been covered in the present work. The prodram computes the
nodal demand, using the standard demand profiles (residential,
commercial, industrial demands, etc.), and demand allocation
data, which must be supplied by the user, together with the

physical and topological data on the network.

The inflows at the reservoirs are also needed as input, with
the corresponding geometrical data of each reservoir:
level/volume relationship parameters, maximum and minimum levels,
initial water levels, etc. The inflows can be input either as
flows per hour or through profile curves associated with a
reference maximum flow; thus, for gravitational sources (constant
flow) only one flow is needed, while for pumped sources an on/off

diagram with the maximum flow is enough.

Starting from a known initial state, represented by some nodal
consumptions and reservoir levels, the problem is to model the
variation of reservoir levels (or storage) with respect to time,

due to the differences between network consumptions and inflows.

This is done by considering that, for each reservoir "i", the
volume variation (denoted by the differential d Volj) in a time

interval "dt" is equal to the difference between inflow ( QINj )
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and the outflow ( Qi ), i.e.

d Volj
------ = QIN; - Q; (1)
dt
or
d hl QINi - Ql

i S S (2)
dt (d Voli/d hji)

where hj : is the water level at the reservoir "i".

On knowing the geometry of each reservoir, we can relate the
volume with the water level, through a polynomial function as:

Vol; = aj hi2 + bj h; + cj (3)

where aj, bj and cj : are constants, dependent on the geometrical

characteristics of the reservoir .
Hence, from (3), we get:

—————— = 2 aj hy + bj (4)

m——— = mem——————e = £3(t, hj) (5)

For the particular case of a prismatic reservoir (cylindrical,
rectangular, etc.) the coefficient aj = 0 and b; represents the

transversal section, thus:

Vol; = bj hj + ¢ (6)
and
d Volj
------ = bj (7)
d hj

which, when introduced into (2), gives:
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d hj QIN; - Qj
————E e = fi(t, hj) (8)
dt bi
The problem now reduces to integrating equation (5), or
equivalently, equation (8) for the case of prismatic reservoirs.

Because (5) holds for each reservoir, the problem is actually to

integrate a set of NS differential equations like (5).

On introducing the superscript "k" for identifying the time
step, the water level variation in a finite time interval &t can

be approximated as:

by (k+1) - (k)
——————————————— % £5(t, hi(k)) (9)
8§t
where the approximation holds because the right hand side

should correspond to an average value of the function between

time steps "k" and "k+1".

This approximation allows us to implement a simple integration
scheme corresponding to Euler’s integration method, which is,
from (9), as follows:

hy(k+1) = h;(K) + 8t fi(t, hi(k)) (10)

Because the analytic expression of the functions f;(t,h) are
not known, the network analysis prodram is used to compute the
reservoir outflows Qj, thus allowing the values of the

functions to be obtained.

The error in the approximation is relatively small, due to the
fact that the function "f" depends on QIN; - Qi and, as a result,
oscillates between positive and negative values, thus allowing

for error cancellation. In a small example with two reservoirs,
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the error accumulated during a 24 hours simulation has been
computed as 5.8 m3, in a total inflow of 12,960 m3, for a
simulation with a time step of one hour. The error was defined as
the difference between the total inflow, on the one hand, and the
summation of the total consumption plus the storage variation, on
the other hand. This shows that the error due to the simple
integration scheme is not relevant for most practical purposes,
though it can be reduced even further either by reducing the time

step, or by including some more sophisticated integration scheme.

The main flow chart corresponding to the extended period

simulation prodram is shown in Figure 7.1.

The present extended period simulation implementation should be
taken as a first step towards a more complete simuiation program,
able +to provide additional facilities such as: graphical output
of user specified variables, variable time step, a more flexible
nodal demand allocation scheme (possibly including the pressure-
sensitive algorithm presented in the next section), different

kinds of switches (pressure, water level and time switches). etec.
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Initialise
time step
k=0

'

Allocate total demand
o to the nodes
at time "k"

|

Compute reservoir inflows
QIN; at time "k"

Run network analysis program
i (gradient method) and determine
reservoir outflows: Qi

Update reservoir levels: hj
using equation (10)

yes
k=k+1 g k < 24 hours

no

\\ Print resultsJ//

Fig. 7.1. Main flow chart of extended period simulation program.
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Practically all the authors in networks analysis, with the
exceptions of Lam and Wolla (1972 a and b} and Bhave (1981),
consider the nodal demands as independent of the pressure at the
node. Thus, the nodal demands remain the same regardless of
wvhether or not the pressure is very low or very high. It 1is a
well known fact that the actual consumptions in the network are
pressure—-dependent. Indeed, most network operators reducc the
pressures in order to cope with extreme demands. One of these

cases 1is clearly the reduction of nocturnal pressures to reduce

leakages.

Thus, we have to understand the traditional way of modelling
the network demands as valid for a certain pressure range (i.e.
around a nominal service pressure). For design purposes this
assumption may be reasonable, because in that case we are
interested 1in the behaviour of the system at a certain time
horizon, where we have to assume that the pressure is at least at
the nominal service 1level. Nevertheless, it seems that the
assumption of a constant demand is not fully valid when studying
the behaviour of the network during a period of, say, 24 hours,
wvhere the pressures at the nodes changde over a wide range. The
same might be true for calibration purposes, where we try to
match the performance of the network model with that of the real
network, under at least two extreme situations: very high and
very low flows (i.e.: very low and very high pressures), to cover

the widest spectrum of operational scenarios.
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Lam and Wolla (1972 b) proposed a general model to include the
influenced%he pressures on the nodal demands:
Qi = aj + bj H;€ (11)

where qi : consumption at node "i

Hi : piezometric heads at node "i".

aj, bj and cj : appropriate constants.

Lam and Wolla’s approach is close to the pressure/discharge
relationship for irrigation emitters [see Karmeli et al. (19858)]:
q; = ki P;X (12)
where
P; : emitter operating pressure.
kj : characteristic coefficient of the emitter, dependent on
the nozzle physical dimensions and form.
X : discharge exponent, dependent on the flow regime and
pressure/discharge relationship of the emitter, with

typical values of 0.4-0.6.

In general, all the parameters aj, bj and cj in Lam and Wolla’s
relationship, and kj and x in the emitter’s case, have to be

determined either by field testing or from manufacturers’ data

(emitters).

Bhave (1981) followed a completely different approach,
establishing a discrete relationship between nodal demands and
heads, and satisfying the demands if the heads are ¢greater or
equal to a minimum, the nodal outflow being zero otherwise. Bhave
posed the problem in a constrained non-linear optimisation

format, maximising the outflow. To solve the non-linearity, a
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recurrent algorithm is used, based on the repetitive solution of
a standard network analysis algorithm, verifying if the head at

each node allows a given consumption to be satisfied.

We believe that the right way to approach the problem is
through an explicit demand/head relationship, similar to that
proposed by Lam and Wolla (1972 b), allowing the system itself to
find the equilibrium point between the actual nodal outflow and

pressure.

We are aware that this implies a completely different approach
to the traditional network analysis problem, but it seems a much
more realistic approach, in the sense that it is closer to what
actually happens in a real network. Because of that, we expect
that the results of using this approach in extended period
simulation, or for calibration purposes, would be worthwhile,
though this is something that should be fully investigated in the

near future, using data from real networks.

The importance of pressure variations on the demands is fully
recognised by Lonsdale (1985) who, upon using information
published by the National Water Council (1980), showed that,
instead of a theoretical relationship depending on the square
root of the pressure (like in the irrigation emitter case) the
discharges actually follow a slightly quadratic relationship, as
shown in Figure 7.2, which may be well represented as a piecewise
linear function, or via a simple linear relationship in the range
of working pressures (say, between 25-60 m). As correctly pointed
out by Lonsdale (1985), the difference is due to various reasons;

first of all, in the case of leakages an increase in pressure
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produces an increase in the size of the leaking cracks or holes,
then the square-rooted model is no longer valid. The second
reason deals with a more conceptual topic, connected with the way
water consumption is actually carried out by the customers. There
appears to be two different ways in which consumption occurs:
first, on a volumetric basis, i.e.: we may need to fill a cup of
tea or a bath, which produces a demand that is independent of
pressure (the pressure only affecting the timing, or peak flow,

but not the volume); the second consumption is on a time basis,

i.e.: if we are taking a shower or washing a car, we consume more
water if a high pressure is available in the system. Clearly, for

the whole system, the water consumption increases with pressure.

We shall assume that a linear relationship between pressure and
consumption 1is enough to describe the real demand/pressure
behaviour of the system around the service pressure region. This
relationship is shown in Figure 7.3, and is such that:

a = ag - Az ( p-pg ) (13)

vhere A

a ! pressure-dependent nodal demand, a (NN-NS)x1 column vector.

4s : demand at the service pressure (pg), a (NN-NS)x1l column

vector. See Figure 7.3. This is equal to the demand when
nodal consumption 1is assumed to be independent of
pressure.

Ago : a diagonal (NN-NS)x(NN-NS) matrix of the sensitivities of
the nodal demands with respect to changes in the
pressures:

Aoo = diag (-0qi/0Pji) ,» i=1,2,...,NN-NS (14)

p : pressure (NN-NS)xl column vector, which is computed as:
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r=H-2 (15)

where:
H : piezometric head (NN-NS)x1 column vector.
z : ground level (NN-NS)x1l column vector, which is known from

the topography of the system.

Note that, with this demand/pressure model, g = gqg either when
Ap2=0 (demands are not dependent on pressure) or when the

pressure is equal to the service pressure.

Upon introducing (15) into (13) we det:

a9 =ag - Ao H + Agg z + Ag2 psg (186)
or
a =g, - A2 H (17)
with
90 = ag + A22 2 + A2 Pg (18)

Other demand/pressure linear models are also possible, but all
of them lead to a relationship like (17), only with a different

definition for g, (equation 18).

Then, recalling that the necessary conditions for the steady
state flow in the netﬁork [see Chapter Three, equation (3)], for

the constant demand case, are:

and introducing the pressure-dependent nodal demands from (17),

we get:
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_____ LN ) (i) [ (19)
: H

We can now re-derive the gradient algorithm for the new
conditions. In fact, on differentiating (19) and assuming that
Agp does not depend either on the flows or on the heads, we
get:

Aqp d @ d E

{
]
________ b | % | === | = | ——= (20)
i Ago d H d a

where, as before in the constant demand case:

1| Q| it - B1/Qy
. _ og| Qg |21 Bg/Qg
f117 = : = A1l - :
op| Qup| PN I Byp/9Np|

where N = (NPxNP) diagonal matrix of the exponents "n" of the

head loss-flow relationship.

In the right hand side of (20), dE represents +the head
imbalance at each branch, and the. ((NN-NS)x1) wvector da,
represents the nodal imbalance which, at an iteration "i" when
convergence has not yet been achieved , can be expressed as:

d E All(i) (i) 4 A1o g(i) +A10 Ho (21)

and

Aot (i) 4 Aoo H(i) - a0 (22)

Q.
o
1]
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The solution of (20), for the flow and head increments, can be

obtained as:

----- % ———— (23)

where A11* is evaluated at Q=Q(1),

The inverse of the partitioned matrix in (23) can be computed

as another block-partitioned matrix:

-1
N A 1 A By | By
———————— {-——=2- = e L8 (24)
Agq i Agg By 1 Bgg
On defining:
G =N Ay1* (25)

the blocks of the inverse can be computed explicitly, according

to Ayres (1974), we get:

]
Byp = 61 + 671 Ay (agp - gy 671 Ay )71y 671
Bpg = (Agp - Agy G™1 App)-1

-1 -1 | (26)
Bipg = - G71 Ayp (Agg - Agy G71 Ayp)-1
Ba1 = - (Agp - Apy G71 Ay9)-1 Ay G-
With the partitioning (24), the system (23) becomes:

(27)
dH = le dE + Bzz dgq

wvhich, when introducing equations (21) and (22), becomes:
dQ = B11[A11Q(i)+A12H(i)"‘AlOHO] + Blz[A21Q(i)+A22ﬂ(i)—Qo] (28)

and
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d H = Bpy[A11Q(1)+a12H (1) +A10H) + BpolA21Q(1)+Ag0H(i)-a0]1  (29)

introducing (26) into (29) and considering:
d @ = (i) - g(i+1) (30)
d H = H(i) - g(i+1) (31)

and

we obtain, after some algebra:
BO*D)= (A - Az1 671 A32171 { Agp 671 (Ayy (i) + agg Ho) -

- (A2q1 (1) - ) 3} (32)

and from (28):

Q(i+D)= (1- 671 Ayy) @() - a1 ( Ayp HOI+1) + Ayq Hp) (33)

Equation (32) can be re-ordered into the traditional format
of a linear system of NN-NS equations in the unknown piezometric

heads:

[Agy G7lA1p-Agp] HU3*)= - { Ay @1 (A @(1) + Ay0 Hp) -
- (Ayy 1) - g )} (34)

As 1in the case of the gradient method with constant demands
[Chapter Three], equations (34) and (33) have to be solved
recursively, in that order. The structure of the equations is
nearly the same as before, except that now the matrix of
coefficients of the linear system in H has its diagonal modified
by Agg2 (the consumption sensitivity matrix) while in the right
hand side the previous nodal demands g are now replaced by a,, as
defined in equation (18) of the present chapter. Of course, when
A20=0, gy = a5 and we are in the previous case of demands being

independent from the network pressures.
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At the present time the computer implementation of this
extended algorithm is under way, and its application for extended
period simulation and calibration purposes has to be studied in
the near future. In order to assess the real advantages of this
approach, data from real systems will be required. The actual
sensitivity of the demands with respect to pressure has to be
determined through field tests, either at the level of the whole
network (total demand versus averade pressure) or by grouping

nodes on a geographical basis.
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CHAPTER EIGHT

SUMMARY, CONCLUSIONS AND FURTHER WORK

8.1, Summary.

The present work has been mainly concerned with the development
and testing of a steady state network analysis algorithm, known
as the gradient method, and with the development of a new

automatic calibration procedure.

The gradient method, due to Todini (1979), has been extended in
the present work to include pumps and pressure reducing and
sustaining valves. Those pressure regulating devices have been
modelled using an original physically-based method, which can be
used as a framework for modelling other regulating valves in the
future. Also, a gdeneralised version of the gradient algorithm
wvhich considers the nodal demands as a linear function of the
pressures has been introduced. An extended period simulation

version of the gradient method has alsoc been developed.

An extensive investidation has been carried out to find the
best solver of the linear systems of equations generated by the

gradient method, including direct and iterative methcods.

An automatic calibration algorithm has been proposed which
estimates the true pipe resistance parameters, based on estimates
of the unmeasured nodal piezometric heads and unmeasured pipe
flows. For estimating the unmeasured piezometric heads, three

different methods have been proposed and compared: one based on
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Kriging, another based on bi-cubic splines and a third based on
an original deterministic one-dimensional interpolation
procedure. For the estimation of the unmeasured flows, the raw
(non-calibrated) network model has been used, based on 1initial
estimates of the pipe roughnesses. The calibration algorithm has
been tested with a set of 6 examples, subjected to five different

measurement availability scenarios.

As far as the development of the gradient method is concerned,

the main conclusions are the following:

a) The original gradient method [Todini (1979), Pilati and
Todini (1984)], has been extended to include pumps and pressure
regulating valves. The extended algorithm is now able to handle
most of the devices normally found in water distribution systems.
A comparison with some of the best existing algorithms shows that
the extended version of the gradient method is stable and
efficient, and it can be recommended for modelling water
distribution systems under the most demanding circumstances: for
example, when the network becomes disconnected, when multiple
pressure regulating valves are working simultaneously, in 1ill-

conditioned examples, etc.

b) An original physically-based algorithm for modelling
pressure regulating valves has been proposed, implemented and
tested with several examples. The algorithm follows closely the
physical behaviour of the regulating valves, modelling them as

variable-resistance devices, thus being completely different in
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comparison with most of the existing methods. A comparison with
some examples found in the literature demonstrates that the
proposed method is robust and, indeed, has allowed the detection
of problems in the results published by other authors. The
proposed approach for modelling regulating valves provides the
appropriate framework for including other regulating devices in
the near future. Other advantages of the algorithm are such that
neither topological changes within the model nor re-assembly of
the system of equations are needed, as in other existing methods.
The matrix of coefficients of the linear system of equations
remains symmetric, retaining the advantages of such matrices from

the storade and stability point of view.

c) In order to improve the efficiency of the gradient - method,
which relies heavily on the successive solution of symmetric
positive-definite linear systems of equations, an extensive
investigation of its computational performance has been carried
out, using seven of the most efficient linear solvers. A
multifrontal 1linear solver has been identified as the fastest
method when enough computer memory is available (routine MA27 of
the Harwell Library); if storade is limited, a preconditioned
(modified) conjugate gradient method is the recommended 1linear
solver. A good compromise between memory and speed is represented
by the one-way dissection method of George and Liu (1981). The
current microcomputer implementation of the gradient method,
using a 512 Kbytes RAM computer, allows the analysis of networks
of up to 1,200 nodes with the preconditioned conjugate gradient

linear solver, whereas the one-way dissection solver allows a
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maximum of 1,000 nodes, though is four times faster +than the

version with the preconditioned conjugate gradient.

d) As a natural devclopment, an extended period simulation
version of the gradient method has been implemented, providing a

framework for further work in this direction.

e) Finally, an attempt has been made to overcome one of the
main limitations of present network analysis techniques, in the
sense that most of them consider a constant nodal demand,
irrespective of the pressures within the system. Indeed, a
| generalised version of the gradient method algorithm has been
proposed, which incorporates explicitly the sensitivity of the
nodal consumptions with respect to the pressures, the constant

demand case being a particular case of this more general

formulation.

As far as the development of an automatic calibration algorithm

is concerned, the main conclusions are as follows:

a) A new automatic calibration procedure has been proposed and
tested wusing synthetically generated data. The method relies on
piezometric head and flow estimates to compute the pipe
resistance parameters. The proposed calibration algorithm is such
that it allows the incorporation of alternative piezometric head

and flow estimators.

b) Three new alternative methods for estimating the unmeasured
piezometric heads in the network have been proposed, implemented
and compared. These methods are based on the application of

Kriging, bi-cubic splines and an original one-dimensional
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deterministic interpolation method. The results of such a

comparison indicate that the deterministic one-dimensicnal

interpolation method is the most appropriate one.

c) The 1iterative method proposed to estimate the unmeasured
pipe flows does not give results which are as good as the head
estimator and, as a consequence, the calibrated roughnesses
obtained are far from the true ones, indicating that further work
is needed. An alternative direct method, using the topological

concepts of tree and co-tree, has been identified as a possible

solution.

8,3. Further work.

The present work has meant the development of a number of
algorithms and computer programs, covering the areas of network
analysis, simulation and calibration. As 1is common in the
development stages, and because the programs have been developed
practically from scratch, there is an immediate need to re-write
all of them having in mind their integration into a single water
distribution network modelling program, using a modular structure
both for programs and data files. Also, future developments in

areas like optimum design, unsteady state flow and optimum

operation should be borne in mind.

We also feel that an effort should be made in order to describe
the basis and main features of the gradient method in the
simplest possible terms, thus widening the spectrum of potential

users, particularly engineers in the water industry. It 1s a
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well-known fact that many endineers are not very keen on highly
sophisticated mathematical developments and, unfortunately, this
may be the case for the gradient method and its related
techniques. It 1is quite natural for the users to avoid the
application of methods which they cannot understand, and a bridge

should be built between the present work and future potential

users.

From the particular point of view of each application, the

following work is envisaged in the near future:

8,2.1. Gradient method for network analysis.

a) Re-write the existing software in modular fashion, so that
any other application can make use of it via a simple subroutine
call. Although the arrival of new powerful microcomputers makes
the memory requirements a less important issue, an effort should
still be made in order to allow the integration of the gradient
method with other applications by wusing the computational
resources in the most efficient way. A sindle precision version

of the program should be developed in crder to reduce the memory

requirements even further.

b) The generalised version of the gradient method, which allows
the inter-dependence between nodal consumption and pressures to
be considered explicitly, should be fully implemented and tested.
Its convenience for extended period simulation and calibration
should be fully investigated and assessed, ideally with data from

real water distribution systems.

371



8 Calibra

a) The calibration program should be integrated in the single
network modelling program we have already referred to. At the
moment the head estimator (the deterministic interpolation
algorithm) is not integrated with the calibration program, and

they should also be linked in the near future.

b) So far, we have relied on the network model itself to
estimate unmeasured flows. This implies that the calibration
procedure has to be carried out iteratively. An explicit flow
estimation procedure would improve both the quality and the
performance of the calibration procedure. One alternative, which
has not been developed in the present work, is to use the graph-
theory concepts of tree and co-tree of the network (see section
2.3.7., chapter 2, Figure 2.1), and to identify the flow
measurements with the co-tree, so that the unmeasured flows (in
the tree) can be determined explicitly, following a similar
approach as that of Hamam and Brameller (1971), though with a
different purpose. This might improve the quality of both flow

and roughness estimates.

c) Further improvement in the performance of the piezometric
head estimator (the deterministic one-dimensional interpolator)
is possible. An iterative scheme, which involves re-computing the
head estimates after the calibration algorithm has been rwun. was
suggested in Chapter 6 and should be implemented and tested in

the future.
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d) One of the assumptions made in the proposed calibration
method is that the nodal consumptions are known. This hypothesis
should be reviewed, particularly if the gradient algorithm
incorporating pressure-sensitive demands proves to be relevant
for calibration purposes. Eventually, some practical computer-
assisted procedure for demand estimation and allocation should be
developed. The possibility of an on-line demand estimation

procedure should also be kept in mind.

e) We have suggested that techniques used for piezometric head
estimation should be able to quantify the errors associated with
the estimates. In this context, only Kriging and splines are able
to produce this statistical information. Some way of handling
this within the one-dimensional interpolation method should be
devised. The same shoﬁld be required for the flow estimates, thus

allowing us to estimate the error in the estimated pipe

resistance parameters.

f) Some validation procedure for the head and flow estimates
should be devised, in order to decide whether the estimates are
good enough to be used in the roughness calibration process,
prior to the calibration itself. Also, some consistency check
should be implemented, to avoid conflict between head and flow

estimates.

g) The subject of the design of the measurement system (heads
and flows) has not been explicitly tackled here. This subject 1is
relevant, since in fact it is a pre-requisite for a successful
calibration, therefore it has an impact on our final product,

wvhich 1is a calibrated model of the water distribution system.
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Thus, it seems that something should be done in the future in
this respect. Kriging provides a neat way of determining the
benefit of an additional measurement within the system ,since the
standard error of an estimate at any ungaged point in the domain

is given, but further research is needed on this aspect.
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